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Abbreviations

Full

Abbreviation

MTO Make-To-Order
MTS Make-To-Stock
CSL Cycle service level

fr Product fill rate
FCFS First Come First Served

Shapes of the injection holes

The shapes of the products are left out because of confidentiality reasons

Colours of the products

The colours of the products are left out because of confidentiality reasons

Abbreviations linked to the inventory control policy

Economic order quantity

The setup or ordering cost, which is fixed per order

Demand rate per unit time, mostly the demand of one year

Holding costs, expressed as % of the cost per unit

Cost price per unit

Total costs

Demand during lead time

Standard deviation of demand during lead time

Reorder point

Order-up-to-level

Safety stock

Expected demand during lead time

Safety factor

Discount rate

o o (NP2 Inn (9930l |o|x 0

Obsolescence rate

Y Salvage value
Fy Seasonal index of period ¢
CMA, Centred moving average of period ¢
In Normalized seasonal index for month m
X2 Chi-square value for the goodness of fit test

Abbreviations linked to the Monte Carlo simulation

R(t) Order receipt schedule in period ¢t
I(t) The available inventory in period ¢
B(t) Backlog, the number of stockouts in period ¢
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The on-hand inventory at the end of period ¢

0(t)
0 Decision to order; 1 if the product is ordered, 0 otherwise
Ch Holding costs
Cs Stockout costs
Y Relative error, which is used to determine the number of replications
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Management summary

This study is conducted at TenCate Grass, which is a global leader in development, production
and marketing of synthetic turf components. For this study, there is a focus on the production of
yarns. The company already implemented an inventory control policy, however, this policy lacks
in support of the parameters and is mostly based on common sense. For example, for the order
costs, which are based on the changeover costs, there is no reliable data available. With the use
of the policy, the company strives to meet a certain target level against minimum costs.
Furthermore, there is a challenge in implementing the policy into the ERP system of the company.
Therefore, a research question has been developed which is answered during this study:

How to improve the current inventory control policy considering the trade-off between meeting a
target cycle service level and reducing inventory costs along with the mapping of changeover costs
and how to implement it into the current ERP system?

To answer this main question, several sub questions have been developed which are handled
during the different chapters.

First of all, Chapter 2. Current situation is dedicated to mapping the current situation. The
inventory control policy as already developed by the company is described, followed by an
overview of the current inventory level and the ratio between MTO and MTS products in
inventory. Besides, the chapter describes how the company currently deals with changeovers and
which products can be produced on which production line. The chapter concludes with the
probabilities of having a certain changeover, which are used to determine the actual order costs.

Secondly, Chapter 3. Literature review searches for theory which can be used to develop the
inventory control policy. Different methods to classify products have been investigated,
concluding that the ABC-XYZ classification is a good method to classify the products as either MTO
or MTS. Furthermore, the chapter includes a search for different methods that can be used to
develop the inventory control policy. It appears that there are many methods available in case a
Normal distribution for demand can be assumed. The relation between the safety stock and the
costs or the cycle service level have been investigated. Besides, there has been a search for the
different methods available to improve the changeover time or the costs related to changeovers.
Even though improving the changeovers is not part of this study, a plan to improve the
changeovers is handy to have on hand and can be used in future studies. Lastly, an overview of
the Monte Carlo simulation and a description on how the simulation can be developed is given.
The purpose of the Monte Carlo simulation is to compare the current model with the proposed
model in terms of costs.

Chapter 4. Solution Design includes the actual development of the proposed inventory control
policy. First, it has been checked whether there are some restrictions or requirements that should
be taken into account while developing the policy. It appeared that there are four factors
influencing the model, namely: obsolescence, different selling prices, seasonality and outliers.
Thereafter, the data is pre-processed, such that it can be used to determine the control
parameters of the inventory control policy. Within the pre-processing of the data, the
classification of the products as MTS or MTO has been executed, following from a determination
of the most important products based on their demand value, the determination of intermediate
products that are sold in at least six months and an ABC-XYZ classification. As a result, 44 MTS
products are found. Thereafter, the outliers are determined based on boxplots, the inclusion of
obsolescence is guaranteed with the use of a new EOQ formula and the probability theory to
reduce the safety stock and it is determined whether seasonality actually plays a role. General
patterns and products that had demand in a period for each of the last three years are determined.
Thereafter, is has been checked whether there is actually seasonality involved with the use of
seasonal subseries plots and a Chi-Square test. It appeared that for 8 MTS products, seasonality
should be taken into account, which is implemented in the model with the use of seasonal indices.
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The last part of pre-processing the data is the determination of the demand distribution. It can be
assumed that it is allowed to assume that a product is Normal distributed if the mean demand
during lead time exceeds 10 (Heijden & Diks, 2018), which holds for all of the MTS products.

Besides the control parameters, also the input parameters are required to determine the policy
parameters. The input parameters are represented by the lead time, the holding costs and the
order costs. The lead time for manufactured products consists of the manufacturing lead time, the
procurement lead time (for raw materials, components and subassemblies) and the shipping lead
time (Snapp, 2017). By combining these values we see that the lead time is fixed and equal to L
weeks. The holding costs are found to be 22% of the cost price per annum, however, it should be
noted that this value may be lower in practice. However, this cannot be determined with certainty
as aresult of missing data. The last input parameter that is determined are the order costs. These
costs purely consist of changeover data, which depends on die changes and colour- or material
changes. The die changes consist of the stop time, FTE operators, waste, mechanics and cleaning
and is found to be 1,653,657.25 euro. The costs of a colour and material change consist of waste
and FTE operators, since there is no need to stop the production line to change the colour or
material. The costs for a colour and material change combined is found to be 160,465.71 euro,
where a colour change represents 70% of the cost price and a material change represents 30% of
the cost price. The data for the order costs are based on observations and measured in the
production facility.

With the use of the input- and control parameters, the policy parameters are determined, which
consist of the safety stock, the reorder point and economic order quantity. The formulas to
determine these parameters are based on a (s, nQ)-policy with the assumption that the demand
of the products is Normal distributed.

The last aspect of Chapter 4 is entering the parameters of the proposed model in the ERP system.
The parameters are included in the ERP system with the use of configuration packages.

Chapter 5. Analysis of results consists of the development of the Monte Carlo simulation and the
determination of the number of replications required to get reliable results. The Monte Carlo
simulation gives insight on the impact of using the proposed inventory control policy instead of
the current inventory control policy and it appeared that using the proposed model will reduce
the costs with more than 28% without affecting the cycle service level, which has even improved
from 0.89 to 0.94. However, it should be noted that there is more spread in the results of the cycle
service level in the proposed model compared to the current model, therefore, the increase in
cycle service level may not be maintained in practice. Thereafter, the Monte Carlo simulation is
verified and validated, showing that the Monte Carlo simulation meets its intended goals and the
cost values based on the actual demand of 2018 fall within the ranges found by the Monte Carlo
simulation. Furthermore, it is checked whether the parameters of the current policy are used in
practice, which appears not to be the case. As a result, the overall costs and in particular the order
costs can be reduced when one of both policies is actually used in practice. This assumption has
been checked by determining the course of the inventory if the proposed policy was used in
practice compared to how it actually went in practice. It appeared that the company was not
always able to have some inventory of products on hand, and therefore, it may be the case that
they were not always able to deliver MTS products directly. Even though it seems that the total
costs are reduced, when someone keeps going on like it is in practice, there is a chance of facing
stockouts which can be avoided by using the proposed policy. Therefore, it can be assumed that
honouring the proposed policy is advisable.

Now that the policy is developed and the results of the proposed model sound promising, a
conclusion could be drawn and the main research question can be answered. Chapter 6.
Conclusions and recommendations summarizes the results and answers the main research
question; To improve the current policy, a proposed inventory control policy is made and it will
be implemented in the current ERP system with the use of configuration packages.
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To summarize the improvements that can be made compared to the current inventory control
policy, the main contributions of this study are mentioned below:

e This study shows the influence of using parameters of an inventory control policy in
practice and it shows the company how they score in practice.

e This study compares the proposed model with the current model as already developed by
the company with the use of a Monte Carlo simulation.

e This study adds configuration packages to the inventory control policy that are
automatically updated. Thereafter, these files only have to be uploaded in the ERP system
to have all relevant parameters in the ERP system.

e This study gives the company some insights into their demand with the use of extensive
analyses.

o This study measures all relevant data, when not available within the company. For
example, the order costs based on changeovers are measured with observations.

o This study takes obsolescence into account, to avoid that the company has to sell products
against relatively low prices.

e This study determines one selling price per product, that is used for the calculations to
classify the different products.

e This study uses seasonality factors, that are determined based on actual demand and can
be updated when new demand arrives. Furthermore, an additional check has been added
to see whether seasonality should actually be taken into account for specific products.

o This study determines outliers that may have a negative impact on the outcomes of the
inventory control policy and excludes these outliers while calculating parameters.

o This study extends the classification of the products by also taking the cost price and
selling price into account. Besides, the classification is also based on the number of
months at which a product is demanded.

o This study does not base target cycle service levels on common sense, but underpins the
target cycle service levels with theory. Products that are considered to be less important
can have lower targeted cycle service levels to reduce the costs.

Lastly, this study recommends some activities divided upon three categories: recommendations
that can be put into practice by the company immediately, recommendations that can be applied
in the future by the company and recommendations for future research on the same topic. The
different recommendations are mentioned below.

Recommendations that can be put into practice by the company immediately:
e Use the proposed inventory control policy in practice
e Ensure that there is inventory available for intermediate products that are not classified
as MTS
o Enter the parameters of the inventory control policy in the ERP system

Recommendations that can be applied in the future by the company:
e Collect the data to calculate the cycle service level
Determine whether obsolescence has to play a role
Determine whether the lead time is fixed and not subject to change
Determine the reduction of the order costs when dies are cleaned inhouse
Determine the influence of lower holding costs
Reclassify products as MTS or MTO
Update the probabilities

Recommendations for further research on the same topic:
e Determine the implications of classifying the products in practice
e Check the assumptions made within this study
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Determine whether it is possible to automatically update the probabilities
Determine how the policy can be used when a different ERP system is used
Determine how the number of die changes can be reduced

Investigate whether the time spend on changeovers can be reduced
Improve the forecasting method

S2TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Table of contents

1000 o) 01 5 o) o 100000 PPN I
ADDTEVIATIONS coueeveeceseseereese st ees et ese st a s s s RS EER R AR bR bbbt I1
PIEIACE. ..ottt ettt s st e R R AR AR AR AR I\Y
MaNAGEMENT SUIMIMATY...cururieerireesiessesserssessssssss s sessses s sessse s s s RERse R R s \'
FI U @S e R XI
TADIES .ottt eSS R R R AR R R AR R SR X1V
L. I ETOAUCEION cevetreereeetesseseerse e ssees et seesss s s s s s RREE AR R bbb 1
1.1 COMPANY AESCTIPEION c.urreueurerrereereeseesseiseesseeses e s s sss s s bbb s e s b s bbbt b s et 1
1.2 RESEATCH MOTIVATION «..cevteeereieeeeeeecese et et sea s s s e bbb bbbt 1
1.3 Introduction to the ProbIEM ... ——————— 2
1.4 RESEATCR ODJECEIVE ...ttt s s s bR R 3
BRI (5 4 T T (] (o =TT 5

2. CUTTENT SITUATION oeueeucesreeessesessessessessessessessessesssssssssssssssssssssessessessessessessesssssesssssesssssssssssssssssssssssessessessessessssssssssnsans 8
2.1 INVeNtOry CONIIOL POLICY ceuuruureuremeeseersrersreesseesseeesseesseessessseessesssess s sssssss s sssess s sesssees s sssessssss s sseens 8
2.2 CRANGEOVETS ..eureusersersessseesseesseesssesssesssessseesssesssesssesssessssesssesssesssessssesasesssesssesssessssesmsesssessssssssesssesssesssssssesasessass 11
G 000 3 Tod 101 () o 00PN 17

3. LITETATUIE FEVIEW oot ss s 18
3.1 ClaSSIfYING PIrOAUCLES c.cuieereeerereseeseesesssesssse e sssesssesssssssss s s s sssa s s bbb s s b e 18
IV 077=3 U0 g VAT ol0) 1 0] U5 T} L[0T 20
3.3 IMPIoViNg ChANGEOVEL'S ....ccureeueemeesemseessresssessseessesssssssesssesssessssssssesssesssesssessssssssesssesssssssesssesssesssessssssasessaes 24
3.4 Monte Carlo SIMUIATION .. seseessessees s sssess s ssssss s sssess s s sasessaes 25
3.5 CONCIUSION coevteeeeeeeeecsse s ee e ese s e bR s a bR R R bbb 30
4. SOLULION AESIGIN ..eueueereeeeieenee ettt es s e s s s R bR bRt 32
4.1 Requirements / Restrictions to implement the POliCY .....c.ccueeenmernmernmeeseesecrneeeeesessseesseeeeees 32
4.2 Pre-processing data for the inventory control POliCY ......ccueeenmernmeemeesseesseeesseeseessessseesssessees 33
4.2.1 Development of inventory CONtIol POLICY .. ceeeeeeeseerssersessseesseesseessesseessessssesssesssesssesseeens 34
4.2.2 ClaSSIICATION ...cuuueereeeceetreeesece et sesse s ese st ss bbb s b e 35
4.2.3 Determination of outliers, obsolescence and Seasonality.........enenenneenseeseeeneeens 38
4.2.4 Determination of the demand diStriDULIONS ... ssesseesseessenens 46

4.3 Values Of the INPUL PATAIMETETS .....veeeeeeeeeeseesseesseersessess s sessssessssssssssssssssesssesssesssesssssssssssssssesssssssssssens 46
s 100 I 1= Yo 0 o (PSPPSR 46
4.3.2 HOLAING COSLS wrvuiriiriniiisinisissssssssssss s ssss s s bbb bbb 47
4.3.3 OT AT COSES.uriumumrererrienrereeseessessessessesssessessse e sss e s s ssse e s bR R AR bbbttt 49

4.4 Values of the POlICY PAramMeEers. ... cereereeseeseesecesessesseeses s ssssssss s s s s ssss s sssessssas 53

4. 4.1 SALELY STOCK ... ieurieeetreeseeeeseeeisse b eess et ss bbb bbb 53

T 37/ 2T ) 6 U=) gl 003 0o U PP 54

83 TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

4.4.3 ECONOMIC OTder QUANTILY c..cuieueeeseeureeseesseseesesseessesssessesssessssssessssssssssesssssssssessssssssssssssssssssssssssssssssssssas 54

4.5 Entering the inventory control policy into the current ERP system........cccooereneereenecereenseeneens 55
S 010 T3 L) (o) N 58
5. ANALYSIS Of TESUILS .t s s s e s s s 61
5.1 Impact inventory CONtIol POLICY ... sssssssssssssssssssses 61
5.1.1 Monte Carlo SIMUIALION c....cuceueeeeseer e sees s seesssesssess s sesssessssssssssssessssss e sssesssesssessssssssessaes 61
5.1.2 NUMDET Of T@PIICAIONS. ..ottt essss s s s s s s s bees 63
5.1.3 Results of the Monte Carlo SIMUlation ... 64
5.1.3 Verification and validation of the Monte Carlo simulation ..., 66

5.2 Effect of the parameters of the inventory control PoliCy ... 69

LS T0 2 010 s Uol 1D ) (o) PP 77
6. Conclusions and reCOMMENAATIONS .. erreereeseeseesseerrersseessersssesssesssesssesssessesssesssesssssssssssesssessssesssesssesssseens 79
00 010 o Uod 1D ] (o) PP 79
6.2 ReCOMMENAALIONS 1uuivuireriesierirississss s s 81
6.2.1 Recommendations that can be put into practice by the company immediately ............ 81
6.2.2 Recommendations that can be applied in the future by the company .......ccccoueeneenreennees 81
6.2.3 Recommendations for further research on the sSame toPiC.....cmreereerreeeneeenseeseesseesseeennens 83

280 23103 0= = o) o | /TP 85
2N 0] 03 0 U (PP 88
Appendix A: The cost of the inventory level at 18-02-2019 ......crenecneenmeenneesesseeessesseesseesseeens 88
Appendix B: Products in inVentory fOr OVETr @ YEAT .......eenesneesesseessesssssssssssssssssssssssssssssssssssens 89
Appendix C: Determination of the most important Products .......eeeeeeeeeeeesseesseeens 90
Appendix D: COSt PIiCE PEI PIOAUCT....c..cueeeeseereersersreesseesseessssssessseesssessesssesssesssesssssssssssessssssssesssesssesssseens 93
Appendix E: Selling price Per PrOQUCE ... seesseeessessesssessssessesssessseessessssssssssssssssssssesssessssssseseas 94
Appendix F: Determination of outliers in the demand ... 95
Appendix G: Probabilities of having inventory for OVer a Year ........neneneeenseesneesseesseeens 96
Appendix H: Determination of patterns in the demand ........c..ceenencncneenneseseesseeseesseeseeens 97
Appendix I: Products with demand in each of the last three years ......coeeeonenneenseeneeenneennens 102
Appendix J: Seasonal SUDSETIES PLOLS ...cceceeereeeseernersees e seessseessesssssssesssesssesssssssssssesssssssssssesssessssssssees 104
Appendix K: Measurement plan (in DULCh) c...eemeneeeceeseeseessesseesssessessseessesssessssssessssesssessees 109
Appendix L: Steps for making a configuration package in the ERP system........cccccouemeeneeenneennees 110
Appendix M: Manual for the inventory control POLICY .....coereneeneeneeseeneeeseeseseeseeeessessessessesees 112
Appendix N: Overview of the dashboard of the Monte Carlo simulation........conenseneenneenees 119
Appendix O: Results of the Monte Carlo SIMUlation ... ceeeeeeeenseenseeseeseeseesssessesssessseessseseees 120
Appendix P: CompariSon Of Q and S .......ceeeeeenerneesseessessssessessssssessssesssssssesssssssssssssssssssessssssesssees 123
Appendix Q: Histograms of all replications of the Monte Carlo simulation ... 125

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Figures

Figure 1: The different places at which the company is 10€ated.......coumermermeenmeeneceneeensernseeseesseeesseeseens 1
FIGUIE 2: PrODIEIM CIUSTET ..o ceeieeieeeetettsetseessees et sse s sssees bbb s bbb bbbt 3
Figure 3: Relationship between all research qUESHIONS........coccveneereeneeneinseseece e sessseaes 5
Figure 4: The inventory level in comparison to the MTS inventory level...... e 10
Figure 5: Number of die changes per shape and per line for the last three years........ccccenneeereennee 12
Figure 6: Pareto chart per shape or production lNe ........nceeesssssesssessssesssesssssseeens 13

Figure 7: The ratio between changeovers due to materials versus changeovers due to colour

CRLANIEES .vereeeeecere ittt s s e RS SEaEeER R £ R AR R R A AR 15
Figure 8: The division of colour changes as well as material changes among the production lines
............................................................................................................................................................................................... 16
Figure 9: The relation of important aspects of product classification.........oucvenreenneeneeesneenneeseceseeens 19
Figure 10: An overview on how to determine the safety StOCK........cmnrenmrenecenseenseenseeseessseesseesseeeseeens 21
Figure 11: The relation between the costs and the order quantity when there is no quantity

L6 010100 o P 22
Figure 12: The relation between the costs and the order quantity when there is quantity

L6 010100 o 22
Figure 13: The relation between CSL and SS ... ssssssssssssssssessssssssees 23
Figure 14: Implementation of the steps of SMED.........oeeeeeeeseeseessesssessessseesssesseessessseeens 24
Figure 15: Inventory per product over the time period from 2016 to 2018......cccomeeneermeerneereenreenns 32
Figure 16: Example boxplot of product 100022........oereeereeenmemeeseesseesseesseesseessssssesssesssessssesssesssesseeens 39
Figure 17: Overview of the boxplots for which there was an outlier in 2018......ccccoeoneerreenneernecereenn. 40
Figure 18: An example of a seasonal subseries plot by Cleveland (1993)......ccounnmeneenmeenneesseesseeens 42
Figure 19: Total demand over the years 2012 £0 2018 ......eeeeenmernneeneesseesssessessessseesssesssssseesseeens 44
Figure 20: Example of the Chi-Square test for product X ... esseesssesseesseesseeens 45
Figure 21: Example of the planning tab at which the reordering policy could be filled in............. 55
Figure 22: Impression of the configuration Package .......cceeneneeneeneneesnesse s ssssesssesssesseessesens 56
Figure 23: Overview of the configuration package to update the parameters on a warehouse
LEVEL oottt e ses s s e e e R R SRR RS R RS ER RS E R 57
Figure 24: Example of a histogram based on the results of the replications of the Monte Carlo

£53 0101 U (o) TP 63
Figure 25: Example of the determination of the number of replications........cccoeeneeereeneereensereenneens 63
Figure 26: Efficient frontier of the overall MOdel ... seeeees 65
Figure 27: Efficient frontiers of the Type 1 products as well as the Type 2 products.......ccueeereen. 65
Figure 28: One example of the results of the replications in a histogram ..........oenenneeseeneeenes 66

83 TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Figure 29: Overview of course of the inventory level on a daily basis for 2018 for the 8 most
AEMANAEA PIOAUCES.....coreeereeeeeeeeereeseseesee e ssseesss bbb s s s s R et 74
Figure 30: Overview of course of the inventory level on a daily basis for 2019 for the 8 most

(6123 00 =10 T6 (ST 0] (oY 10 Uot 300 PP 77
Figure 31: Determination of the most important products based on the number of months with
SALES Of 2012 £0 20 T8 ettt es st b s s bR bbb R bR 90
Figure 32: Determination of the most important products based on the demand volume of 2012
£0 2018 eceeeeeeesrereeseerse et sest e e e s bR R SRR AR SRR R R ER SRR AR e 90
Figure 33: Determination of the most important products based on the number of months with
SALES O 2O T8 ...ttt ettt ea s bbb s s RS EEaEeER R AR 91

Figure 34: Determination of the most important products based on the demand volume of 2018

............................................................................................................................................................................................... 91
Figure 35: Products that have outliers in the demand.........coccouerenecnenseneeeeseeeeee s 95
Figure 36: Course of the demand from 2012 to 2018 for product 100004 .......cccocereereeermeermeereeereeens 97
Figure 37: Course of the demand from 2012 to 2018 for product 100007 ........cccuvvmruemrrrsnrresnissennens 97
Figure 38: Course of the demand from 2012 to 2018 for product 100014 .......cccoeveemeereeermeermeereeeseeens 97
Figure 39: Course of the demand from 2012 to 2018 for product 100021 .......ccevmrvmnrrsnrsesrrsunnnens 98
Figure 40: Course of the demand from 2012 to 2018 for product 100022 .......cccoueereereerrmeermeenseesseeens 98
Figure 41: Course of the demand from 2012 to 2018 for product 100024 .......ccocomeemeerrmeenmeereeereeens 98
Figure 42: Course of the demand from 2012 to 2018 for product 110007 ........cccvvmeemnrrcssrsernsssnnnens 99
Figure 43: Course of the demand from 2012 to 2018 for product 110011 ....cccccemreemeereeermeermeemreesseeens 99
Figure 44: Course of the demand from 2012 to 2018 for product 110036 .....c.cccoseerreerreerrmerreemseesseeens 99
Figure 45: Course of the demand from 2012 to 2018 for product 110071 ......ocveeeneenreerreeereerreeennens 100
Figure 46: Course of the demand from 2012 to 2018 for product 110117 ....cnenreerreeereeereeennees 100
Figure 47: Course of the demand from 2012 to 2018 for product 110225 ......cvmrenmrrrsnsirneisnnnns 100
Figure 48: Course of the demand from 2012 to 2018 for product 110231 ......ccoveenreenreerreereeereeennens 101
Figure 49: Seasonal subseries plot for product 100004 ..........coocneneeeereernmemmeeseesseesssessesssesssessssessees 104
Figure 50: Seasonal subseries plot for product 100007 .......oneeenreeneeneessessesneesseesesseessesseessesssesseens 104
Figure 51: Seasonal subseries plot for product 1000271 ........oneneeneneeeneenmeesseesseesssessesssesssesssssssees 105
Figure 52: Seasonal subseries plot for product 100022 .........ceeneeneernmermeeseesseessseesesssesssessseessees 105
Figure 53: Seasonal subseries plot for product 100024 ... seesesseessessesssssssesseens 105
Figure 54: Seasonal subseries plot for product 110007 ........oeeneeeesseessmeemessseesseesssessesssesssessssssssees 106
Figure 55: Seasonal subseries plot for product 1100171 ... seesseeseesseessesseens 106
Figure 56: Seasonal subseries plot for product 110036 .......conereenreeneeneeseeseeneesseesesseessessesssssssesseens 107
Figure 57: Seasonal subseries plot for product 110117 ... eeeneerneeeesseesssesssessesssesssessssssssees 107
Figure 58: Seasonal subseries plot for product 110225 ... seesessesssessesssssssesseens 107

TENCATE



https://tencategrass-my.sharepoint.com/personal/a_tijhuis_tencategrass_com/Documents/Verslag/Final%20version%20Public%20Master%20Thesis%20-%20A.%20Tijhuis.docx#_Toc14424367

A. Tijhuis | UNIVERSITY OF TWENTE.

Figure 59: Seasonal subseries plot for products 100027 and 110009 .......cccommeereeeneeenmeeseesseessseesnens 108
Figure 60: Measurement plan to determine the order costs (in DUtch).....ccecneenneneecneeneeneeneceneens 109
Figure 611: Example of an empty configuration package Card........eneneenseenseeseesseesnseennees 110
Figure 62: Road to deleting all unnecessary fields of the configuration package.........ccceuuerreenees 110
Figure 63: Road to filtering all relevant values of the configuration package ........cccceeeneeoreenneuneen. 111
Figure 64: Specific filters that should be applied to have a configuration package for Yarns....111
Figure 65: Overview of the configuration package that is made for Yarns ........nconeenneneen. 111
Figure 66: Overview of the sheet of the proposed Model....... s 112
Figure 67: Overview of the sheet NaviSion UPAate.........oenenneenneenseseeisnsessesseessessssssssssssssssssssessees 112
Figure 68: Overview of the sheet DemMan ... ssssssssss s ssessssssesssssssssesns 113
Figure 69: Overview of the sheet Safety stock & Reorder point........eneenseenseeseesseenseenees 113

Figure 70: Table in the sheet Safety stock & Reorder point that consists of the demand data of

the PaSt tWElVE MONTNS ... s s s 114
Figure 71: Overview of the Sheet EOQ .....ceieeseciseiseessectseessesss st ssssssssss s sssssssssssssssnees 114
Figure 72: Overview of the sheet ClassifiCation. ... seesssessesssessseesssessees 115
Figure 73: Overview of the hidden sheets available in the proposed model.........ccoccoosuereeeneenneennees 115
Figure 74: Overview of the hidden sheet Order COStS......mm s 116
Figure 75: Overview of the hidden sheet OQutliers + Pattern determination ..........ccoceeeeeeseereeenneennees 117
Figure 76: Overview of the hidden sheet Seasonal INAiCES ... 117
Figure 77: Overview of the hidden sheet DiStriDUtioN.......co e seesseeesesseesseesssessees 118
Figure 78: Overview of the dashboard of the Monte Carlo simulation ..., 119
Figure 79: Results of the Monte Carlo simulation per Product ......eeeeseesseessseenseeseesseesssesees 120

Figure 80: Ranges of the results of the Monte Carlo simulation per product for the current model

Figure 82: Histograms of the results of the 1st upon 12th MTS product for the current model 125
Figure 83: Histograms of the results of the 13th upon 26th MTS product for the current model

TENCATE



https://tencategrass-my.sharepoint.com/personal/a_tijhuis_tencategrass_com/Documents/Verslag/Final%20version%20Public%20Master%20Thesis%20-%20A.%20Tijhuis.docx#_Toc14424392
https://tencategrass-my.sharepoint.com/personal/a_tijhuis_tencategrass_com/Documents/Verslag/Final%20version%20Public%20Master%20Thesis%20-%20A.%20Tijhuis.docx#_Toc14424410

A. Tijhuis | UNIVERSITY OF TWENTE.

Figure 87: Histograms of the results of the 9th upon 22th MTS product for the proposed model

............................................................................................................................................................................................. 131
Tables

Table 1: All costs involved for a die Chan@e........oennsc s 13
Table 2: Overview of the number of die changes and their COSES......eeeeeseeseeene. 14
Table 3: The production lines where the different materials can be produced.......ccooreereeenreenreenne. 15
Table 4: The production lines where the final product type can be produced.........cccoconucreeenrerrrennne. 15
Table 5: Probabilities that a certain changeover occurs given the shape......onnrenecreensenenns 16
Table 6: Service level target per ABC-XYZ classification.......ccueeeneeeneeenmeeseesseesssesssesssessseesseessessessnes 18
Table 7: Different methods available to classify Products ... 19
Table 8: Different options for implementing an inventory control poliCy.....eeeneernseenseennes 20
Table 9: Intermediate products that should be classified as MTS.......ccouimnmminnennesseseesen: 36
Table 10: Outliers found in the demand data of 2018 that should be removed.........ccuvuerrrrrnninens 40
Table 11: Products which had demand in each of the last three years for at least 9 months ....... 45
Table 12: Example of obtained data by observing a die change ... 49
Table 13: COSt PIiCe fOT WASTE ....veuececeeeeseeseesee s seessseesess s sssees s sess s s s s 50
Table 14: The average time and number of mechanics spend on a changeover.........oeneenne. 51
Table 15: Example of obtained data by observing a colour change .........ccoconeneenneenecenseenseenseenne. 52
Table 16: Average results for the time and waste spend on a material and colour change........... 53

Table 17: Differences between the formulas of the policy parameters for the current model as

Well as the PropoSed MOAE] ... ss s s s 60
Table 18: Example of found probabilities ... eeeneesesseesssssssssssssssssssssssssessssssssssssssanes 62
Table 19: FiXed INPUL PATAIMIELETS ....cuueeeeereeeeseeeessessesseessesseessesssessessssssesssesssssssssssssesssesssssessssssssssssssssssssesssessssas 62
Table 20: Number of replications required per MTS Product .......eneeneeeenseesmeeseesseesssessesssessnes 64
Table 21: Overall results of the Monte Carlo sSimulation.......e s 64

Table 22: Reorder points and order quantities that are used to calculate the results manually. 67
Table 23: Manually calculated results for product 100004 when the proposed policy was used67
Table 24: Manually calculated results for product 110332 when the proposed policy was used67
Table 25: Results of the Monte Carlo simulation for products 100004 and 110332......ccccccoueurrennne. 68

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Table 26: Results of the actual values along with the results of the Monte Carlo simulation for

the ProPOSEA MOAEL..... ettt s et 68
Table 27: Results of the actual values along with the results of the Monte Carlo simulation for

the CUITENT MO ... ————————————— 69
Table 28: Results of the comparison between practice and fully implementing the policy........... 71
Table 29: CYCle SEIVICE IEVELS ..t s sssssssssssssssssssssssssnses 71

Table 30: Final results of the comparison between practice and fully implementing the policy 72
Table 31: Results in terms of costs for the course of the inventory level over 2018 for the 8 most
(6123 00 =10 T6 1T 0] (oY 10 Uot 300 PPN 73
Table 32: Results in terms of costs for the course of the inventory level over 2019 for the 8 most
(6123 00 =1 016 1T 0] (0 Yo 10 Uot 300 PP PPN 76
Table 33: Products with inventory fOr OVEI @ YEAT ... eeerrmernersreesseesseesssesssesssesssssssesssssssesssessssesssessans 89
Table 34: Most important products based on the demand volume as well as the number of

MONETNS WITH SALE..ei ettt b 92

Table 35: Most important products based on the demand volume, but they are not sold

frequently during 2012 t0 20 18......ceeereeereeirneeseesseesseseseesessess s sssess s sesssss s ssse s s ss s ssnas 92
Table 36: Most important products purely based on the data of 2018 .......ooverneerrnnecrenecereenseneens 92
Table 37: Probabilities of having inventory for over a year or tWo Years .......eeneesnsesnseenne. 96
Table 38: Products with demand in each of the last 3 years for at least 9 months........ccouerucun. 102

Table 39: Seasons that the products with demand in each of the last 3 years in at least 9 months

PIODADLY WL FACE ottt ss e bbb bbb bbb 102
Table 40: Products with demand in each of last 3 years and the corresponding months............. 103
Table 41: Months that are part of a season for MTS Products.......eeneneenseeseesseesseeens 108
Table 42: Comparison of the economic order quantity between the current and the proposed

000 Yo =) TP 123
Table 43: Comparison of the reorder point between the current and the proposed model........ 124

83 TENCATE



https://tencategrass-my.sharepoint.com/personal/a_tijhuis_tencategrass_com/Documents/Verslag/Final%20version%20Public%20Master%20Thesis%20-%20A.%20Tijhuis.docx#_Toc14424461

1. Introduction

This chapter represents an introduction to the aim of the study. First, the company for which the
study is executed will be introduced, followed by a motivation of research. Thirdly, the problem
will be introduced for which research questions are developed in section 1.4 Research objectives.
Lastly, the methods used to answer the different research questions and to fulfil this study will
be mentioned in section 1.5 Methodology. The following flow chart represents an overview of the
order in which the subjects will be handled.

1.1 Company description

TenCate Grass is the global leader in development, production and marketing of synthetic turf
components. The company has production facilities in different continents all around the world,
for example in North America, Europe, Asia-Pacific and the Middle East. Figure 1 represents the
different places where the company is located. The products produced at the company are
synthetic turf yarns, backings, woven technology, base layers and systems. They provide artificial
turf fields for all kinds of sport or recreation areas.

There are many departments part of the company, for example, sales and marketing department,
purchasing department, expanse management, warehouse, manufacturing, resource planning,
service and human resources. This study is executed at Yarns, a part of the company which is
fully focused on synthetic turf yarns.

Figure 1: The different places at which the company is located

1.2 Research motivation

The mission of the company is to deliver good-quality grass fields to customers. The products
sold at the company are quite expensive in comparison to the competition in the market, as a
result, it is essential that they comply with agreements and deliver products that are of high
quality. Furthermore, it is important that they are able to meet certain cycle service levels, the
production lines can run constantly, that they deliver high quality components and avoid
breakdowns as much as possible. Besides, the inventory level of the company should not be
extremely high, however, it should be able to come through the high season or survive critical
moments. Currently, all planners use Excel to determine the production planning and fill in their
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obtained information into the ERP system. However, an assumption has been made that there is
much to be gained by using the ERP system for all aspects involved in the company and, thus, the
planning. Using software to make a planning will probably ease the way planners have to work
and reduces mistakes prone to human error. For example, by filling in the ERP system manually,
a spelling mistake can easily be made. The company delivers yarns to their customers, which are
companies that turf or weave the field (final product) themselves. One disadvantage of this
business is that it is highly seasonal. For example, the field can only be placed when there is no
rain or snow and is restricted to seasonal stops (in case of a sport field), which is mainly the case
from May to August. Thus, the high season finds place during this period. In order to survive the
high season or to meet unexpected demand it is important to have an efficient inventory control
policy. However, the contrary of having a lot of stock in advance to survive the high-season is the
fact that having inventory also involves costs. Therefore, a trade-off exists between the costs of
having inventory versus the downsides of not being able to fulfil all demand within a given
timeframe.

At the moment of writing, an inventory control policy has been implemented. However, this
inventory control policy lacks in substantiation of the parameters involved and is not yet part of
the ERP system. Additionally, the inventory control policy still has to be updated manually and
the planners do not use the ERP system to make the final production planning. As a result, there
should be a focus on optimizing this inventory control policy and automate this policy within the
ERP system. Another result of not having all data in the ERP system, is that the purchasers may
not have ordered enough raw material to let the production run. In addition, the planning is not
updated when a production line was not able to run as a result of not having enough raw material.

The company uses the ERP system called Microsoft Dynamics Navision (2017). Even though the
ERP system is available, the system is not used most efficiently, which is something that has to be
improved. The system can be used to communicate through the whole organization and make
adjustments in one department visible for all departments that have to deal with this adjustment.

The company combines both a Make-To-Order (MTO) as well as a Make-To-Stock (MTS) policy.
In that way, products that will not be sold a lot are only produced when an order is placed. As a
result, there will be (almost) no inventory for MTO products. For the MTS products, on the other
hand, reorder points and safety stock have to be determined, which is nowadays based on the
demand of the previous year.

1.3 Introduction to the problem

As the company is a global leader for the production of synthetic turf components, it is essential
to have the production facility in order. A main component of controlling the production facility
is having an inventory control policy that keeps track of the inventory level. Some years ago, the
company produced products based on the expected sales and agreements with customers,
however, these agreements were not always complied with, leaving the company with
unnecessary inventory leftovers. As a result, some produced products were not touched for years
or sold against very low prices. Approximately two years ago, they sold a lot of inventory against
low prices and implemented a basic inventory control policy. However, this implemented
inventory control policy is not optimal and lacks in support for the different features of the
inventory control policy. Some features were filled up based on common sense, which makes it
subject to human error.

Another factor influencing the current inventory control policy is the classification of the
products as either MTS or MTO products. However, there is some doubt whether the current
classification model is reliable enough to make such important decisions, since it is not based on
theory and a classification as MTO product means that there will be no inventory of the product.
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Within this study, there is also a focus on mapping the costs of changeovers and improve the
changeover times when possible, since the changeover times are linked to the ordering costs and,
therefore, the order quantity. If we are able to reduce the time required to fulfil a changeover, the
total costs per changeover also changes, leading to lower ordering cost. As a result, the order
quantity will be lower, meaning that also the inventory level will be lower and the company is
still able to fulfil all demand.

To introduce the problem, a problem cluster has been made, which can be found in Figure 2. Based
on the problem cluster, we can conclude that there is a need to improve the current inventory
policy and come up with a new and well-underpinned inventory control policy including the
classification of the products as either MTO or MTS. The inventory control depends on several
factors, for example, changeover times as a result of changing the dies and cleaning the lines, the
holding costs and the cycle service level. When the inventory control policy is developed, we want
to compare it to the current inventory control policy with the use of a Monte Carlo simulation.
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Figure 2: Problem cluster

1.4 Research objective

This research is introduced in order to improve the current inventory control policy and ease the
way of planning by using an ERP system more effectively. In that way, the main research question
that is answered during this study is:

- How to improve the current inventory control policy considering the trade-off between
meeting a target cycle service level and reducing inventory costs along with the mapping of
changeover costs and how to implement it into the current ERP system?

Additionally, other important research questions that should be answered during the study are:
- What safety stocks should be taken for the different products and how will they be updated
within the ERP system?
- Isthere seasonality or obsolescence that should be taken into account? If so, how should they
be taken into account?
- What distributions do the different demands follow?
- How should the different products be classified and how should each class be treated?
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The five questions as mentioned above represent the research objective of this study. To answer
these questions, there are sub-questions divided per chapter to answer the main questions. These
sub-questions are elaborated below.

1. What is the current inventory control policy (e.g. classification, determination of
parameters, inclusion of seasonality and obsolescence) and at what costs?
2. How does the company deal with changeovers?

3. What methods are available in literature to classify the different products?
4. Which methods are available in literature to implement an efficient inventory control
policy of production systems?

a. How to determine the parameters involved?

b. What is the relation between the safety stock and costs?

c. What is the relation between the safety stock and a desired customer service level?
Which methods are available in literature to improve changeovers?
What is the purpose of a Monte Carlo simulation and how can it be used?

o

7. Are there requirements or restrictions involved to implement an inventory control
policy?
8. How can we use existing data to develop the inventory control policy?
a. How should the different products be classified as MTO or MTS and how should
they be treated based on this classification?
b. How should seasonality or obsolescence when applicable be taken into account?
c. What are the different distributions that the demand of the products follow?
9. What should the values of the input parameters be?
a. What lead time should be taken into account?
b. What value represents the holding costs?
c. What are the costs of the changeovers?
10. What should the policy parameters per product be?
a. What should the value of the safety stock be for each of the products?
b. What should the value of the reorder point be for each of the products?
c¢. What should the value of the EOQ be for each of the products?
11. How can the found inventory control policy be entered in current ERP system?

12. What is the impact of implementing the proposed inventory control policy based on a
simulation model?
13. What is the effect of the parameters of the inventory control policy?

The relation between the different research questions can be found in Figure 3. The first two
questions will be addressed in Chapter 2 - Current situation. The third upon the sixth question
will be handled in Chapter 3 - Literature review. Thereafter, question seven until question eleven
will be discussed in Chapter 4 - Solution design and question twelve and thirteen will be handled
in Chapter 5 - Analysis of results. Furthermore, Chapter 6 — Conclusions and recommendations will
not answer any further questions, but it will conclude the found results and combine these results
into a recommendation for the company.
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Figure 3: Relationship between all research questions

1.5 Methodology

This study will be conducted within a timeframe of six months, therefore, it is necessary to think
of the methodologies used to answer the sub-questions to be able to perform the study within the
given timeframe. This section mentions all methods used to answers each research question.

2.1 What is the current inventory control policy (e.g. classification, determination of parameters,
inclusion of seasonality and obsolescence) and at what costs?

The resource planning department is responsible for the inventory control policy. To gain insight
in the current inventory control policy used, some conversations will be held with employees of
the resource planning department. We will determine how the products are currently classified
and how they determine the different parameters involved in the inventory control policy.
Moreover, we will check whether the percentage of products belonging to a classification is in line
with the theory behind the inventory control policy. Besides, we will look at the current inventory
level based on historical data and the corresponding costs.

2.2 How does the company deal with changeovers?

This question focuses on changeovers, however, the main aspect of changeovers are die changes.
Interviews will be held with employees that have to deal with die changes in practice and with
employees that have to deal with die changes in the production planning. Besides, historical data
of the production planning will be studied to determine the number of die changes scheduled.
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Additionally, changeovers consist of small changeovers when only the material or colour need to
be changed, these kind of changeovers will only have a small impact on the total changeover cost.
To determine these costs, historical data will be studied to determine the average number of
times colour or material changes happen and at what costs.

3.1 What methods are available in literature to classify the different products?

The most common ways of inventory classification will be summarized and mentioned with their
characteristics. This way, probably the most promising way to classify products at the company
will be used in practice.

3.2 Which methods are available in literature to implement an efficient inventory control policy of
production systems?

We will look at policies that are similar to the current methodology used by the company as well
as policies that might seem out-of-the-box. The methods will be compared based on advantages
and disadvantages in line with the desires of the company. For the determination of all
parameters involved, we will look at the most common methods again. Besides, we will look for
literature that takes the costs into account while approaching inventory and we will look for
literature that takes the desired customer service level into account to determine the safety stock.
By combining this literature, we hope to find the perfect balance between costs and customer
satisfaction.

3.3 Which methods are available in literature to improve changeovers?

For this question, we will look into existing literature whether information can be found over
changeovers, and how companies deal with changeover in general. As a result, we may find
interesting ways to deal with changeovers that may also be used in the company.

3.4 What is the purpose of a Monte Carlo simulation and how can it be used?

This question will be answered with the use of theory. The goal of the Monte Carlo simulation is
to compare the proposed with the current model. For that purpose, it is required to think of how
to set up a Monte Carlo simulation and how it can be used.

4.1 Are there requirements or restrictions involved to implement an inventory control policy?

In the literature section, we already searched for inventory control policies that are most
promising for the company. This question will search whether all data to determine the
parameters is available and whether there are some other restrictions that should be taken into
account before actually being able to implement the model.

4.2 How can we use existing data to develop the inventory control policy?

This question focuses on pre-processing the data that will be used as input for the inventory
control policy. It will already start working on the development of the proposed inventory control
policy, by determining how the products should be classified as either MTO or MTS and how
seasonality or obsolescence should be taken into account when they appear to have an influence
on the inventory control policy. Finally, it will be determined which distribution the demand of
MTS products follow.

4.3 What should the values of the input parameters be?

This part focuses on getting the right data representing the lead time, the holding costs and the
costs of changeovers. The holding costs will be based on literature when data is not available, but
obtaining the data for the changeover costs will be done by measuring the time spend on
changeovers in practice and gaining the costs of those activities related to time. Only when there
is time left and the found literature of changeovers seems to be promising, we will look at whether
the gained insights can be implemented at the company.
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4.4 What should the policy parameters per product be?

The literature found to determine the parameters will be used to actually determine the
parameters. This part focuses on determining the safety stock, the reorder point and the
economic order quantity.

4.5 How can the found inventory control policy be entered in current ERP system?

In previous questions, we already determined whether implementing the inventory control is
possible. However, there may be some other restrictions when it comes to implementing the
policy into the ERP system. Therefore, this section will elaborate on the possibilities of making
the ERP system dynamic and implementing the inventory control policy into the ERP system.

5.1 What is the impact of implementing the proposed inventory control policy based on a simulation
model?

For this purpose, we will use the Monte Carlo simulation. As a result, the impacts of implementing
the proposed inventory control policy become clear. That way, we could see whether it is a good
choice to implement the proposed inventory control policy or not.

5.2 What is the effect of the parameters of the inventory control policy?

This question focuses on the influence of using the inventory control policy. As we have said, there
is already a policy available, however, we want to see whether this policy is actually used. If this
is not the case, we want to see the effect of not honouring the policy. Thereafter, the same method
is used to determine the effects of the proposed policy compared to the current policy. Thus, by
answering this research question, we know whether using the policy is beneficial and whether
the current or the proposed policy should be used.
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2. Current Situation

This chapter will elaborate on the current methodology used to determine the required inventory
level and how the company deals with changeovers. The current inventory control policy is based
on a classification method, the determination of the inventory level and smoothing of production
as a result of facing a high season, which will all be explained during the first section of this
chapter. Furthermore, the section related to changeovers will gain insight on the different
changeovers available at the company and how the corresponding costs are currently treated.

2.1 Inventory control policy 2.2 Changeovers

Classification Die changes
Inventory level Material changes
Smoothing out production Colour changes

2.1 Inventory control policy

This section answers sub-question 1: What is the current inventory control policy (e.g.
classification, determination of parameters, inclusion of seasonality and obsolescence) and at what
costs? The purpose of answering this question is to get a global overview on how the company
nowadays deals with the production and storage of products.

In 2016, the company implemented a new inventory control policy based on a continuous review
and a fixed lot size. Within this policy a distinction has been made between MTO and MTS
products and it was introduced to decrease the total inventory level. MTO products will only be
produced when an actual order arrives and have a promised lead time of four weeks, which means
that the company has four weeks to produce and make the order ready-to-ship. The MTS products
will be produced throughout the whole year, based on the implemented inventory control policy.
All aspects related to the current inventory control policy will be explained below.

ABC classification

The company has a total of X products which are taken into account for developing a method for
the inventory control policy. To see how critical a product is under consideration to the firm, the
ABC classification has been used, which is based on the Pareto principle (Flores & Whybark,
1987). This method classifies the products into three different segments (A, B and C) based on
the sales volume. The sales volume is determined by multiplying the volume with the annual
usage. A rule of thumb included in the method is that A items make up roughly 20% of the total
number of items, but represent 80% of the sales volume (Silver et al, 2017). This also holds in
case of the company, since X products cause almost 80% of the sales volume, which is equal to
19.8% of the products. Products classified in segment A are considered to be most important and
are produced as MTS. Products classified in either segment B or C are considered to be less
important and are produced as MTO. As explained above, there is chosen only to produce MTO
products when there is actually an order, which means that there is no inventory of MTO products
in general. However, they could treat a product classified as MTO as MTS, when there is a
commitment between the company and a customer for a longer period.

Modifications to the ABC classification

When the products are classified into the three different segments, modifications to the
classifications may happen. For example, products that are very expensive and not sold many
times may still be classified as A, while it is unnecessary to have a lot of inventory during the
entire year. Therefore, it will be checked in which months the products are sold. If the products
are sold during the entire year, then, the products will be produced as MTS, even though it was
considered to be classified in either segment B or C. The other way around, products classified in
segment A that are only sold in a limited amount of months, will be produced as MTO.
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Determination of the inventory level

The required inventory level is based on two terms, namely: the reorder point and the economic
order quantity. s indicates when a product should be produced and Q is equal to the quantity of
products that should be produced. However, the values for each of these two parameters will only
be determined for MTS products, since it is assumed that there will be no inventory of the MTO
products.

The Q formula as used within the company is similar to that of Winston (2004) and can be written

as:
2kD. L

Q=2 [2.1]

Where K represents the setup or ordering cost, D represents the demand rate per unit time and h
represents the cost of holding one unit in inventory for one unit of time. The order costs are
nowadays based on the costs of adjusting the machines and changing the die to be able to produce
the required product and the holding costs are assumed to be 15% of the cost price of an product.
However, the determination of these costs are accompanied by a lot of assumptions.

The reorder point is determined as the sum of the safety stock and the demand during lead time.
The value of the safety stock is the amount in excess of expected lead time demand that is ordered
to protect against the occurrence of stockouts during the lead time. It is determined as the safety
factor times the standard deviation during lead time. The safety factor is equal to the inverse of
the standard normal cumulative distribution of the cycle service level, where the cycle service
level is set as 98% for each of the MTS products. Additionally, the standard deviation during lead
time is calculated as the standard deviation of the demand of last year times the square root of
the lead time. The lead time is equal to four weeks and the demand during lead time is equal to
the expected demand during the next four weeks. D, is determined as the average demand of a
week based on the historic demand of last year times the lead time. Concluding, the following
formulas have been used to determine the inventory control policy:

s=S8S+ D, [2.2]
SS=2zx* g [2.3]
z= ¢ 1(CSL) [2.4]
o, =o0p* [L=* (g) [2.5]

The values found for Q and s are implemented in the ERP system manually. A product should be
produced with the size of an economic order quantity when the current inventory level is below
the reorder point, otherwise the product will not be produced.

Smoothing out the production

The company strives to deliver MTS products immediately (the customer orders today, the
product will be picked out of inventory tomorrow, and delivered the day after tomorrow) and
MTO products within X weeks to the customers. Therefore, a distinction could be made between
the production lead time versus the promised lead time. In case of MTO the promised lead time
is equal to X weeks, where CSL is equal to zero, since the MTO products will never be delivered
directly from stock. When there is an order, they have X weeks to plan the MTO order within the
existing planning and make the order ready-to-ship. In case of MTS products, there is a production
lead time involved of X weeks. Most of the time the company can deliver the products directly
from stock, however, if there is not enough in stock to fulfil the order, they have to produce the
products and deliver it to the customer as soon as possible. Besides, the company decided that
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they have to take seasonality into account. If the yarns are used to make (sport) fields, they cannot
be placed throughout the entire year, since the placement of fields depend on the weather and
seasonal stops in case of sports, there are only a couple of months at which fields can be placed
and so on more yarns will be sold during that period. This period equals the high season period.
However, less products will be sold in other months and, therefore, this period is considered to
be the low season. Since MTO products are only produced in case an order is placed, it may be
beneficial to produce MTS products ahead. In the high season, it may be hard to fulfil all demand,
therefore, the company tries to smoothen out the production to the low seasons in order to lower
the workload in the high season. As a result, they adjust the parameters during the year based on
the season, where a higher reorder point requires that a product should be produced earlier.

Some products will be sold equivalent throughout the year, therefore, the parameters, such as Q
and s, will remain the same over the year. However, some other products are strongly dependent
on the season, therefore, the parameters involved are also based on the high season as well as the
low season. For example, in the low season, the order quantity appears to be lower than within
the high season. Therefore, a distinction has been made between high and low season while
implementing the current inventory control policy.

Changes in inventory as a result of the implemented inventory control policy in 2016
Figure 4 represents the inventory level of Yarns over the last 2 years

Stock turnover Yarns
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Figure 4: The inventory level in comparison to the MTS inventory level

As we can see, the total stock was really high at the start of 2016, where a large number of the
stock were products that were found to be MTO products. It should be noted, that during that
period, the company also temporarily took over the inventory of a smaller company that is part
of TenCate Grass, which resulted in a higher inventory level. Thus, the inventory level in early
2016 was higher than it would normally have been.
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In the middle of 2016, the inventory control policy as it is nowadays was introduced. The goal of
the implemented inventory control policy was to have MTS inventory close to the total inventory,
which seemed to work according to Figure 4. In 2016, around 50% of the stock was related to the
MTS products, while the ratio is around 70% nowadays. Additionally, we see that the inventory
arises at the beginning of each year (end of the previous year), which is reasonable, since they
already produce products to survive the high season. On the other hand, they should take into
consideration that not too many products are produced, while still being able to have enough
safety stock at all times. The safety stock is purely based on MTS products, therefore, we see that
the company was not able to have enough safety stock during three months in 2018. Sequential,
they were overtaken by events with a lot of unavoidable and costly changeovers as result. Finally,
we should note that the inventory level depends on the sales, which are quite unpredictable. A
clear picture of the sales will only be gained while the high season has already started.

Costs of the current inventory level

Normally, in the low season, the inventory level is around X million kilo. Assuming that the
holding costs for each product are equal to 15% of the cost price and the average cost price is
equal to €X, the total yearly holding cost of inventory is around X million euros. For February 18th,
explicit numbers can be found in Appendix A. For confidentiality reasons, explicit numbers are left
out in this public version.

2.2 Changeovers

This section answers sub-question 2: How does the company deal with changeovers? First, the die
changes will be discussed among the different shapes available for the dies and their number of
occurrence. Secondly, the costs related to those die changes will be given, based on the data
already available at the service cost centre of the company. Thereafter, the different types of die
changes will be mentioned followed by the different materials and products that can be produced
on the different lines. Finally, other changeovers linked to a material or colour change will be
discussed.

Die changes in the production planning

First of all, it is important to gain insight on the different die changes that occur within the
company together with the related costs of such a die change. The purpose of these insights is to
see the influence of die changes on the costs and which factors should be focused on in order to
reduce these costs.

There are two ways to see which die changes have occurred in the past. First of all, the technical
service is present during the die changes and translates all relevant data into an Excel sheet.
Secondly, the production planning of the past mentions which die changes were scheduled during
the year and includes unexpected or preventive die changes afterwards. The latter is used to get
an overview of the different die changes.

Figure 5 represent the anonymized die changes (changeovers) for the last three years, based on
the production schedule of extrusion and knitting.
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Figure 5: Number of die changes per shape and per line for the last three years

The type of die represent the injection holes that are used to produce a certain shape of yarns.
These shapes will be applied to the machine together with the die. For some of the shapes, there
are more ways to attach the shape to the die, based on the production process that is required. In
that way, different products can be produced with the same shape. Therefore, the figures only
represent a global overview of the number of die changes per shape. The actual shapes are left
out because of confidentiality reasons.

As one can see in Figure 5, production Line 12 has one die change during the first two years. The
reason is that the machine was only tested during 2017 and actually used from 2018. Besides, we
see that some shapes do not have any die change during a year. The reason is that the R&D
department always searches for new shapes to introduce to the market and that, on the other
hand, some shapes will be removed from production to be able to fit all processes in a schedule
and to have a reasonable amount of products to be sold.

Secondly, Shape 1 and Shape 7 are by far the most changed shapes. Therefore, it may be
interesting to see what happens when the run length of products related to those sizes will be
extended. Currently, there is no focus on adjusting the run lengths, however, this may be an
interesting aspect for future research. Based on this remark, Figure 6 represents the pareto charts
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of the different die changes linked to a production line or shape to see which shapes or lines do
require the most die changeovers based on the data of 2016 to 2018.

Pareto chart shapes Pareto chart production lines
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Figure 6: Pareto chart per shape or production line

Based on Figure 6, we can conclude that the Shape 1 and Shape 7 are indeed the most occurring
die changes, making up for at least 50% of all die changes. Additionally, most of the die changes
occur on Line 11 and Line 10. Therefore, these lines are also interesting to take into account when
someone wants to improve the number of die changes and the costs involved. Additionally, Line
6 also has a lot of die changes compared to the other production lines. A die change that occurs
on Line 6 is often accompanied by a die change on Line 7. Therefore, production Line 6 and Line
7 may also be interesting to consider.

Finally, we see that the number of die changes is increasing during the past couple of years. Since
a die change is not for free, it is essential to ensure that the number of die changes will not grow
further during the following years in order to limit the costs. It is important to get a solution
between the trade-off of minimizing costs by reducing the number of die changes versus being
able to offer different products that can be delivered within a reasonable time frame.

Costs related to the die changes

There are two types of die changes, namely a combi die change or a mono die change. The
difference between the types depends on the final product. For a mono die change, only one line
is required and the final product consists of only one colour and one type of material. For the
combi die change, there are two lines required, each producing its own colour and using its own
material, these two lines will be combined in the end such that the final product consists of two
colours or materials. The costs corresponding to the die change depends to the type. Each die
change is scheduled for 2 shifts. Table 1 summarizes all costs multiplied by a random factor for
confidentiality reasons involved for a die change, based on the data available at the service cost
centre of the company.

Table 1: All costs involved for a die change
Combi die change Mono die change
Stop time (including waste) €788,760 €338,040
Waste €492,975 €219,100
FTE operators €219,100 €93,900
Mechanics €169,802.50 €95,856.25
Cleaning €339,733.33 €169,868.23
€2,010,370.83 €916,764.48

The costs are based on characteristics that are left out due to confidentiality reasons.
The costs of cleaning one die is equal to €169,868.23, based on the costs of cleaning supplies,
transportation costs and the actual cleaning. Additionally, the company tries to implement the

SMED methodology (Single-Minute Exchange or Die), which strives to reduce the stop time to X
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hours for the combi die change and to reduce the stop time to X hours for the mono die change.
Besides, the FTE operators per line will reduce, which will automatically reduce the costs. If the
company is able to apply the SMED methodology correctly, the costs of a combi die change will
reduce with 14% and the costs of a mono die change will reduce with 15.71% according to their
own measurements.

To summarize all findings above, the die changing costs of the previous years and their related
range of stop time based on the anonymized costs is summarized in Table 2.

Table 2: Overview of the number of die changes and their costs

- Number of die changes (year) ‘ Range of production time lost Range of costs
2016 \ 51,958 311,748 -727,412 153,370,000 - 334,910,000
2017 \ 50,080 300,480 - 701,120 147,110,000 - 322,390,000
2018 \ 75,120 450,720 -1,051,680 219,100,000 - 482,020,000

Since the costs of die changes are possibly higher than four hundred eighty million euros, it shows
the importance of correctly mapping the costs involved. It also shows the opportunity of cost
reduction as a result of reducing the number of die changes, which is interesting for future studies
or even this study.

Different types of die changes
Now that the die changes related to changing the shape are clear, it is also important to see which
other changeovers are possible. These different types of die changes are mentioned below.

A die change may happen for several reasons, which can be divided in the following categories:
1. Regular die changes, which happen when procedural run time is reached.

Die changes as a result of a technical issue which is machine related.

Die changes as a result of a quality issue.

Die changes as a result of a new customer / production order. This happens when the
production target is reached before the regular die change.

Die changes as a result of a colour change.

Die changes as a result of a customer adjusting his/her order.

Die changes as a result of an urgent customer order.

Die changes as a result of an trial for the R&D department.

Other, for all die changes that do not fit in any of the above categories.

BN

oo No N

Looking at the die changes of the past, the most common die change is that of a colour change. For
example, in 2018, there were 171,524 colour changes. Besides, die changes as a result of a new
customer / production order and regular die changes occur a lot. The number of regular die
changes is already given and the number of die changes as a result of a new customer or
production order are somewhat below the number of the die regular die changes. Even though
this kind of changeovers are interesting, they are impossible to avoid. All other categories of die
changes only happen now and then.

Which materials and type of product can be produced on which production line?

When someone searches for opportunities to extend the run time to reduce changeovers or when
someone wants to adjust the planning, it is important to know which products can be produced
on which production lines together with the materials that can be produced on a production line.
Therefore, Table 3 represents the different types of materials and on which production line they
can be produced and Table 4 represents the different types of products and the corresponding
production lines on which they can be produced. For confidentiality reasons, actual names are
hidden.
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Table 3: The production lines where the different materials can be produced
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Material 2, Material 3, Material 4 and Material 5 are different types of one material and Material
6 does not necessarily represent material, but the processing method of a product which leads to
the desired final product. Therefore, there are only two types of materials that are used to
produce yarns. Besides, the blue checks within Table 3 indicate that the materials can be
theoretically handled by the machine, however, these materials are not used on that specific line
in practice or only in case of dire need. Additionally, the combination of Material 2 with Material
can also be produced on Line 12.

As a result of this analysis, we know which products can be produced on which production line,
which will become handy in case the planning regarding the changeovers will be adjusted.

Costs of only changing the material or colour

Finally, we are interested in all changeovers other than the die changes related to the shape. The
different types are already mentioned showing that the colour change is the most occurring
changeover. Furthermore, all other die changes that are not considered to be colour changes, are
considered to be material changes. Therefore, our goal here is to gain insight on the occurrence
of those two changeovers and the costs involved. Figure 7 gives an overview of the ratio between
changing the colour and changing the materials based on the production planning of 2018.
Additionally, the division of colour changes as well as material changes per production line can
be seen in Figure 8.

Ratio of colour changes versus
material changes

= Colour Material

Figure 7: The ratio between changeovers due to materials versus changeovers due to colour changes
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Figure 8: The division of colour changes as well as material changes among the production lines

Next up, we have to determine how the different changeovers affect the order costs. For that
purpose, the probability that a certain changeover occurs given a shape is determined based on
the data of 2018. The probability is determined by defining the number of orders produced during
one die and the ratio of colour and material changes related to the found number. By taking the
average of all results related to a shape, we found the probabilities as given in Table 5. For
example, if we have a product that is of a Shape 1, we will take 55% of the cost of a die change,
95% of the cost of a colour change and 94% of the cost of a material change and sum these values
up. The value that is found represents the order costs. However, we should note that the die
changes are only taken into account for Type 2 products. For some shapes, there was no data
available to determine the probability, since the shape was not used in 2018. Therefore, we take
the average probabilities to determine the costs related to those shapes.

Table 5: Probabilities that a certain changeover occurs given the shape
_ Probability die change | Probability colour change Probability material change
Shape 1 0.55 0.95 0.94
Shape 3 0.50 0.97 0.76
Shape 4 0.63 1.00 0.80
Shape 5 0.67 1.00 0.81
Shape 6 0.35 0.90 0.63
Shape 7 0.21 0.85 0.75
Shape 8 0.78 1.00 0.93
Shape 9 1.00 1.00 1.00
Shape 10 1.00 1.00 1.00
Shape 11 0.80 1.00 0.92
Shape 12 0.50 0.92 1.00
Shape 13 1.00 1.00 1.00
Shape 14 0.67 0.92 0.92

Average

One aspect that determines the costs of a changeover is the waste that is released. In 2018, there
is data concerning the waste resulting from production changes, which is left out due to
confidentiality reasons. However, we should keep in mind that there were a lot of changeovers in
2018 compared to the previous years, due to the shortage in inventory in the high season, which
means that the data may not be representative for a future situation. Within the data, each
component of this waste is explicitly linked to an order. As a result, the average waste per product
could be determined. The costs of the waste and the waste corresponding to a die changes,
however, are not clear. There is no explicit data mentioning the costs involved. Therefore, to
determine these costs, we have to measure the data ourselves. Data measurement will be one of
the topics discussed in Chapter 4.
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2.3 Conclusion
This chapter focuses on answering sub-questions 1 and 2. The first question indicates what the
current inventory control policy looks like and the second question shows how the company deals
with changeovers.

The first question that is answered during this chapter is: What is the current inventory control
policy (e.g. classification, determination of parameters, inclusion of seasonality and obsolescence)
and at what costs? In 2016, the company developed a continuous inventory control policy with a
fixed lot size, otherwise known as the (s,Q)-policy. They started with the classification of products
as either MTS or MTO, based on the ABC-classification (Flores & Whybark, 1987). Thereafter,
they change the classification if a product is either frequently demanded against low volumes or
when the volumes are high but the product is only demanded in a short period. Based on the
formulas for an (s,Q)-policy, the company calculates the reorder points and safety stocks for all
MTS products. Q is calculated with the use of a formula of Winston (2004). Finally, the company
strives to smoothen the production, such that MTS products are mostly produced during the low
season, giving more flexibility to produce MTO products in the high season. For that purpose, the
company takes seasonality into account, by determining which months should have higher
parameters. By comparing the inventory level before and after the development of the current
inventory control policy, we do see that the overall inventory level has decreased and that the
ratio of MTS products in inventory has increased.

The second question handled during this chapter is: How does the company deal with changeovers?
The company has three different kind of changeovers, namely: die changes, colour changes and
material changes. The most costly changeover is that of a die change, which occurs quite
frequently. In 2018, the number of die changes has increased a lot in comparison to the previous
years. The goal of the company is to decrease this number to the level of 2017 again. There are
two shapes for which a die change occurs a lot, namely Shape 1 and Shape 7. Besides, most of the
die changes occur on production lines 11 and 10. However, production lines 6 and 7 also face a
lot of changeovers. Therefore, it is interesting to see whether the number of die changes on these
production lines can be reduced. According to the service cost centre of the company, the cost of
a combi die change are equal to a bit more than 2 million euro. Besides, it has been checked which
products can be produced on which production line. Thereafter, there has been a focus on the
colour and material changes. The ratio between the different changeovers are determined and
we see ratio of changeovers on certain production lines. Lastly, the probabilities of facing a certain
changeover are determined based on the data of 2018. Based on these probabilities, the order
costs for the inventory control policy will be determined.
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3. Literature review

This chapter will elaborate on the different research questions that should be answered based on
theory. First, we will look at different methods available to classify the products, which will be
helpful in determining the strategy on how to handle products. Secondly, we will search for theory
that helps to determine the parameters related to the inventory control policy, with an additional
focus on the relation between the cycle service level and the inventory control policy and the
relation between the costs and the inventory control policy. Thirdly, we will search for methods
available to improve the changeover time, which will cause a cost reduction in the order costs.
Lastly, we will search for the purpose of the Monte Carlo simulation and how the simulation can
be developed. Altogether, when all theory related research questions are answered, we should be
able to set up the inventory control policy and compare the proposed model with the current
model. The following flow chart shows the order in which the different subjects are treated.

3.1 Classifying 3.2 Inventory 3.3 Improving 3.4 Monte Carlo

products control policy changeovers simulation

3.1 Classifying products

This section will search for the answer of sub-question 3: What methods are available in literature
to classify the different products? Currently, the company is already using the ABC analysis as
described by Flores & Whybark (1987), however, this section will give insight in what extensions
of the classification method are possible. Besides, this section will give insight if there are even
totally different methods available to classify products.

First of all, there exists a XYZ-classification model that will be combined with the ABC-
classification model. Where the ABC-classification depends on the annual usage, the classification
into X, Y or Z depends on the frequency that inventory items move and, thus, the demand rate. As
a rule of thumb materials that had demand in at least 10 of the past 12 months will be classified
as X, product that had demand between 4 and 9 of the past 12 months will be classified as Y and
products with demand in less than 3 months during the last 12 months will be classified as Z
(Jones, 2017). Thereafter, based on the combination of the ABC- and XYZ-classification the
targeted cycle service level could be determined based on the following table (Heijden, 2018):

Table 6: Service level target per ABC-XYZ classification
Sales variability

Service level target X Y Z
0.97 0.95 0.93
Sales volume 0.95 0.93 0.90
0.93 0.90 0.90

Secondly, a study by Kampen et al (2012) represents a literature review on some of the different
methods available to classify different products. Table 7 will summarize the different methods
found.

As one can see, the Bi-criteria ABC is an extension for the ABC-classification. For example, unit
cost, demand volume, product lead time, product criticality could be taken into account and
compared using weighted linear programming (Ramanathan, 2006). And even this method could
be extended by comparing the most favourable and least favourable scores of an product (Zhou
and Fan, 2007).

83 TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Table 7: Different methods available to classify products
Technique Knowledge source Short description

VED Judgmental Determine criticality of a product
AHP Judgmental Rank based on pairwise comparison
TOPSIS Judgmental Order preference by similarity to ideal solution
Distance modelling Judgmental Calculate a product’s distance to a predefined
reference point
Traditional ABC / Statistical Sort products based on a single characteristic
Pareto analysis (demand value)
FSN/FNS Statistical Sort products based on a single characteristic
(demand volume)
Bi-criteria ABC Statistical Use more than one characteristic to sort products
Graphical/2x2 matrix Statistical Plot products on a graph with mean weekly demand

versus the associated variance. For each quadrant, a
production strategy is determined.
Decision tree Statistical Classification is performed stepwise, with one
characteristic at a time. For each combination, a
specific inventory management procedure is
developed
Other Statistical Typical profiles, cluster analysis, optimisation
techniques, neural networks or genetic algorithm

The classification depends on four factors: Characteristics, Aim, Technique and Context. Where
each factor has its own aspects. Figure 9 gives a clear overview of the relation of important aspects
of the classification (Kampen et al, 2012).

Volume Customer Judgemental
Statistical

Timing & product

Characteristics

SKU classification

Production
strategy Process

Inventory
management

Product
life cycle
Forecasting Product

Figure 9: The relation of important aspects of product classification

By combining all four factors, we are able to come up with a model to classify products. The
different aspects of the factors represent the different options on which the factors are based. For
example, to classify based on the characteristics, there are four characteristics that could be taken
into account, namely, the volume of products sold, the timing at which products are sold, the
number of customers for a product or the product type. The technique could be either
judgemental or statistical, dependent on the influence of the decision maker on the decision. If
the decision to classify is based on facts and calculations, the technique is statistical. If the decision
maker has any influence on the outcome based on what he or she thinks are the most important
aspects, then the technique is judgemental. Furthermore, the figure states which aims insist on
classifying products. For this study, the aim is a combination of inventory management and a
production strategy. Lastly, the context plays a role for the classification of products, since one
can either classify processes, products and product life cycles. For this study, we are limited to
the classification of products. If we choose at least one aspect for each of the factors, we are able
to come up with a classification model that fits the aim of the classification.
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Thus, the aim of our product classification is inventory management and a little bit of production
strategy and the technique used will be statistical. The reason is that we do not want to have a
strong opinion who decides the product classification, but we want to underpin the decisions
based on historic data. Finally, the context of our product classification will be product and the
characteristics have yet to be determined.

3.2 Inventory control policy

This section will elaborate on sub-question 4: Which methods are available in literature to
implement an efficient inventory control policy of production systems? It will also provide insight
on how to determine the parameters involved and the relation between certain parameters, for
example the relation between the safety stock and the costs or CSL.

Inventory control policy

Currently, the company already uses the economic ordering quantity formula described by
Winston (2014) in order to determine how many products should be produced when the
inventory level comes below a certain reorder point.

The total costs corresponding to a fixed Q can be calculated by:

K*D hxQ
Q + 2

TC =

+C*D [3.1]

Where Q represents the ordering quantity and C the cost price per unit.

However, it may also be possible to have a variable lot size, according to Silver et al (2017). In
that case, we will not order a fixed economic order quantity, but we will produce the number that
is required to reach a fixed amount of inventory (the order-up-to level). In both ways, we can
either review the inventory status continuously or periodically. Table 8 summarizes the possible
options for implementing an inventory control policy (Heijden & Diks, 2018).

Table 8: Different options for implementing an inventory control policy
Continuous review Periodic review

(s,Q) or (s,nQ) (R,5,Q) or (R,5,nQ)
(s,S) (R,S) or (Rs,S)

Fixed lot size
Variable lot size

Under a continuous review, less safety stock is needed, however, multi-item coordination is not
possible. Additionally, within a continuous review, the size of the order does not change but the
time between orders may fluctuate. For a periodic review, the time between orders is fixed, but
the size of the order can fluctuate given variable demand (Chopra & Meindl, 2013). It is assumed
that a continuous review can also be seen as a periodic review when the review period is equal
to one day.

Safety stock

The safety stock (SS) could be defined as the average inventory level just before a replenishment
order arrives. It serves as a buffer to overcome situations such as a higher demand as expected
or problems in the production facility due to uncertainties in demand or the supply chain. The
safety stock should be enough to cover demand until the next replenishment order arrives. For a
periodic review, the time between two replenishment orders is equal to the review period
combined with the replenishment lead time. If we determine to include a continuous review, the
period is equal to only the replenishment lead time, which will result in a lower safety stock.

Figure 10 provides a complete overview of the different formulas involved to determine the safety
stock based on the chosen inventory control policy. This figure is obtained through the course

Supply Chain Management (2014) and is adjusted to represent the formulas of Silver etal (2017).
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Reorder point and order lot size
Since the planners will look on a daily basis whether a product has to be produced according to
the inventory control policy, we assume that we have to deal with a continuous review for the

remainder of the study.

In case of a continuous review and a variable lot size, the order-up-to-level (S) is the value to
which the inventory should be increased in case the inventory drops below reorder-point s. The
order-up-to level could be determined with the following formula (Silver et al, 2017):

S=2%,+SS [3.2]

Where X; represents the expected demand during the lead time. The order size in this case is
equal to the S - the current inventory level. However, in case of a fixed lot size, the order size

should be equal to Q.

Calculations safety stock when the demand is normally distributed and backordering is possible

1. When are there

. options to order? . .
Continuous Periodic (each R weeks)
AL AL
* S5=zv0; Exchange: Q — 5-s * S5=7%0up
* s5=D,+55 L= R+l * 5=Dp+ 55
* Fixed lot size Q 5= * Variable lot size with average
size R*D
2. How to determine the
standard deviation for the
purpose of the safety stock?
Fixed lead time L: Uncertain lead time L: Fixed lead time L: Uncertain lead time L:
_ | | 2. nzel — [ | Vg2 252
g = oL o = \JL*‘% +D%g} Opap = OV(L+R) Gep = \I{L+R_}JD+D‘U£
3. How to determine safety factor z?
Cycle Service Level Cycle Service Level —_—
5L = ¢(z) Byz= 21n($‘ CSL = (z) B.z= |2ln($)
=P(D, <5) * b_ql ._ab»h«c*q»\-ﬁJ =P(D, <5 T )T \omrhecR=VER
z= ¢~ (CSL) z=¢"!(CSL)
Fill rate: By z=g¢} (1 B DQ *;) Exchange: Fill rate: By z=¢7! (-1 _ F; h)
#* Ha 2
oy * G(z) : Q— R*D -1 or+r * G(z)
fr=1-77 L—>L+R fr=l-—p 5
G(z) = w(z) —2°[1 — 2(2)] Bz equal to the fill rate, 6(z) = (=) — z=[1 - 2(=)]]
with e B,
B.+h
Ready rate: rr = fr

Figure 10: An overview on how to determine the safety stock

As one can see, some factors influencing the safety stock are the service target level and the
shortage costs. Therefore, we are interested in the relation between the service level, shortage

costs and the safety stock.

Relation between safety stock and costs

Figure 11 represents the relationship between the holding costs, order costs and total costs
related to the order quantity as described by Chopra & Meindl (2013). This relationship only
holds when the cost price of one single unit remains the same, independent of the order quantity.
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Costs vs. Order Quantity

Total Cost

Holding Cost

Cost

Order Cost

[ m—tnnal or Total Cost_|

Figure 11: The relation between the costs and the order quantity when there is no quantity discount

In some cases, quantity discount happen when the supplier lowers the price if a certain amount
is ordered. If this is the case, the relation between the total cost and the order quantity will change,
which can be seen in Figure 12.

Costs vs. Order Quantity

Cost

Order Quantity

Figure 12: The relation between the costs and the order quantity when there is quantity discount

Alot of factors are representing the inventory holding costs, for example, rental of the warehouse,
personnel costs, inventory handling and losses for handling one unit for a defined period and even
more. Therefore, the higher the number of inventory, the higher the costs.

It might seem obvious to reduce the inventory as much as possible. However, if there is not
enough inventory, the chance of shortages arises, which also leads to costs. Thus, taking the costs
of stockout into account is important to determine the safety stock from a financial perspective.
Chopra & Meindl (2013) discussed that the cost of overstocking by one unit and the lost current
and future profit margin from understocking one unit are the two major factors that affect the
optimal level of product availability.

As seen in Figure 10, the shortage costs may influence the safety stock. The different shortage
costs are divided into three categories: B1, B2 and B3. B1 represent the shortage costs per
stockout occasion, B2 represents the shortage costs per unit short and B3 represents the shortage
costs per unit short per unit time. The shortage costs per unit short per unit time are related to
the fill rate, using the following formula:

__ frxh
3T a-m [3:3]

Shortage costs happen when demand is larger than the supply on hand. The shortage costs consist
of opportunity costs of lost customers due to loss of goodwill (Demirtas & Schuur, 2018).

83 TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

One way to determine the stockout costs is to implement a decision tree, representing the
different roads a customer could take when a product is out of stock. For example, the buyer could
either cancel, accept or ask for a better date. The probability that the buyer is taking a certain
road together with the costs of taking that road have to be determined. By using backward
induction, the expected costs for stockout could be determined (Oral et al, 1972).

Another method to determine the stockout costs is to let the costs be equal to the purchase price
difference, if one is forced to buy materials if a shortage happens (Sarjono, 2014). However, most
of the time the stockout costs are equal to a predetermined stockout penalty.

Relation between the safety stock and CSL

Product availability reflects a firm'’s ability to fill a customer order out of available inventory and,
thus, it represents the customer level achieved. A stockout happens if a customer order arrives
when the product is not available (Chopra & Meindl, 2013). Some ways to measure the product
availability are:

- Product fill rate (fr) = the fraction of product demand that is satisfied from product
inventory. It should be measured over a specified amount of demand rather than time.

- Order fill rate = the fraction of orders that are filled from available inventory. It should be
measured over a specified number of orders, rather than time.

- Cycle service level (CSL) = the fraction of replenishment cycles that end with all the
customer demand being met. A replenishment cycle is the interval between two
successive replenishment deliveries. It should be measured over a specified number of
replenishment cycles.

The relationship between the cycle service level (CSL) and the safety stock can be seen in Figure
13. As one can see, the higher the required cycle service level, the higher the amount of safety
stock.

Service Level vs. Safety Inventory

——Cycle Service Level (CSL)

Service Level
\

Safety laventory

Figure 13: The relation between CSL and SS

The measurements are taken into account to determine the safety stock and reorder point based
on the customer level. For that purpose, we use P;, P, or P3 as described by Silver et al (2017),
where P; represents the Cycle Service Level (CSL), P; represents the volume fill rate and P;
represent the ready rate. The ready rate describes the fraction of time during which net stock is
positive.

The formulas for the different customer levels are already part of Figure 10 of Section 3.2.
However, if the ABC-XYZ classification is used, there is already an targeted CSL. Therefore, the
CSL could be used as input to determine the safety factor. Furthermore, under Normal demand,
it is assumed that the decision rules for P; and P: are equivalent (Heijden, 2018).
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3.3 Improving changeovers

This section elaborates on sub-question 5: Which methods are available in literature to improve
changeovers / die changes? We search for different methods available to improve the changeover
time, which will lead to a reduction in changeover costs.

Single Minute Exchange of Dies (SMED)
As mentioned before, the company already tries to implement SMED. Therefore, we will first give
an overview of this methodology.

The principle of the SMED methodology is to reduce change-over time from hours to minutes and
minimize machine down time despite the complexity and weight of tools. It suggests that
everything that can be done outside machine downtime must be done before or after (Symbol,
2018).

The SMED methodology consists of several steps:
1. Observe and measure
2. Analyse external activities and interruptions
- All external activities should take place during preparation or after a changeover
- Methods should be identified to eliminate interruptions
3. Analyse internal activities
- Possible ways to change internal activities in external activities and into needed
measures should be investigated.
- Remaining internal measures should be streamlined; simplify, reduce or eliminate
movements and walk times
4. Eliminate adjustment activities
- Optimal process settings (temperature, pressure, speed) should be used and changed
to fixed settings
- Use “error proofing” to determine which adjustment activities can be done efficiently

Figure 14 represents an example of the implementation of the steps involved (Symbol, 2018).

I— Total actual change over time

|

Z
I/
I
I 0 W

time
Internal activities [ " '
Intemal activiles | | convertinlo ;ﬂ: -
external activities | . LF ]
disruption

Figure 14: Implementation of the steps of SMED
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Optimisation of these steps can be achieved by a Plan-Do-Check-Act list. Within the ‘planning’
phase, the project should be defined and the baseline performance should be determined.
Additionally, the internal and external activities should be defined. Within the ‘do’ phase, the
internal activities that could be external activities should be altered and the process should be
streamlined. In the ‘check’ phase the proposed changes should be tested and the results verified.
If the tests have proven that the changes are promising, the improvements should be
implemented in the ‘act’ phase.

As one can see in Figure 14, the total time changeover time required has reduced with the time of
the internal activities that have been eliminated and the time of disruptions. By reducing the time
of one single changeover, also the total cost will decrease even though the number of die changes
did not change. Therefore, it may be interesting to see whether there are other methods to reduce
the changeover time.

Schedule jobs in pairs

Another method that could be implemented is to schedule jobs in pairs (Duncan, 2011). Within
this method, components will be set up together with components that belong to the same
product. That way, to produce a product there is no need to wait for components that belong to
other products, and the changeover time of a product will be reduced. However, the total
changeover time will not be reduced using this methodology, but it will reduce the lead times,
since less time will be spent on changeovers for a particular product. For example, 4 different
machines will produce 4 components of one single product and 4 components of another product.
By letting machine 1 and 2 produce the components of product A and letting machine 3 and 4
produce components of product B, the number of changeover times will be reduced from 4 to 2.
If there are products with more than two parts, the other parts will be produced on the same
machine when the preceding pair has been produced.

Schedule jobs using group technology

The third methodology that could be used is scheduling jobs using group technology (Duncan,
2011). This methodology is based on the rank order clustering algorithm to combine jobs that
share the same fixtures and tools. By combining all jobs that have the same tools, only small
adjustments instead of changeovers are required to produce the different products.

Make changeover time visual

This methodology focuses on operators, which may not be aware whether they are on pace for a
given changeover. Therefore, a real-time plant floor indication should be provided to show how
long changeovers are taking compared to the target time. There is a scoreboard on the work floor
that shows the target time and the remaining time for the changeover, when the changeover time
is beyond the budgeted time, the scoreboard flashes red. This way, operators should be motivated
to execute the changeover within the target time. This method could be combined with SMED,
where the changeover has a visual timer for each step of the SMED (Vorne, 2019).

3.4 Monte Carlo simulation

This section answers sub-question 6: What is the purpose of a Monte Carlo simulation and how can
it be used? Since it is decided to use a Monte Carlo simulation to compare the proposed model
with the current model, we want to see how the model can be used and how the model can be
developed based on theory.

Purpose of the Monte Carlo simulation

Within the inventory control policy, the input parameters are quite fixed and not subject to
change, however, the demand data fluctuates a lot. Therefore, we propose a Monte Carlo
simulation to compare different outcomes in terms of money and the corresponding inventory
level based on different demand data. It is a technique that is used to understand the impact of
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risk and uncertainties (RiskAMP, 2019). Since we cannot explicitly forecast the demand as a result
of having a lot of fluctuations, this model will help us to understand the impact of facing different
demand levels. The simulation model will be executed on both the current as well as the proposed
model. By comparing the results, we can see whether the proposed model has a positive influence
on the costs compared to the current model. If the results of both the models lie close to each
other, the differences may also be a result of the random demand data. Therefore, only
conclusions could be made when the outcomes of the different models differ quite a lot.

To serve the goal of comparing the different models, we will build a Monte Carlo simulation that
determines the attained cycle service level and the total costs which is based on the holding costs
and the order costs. Within the model, the lead time, the reorder point, the economic order
quantity and safety stock are fixed, based on the results of the inventory control policy. The
beginning inventory is based on the inventory level at the date at which the simulation model is
executed. The demand data will change within a given range causing different outcomes. By using
this model, we will simulate the demand data for a year, where each run represents L weeks. By
taking the sum of the total costs of all runs, we will have the most likely total costs of a year. By
finding the number of replications required and taking the average of all replications, we will find
the likely total costs. The same model will be used based on the data of the current inventory
control policy. By comparing the found results, we can see whether the total costs have lowered
and, thus, whether the proposed inventory control policy seems promising.

Developing the Monte Carlo simulation

The purpose of the Monte Carlo simulation is to get insight on what the total costs of the inventory
control policy probably will be. The total cost consists of holding costs, stockout costs and order
costs. To determine these costs, we will first determine how other important parameters of the
Monte Carlo simulation can be determined.

The one parameter that is uncertain and which will be used as variable input parameter for the
original Monte Carlo simulation is the demand. There are two ways to include the demand,
namely by determining the probabilities of having demand in a certain range or by taking a
random number between the minimum and maximum of the historic demand. The first option is
more reliable, since a higher probability of being in a certain range will cause more random
demand data to be in that range. The probabilities are based on a histogram of the existing
demand data. To determine the probabilities, the following formula is used:
Xi

pi = for Vi [3.4]

T Ix

Where x; represents the frequency of historic demand falling within demand range i, and }: x;
represents the total frequency of historic demand available. These probabilities of demand can
be seen as an uniform distribution. Thereafter, upper and lower limits of the probabilities are
determined. As a result, the first demand range has a lower limit of zero and an upper limit of the
found probability, the second demand range has a lower limit of the upper limit of the previous
demand range and an upper limit of the sum of the found lower limit and the found probability,
and so on. Thereafter, a random number between zero and one is generated, representing the
probability, which indicates the value the random demand should be.

All other parameters are based on fixed input parameters and could be determined. To set up a
Monte Carlo simulation, the formulas as described by Pujawan et al (2010) will be used. First of
all, we have the begin inventory. For the first period, this inventory is based on the data of the
current inventory level. In any next period, the begin period is equal to the end inventory of
previous period.

Secondly, we have the order receipt schedule R(t), which is determined by using the formula:
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R(t+L)=Q [3.5]

This formula suggests that if the decision is made to place an order, the order receipt schedule is
equal to order quantity Q in the period at which the order arrives, thus, after lead time L if the
order is placed at time t.

Thirdly, we determine the available inventory after a period, which is determined using the
following formula:
1) =1(t—1)+R(t)—D(t) — B(t) [3.6]

Where I(t-1) represents the already found beginning inventory and D(t) represents the random
demand. It may be the case that there is not enough inventory to fulfil all demand. In that case,
we have to deal with backlog B(t), also known as stockouts. The on-hand inventory in that case is
determined by:

0(t) = max(0,I(t)) [3.7]
Additionally, the backlog in period t can be determined using following formula:
B(t) = max(0,—I(t)) [3.8]

The decision on whether or not to order a product is based on the on-hand inventory after a
period. If the inventory position of the on-hand inventory at the end of a period is below reorder
point, n times Q will be ordered, otherwise, nothing will be ordered. The number of times Q is
ordered is equal to the number of orders within a period and depends on the number of products
that is required to have an inventory level above reorder point again. Additionally, if there is
backlog in a period, the value of the backlog will be added to the demand of the next period to
ensure that the demand is still satisfied.

In the current model, the reorder points and order quantities are already determined and could,
therefore, easily be entered in the Monte Carlo simulation. We make a distinction between the
different months, meaning that all months could have a different reorder point as well as a
different order quantity based on the determined season. With the proposed model, the reorder
points and order quantities are also determined leading to different values as a result of taking
obsolescence into account and another way of implementing seasonality. Therefore, the input of
the reorder points and order quantities are already determined and could easily be entered in the
Monte Carlo simulation.

Since all relevant parameters of the Monte Carlo simulation are determined, the next step is to
calculate the costs involved. As already said, the total cost consists of holding costs, stockout costs
and order costs. The different costs are determined per period and added up to get the costs per
year. The holding costs are determined using the following formula:

holding costs = 0(t) * ¢, [3.9]

Where O(t) represents the on-hand inventory at the end of a period and ¢, represents the holding
costs.

The stockout costs are more difficult to obtain, because you cannot easily attach a fixed value to
the lost profit margin and additional costs. Therefore, assumptions have to be made to come up
with the costs of having backlog. Similar to the holding costs, the stockout costs are expressed as
percentage of the cost per unit, resulting in the following formula:

stockout costs = B(t) * ¢ [3.10]
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Where B(t) represents the backlog in period t and ¢, represents the stockout costs.

Thereafter, the order costs have to be determined, which is simply the multiplication of the
decision to order with the order costs. Which can be expressed in the following formula:

order costs = K*xo*n [3.11]

Where K represents the order costs and o represents the decision to order, with a value of one if
there is chosen to place an order and a value of zero if there is chosen not to place an order and
n represents the number of orders per time unit. By combining all costs, the total cost could be
determined using the following formula:

total costs = holding costs + stockout costs + order costs [3.12]

If the model is replicated for a to be determined number of times and the average of all those
outcomes is taken, it is possible to run the model for both inventory control policies and compare
the models based on costs. The replications are based on a data table, which automatically
calculates the results for the required number of replications. Besides, graphs and histograms
could be made for each replication to draw conclusions from the Monte Carlo simulation.

One of the graphs that is helpful to compare the results of the different models is the use of a
graph that sets the cycle service level against the total costs. The cycle service level could be
determined by one minus the fraction of stockouts compared to the total demand. The cycle
service level is placed on the horizontal axis and the total costs are placed on the vertical axis.
That way, a data point in the graph is received for any of the options.

When this graph is made, the best option is the one in the lower right corner, which means that
this option has a better cycle service level in combination with lower costs. However, when one
option appears to have lower costs and another option appears to have a higher cycle service
level a trade-off has to be made. When the increase in cycle service level outweighs the increase
in costs the option with the highest cycle service level may be considered to be the best option.

Another graph that is helpful to see the results of the Monte Carlo simulation is a histogram of the
results of all replications. For that purpose, the minimum value, the maximum value, the number
of bins and the bin width have to be determined. The minimum value is the lowest value of all
replications and the maximum value is the highest value of all replications. The number of bins is
equal to the rounded up value of the square root of the number of replications and the bin width
is determined using the following formula:

maximum value — minimum value

bin width =

[3.13]

number of bins

The first step in setting up the histogram is the determination of the upper bound for any of the
bins. For the first bin, the upper bound is equal to the minimum value plus the bin width. For the

remainder of the bins, the upper bound is equal to the upper bound of the previous bin plus the
bin width.

The second step is to calculate the cumulative frequency. The cumulative frequency for a bin is
equal to the number of replications that fall within the range of zero to the upper bound of that
bin. Thereafter, the frequency is determined. For the first bin, this value is equal to the cumulative
frequency. However, for the second upon the last bin, this value is determined by taking the
cumulative frequency minus the cumulative frequency of the previous bin. If we sum up all
frequencies, the value should be equal to the number of replications. If this appears to be the case,
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the histogram could be made with the frequency on the vertical-axis and the factor for which the
histogram is made on the horizontal-axis.

When the histogram is made, it shows the range which has the most number of replications
(frequency) and whether the results fall far apart or lie close to each other. Therefore, the
histogram gives an indication of what the results of the model most probably will be.

Determining the number of replications required
Furthermore, the number of replications required to get reliable outcomes have to be
determined. For that purpose, the formula as proposed by Law (2014) is used:

52
tn—1,1-o/2% |7
v X_/z NN Y [3.14]

The first part of the formula, before the less than sign, is said to be the found error. Where X
represents the mean and is determined by a moving average, which is the average of all found
data up to the corresponding replication number. The same way, a moving variance is
determined, which represents 52 and is required to determine the value of the enumerator. The
value of the t-distribution can be determined in Excel with the following formula:

th-1,1-«/2 = T.INV(probability; degrees of freedom) [3.15]

The degrees of freedom is equal to the corresponding replication number minus one and the
probability depends on the confidence interval someone wants to include. To include a
confidence interval of 95%, which is quite common, the probability and outcome of 1—o¢/2 is
equal to 0.975.

Finally, we have to determine y’, which is calculated by the following formula:
y' =L [3.16]

Gamma represents the relative error allowed and is a fixed input that has to be determined
upfront. In combination with a confidence interval of 95%, a quite common value for gamma is
equal to 0.05.

There are enough replications if formula [3.14] constantly holds. Which means that the number
of replications is the first number of replications for which the found error is below ¥’ ensuring
that if the number of replications is increased, the found error remains below y’.

Validation and verification of the Monte Carlo simulation
To check whether the Monte Carlo simulation provides reliable results, we either have to verify
and validate the Monte Carlo simulation.

Within a verification method, it is checked whether the model satisfies the conditions imposed at
the start of the development of the Monte Carlo simulation and, thus, whether the simulation is
of high quality (Sharma, 2017). It does not ensure that the results of the simulation are useful, but
it will show that the simulation is free of errors and carries out the intended goals.

With a validation method, it is determined whether the results of the simulation satisfies specified

requirements. The validation method shows whether the results of the Monte Carle simulation
are reliable and can be used to draw any conclusions.
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According to Kleijnen (1995), there are 4 ways to verify a simulation model. The first is to have a
procedure for general good programming practice. The second is to verify intermediate
simulation output. The third option is to compare final simulation outputs with analytical results
and the last option is to use animation. With the second option, analysts may calculate some
simulation results manually and compare these with the results of the program.

Lastly, to validate the Monte Carlo simulation, we will perform the simulation for a time period of
one year with the beginning inventory of the 1st of January in 2018. By simulating how the model
would have performed if we had used the model in 2018, based on the actual demand, we can see
whether the results based on actual demand are in line with the results of the Monte Carlo model.
If the results appears to be in line with each other, we can conclude that the results of the Monte
Carlo simulation are validated and can be used to draw any conclusions.

3.5 Conclusion
This chapter focuses answers sub-questions 3 upon 6 based on theory.

The first question that is handled is: What methods are available in literature to classify the
different products? This chapter shows many opportunities to classify the products, which are not
even all available methods. The ABC-classification is the most commonly used classification
method and it is a good way to make a distinction between the different kind of products, but it
is important to think of which other criteria should be taken into account to make the final
classification. There is chosen that a combination of the ABC-classification and the XYZ-
classification is a good way to classify the products of TenCate Grass, since it includes the demand
in combination with the number of months in which the products are demanded and the profit
margin of a product. Furthermore, the ABC-XYZ provides targeted cycle service levels. The ABC-
XYZ classification meets all requirements of the factors chosen to decide which classification
method is most promising.

The second question that is answered during this chapter is: Which methods are available in
literature to implement an efficient inventory control policy of production systems? There are
several methods available to implement an inventory control policy of production system. For
that purpose, the decision has to be made whether we deal with a fixed periodic review or a
continuous review. For TenCate Grass, it is decided to set-up an inventory control policy based
on a continuous policy. The safety stock could be calculated using different aspects as input, for
example, the cycle service level or the shortage costs. The CSL as determined by the use of
classification models could, therefore, serve as input to determine all other parameters. Based on
the parameter with the most priority, the safety stock could be determined. Furthermore, the
formulas for the reorder points, order-up-to-level and order size are given. By using the CSL as
input, the actual cycle service level will probably be enough to fulfil the expectations of actual
customers. The shortage costs could serve as input factor for determining the safety stock. There
are different ways to determine the shortage costs, but most of the time it is a predetermined
penalty that the company has to pay when they are not able to deliver a product on time. However,
customers may cancel their order if there is a stockout, or they could accept for a later date. For
each possibility, there is a certain probability that the customer would take this action, combined
with the costs of those action, the shortage costs could be determined.

The third question handled during this chapter is: Which methods are available in literature to
improve changeovers? First of all, we should note that improving changeovers is not one of the
scopes of the project. The goal of this project is to map changeover costs rather than to improve
the changeovers. Therefore, improvements on the changeovers will only be made when there
appears to be enough time to dive into the scheduling of the changeovers, otherwise this aspect
will be kept in mind for future studies. On that notice, it is good to know which methods are
available to improve the changeovers or to improve the planning method related to changeovers.
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As we can see, there are several methods available to reduce the overall changeover time. The
most commonly used method is that of SMED. Even though the company already heard of the
method, it is not fully implemented yet. When the SMED is implemented correctly, the
changeovers may be further improved by also implementing other methods, which are more
related to the planning of changeovers, rather than to reduce the time of a single changeover.
Three other methods that are found during this study are: schedule jobs in pairs, schedule jobs
using group technology and make changeover time visual. A combination of different methods
will lead to the most optimal schedule related to changeovers.

The last question treated in this chapter is: What is the purpose of a Monte Carlo simulation and
how can it be used? A Monte Carlo simulation model will be used to compare the proposed
inventory control policy with the current inventory control policy. The Monte Carlo simulation
will be developed such that it determines the total costs when the order quantity, reorder point,
safety stock and lead time are fixed and based on the inventory control policy. The simulation will
simulate demand data for a year, where each period represents L weeks. The simulation model
will run for the number of replications found and the results originated by the proposed model
will be compared to the results that belong to the current model. Based on varying demand, the
model with the lowest costs is considered to be the most promising model. To verify the Monte
Carlo simulation, we will compare results of the simulation with results that are calculated
manually, to check whether the simulation generates results that follow from the formulas as
proposed by Pujawan et al (2010). Lastly, the model will be validated by comparing the results of
the simulation with the results when the model was used based on actual demand.
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4. Solution design

This chapter consists of modelling the inventory control policy. First, it will be checked whether
there are some requirements or restrictions that should be taken into account while developing
the policy. Secondly, an overview of the formulas used to develop the model will be given,
followed by a classification of the products. Thirdly, data that is required to set up the parameters
of the inventory control policy will be improved by checking out whether there are some outliers,
obsolescence or seasonality that should be taken into account. Furthermore, it will be checked
whether a Normal distribution can be assumed for the demand for each of the products.
Thereafter, the input parameters (the lead time, holding and order costs) will be determined. The
4th section of this chapter will mention how the policy parameters are gained and what should be
the values for each of these parameters. By combining these four sections, the inventory control
policy has been developed. Finally, it will be determined how the model, or at least the policy
parameters, will be implemented in the ERP system. The following flow chart represents the
order in which each of the steps will be handled.

Classification

Qutliers Lead time Safety stock
Obsolescence Holding costs Reorder point
Seasonality Order costs Economic order quantity

Demand distribution

4.1 Requirements / Restrictions to implement the policy

This section answers sub question 7: Are there requirements or restrictions involved to implement
an inventory control policy? To answer this question, we determine whether there are any notable
aspects that should be taken into account before developing the actual policy.

With the use of the found policy within the literature, we do not take obsolescence of the products
into account. Even though the quality of the product remains the same over the years, if it is not
used and placed in inventory, the company still decides that the product will be sold for 50% of
the total price if it is in stock for over a year and the product will be sold for 10% of the total price
if it is in inventory for over two years. Therefore, obsolescence may form a restriction to
implement the inventory control policy and it is important that a product will be in stock for at
most one year to avoid lower selling prices. Assuming that the company uses a FCFS policy, we
will only have to look whether a product is in inventory for over a year. If not, obsolescence does
not have to be taken into account. Figure 15 represents the inventory level per product over the
time period from 2016 to 2018, where each line represents an individual product.

Inventory level per product

Figure 15: Inventory per product over the time period from 2016 to 2018
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The inventory level seems to be quite high in some months, however, it does also show that there
is always a month that the inventory is equal to or close to zero at its lowest level. Especially after
the high season, the inventory drops to its lowest level. That way, it should be the case that there
is no individual product that is in inventory for over a year and in combination with a FCFS policy,
we assume that obsolescence does not play an important role to determine the inventory control
policy and we do not have to take it into account. However, to underpin this assumption, we will
also look at existing data, stating the amount of inventory and the period for which the products
have been in inventory. Surprisingly, we find that 49 products do have products in inventory for
over a year and some of them do even have products in inventory for over two years. Appendix B
will give an overview of the products that seemed to have inventory for over a year and the
number of products in inventory for over a year multiplied with a random factor for
confidentiality reasons. If some of these products are classified as MTS, we have to determine how
we will take obsolescence into account.

Another restriction that influences the inventory control policy is the fact that the company
accepts different selling prices from customers. That way, there is no fixed income per product.
Depending on the customers, the profit margin could be higher or lower. This especially
influences the classification of the different products, which in turn has an influence on the target
cycle service level. The higher the target cycle service level, the higher the inventory level should
be. Therefore, some assumptions have to be made in order to determine the selling price of a
product which are used for the classification. One way to deal with this problem, is just to take
the average of all selling prices available for a certain product. Another method, is to look at the
amount a customer demands compared to the total amount demanded of a product and multiply
this ratio with the selling price per customer, the total sum of these values will represent the
demand weighted average selling price.

The third restriction that should be taken into account is seasonality. As seen within the current
situation of the company, they apply different parameters in the low season compared to the high
season. This way, the parameters are only based on limited data throughout the year. Another
method to handle seasonality may be to implement a seasonality factor which should be
multiplied with the parameters that are based on the data of the whole year. This factor could be
determined based on past data observations.

Finally, we have to take into account that there may be outliers in the demand data, that could
have a biginfluence on the parameters and eventually on the safety stock, reorder point and order
quantity. Therefore, we have to look whether we can see any patterns based on historic data and
remove outliers. These outliers may also have an influence on whether you include a month in
the high season or not, therefore we will have to look in depth whether a value seems to be in line
with all other data.

4.2 Pre-processing data for the inventory control policy

This section focuses on sub-question 8: How can we use existing data to develop the inventory
control policy? The main improvement that could be made compared to the current inventory
control policy is to have reliable data to determine the parameters. Currently, most of the
parameters are based on common sense and some general data. Therefore, obtaining the cost
data and analysing the existing demand data is required to gain reliable data for the inventory
control policy and to process them into the required parameters. To get an overview of the data
that is required to set up the inventory control policy, we will first give an overview of the
formulas and data required. To pre-process the data of the inventory control policy, we will start
with the classification of the products in either MTO or MTS. Secondly, we will determine whether
some outliers should be removed or whether there is some obsolescence or seasonality that
should be taken into account. This part will be based on historic data to see if there are any
patterns or notable outliers. Finally, we will look for all MTS products whether it can be assumed
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that the demand of the products follow a Normal distribution or whether they follow another
distribution.

4.2.1 Development of inventory control policy

Development of the model

Based on Figure 10 in Section 3.2, we see that the first step in developing the inventory control
policy is to determine when there are options to order to determine which formulas and data is
required to set up the model. Since the inventory control will be for a production company that
produces (almost) every day, we consider that we can constantly order a product. Therefore, the
model will be based on a continuous review.

Using the same figure as basis in combination with having a continuous review, we know that we
have to include a fixed lot size. The fixed lot size will be determined for each of the MTS products.
To determine this fixed lot size, also known as the economic order quantity, we will use the
following formula:

2KD. X

Q=D [4.1]

The formula depends on the order costs, demand and holding costs which are all subject to
change. The order costs depend on changeovers and will be measured by observations during
this study. To determine the yearly demand, historic demand is used. Since we know that outliers,
seasonality and obsolescence probably form restrictions to develop the model, the demand data
will be updated with inclusion of these factors. Lastly, the holding costs consist of capital costs,
area costs and risk costs (Durlinger, 2013) and are company dependent. Further research will be
executed to get a reliable value for the holding costs h.

The following step is to determine whether we have to deal with a fixed or uncertain lead time.

In case of a fixed lead time, the following formula will be used to determine the standard deviation
of the lead time:

o, =0 *VL [4.2]

However, it may also be the case that the lead time is uncertain. If that is the case, the following
formula will be used to determine the standard deviation of the lead time:

o, =+/L*0ap%+ D2 0,2 [4.3]

The value of the standard deviation of the lead time is required to determine the safety stock as
well as the reorder point, which is based on the safety stock. As a result, the following formulas
are used to determine these values and to set up the inventory control policy:

SS=zx*0; [4.4]

s=D, +SS [4.5]
It is already possible to determine the demand during lead time and the standard deviation of
the lead time, however, we do not have a formula for the safety factor yet. Note that the demand
during lead time changes when seasonality, obsolescence and outliers are taken into account.
According to Figure 10 of Section 3.2, the determination of the safety factors depends on either

the shortage costs or the service level. We do consider the service level to be more important than
the shortage costs, therefore, we have three options to include the service level to determine the
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safety factor, namely by introducing the cycle service level, the fill rate or the ready rate. Since we
are only interested whether all demand is met after a predetermined period, it is already
sufficient to include the cycle service level. Besides, the cycle service level is one of the outputs of
the ABC-XYZ classification which will be used to classify the products, therefore, we let the safety
factor depend on the cycle service level. The safety factor could be determined using the following
formula:

z= ¢ 1(CSL) [4.6]

If the inventory level becomes below reorder point and the production of the economic order
quantity is not enough to pass the reorder point, one can also decide to produce n times the order
quantity to get above the reorder point. Therefore, if the model is developed using the formulas
as mentioned above, we use a (s, nQ) policy.

Differences between the current policy and the to-be developed policy

As one can see, the formulas are quite similar to the formulas of the current inventory control
policy. Therefore, we will highlight the differences between current model and the to-be-
developed model. The following differences take place between the models:

- The data thatis used as input to fill in the formulas in the current inventory control policy
are based on common sense and generalized data. In the proposed model, data will be
measured and each data aspect that plays a role in the development of the inventory
control policy will be underpinned.

- In the proposed model, the cycle service level will be based on the classification of
products and not based on a random self-chosen number.

- The current model does not take outliers and obsolescence into account.

- Seasonality is included in the current model based on common sense and not based on
formulas. Furthermore, if seasons change, they have to be adjusted manually in the
current model.

- The classification of products in the proposed model also takes the cost price and selling
price of products into account instead of only taking the historic demand into account.
Besides, in the proposed model also the number of months at which the products are sold
are taken into account and updated automatically.

4.2.2 Classification

Determination of important products before the actual classification

Before the products will be classified, we want to determine which products are important purely
based on the volume of the demand data. We will make an assumption that for each of these
products, they have to be treated as MTS. The determination of the important products can be
found in Appendix C. A product is considered to be important when the demand volume of the
product is relatively high for the data of 2012 to 2018 compared to all other products as well as
for the data of 2018 alone. Besides, the product must have had demand in a relatively high
number of months in at least 2018. Based on this analysis, the products that should be classified
as MTS are: 100004, 100007, 100021, 100022, 100024, 100027, 110007, 110009, 110011,
110018,110020,110028,110117,110224 and 110239.

Furthermore, we should note that there are products that are used as intermediate products for
other production processes. Some of them do not even have a selling price, which can be seen in
Appendix E in the non-public version, since they are not for sale and only used as intermediate
product. As a result we have to find which products only serve as intermediate product and in
how many months they are used. That way, we will classify intermediate products that are used
in at least six months in the previous twelve months as MTS. These six months do not have to be
subsequent. There is chosen to have a restriction of six months, because the company refuses to
classify a product as MTS if it is sold in less than six months, which makes sense, since you only
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want inventory of products that are sold or used frequently. The products that are used as
intermediate products for other articles, can be found in Table 9. For each of the intermediate
products, we will include a target cycle service level of 97%, which is the highest CSL of Table 6,
which can be found in Section 3.1.

Table 9: Intermediate products that should be classified as MTS

Number of months with demand in 2018
100104 12

110047 8
110176 8
110208 6
7
7

110211
110242
110244 10
110245
110326

Now that it is clear which products should be classified as MTS with certainty, the remainder of
the products will be classified.

Development of the classification

To classify the different products, the ABC-XYZ classification is used. The classification can be
separated in to two different classifications, namely the ABC-classification and the XYZ-
classification.

The ABC-classification is based on the sales volume. As a result, both the cost price as well as the
selling price are required to determine the profit margin. The cost price is fixed data which is
already available within the company. The selling price, however, is more difficult to obtain. The
company sells products for different prices dependent on the negotiation with customers. The
different ways to obtain the selling price of a product will be mentioned below.

One of the methods to obtain selling prices is to look at historic data and determine the ratio that
a customer demands a certain product compared to other customers. By multiplying this ratio
with the customer specific selling price and summing up all these values related to a certain
product, we get the demand weighted average selling price. Another method is to take the average
of all selling prices available per product. If those two methods still do not provide a selling price,
the price could be gained by taking the budgeted price as determined by the company. However,
we should note that the last option is less reliable. When all three methods are used an there is
still no selling price found, it can be assumed that the product is either not sold or an intermediate
product.

When the cost price and the selling price are determined and the selling price is greater than zero,
the profit margin can be determined using the following formula:

profit margin = selling price — cost price [4.7]

Thereafter, the sales volume per product could be determined by multiplying the historic demand
over a pre-determined period with the profit margin. The sales are normalized to see which
product contributes most to the overall sale. The products that make up to 80% of the total sales
will be classified as A. The products that contribute to the next 11% (up to 91% of the total sales)
will be classified as B and the remainder of the products will be classified as C.
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Thereafter, the XYZ-classification should be determined. Based on the theory, we will classify
products that had demand in at least 10 of the past 12 months as X, products that had demand
between 4 and 9 of the past 12 months as Y and products that had demand in less than 3 months
of the past 12 months will be classified as Z. However, to implement the XYZ-classification for this
specific company, adjustments in contrast to the theory given are made. For example, the
company believes that a product should never be classified as MTS if the product is only
demanded in less than 6 months of the past 12 months. Therefore, the subdivision between Y and
Zis changed. Products that had demand in at least 10 of the 12 past months will be classified with
X, products that had demand in 6 to 9 months of the past 12 months will be classified as Y and
products that only had demand in less than 6 months of the past 12 months will be classified as
Z.

The combination of the ABC-classification and the XYZ-classification tells us how the products
should be classified in the ABC-XYZ classification. If the product falls within any of the categories
AX, AY, BX, BY and CX, it will be classified as MTS. The corresponding target cycle service level is
based on the values found in Table 6 in Section 3.1. As a result, products classified as AX receive a
target cycle service level of 0.97, products classified as AY receive a target cycle service level of
0.95, products classified as BX receive a target cycle service level of 0.95, products classified as
BY receive a target cycle service level of 0.93 and products classified as CX receive a target cycle
service level of 0.93. If a product falls in any of the remaining categories and is not one of the
intermediate products, it will not receive a target cycle service level. The found target cycle
service level is used to determine the safety factor which serves as input for the inventory control

policy.

Implementation of the classification
The classification is based on the data from the last twelve months, therefore, the classification is
subject to change in the future.

The first step in the classification is to determine the profit margin, which is based on the cost
price and selling price. The cost price is fixed per product and already available in the ERP system.
An overview of the cost prices per product as obtained in March 2019, can be found in the non-
public version as Appendix D. To determine the selling price, we first try to determine the
weighted average selling price. If there is not enough data to determine this weighted average
selling price, the average of all selling prices available in the ERP system is taken. If these methods
provide different results, the lowest selling price is chosen. That way, the profit margin is never
overestimated. If there is still no selling price and there is also no budgeted price available, the
product is omitted from the classification. The found the selling price are represented in Appendix
E of the non-public version. With the use of the cost price and selling price, the profit margin is
determined. Notable, we see that some of the products do have a negative profit margin, which is
a result of selling the product for a lower price than the cost price to certain customers. This is
done in practice for strategical reasons, for example to make a commitment with customers or to
combine the products that are sold with a lower profit margin with products that are sold with a
higher profit margin to let the overall price look attractive to customers. The profit margin is
multiplied with the demand of the last twelve months to determine the sales volume in monetary
terms which are used for the ABC-classification.

When we normalize the sales volume, we see that 25% of the products with sales is classified as
A, 17% of the products with sales is classified as B and 58% of the products with sales is classified
as C. Which is quite in line with the theory.

Now that the ABC-classification is implemented, the classification will be extended with the XYZ-
classification. For that purpose we determine the number of months for which there was demand
in the past twelve months. In total, there are X products classified with X and X products classified
with Y, the remainder of the products is classified with Z.
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After the execution of the ABC-XYZ classification, we search for the products that fall either in one
of the categories of AX, AY, BX, BY and CX. Products that fall within one of these categories are
classified as MTS and they are provided with the corresponding target cycle service level.
Furthermore, intermediate products are manually set as MTS products with a target cycle service
level of 0.97. As a result, 44 products are classified as MTS in total. Since the company only holds
inventory on purpose for MTS products, we only have to determine the parameters for the
inventory control policy for these products. However, we should note that with the use of
proposed demand data, the classification may change leading to different MTS products.

Furthermore, since we know which products are classified as MTS and we know which products
had inventory for more than a year, we can check whether obsolescence has to play a role. There
are seven products which do have inventory for over a year and are considered to be MTS,
therefore obsolescence has to be taken into account. We should note, however, that the number
of products in inventory for over a year are relatively small compared to the total number of
products in inventory for these specific products, therefore, the company may still decide not to
take obsolescence into account.

Conclusion

The products are classified based on the ABC-XYZ classification. However, there are some
products that always will be classified as MTS as a result of being an intermediate product, namely
products: 100104, 110047, 110176, 110208, 110211, 110242, 110244, 110245 and 110326.
Additionally, the differentiation between Y and Z is adjusted, such that products are considered
to be classified as Y if they had demand in 6 to 9 months of the past 12 months and are considered
to be classified as Z if there was demand in less than 6 months of the past 12 months. Based on
the ABC-XYZ classification, products that are classified as AX, AY, BX, BY and CX will be labelled
as MTS and receive a target CSL corresponding to their classification. As a result, 44 products are
classified as MTS. Besides, it can be concluded that obsolescence should be taken into account
since there are 7 products classified as MTS having some products in inventory for over a year.

4.2.3 Determination of outliers, obsolescence and seasonality
Outliers

Determination of outliers

After the classification of products as either MTO or MTS, the following step in data pre-
processing is to determine whether there are outliers which should be removed from the data to
avoid having unreliable outcomes. For that purpose, boxplots are developed to see which values
do not fall within the boxplot and its margin of error. The values that are assumed to be outliers
will be removed from the data that is used to determine the parameters of the inventory control
policy. The goal of boxplots is to ignore individual data values and show the overall pattern of all
data. Next up, it is discussed how boxplots are made (MathBootCamps, 2019).

First, a summary of the data set has to be made, which consists of the minimum value, the first
quartile, the median, the third quartile and the maximum value. The minimum value is equal to
the lowest demand value that exists in the data, the maximum value, on the other hand, is equal
to the highest demand value that exists in the data. The median is the value that separates the
higher half from the lower half of data. For example, when there are 13 periods with demand data
available, the seventh-highest demand value represents the median. The first- and the third
quartile respectively represent the median of the lower half and the median of the higher half.

With the use of the summary, outliers can be identified. With boxplots, outliers are determined

with the use of fences. Any demand value outside the fences are potential outliers and will not be
included in the determination of the parameters for the inventory control policy.
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The lower fence is calculated using the following formula (MathBootCamps, 2019):
lower fence = Q; —1.5*IQR [4.8]

Where Q; represents the first quartile and IQR represents the interquartile range, which can be
calculated using the following formula (MathBootCamps, 2019):

IQR = Q3 — Q4 [4.9]
Where Qs represents the value of the third quartile.

Any demand value that is lower than the lower fence is considered to be an outlier. In
contradiction to the lower fence, the upper fence is calculated using the following formula
(MathBootCamps, 2019):

upper fence = Q3 + 1.5 xIQR [4.10]
Where each demand value higher than the upper fence is considered to be an outlier.

If all values are calculated, the actual boxplot can be made. The first step in drawing a boxplot is
to draw a line from the lower fence value to the upper fence value. The remainder of the boxplot
is made by drawing a box from the first- to the third quartile. In the middle of the box, there will
be a line representing the median. Each demand value that does not fall within this boxplot is
considered to be an outlier and will be removed from the data that is used to determine the
parameters for the inventory control policy.

Implementation of the determination of outliers

One example of a boxplot can be found in Figure 16. Based on this example, we see that only one
value is outside the fences and is considered to be an outlier, which is the demand of the sixth
month in 2015. An overview of the data that are considered to be outliers and should be removed
when determining the parameters of the inventory control policy can be found in Appendix F.

=

1

Figure 16: Example boxplot of product 100022

As one can see in Appendix F, there are 59 out of X products for which outliers are found. From
these products, 21 products do have outliers in 2018. Since the determination of the parameters
for the inventory control policy are mainly based on the data of 2018, we will check whether the
outliers are still considered to be outliers when we purely look at the data of 2018. Figure 17 gives
an overview of the boxplots for the products which had outliers for 2018. Based on this method,
there are 9 outliers in total for products 100002, 100028, 110010, 110019, 110021 and 110071.
The values of the demand data from 2018 that should be removed to determine parameters of
the inventory control policy are summarized in Table 10.
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Overview of the boxplots of the products for which there was an outlier in
2018 (based on the demand data of 2018)

M 100002 [ 100015 [ 100027 [ 100028 [l 100032 [ 100099 M 100104
M 110001 M 110008 M 110010 M 110019 M 110021 [ 110028 [ 110030

[ 110043 110071 M 110117 [ 110119 M 110139 M 110140 M 110224

Figure 17: Overview of the boxplots for which there was an outlier in 2018

Table 10: Outliers found in the demand data of 2018 that should be removed
@ Months for which the demand data is considered
to be an outlier, based on boxplots (2018
100002 P1-2018 - P4-2018
100028 P7-2018
110010 P4-2018
110019 P1-2018 - P4-2018

110021 P2-2018 - P9-2018
110071 P2-2018

There are only two MTS products, which have outliers in 2018, namely products 110010 and
110019. Thus, to determine the parameters of the inventory control policy, only these 3 outliers
should be removed. Since demand data changes, the development of a boxplot is implemented in
the model and updated when new demand is included in the model. Now that the outliers are
clear, we have to determine a way on how obsolescence plays a role in the determination of the
inventory control policy.

Obsolescence

Determination of inclusion of obsolescence

From the products that are found to have products in inventory for over a year, there are 7
products classified as MTS, namely: 100007, 100099, 110018, 110117, 110242, 110323 and
110324. In total, they make up for a bit more than 15,853,000 kilo that is in inventory for over a
year, from which a quarter is in inventory for over two years. As we know, the company sells
products that are in inventory for over a year for 50% of the total price and products that are in
inventory for over two years are sold for 10% of the total price. Therefore, products that are in
inventory for over a year are considered to be obsolete. Since there are MTS products who have
inventory for over a year, we should take obsolescence into account. For that purpose, we have
to find ways on how obsolescence could be included in the model.

One way to deal with obsolescence, based on common sense, is to ensure that the company will
never produce more than the expected yearly demand of a product. As we have seen in the data,
some products faced obsolescence. The main reason is that there was more produced than
required in available orders. This is done with the thought that the remainder of products will be
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sold anyway and extending the production process is better for manufacturing purposes.
However, it appeared that the remainder was not sold, leaving the company with unnecessary
inventory. Besides, as a result of having fluctuating demand, products may not be demanded for
years, causing obsolescence. If it is not possible to produce more than required in orders and
expected demand, the product will not face obsolescence anymore.

However, the inclusion of obsolescence should not be based on common sense. Therefore,
different methods have been searched on how to include obsolescence. The main decision that
has to be made is whether there is deterministic or stochastic demand involved. Deterministic
demand is predictable and represent a sequence of outcomes that have a causal relationship.
Stochastic demand, on the other hand, depends on coincidence and is hard to predict (Renard et
al, 2013).

If there is a deterministic demand and a fixed lifetime, Nahmias (1982) states that the optimal
order size is equal to the minimum of Q or Dm, at which D represents the demand rate and m
represents the product lifetime. If there appears to be deterministic demand, the product lifetime
is said to be one year, since the selling price of a product will be lowered after a year.

However, it may also be the case that we have to deal with stochastic demand. In that case, it is
more difficult to find a way on how to deal with obsolescence. Goyal and Giri (2000) made up a
review of different methods that can be used to include either obsolescence or deterioration of
products. It mentions that the probability theory is very useful in making decisions under the
condition of risk and uncertainty. Therefore, if the demand is stochastic, obsolescence will be
included in the inventory control policy by making use of the probability theory.

When the probability theory has to be included, it will have an influence on the safety stock, and
thus, the reorder point. When the safety stock is determined it will be multiplied with the
probability that the product is in inventory for less than a year (p;). If there is no data available
for a product being in inventory for over a year, this probability will be equal to one, meaning that
the safety stock does not change. That way, the model takes the probability of being in inventory
for over a year into account.

Additionally, obsolescence is also important to determine the economic order quantity.
Therefore, a new formula is used to determine Q (Delft & Vial, 1996):

2xK*D
= 4.11
¢ (p+@)+(p=svl(+q)] 1]

Where p represents the discount rate and is equal to the holding costs which are expressed as
percentage of the cost per unit. The value for p will be determined in paragraph 4.3.2.
Additionally, q represents the obsolescence rate, which is based on the time before the product
becomes obsolete. Since the real impact of obsolescence becomes clear after two years, this value
is equal to g = %2 = 0.5. Lastly, sv represents the salvage value, otherwise known as the value that
is left over when the product has become obsolete. Since there is chosen to take two years as the
time in which the product becomes obsolete, this value should be equal to 0.1 percent of the
selling price. With the implementation of this formula, the model takes obsolescence into account
to determine the output of the model.

Implementation of inclusion of obsolescence

First, the decision has been made whether we deal with stochastic or deterministic demand.
Based on the demand of the past, we see that the demand fluctuates quite a lot and that there is
no causal relationship between each of the demand values. Therefore, we consider the demand
to be stochastic.
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As a result, the probability theory has to be included. For that purpose, probabilities of having a
certain selling price are determined based on the data of Appendix B, where products that do not
have any products in inventory for over a year, have a probability of 1 to be sold against the
normal price. For the remainder of the products, the probability of a product being in inventory
over a years has to be determined as well as the probability of being in inventory for over two
years. The sum of all three probabilities should equal 1. The probabilities found for all products
which had products in inventory for over a year can be found in Appendix G. When the safety stock
for a product is determined, this value will be multiplied with the probability found of having
inventory for less than a year.

Furthermore, the new EOQ formula [4.11] will be implemented to take obsolescence into account.
However, this will be part of paragraph 4.4.3.

Seasonality

Determination of seasonality

Now that the outliers are clear and it is known how to handle obsolescence, the following step is
to determine whether a product is facing seasonality. It should be noted that the determination
of the seasons is only part of defining the input parameters for the inventory control policy, since
forecasting is part of the sales department, therefore, forecasting will not be included in this
study.

To determine whether seasonality has to be taken into account, the first step is to get a global
overview of the demand data. For that purpose, the demand data can be processed in graphs
showing whether the product is facing a general pattern. Furthermore, it is interesting to see
which products had demand in a month for each of the last three years. When there are products
that appear to have demand for a specific month in each of the last three years, we can assume
that the product will also be sold during the same month next year and that this month is part of
a season. These two aspects combined will give a global overview of the different products and
their demand.

The second step is to actually check whether seasonality has to be taken into account. For that
purpose, seasonal subseries plots as founded by Cleveland (1993) are made, which is a tool that
detects seasonality in a time series. One example of a seasonal subseries plot can be found in
Figure 18.

L . A I R
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Figure 18: An example of a seasonal subseries plot by Cleveland (1993)

Based on this example, we see that the data is following a clear season, where April to June
represent the high season and September to October represent the low season. Even though
individual data points differ for the same month, the overall season is quite clear. Thus,
seasonality has to be included if the seasonal subseries plot shows seasons.

If there is chosen to include seasonality in the model, the last step is to determine how seasonality
can be included. Seasonality can be included with the use of seasonal indices as explained by
Silver et al (2017). Mainly, seasonal indices combined with a level and trend are used to
determine the forecast of a product, however, as we explained, forecasting is not part of this study.
Therefore, a complete forecasting model is not included, but the normalized seasonal indices have
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to be determined. When the normalized seasonal indices are found, they have to be multiplied
with the average demand of last year to get an indication of what the demand level that is used as
input for the inventory control policy should be. According to Silver et al (2017), the estimate of
the seasonal factor for any particular historical period is obtained by dividing the demand by the
centred moving average. The seasonal indices will be normalized such that the estimates of the
seasonal indices sum up to the total number of periods.

The moving average is determined by taking the average value of 12 data points, representing the
data for one entire year. The second moving average equals the average of 12 data points, starting
with one month later than the first month of the data that is used to determine the first moving
average. The average of the first- and second moving average represents the centred moving
average. The estimate of the seasonal index for one specific month is then determined by using
the following formula:

Dy

Ft =
CMA;

[4.12]

Where D; represents the demand of month ¢t and CMA, represents the centred moving average of
month t. Please note that t does not represent the twelve months of a year, but all months for
which there is data available. To get the seasonal index for each of the twelve months (January to
December), the average of all seasonal indices representing the same month is taken.

The seasonal indices found for each of the twelve months are normalized, such that the sum of all
seasonal indices is equal to twelve. Therefore, the normalized seasonal indices are determined
using the following formula:

— Si
Ly, = S 12 [4.13]
Where I, represents the normalized seasonal index for month m (m = Jan, Feb, ..., Dec) and S;
represents the estimate of the seasonal index for month i (i = Jan, Feb, ..., Dec). The values that
are found using this formula are the seasonal indices that are used to determine the parameters
of the inventory control policy.

However, if the seasonal subseries plots do not show a clear season, it is still uncertain whether
the seasonal indices should be used to determine the policy parameters. Therefore, a statistical
test will be introduced to check whether seasonality should actually be taken into account. For
that purpose, a Chi-Square test (goodness of fit test) will be carried out. The goal of the test is to
check whether a null hypothesis can be rejected. The null hypothesis that will be tested is equal
to:

Hy: Seasonal indices are evenly distributed over the year, meaning that there is no (strong) season
involved.

The Chi-Square is calculated using the following formula (StatisticsHowTo, 2019):

0;—-E; 2
X2 = 2% [4.14]

1

Where O; represents the i-th observation and E; represents the expected value of i. In our specific
case, i represents a month. The expected value is equal to the average value of all seasonal indices,
since we have normalized the seasonal indices, this value is equal to one for all months. The higher
the difference between the expected and observed value, the higher the change that the null-
hypothesis will be rejected. The outcome of the formula will be used to search for the
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corresponding p-value in Chi-square table. However, since we have access to Excel, the following
formula can be used to determine the p-value:

p — value = CHISQ.TEST (observed values; expected values)

If the p-value is smaller than 0.1, the null hypothesis will be rejected (StatisticsHowTo, 2019). The
higher the p-value, the lower the significance level that the null hypothesis should be rejected. If
it appears that the null hypothesis cannot be rejected, we can assume that the seasonal indices lie
close to each other and that seasonality does not have to be taken into account. In that case, all
seasonal indices are set to one. However, if it appears that the null hypothesis must be rejected,
then we should take the actual seasonal indices into account.

Implementation of seasonality

To get a global overview of the products, we will start with determining whether the products
seem to have a pattern based on the demand data. Appendix H summarizes the products for which
a general pattern is found. This holds for products 100004, 100007, 100014, 100021, 100022,
100024, 110007, 110011, 110036, 110071, 110117, 110225 and 110231. Even though a global
pattern is found for these products, there are still some fluctuations making it hard to conclude
that there is a fixed season. Furthermore, Figure 19 represents an overview of the total demand
over the years.

Total
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Figure 19: Total demand over the years 2012 to 2018

Based on Figure 19, we see that the value of the total demand changes over the years, but that
there is quite a clear pattern. The demand is rising during the first six months and, thereafter,
drops again to its lowest value in December. Based on this figure, the high season is found to be
in March until September.

Even though some products seem to have a general pattern, it is also handy to see which products
did have demand in a month for each of the last three years (2016-2018) and to see whether these
months are part of a season. If there is demand in a month for each of the last three years, we
assume that this month will probably be part of a season. It should be noted, however, that if there
is demand in each of the last three years, it does not mean that the demand level is relatively high,
thus, it does not necessarily mean that this month should be part of a high season. The
determination of products having demand in a month for each of the last three years can be found
in Appendix I.
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To summarize, there are 10 products for which there was demand in each of the last three years
in at least 9 months. These products can be found in Table 11. For the time being, we consider
these months to be part of the season that the product is following.

Table 11: Products which had demand in each of the last three years for at least 9 months

m Months for which there is demand in each of the last three years

100004 P2-P3-P4-P5-P6-P9-P10-P11-P12

100007 P2-P3-P4-P5-P6-P7-P8-P9-P11

100021 P1-P2-P3-P4-P5-P6-P7-P8-P9-P10-P11-P12

100022 P1-P2-P3-P4-P5-P6-P7-P8-P9-P10-P11-P12

100027 P1-P2-P3-P4-P5-P6-P7-P8-P9-P10-P11

110007 P1-P2-P3-P4-P5-P6-P8-P9-P10-P11-P12

110011 P1-P2-P3-P4-P5-P6-P7-P9-P10

110018 P1-P2-P3-P4-P5-P7-P8-P9-P10

110028 P2-P4-P5-P6-P7-P8-P9-P10-P11

110239 P1-P2-P3-P4-P5-P6-P7-P8-P9-P10-P11

To check whether there is actually seasonality involved for products, seasonal subseries plots are
made. For the products for which a general pattern was found and the classification turned out to
be MTS, we will use this method to determine whether there was a season that should be taken
into account. This holds for products 100004, 100007, 100021, 100022, 100024, 110007,
110011, 110036, 110117 and 110225. Additionally, it has been checked whether seasonality
should be part of the determination of the inventory control policy for all other MTS products.
The results of the seasonal subseries plots for these products individually can be found in
Appendix J. As a result we find that based on the seasonal subseries plots, seasonality should play
arole in the determination of the inventory control policy and have to be taken into account.

To include seasonality in the inventory control policy, seasonal indices are determined. After the
determination of the seasonal indices, a Chi-Square test is executed to check whether seasonality
should actually be taken into account. If the found p-value is below 0.1, the null hypothesis should
be rejected and the actual seasonal indices are taken into account. However, if the p-value appears
to be above 0.1, seasonal indices of 1 for all months are taken into account. One example of the
Chi-Square test can be found in Figure 20.

Chi-square test

Observed 045 338 0.76 391 0.00 0.12 0.09 1.10 1.64 0.52 0.02 0.00 If p value >.10 — “not significant that the null hypothesis should be rejected”
Expected 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00 If p value <.10 — “marginally significant that the null hypothesis should be rejected”
Residual (Obs-Exp) -0.55 2.38 -0.24 2.91 -1.00 -0.88 -0.91 0.10 0.64 -0.48 -0.98 -1.00 If p value <.05 - “significant that the null hypothesis should be rejected”
(Obs-Exp)2 031 566 0.06 848 1.00 0.78 0.82 0.01 0.41 023 097 099 If p value <.01 - “highly significant that the null hypothesis should be rejected.”
Component = (Obs-Exp)*2 /Exp 0.31 5.66 0.06 848 1.00 0.78 0.82 0.01 041 0.23 097 0.99 19.72

p-value
If not rejected take expected value, otherwise, take observed value. Reject?

Ho: Seasonal indices are evenly distributed over the year, meaning that there is no strong season involved.

Figure 20: Example of the Chi-Square test for product X

In this specific example, it can be concluded that it is significant to reject the null hypothesis.
Therefore, seasonality plays a role for this product and the observed seasonal indices should be
taken into account. From all MTS products, it appeared that only for 8 MTS products, seasonality
has to be included.

The found seasonal indices are multiplied with the average demand of last year, to get an
indication of what the demand in that specific month will be. This value is used as input to
determine the parameters of the inventory control policy. If it appeared that seasonality does not
have to play a role, this value is similar for all months.

In the model, the user of the model has to insert the month for which the parameters are required,
for this month the seasonal indices are determined and included to have the demand that is used
as input to determine the parameters. For example, if one wants to find parameters for the month
January, the seasonal index of January is multiplied with the average demand of the last twelve
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months and rewritten as the demand during lead time or yearly demand to determine the
parameters.

4.2.4 Determination of the demand distributions

Determination of the demand distribution

For all MTS products, it should be checked whether a Normal distribution can be assumed for the
demand. It can be assumed that the demand of a product follows a Normal distribution in case
the mean demand during lead time of a product exceeds 10 (Heijden & Diks, 2018). Additionally,
a Normal approximation works well in case of high backorder costs or a high cycle service level
(Axséter, 2013). Therefore, the first step in determining the demand distribution is to determine
the mean demand during lead time.

The mean demand during lead time can be determined by taking the average demand per month
based on all data available and take the average of all twelve months. This value should be
rewritten such that is represents the demand for a time period equal to the lead time. If this value
exceeds 10, it can already be assumed that the products follows a Normal distribution. Otherwise,
it should be checked whether there is a high cycle service level or high backorder costs involved.
If no statements could be made based on this data, the last option to determine the distribution
is to use a fitting method based on the QQ-plot and the goodness-of-fit test.

Implementation of the determination of the demand distribution

Each of the 44 products that are classified as MTS do have a mean demand during lead time that
exceeds 10, therefore, we conclude that a Normal distribution can be assumed. Additionally, for
all MTS products, the target cycle service level is above 90 percent, which is another indication
that a Normal distribution can be assumed. Based on these assumptions, we can use the formulas
for the inventory control policy found in literature, which are based on a Normal distribution.

Conclusion

Based on the rule-of-thumb that a product follows a Normal distribution in case the mean demand
during lead time exceeds 10, it can be assumed that the demand of each of the MTS products
follow a Normal distribution. As a result, we can use the inventory control policy found in
literature.

4.3 Values of the input parameters

This section focuses on sub-question 9: What should the values of the input parameters be? The
lead time, holding and order costs are assumed to represent the input parameters of the inventory
control policy and will, therefore, be determined in this section. It should be noted that the order
costs purely consists of the changeover costs.

4.3.1 Lead time

Determination of lead time

One of the input parameters that has to be determined is the lead time. According to Figure 10 of
Section 3.2, there are two ways to take the lead time into account. One way is to assume that the
lead time is fixed and another way is to assume that the lead time is uncertain. The lead time is
used to determine the safety stock.

According to Snapp (2017), the lead time for manufactured products consists of the
manufacturing lead time, the procurement lead time (for raw materials, components and
subassemblies) and the shipping lead time. By finding the values for each of the three lead times,
the total lead time can be found.
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The determination on whether the lead time is fixed or uncertain depends on whether the lead
time depends on the quantity of the order and whether the lead time tends to vary. If the lead
time remains the same irrelevant of the quantity of the order, it can be assumed that the lead time
is fixed. If the lead time fluctuates a lot, it can be assumed that the lead time is uncertain.

If the lead time is fixed, the formula that is used to determine the safety stock is equal to:
SS =z (0 *L) [4.15]

Otherwise, when the lead time is uncertain, the formula that is used to determine the safety stock
is equal to:

SS =z#*./L*0p2+D2x0,2 [4.16]

Implementation of the determination of lead time

First, the manufacturing lead time is determined. The company restricts itself to produce orders
within X weeks, therefore, the manufacturing lead time is said to be X weeks. In case of MTS
products, it may be the case that an order can be delivered directly from stock, however, if the
stock level is not high enough to fulfil an order entirely, they also have X weeks to produce the
(remainder of the) order. Altogether, we assume that the manufacturing lead time is fixed and
equal to X weeks.

Secondly, to find the procurement lead time, we assume that there is always enough raw material
to produce the required amount of products or that it is delivered within the manufacturing lead
time. As a result, we do not have to include the procurement lead time, since it does not influence
the inventory control policy.

Lastly, the shipping lead time is determined. The shipping of products is an ongoing process.
However, the sales department only makes agreements with customers in terms of ready-to-ship-
products. Thus, a company agrees with a customer that an order is ready for a customer after X
weeks (the earliest if not in inventory already), which is the agreed manufacturing lead time and
does not take the shipping lead time into account. It is communicated with customers that the
delivery time of a product is not included in the date agreed with the customer and, therefore, the
shipping date should be added to get the actual date of delivery. Therefore, the cycle service level
is purely based on the time when a product is ready for shipment and the shipping lead time will
not be influencing the inventory control policy.

By combining the different lead times, we do see that only the manufacturing lead time plays a
role in the determination of the inventory control policy. Therefore, it can be concluded that the
lead time is fixed and equal to L weeks. As a result, formula [4.15] is used to determine the safety
stock, with L representing a period of X weeks, which can be expressed in any time unit. For
confidentiality reasons, the actual number of weeks is left out.

4.3.2 Holding costs

Determination of the holding costs
Holding costs are the costs a company makes to hold inventory. These costs consists of three
aspects, namely interest, area costs and risk costs (Martin, 2012).

The interest consists of the costs that arise as a result of having assets tied up in inventory. The
area costs arise from the need of having a location to store the products. These costs consists of
either the rental of the warehouse, maintenance costs, depreciation of scaffolding and means of
transport and energy costs. Finally, the risk costs are costs that occur when keeping products in
inventory causes risks that cost money. For example, these costs arise when products become
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less worthy in inventory. Some example of risk costs are a reduction in the selling price of a
product, a reduction in demand of a product and reduction of quality when products are too long
in inventory.

If we are able to find the costs for each of the three aspects, the holding costs are found. However,
when there is not enough data available to determine the holding costs, theory is used to
determine the holding costs.

A percentage of 25 percent of the cost price per annum is commonly used in theory to describe
the holding costs and it is already seen as rule of thumb to describe the holding costs when the
data is not clear. This number is also the average of the holding cost observed in the industry
which ranges from 5 to 45 percent (Durlinger, 2012). This percentage is probably based on the
article of Harris (1913), which was the first person to introduce an economic order quantity.
Harris mentions that it is assumed that a charge of ten percent on stock is a fair one to cover both
interest and depreciation and that it is even probable that a double of this number would be fairer
in many instances. According to Durlinger (2013) the holding costs consist of capital costs, area
costs and risk costs. The average holding cost that is found by Durlingen (2013) during a research
within fifty companies is equal to 22 percent, which is the percentage that is taken into account
when the data is not clear. It should be noted, however, that the holding costs may be lower in
practice.

Implementation of the determination of holding costs

In the current situation, it is assumed that the holding costs are equal to fifteen percent of the cost
price. To actually determine the holding costs, we will look whether we can find a value for the
interest, area costs and risk costs.

First, the interest costs consist of the interest rate and the premium rate. The values for both the
interest rate as well as the premium rate are left out because of confidentiality reasons. Together,
the interest makes up for a percentage equal to the sum of the interest rate and premium rate of
the total costs.

Secondly, the area costs are determined. When looking at historical data, the company pays a
fixed price for the locations at which the company stores their inventory. First of all, they have
two warehouses located on the terrain of the company itself. The size of the warehouses is left
out due to confidentiality. Furthermore, they have a contract with a warehouse in Almelo, where
they store the remainder of the inventory. For the warehouse next to the production facility, they
pay a fixed price per year and for the warehouse in Almelo, they pay a fixed price per pallet that
they will store combined with a price for handling the pallet into the warehouse or a price for
letting the pallet leave the warehouse. Taking into account the transportation costs, the material
handling costs and all other costs involved to store a pallet, the company assumes that X euros
per pallet stored per is a reasonable price for the holding costs, assuming that a pallet is on
average X days in inventory. At each pallet, around X kilo can be stored, dependent on the product
that is placed on the pallet. However, most of these numbers are still subject to change, therefore,
we cannot find an explicit number that represents the area costs.

Lastly, the risk costs have to be determined. There are risks of facing a lower selling price or a
reduction in demand. However, it is too complicated to assign a fixed value to the increase of costs
due to risks. Therefore, we assume that it is impossible to correctly determine the holding costs,
which means that the holding costs as found in theory are taken into account, which is equal to
22% of the cost price per annum. Even though there is chosen to take a holding cost of 22% of the
cost price per annum into account, we should keep in mind that the actual value is possibly lower.
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4.3.3 Order costs

The final input parameter that has to be determined is that of the order costs. The order costs
mainly depend on the changeovers and have to be measured since there is no explicit data
available. There are three different aspects involved in changeovers, namely: colour change,
material change and a die change. Since the gathering of data consists of observations, there is no
specific methodology involved to determine the order costs. The data will be gathered for each of
the different changeovers involved separately.

Die change

The die changes are responsible for the largest part of the order costs and have to be observed
and measured in order to gain reliable data. The costs of a die change depends on several factors,
namely: stop time, waste, FTE operators, mechanics and cleaning of the die. It should be noted
that Type 1 products do not require die changes, thus, the costs of a die change will only be
determined for Type 2 products. The data for the stop time, FTE operators and waste is fully based
on observations and is not dependent on a methodology to determine the values. For that
purpose, a measurement plan is introduced in the production facility. The measurement plan can
be found in Appendix K. Within the plan, there is room for the operators to take notes if there are
activities which results in additional time compared to regular die changes. By gaining data of
several die changes, an average could be determined which will be used to determine the stop
time, the number of FTE operators involved and the waste.

Stop time and FTE operators

One example of data, gained on April 5%, 2019, can be found in Table 12. If the number of
operators states M, this means that the task is executed by mechanics. Each row represents a
specific task that has to be executed to fulfil the die change.

Table 12: Example of obtained data by observing a die change

NRNNNRRRRRRRZIRN

During this die change, there was one additional task, which costs 40 minutes. Since this task was
executed simultaneously with other tasks and it does not represent a standard situation, we do
not take this additional 40 minutes into account. Therefore, we can conclude that for this specific
die change, the stop time of the production line was equal to 8 hours and 10 minutes and that
there was 10 hours and 55 minutes of FTE operators involved. As we have seen in Chapter 2, the
price of one hour of stop time is equal to 56,340 euro and the price of one FTE hour is equal to
7,825 euro. Thus, based on this example, the cost price of the stop time and FTE operators is
around 545,559 euro.
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When we look at all the data gained to determine the stop time and the number of FTE operators,
we see that on average the stop time is equal to 7 hours and 7 minutes with 11 hours and 51
minutes of FTE operators involved. Therefore, by taking into account the cost of 56,340 euro for
one hour stop time and the cost of 7,825 euro for one hour operator, the cost price for both the
stop time and FTE operators is considered to be 493,679.25 euro.

Waste

Another factor that plays a role in the cost price of a die change is the waste that is released during
a die change. From the service cost centre, we received the cost price per kilo waste, of which the
values multiplied by a random factor can be found in Table 13.

Table 13: Cost price for waste

Material Variable costs Fixed costs
Compound €563.40 € 547.75 €12.52 €3.13
Type 2 €998.47 €726.16 €212.84 €59.47
Type 1 € 954.65 € 694.86 € 219.10 € 40.69

The found waste during a die change relates to the compound, therefore, we do take a cost price
of 563.40 euro per kilo into account.

The waste that is released during a die change can be divided upon three categories:
- Waste from the extractions
- Waste from emptying the bunker and big pieces of material
- Start-up cutting waste

However, this data is not explicitly gained by the company. The waste that is daily gained by the
company is divided upon different categories. One main disadvantage of the data available is that
itis not explicitly linked to die changes, which makes it hard to conclude the amount of waste that
is released during die changes. Therefore, the determination of waste is one of the aspects of the
measurement plan.

Some measurements do involve the waste explicitly linked to the changeover. As a result, it is
found that on average 771 kilo of waste originates from extractions, 79 kilo of waste originates
from emptying the bunker and big pieces of material and 216 kilo originates from start-up cutting
waste, thus, in total there is 1066 kilo of waste related to a die change. By multiplying this value
with 563.40 (the cost price of waste) we find that the total costs of waste related to a die change
is equal to almost 600,585 euro.

Mechanics

Determination of the mechanics involved in a die change

In contradiction to the stop time, the number of FTE operators and the waste, the time that
mechanics spend on a die change is not explicitly part of the measurement plan. The reason is
that preparation of the dies and disassembling the dies are extern activities that do not fall within
the stop time of a production line but have to be executed in order to fulfil a die change. Therefore,
we have to find a way on how we find the time that mechanics spend on a die change in total.

Data related to the number of mechanics and the time used by mechanics to fulfil die changes are
part of the data system of the technical service. As a result, the average time that is spend on
either the preparation of the die or the actual die change and the average number of mechanics
that play a role in these activities can be determined.

Additionally, there are more activities that the mechanics should perform in order to complete a
die change, such as: installing the die on the preheater, administration activities related to
cleaning, making the die transport-ready, receiving a cleaned die, administration related to
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receiving of a cleaned die, control of the injection holes in the warehouse and lastly, the
administration and control of invoices. To determine the time that is spend on all of these
activities, the average time that is spend on the activities is determined, which is again based on
the data of the system of the technical service.

Implementation of the determination of the mechanics

The data system was implemented in March 2018, which is the first month for which there is data
available in the system. To base the averages on a full year, we will take the data from 27-3-2018
until 26-3-2019. Per shape for which there is data available, the average time spend on either the
preparation or change of a die is determined. The average number of mechanics required to fulfil
an activity is also determined an rounded up to have an integer number of mechanics. The results
found can be seen in Table 14.

Table 14: The average time and number of mechanics spend on a changeover
Change Total time

Shape 1

Shape 3

Shape 4

Shape 5

Shape 6

Shape 7

Shape 8
Shape 11
Shape 12
Shape 14
Shape 18

Other
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Average 2.24

The time given in the table represents the number of hours that is spend on an activity by all
involved operators. For example, 3.81 hours that is spend on average on a die changes is a
combination of all hours spend by the three involved operators.

It should be noted that the table mentions the average time mechanics spend on the combination
of the preparation and the execution of the die change. As we know, there are more activities that
the mechanics should perform in order to complete a die change. Based on the data system of the
technical service, we could say that these activities combined make up for about 4 hours per
combi die change. Therefore, by summing up the total time determined in Table 14 with 4, we get
the total number of hours the mechanics spent on average on a die change. By multiplying this
value with the wage of the mechanics, which is equal to 12,520 euro per hour per mechanic, we
get the cost related to mechanics. The hours spend on a die change in Table 14 are based on a
mono die change, since the dies in a combi die change are similar, the total time found should be
multiplied with 2 and added to the 4 hours of additional tasks. As a result, on average, the
mechanics make up for around 201,572 euro of the cost price.

We should note that we do not have data for some of the shapes. The reason is that there was not
a single die change for each of these shapes during the time period from 27-3-2018 to 26-3-2019.
Therefore, we will take the average number of hours and mechanics of all shapes to represent the
data for these shapes.
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Cleaning

The final costs related to a die change that have to be measured are that of the cleaning of the
dies. Even though the costs of cleaning are not part of the measurement plan, these costs have
been observed and do not require a methodology. The costs are based on the data available by
the technical service. The costs are multiplied with a random factor for confidentiality reasons.

Currently, cleaning of the die and injection hole, together with the cleaning of the outer ring when
required is outsourced for a bit more than 123,635 euro per die. The costs to ship the dies to the
company that cleans the die costs around 12,520 euro. Therefore, cleaning the die costs 136,155
euro in total. Additionally, there are some products that are required to clean the dies or to
replace the dies in case parts are worn out, these products make up for a cost price of 42,568
euro. In total the cleaning of one die is equal to 178,723 euro. Since almost all die changes are
considered to be a combi die change, the total cost of cleaning the dies is equal to a bit more than
357,446 euro.

It should be noted that a cleaning oven has been ordered, such that cleaning of the die does not
have to be outsourced anymore. This oven will be installed in late June 2019, but it does not mean
that external cleaning is immediately not required anymore. If the oven is present in the company
and fully operating, the costs of cleaning will be reduced. However, since the installation of the
oven takes places just before the end of this study, measuring the cost reduction will not be part
of the study. To let the costs remain reliable, my suggestion is to measure the cost reduction when
the oven is used in practice for a couple of months.

Colour and material change

In addition to die changes, colour and material changes play a role in the determination of the
order costs. Similar to some aspects of the die change, all relevant data to determine the costs of
a colour or material change is part of the measurement plan and is gained by observations.

When a change in colour or material occurs, the production line can still produce. The only cost
factors in this case are the waste that is released and the number of FTE operators required to
process the change. However, it is expected that the value of additional waste is relatively small
compared to the waste that is released during normal production. To check this assumption, data
will also be gained related to colour and material changes. The same measurement plan is used,
with the contradiction that only one step is involved in the process meaning that only the overall
start time and end time are required, together with the amount of waste and the number of
involved operators. The average of the obtained data will be used to determine the costs of a
colour and material change. One example of data, gained on April 11th, 2019, can be found in Table
15.

Table 15: Example of obtained data by observing a colour change
Production Waste Waste Waste Time Time Time

Type DET line before after | difference before after | difference #Operators Remarks

Colour | 11-4-2019 | 215-216 0 514 514 13:10 14:10 1:00 2 RCL > FG/0OG

Based on this specific material and colour change, there was 514 kilo of waste involved, with a
cost of a bit more than 289,587.6 euro. Additionally, there are 2 hours of FTE involved in the
process change. By multiplying this value with the cost price of having an operator for one hour,
which is equal to 7,825 euro, we find that the cost price of the FTE operators is equal to 15,650
euro. Combined, this specific combination of a colour and material change makes up for a cost
price of 305,237.60 euro.

The following step is to analyse the gained data with the use of pivot tables. As a result, averages
for the time spend on a change and the average waste that is released during a change are found

and summarized in Table 16.
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Table 16: Average results for the time and waste spend on a material and colour change
Time | # FTE

1:05:17 2 170.0714286

1:45:00 | 2.666666667 220

Colour change
Material and colour change

Often, a material change is combined with a colour change. As a result we do not have enough
data to make some statements about the average time spend on a material change. Therefore, the
focus will be on a combination of both a colour and material change. On average there is 220 kilo
of waste involved in a colour- and material change, responsible for a cost price of almost 123,948
euro. Additionally, there is on average 4 hours and 40 minutes of FTE involved, which make up
for a cost price of 36,517.71 euro. By combining these values, we see that the total cost of having
a combined material and colour change is equal to 160,465.71 euro.

Since the results are based on combinations of a colour and material change, we assume that the
colour change makes up for 70% of the found cost price and a material change makes up for 30%
of the found cost price, because a colour change does have more impact on the waste that is
released and the time that is spend on a changeover. The percentages are deducted from the
results of Table 16.

4.4 Values of the policy parameters

This section answers sub-question 10: What should the policy parameters per product be? The
safety stock, the reorder point and the economic order quantity are considered to be the policy
parameters. The values of these parameters will be determined based on the formulas found in
the literature, leading to values that are relevant to run the production facility. It should be noted,
that the policy parameters will only be determined for products that are considered to be MTS.

4.4.1 Safety stock

Determination of safety stock

The safety stock is based on the safety factor, which in its turn is based on the cycle service level
which is a result of the classification. Since the classification is already executed, we already found
the target cycle service levels for all of the MTS products. The safety factor is the inverse of the
standard normal cumulative distribution of the CSL. As a result, formulas [4.6] and [4.15] are used
to determine the safety stock.

Furthermore, the safety stock depends on the standard deviation of the demand during lead time.
This value changes over time, since the demand is dynamic and unstable. The standard deviation
represents the standard deviation of the demand data of the last twelve months. By multiplying
this value with the square root of L, we find the standard deviation of the demand during lead
time.

Finally, if the company decides to take obsolescence into account, another column is added to
determine the safety stock with inclusion of obsolescence. With the use of the probability theory,
the probabilities found for products being in inventory for less than a year are multiplied with
the found safety stocks, that way, a lower safety stock is determined for products that have a
probability of facing obsolescence to minimize the chance of obsolescence.

Implementation of safety stock

For each of the MTS products, the safety stock is determined based on formula [4.6] and [4.15].
The safety stock is subject to change when new demand data is included in the model, however,
the seasonal index does not influence the safety stock. Additionally, the formulas are
implemented for MTO products, however, they will not be executed when the product is
considered to be MTO. As a result, we have found 44 safety stocks if the company decides not to
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take obsolescence into account. Furthermore, another 44 safety stocks are determined in a
separate column with inclusion of obsolescence.

4.4.2 Reorder point

Determination of reorder point
The reorder point is based on formula:

s=DL+SS [4.17]

As we have seen, the safety stock is already determined. To determine the demand during lead
time, the average demand of the last twelve months is taken and multiplied with the seasonal
index for which a reorder point is required. This value is rewritten such that it represents a value
for demand over a time frame equal to the lead time. Therefore, the following formula is used to
determine the demand for a specific month:

Vo= (X, T;) + Fy forvn [4.18]

Where V, represents the demand for a specific month and n represents the required month, m is
equal to twelve and T; represents the demand of the last twelve months.

Implementation of reorder point

The lead time is considered to be L weeks, the demand during lead time is determined by taking
the average demand of the last 12 months, multiply it with the seasonal index for which the month
for which parameters are required and multiply it with 12 (months) and divide it by X (the
number of periods of L weeks in a year). In a formula this is equal to:

Dy =V = forvn [4.19]

Where n represents the twelve months. That way, we receive the demand during lead time. By
summing up this value with the safety stock, we get the reorder point.

The formulas are implemented for all products, but they will only be executed for products that
are considered to be MTS. As a result, we found a value for a reorder point for 44 products.

4.4.3 Economic Order Quantity

Determination of economic order quantity

The economic order quantity is based on formula [4.1] from paragraph 4.2.1 . The demand is
based on the demand of the season and rewritten as a value that represents a whole year with
the use of the following formula (where X represents the number of times having the lead time in
ayear):

D=D,*X [4.20]

The order and holding costs are equal to the values found as input parameters. As a result, we
find the preferred order quantity when the inventory level drops below the reorder point.

However, the company may decide to take obsolescence into account. If that is the case, formula
[4.11] from paragraph 4.2.3 will be used to determine the economic order quantity.

Implementation of economic order quantity
Formula [4.1] is used to determine Q for each of the MTS products. Besides making use of Q, the

company may also decide to produce a number that is already determined in a fixed order.

83 TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

Therefore, Q serves as indication on the number of products that should be produced and will
only be used in case the inventory level drops below the reorder point and there is no fixed order
yet.

Besides, Q is determined while taking obsolescence into account. Since there is more data
available, formula [4.11] may be rewritten as:

0= J 2:K-D [4.21]

0.72*(cost price—selling price*%)

This formula is implemented in a separate column in the inventory control policy, such that the
company is always able to make a decision on whether or not to include obsolescence.

Conclusion

Based on the formulas found in theory, we came up with the parameters relevant for the
implementation of the inventory control policy. Explicit values are not mentioned, either for
confidentiality and as a result of dynamic values that will change over time, dependent on the
ever-changing demand data. The found values should be implemented in the ERP-system
indicating whether a product should be produced or whether there is enough inventory available.

4.5 Entering the inventory control policy into the current ERP system

This section focuses on sub-question 11: How can the found inventory control policy be entered in
current ERP system? First of all, it is essential to get an understanding of the system and how the
inventory control policy is linked in the system. Secondly, it should be determined how the
parameters can be entered in the system.

One disadvantage of the ERP-system is that the parameters should be determined outside the
system and updated within the system. Therefore, it is impossible to automatically update the
parameters within the ERP-system. However, it is important to know how the parameters should
be included and how to ease the process of updating the parameters.

The part of the ERP-system explicitly related to the inventory control policy is the planning data
of an item. Herein, the reordering policy is chosen. There are four options available, namely:

- Fixed Reorder quantity

- Maximum quantity

- Order

- Lot-for-lot

An example of the tab at which the reordering policy can be filled in can be found Figure 21. The
grey areas represent parameters that could not be filled in based on the chosen reordering policy.

Planning
Reordering Policy Fixed Reorder Qty
Reserve Optiona

Order Tracking Policy None

. Overflow Level
Time Bucket:
Order Modifiers
Minimum Order Quantity Maximum Order Quantity Order Multiple
0 0 0

~ Show fewer fields

Figure 21: Example of the planning tab at which the reordering policy could be filled in
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The first option, fixed reorder quantity, is equal to an inventory control policy with a fixed lot size.
Within this policy, the reorder point, safety stock and order quantity should be filled in. That way,
the planner will be informed when the inventory level drops below the reorder point and will be
asked to schedule the product to be produced with the fixed order quantity.

Within the second option, maximum quantity, the maximum inventory level, safety stock and
reorder point should be filled in. As a result, the planner is asked to schedule a quantity that
increases the inventory to the maximum inventory level when the inventory drops below the
reorder point.

The third option, order, only allows to schedule a production run of a product when actually an
order is placed. Therefore, there is no value that should be filled in related to the inventory control

policy.

The last option, lot-for-lot, requires a safety stock and other lot-for-lot specific parameters. Those
are equal to the lot accumulation period and the rescheduling period. This is the most flexible
policy, since it only reacts to actual and anticipated demand. It is aimed for products when
inventory can be accepted but should be avoided. The lot accumulation period and the
rescheduling period are required to define the company’s reorder cycle (Microsoft, 2012). The
goal of explaining the different options is to gain insight in what policies are available in the
current ERP system.

If applicable, it is also possible to implement the minimum and maximum order quantity along
with the order multiple. These values are known as the order modifiers. However, since we are
producing each item within the company, this part will not be filled.

Although the option of avoiding inventory (lot-for-lot), seems quite interesting, there is chosen to
implement the fixed order quantity policy. First of all, because the company should be able to
survive the high season, it should already produce inventory in the low season, to avoid having to
switch between the production of products a lot, when all demand arrives at the same time. This
will give the company more leeway within production. Secondly, the fixed order quantity is
chosen instead of the maximum quantity to avoid having the maximum inventory level at all
times, which is costly. For example, if the inventory level drops below the reorder point and a
fixed order quantity is produced, the inventory level will always be lower than the maximum
inventory level, leading to less costs and still being able to attain a certain cycle service level.

As a result, we have to fill in the reorder point, the safety stock and the order quantity which are
already determined. However, it is undoable to fill in the parameters manually for each MTS
product. Therefore, we have to find a way to implement the parameters for all products at the
same time.

There is an option to download an configuration package from the ERP system, which states the
products that are part of the ERP system and has different columns representing the order
quantity, the reorder point and the safety stock. By filling in this file and uploading it to the ERP
system, one does not have to fill all data in into the ERP system separately. There is still one
disadvantage, however, the data in the configuration package still has to be filled manually. Figure
22 gives an overview on what the configuration package looks like.

ITEM_MRP_UPDATE Item 27
ﬂ Base Unit of Measure ﬂ Reorder F'-:lintn Reorder Qua r|tit',.-'= Safety Stock Qua r|tit',-'= Reordering Policy
100001 KG
100002 KG
100002 KG
100004 KG
100005 KG

Figure 22: Impression of the configuration package

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

One way to deal with the problem of having to fill in all parameters manually, is by adding the
configuration package to the inventory control policy, which is also in Excel. With the use of
VLOOKUP’s and if-statements it is possible to fill in the configuration package automatically. Even
though this will already simplify the implementation of the parameters in the ERP-system, the file
does have to be adjusted in case a new item is added to the company as well as to the ERP-system.

Because it is not yet possible to automate the whole process, it should be checked whether the
configuration package has changed each time the parameters have to be filled in. On the other
hand, it will already become clear that there are new items if there is demand for a product which
is not yet part of the inventory control policy. This will serve as additional indication that the
configuration package has changed.

Besides uploading the data on item level, it is also preferred to update the parameters on a
warehouse level. For that purpose a new configuration package will be made. The different steps
on how to make a configuration package within the ERP system are given in Appendix L.

After following the required steps, we gained a configuration package called SKU_MRP_UPDATE
of which an overview is given in Figure 23.

SKU_MRP_UPDATE Stockkeeping Unit ‘5700

Variant Codfgd Reorder Poinfgd Maximum Inventorfid Reorder Quantitfig Safety Stock Quantitfgg Replenishment Systenfill Reordering Policlgd Transfer-from Cod

Figure 23: Overview of the configuration package to update the parameters on a warehouse level

Now that the configuration package is made, the next step is to fill in all fields. First of all, Location
Code Location 3 is a location at the company which uses the products of Yarns as intermediate
products and is part of a production facility that produces other products. The relevant
parameters for this location are already filled in and so on we will not bother in changing these
values, which leaves us with two important location codes, namely: Location 1 and Location 2.

Secondly, three fields should already be filled in and are not subject to change, namely: Location
Code, Item No. and Replenishment System. Thereafter, the Transfer-from Code can easily be
updated. Only Location 1 is able to produce products, thus, if the replenishment system is equal
to Transfer, the Transfer-from Code should equal Location 1.

Since we only want to have inventory for MTS products, we set the Reordering Policy of MTS
products equal to Fixed Reorder Qty. If a products is considered to be MTO, the Reordering Policy
will be set as Order. This field will automatically be updated with the use of if-statements. As a
result of using the fixed reorder quantity policy, we do not have to fill in the field of Maximum
Inventory, therefore, this field is filled with zeroes for all products.

This leaves us with updating the reorder point, reorder quantity and safety stock quantity.
Location 2 only stores products before they are send to the customers. To ensure that there is
enough inventory available, the reorder points as found Section 4.4.2 will be added to Location 1
if a product appears to be MTS, with the use of VLOOKUP’s and if-statements. If the inventory
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level drops below reorder point, we want to send a full truck with products to Location 2,
therefore, the order quantity for each of the MTS products at Location 2 is set at the value of a full
truck load. That way, we avoid sending half-full trucks to the location.

To ensure that we are always able to send a full truck load to Location 2 we set the reorder points
of MTS products at Location 1 equal to the value of a full truck load. Lastly, to ensure that the
determined order quantities are produced, we set the order quantities at Location 1 equal to the
order quantities for MTS products as found in Section 4.4.3 with the use of VLOOKUP’s and if-
statements.

The last field that has to be updated is that of the safety stock. The safety stocks as found in Section
4.4.1 are added to the MTS products stored at Location 2 with the use of VLOOKUP’s and if-
statements. That way, there is always enough inventory available and the production facility
Location 1 has more space to temporarily store MTO products.

Now that the configuration package is added to the inventory control policy, it will automatically
update the relevant fields in case the parameters change. By importing this configuration package
to the ERP system, the parameters are also updated in the ERP system. This is done by validating
and applying the configuration package to the ERP system. Thus, by uploading the data of the
configuration packages to the ERP-system the inventory control policy is implemented.

4.6 Conclusion
This chapter answers sub-question 7 up to and including sub-question 11.

The first question answered in this chapter is: Are there requirements or restrictions involved to
implement an inventory control policy? There are four factors that may play an important role
while developing the inventory control policy, namely: obsolescence, different selling prices,
seasonality and outliers. Each factor can play a significant role when it comes to the determination
of the parameters, therefore, these factors should be kept in mind while developing the inventory
control policy. We should note, however, that obsolescence does not necessarily have to play a
role in the development of the inventory control policy, since the parameters are only determined
for MTS products. If all the products for which there is obsolescence appear to be MTO products,
then obsolescence does not have to be taken into account. Therefore, we should determine
whether obsolescence plays a role in the determination of the inventory control policy after the
products have been classified.

The second question discussed during this chapter is: How can we use existing data to develop the
inventory control policy? For that purpose, we first give a general overview of the model that is
used to develop the inventory control policy, followed by the classification of the products.
Thereafter, outliers, obsolescence and seasonality are included. Finally, it is determined whether
a Normal distribution can be assumed, since the formulas for the inventory control policy are
based on a Normal distribution. For each of the different aspects, a conclusion will be given.

The products are classified based on the ABC-XYZ classification. However, there are some
products that always will be classified as MTS as a result of being an intermediate product, namely
products: 100104, 110047, 110176, 110208, 110211, 110242, 110244, 110245 and 110326.
Additionally, the differentiation between Y and Z is adjusted, such that products are considered
to be classified as Y if they had demand in 6 to 9 months of the past 12 months and are considered
to be classified as Z if there was demand in less than 6 months of the past 12 months. Based on
the ABC-XYZ classification, products that are classified as AX, AY, BX, BY and CX will be labelled
as MTS and receive a target CSL corresponding to their classification. As a result, 44 products are
classified as MTS. Besides, it can be concluded that obsolescence should be taken into account
since there are 7 products classified as MTS having some products in inventory for over a year.
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For two MTS products there are outliers in 2018 that should be removed when the parameters of
the inventory control policy are determined. Furthermore, it is found that obsolescence does play
arole for some of the products. It is decided to take obsolescence into account by using a different
formula for Q and by using the probability theory, where the probabilities are based on the chance
of being in inventory for over one or two years. The found probabilities for a product being in
inventory for more than a year are multiplied with the safety stock, leading to alower safety stock,
and therefore, also influencing the reorder point. Besides, we have checked whether seasonality
plays a role. To gain a global overview of the products, general pattern information and demand
certainty of products are determined, giving insight on what season a product might follow. To
actually determine whether there is a season involved seasonal subseries plots are made. As a
result it is found that seasonality has to be included in the inventory control policy, which is put
into practice by introducing seasonal indices as described by Silver et al (2017). However, since
the seasonal subseries plots were not always clear, also Chi-Square test have been executed to
check whether the seasonal indices should actually be taken into account while determining the
policy parameters. It appeared that only for 8 MTS products, the seasonal indices should be
included.

To determine whether a Normal distribution for the demand of the products can be assumed, we
include a rule-of-thumb that a product follows a Normal distribution in case the mean demand
during lead time exceeds 10. It can be assumed that the demand of each of the MTS products
follows a Normal distribution. As a result, we can use the inventory control policy as found in
literature and as described during this chapter.

The third questions handled in this chapter is: What should the values of the input parameters be?
The input parameters consists of the lead time, the holding costs and the order costs. The lead
time for all products is fixed and equal to L weeks. For each of the products, the holding costs are
assumed to be 22% of the total cost price per annum, while we keep in mind that the actual
holding costs may be lower in practice. The order costs depend on the die changes as well as a
colour or material changeover. The costs of a die change depends on several factors, namely: stop
time (including waste), waste, FTE operators, mechanics and cleaning of the die. By combining
these factors, the cost of a die change is equal to 1,653,282.25 euro. The costs of a colour and
material change is found to be 160,465.71 euro, where a colour change represents 70% of the
cost price and a material change represents 30% of the cost price. The order costs per product
depend on the probabilities found in Table 5, which is part of Section 2.2, where we do not take
die changes into account for tape products. It should be noted that the cost of cleaning, and thus
the cost of a die change, will be reduced when the ordered cleaning oven is operational in the
company. However, this cost reduction should be measured by the company when the oven is
operational for a couple of months.

The fourth question for which an answer has been found in this chapter is: What should the policy
parameters per product be? The policy parameters consists of the safety stock, the reorder point
and the economic order quantity. Based on the formulas found in theory, we came up with the
parameters relevant for the implementation of the inventory control policy. Explicit values are
not mentioned, either for confidentiality and as a result of dynamic values that will change over
time, dependent on the ever-changing demand data. An overview of the differences between the
formulas of the proposed policy compared to the current policy can be found in Table 17.
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Table 17: Differences between the formulas of the policy parameters for the current model as well as the proposed model

SS=zx* o SS=Z*(O’*\/Z)*731
z= ¢~1(CSL) z= ¢~1(CSL)
12
a = |L+(2) (D)= b+ (5)
s=SS+ D, s=SS+ D,
D 12
DL—5_2 L DL=VYL*7
Vn=(%*2?;1Ti)*Fn for vn
= ZKD% 2xK=*D
Q=0 o KD
o+ ) (@~ svl(}+4q)]

The last question discussed during this chapter is: How can the found inventory control policy be
entered in current ERP system? There are four different options available within the ERP system,
namely: Fixed Reorder quantity, Maximum quantity, Order and Lot-for-lot. There is chosen to
implement a fixed order quantity policy, where the reorder point, the safety stock and the order
quantity have to be filled in into the ERP system. The update of the parameters will be executed
with the use of configuration packages, which are Excel files that have to be filled in and uploaded
to update all parameters.

As aresult of Chapter 4, an inventory control policy has been implemented in Excel. A manual has

been written to describe which actions the user of the model should take in order to use the model
correctly. This manual is given in Appendix M.
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5. Analysis of results

This chapter is all about comparing the proposed model with the current model and to validate
the proposed model. To compare the proposed model with the current inventory control policy,
a Monte Carlo simulation is made. The results are compared based on costs, graphs and
histograms, which will be explained during this chapter. To validate the proposed model, the
inventory level of the 1st of January in 2018 is taken in the Monte Carlo simulation. As a result, the
course of the proposed model can also be simulated with the use of the actual demand of 2018. If
the costs based on the actual demand fall within the range of the Monte Carlo simulation, we can
assume that the Monte Carlo simulation represents realistic values and is validated.

Furthermore, it may be the case that the current model is not complied with in practice. As a
result, the differences between the proposed model and practice are not clear by only using a
Monte Carlo simulation. Therefore, we look at a static point in time to see what the costs of the
proposed model, the current model and the costs in practice probably will be. That way, we will
check the influence of not taking the reorder points and economic order quantities into account.

Finally, the practical course of 2018 is also simulated with the use of actual demand and output
of the production facility to see whether the company is using the parameters as they are
currently available. With the already simulated course of the proposed model and current model,
the results can be compared. Besides, the course of the inventory level is also simulated for the
time period of January to May 2019 to look at the most up-to-date data. With the results found,
an indication of the relevance of the parameters is given. The following flow chart represents a
short summary of the aspects that are handled during this chapter and their consecutive order.

5.1 Impact inventory control

i 5.2 Effect of parameters
policy

Monte Carlo simulation Effects of not taking the parameters
Comparison graphs & Histograms into account (static moment)
Verification (manual calculations) Course of inventory level over 2018

Validation (2018) Course of inventory level over 2019

5.1 Impact inventory control policy

This section will focus on sub-question 12: What is the impact of implementing the proposed
inventory control policy based on a simulation model? As mentioned before, we will use a Monte
Carlo simulation to determine the impact of the proposed model compared to the current model
in terms of costs. A description on how to develop a Monte Carlo simulation is already part of
Section 3.4, thus, this section will focus on the actual development of the Monte Carlo simulation
followed by the results.

5.1.1 Monte Carlo simulation

The implementation of the model takes place in Excel. Determining the upper and lower limits of
the probabilities for each of the products takes quite some time. Since we will only hold inventory
for MTS products, we only execute the Monte Carlo simulation for these products, which limits
the number of products included to 44. For each of the 44 MTS product a histogram of the past
demand data is made. Based on these histograms, the probabilities and lower and upper limit of
these probabilities could be determined, of which an example can be found in Table 18.

As said before, a random number between zero and one is generated to determine the random
demand for a period. For example, if the random number appears to be 0.77, based on Table 18,
the random demand data should be equal to Value 7. For each period, a new random number is
generated, ensuring that every period has a different random demand level.
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Table 18: Example of found probabilities
100021 [ x; Lower limit | Upper limit
Value 1 1 0.01 0.00 0.01
Value 2 8 0.09 0.01 0.10
Value 3 9 0.10 0.10 0.21
Value 4 16 0.18 0.21 0.39
Value 5 12 0.14 0.39 0.53
Value 6 15 0.17 0.53 0.70
Value 7 13 0.15 0.70 0.85
Value 8 6 0.07 0.85 0.92
Value 9 4 0.05 0.92 0.97
Value 10 3 0.03 0.97 1.00
ZX,' 87

Next up, formulas [3.5] up to [3.12] are used to implement the model. To determine the beginning
inventory for the first period, data is obtained indicating the inventory level of the 1st of January
2018. All other relevant input data is already determined in Chapter 4, with exception of the
stockout costs. The stockout costs for this specific company mainly consists of the cost of lost
sales and is in consultation with the service cost centre assumed to be 24.3 percent of the costs
price per annum for all products. Table 19 summarizes all important input data which are not

subject to change.
Table 19: Fixed input parameters
Input data Value \

L L weeks
Ch 22 percent of the cost price
Cs 24.3 percent of the cost price

The cost price and order costs are product-dependent and may differ among the MTS products.
All other factors depend on the model and are subject to change.

To actually run the model, we have to determine the run length and number of replications
required to give feasible results. To set up the model, periods of L weeks are included to ease the
inclusion of lead time. These periods equal the length of each discrete time in the simulation.
Since we want to simulate demand data for one year, either for validation purposes, there will be
52/X periods in total. As a result, the total run length of the Monte Carlo simulation is equal to
one year.

Next up, we have to determine the number of replications, which requires more work. For that
purpose, the number of replications will be found in Section 5.1.2, with the use of the methodology
as described in Section 3.4. If the number of replications is found, we are able to replicate the
model and store the data with the use of a data table. To implement the data table, one can use a
What-If Analysis in Excel. Furthermore, graphs and histograms could be made to draw
conclusions. Per replication, the average cycle service level and total costs of all thirteen periods
are taken. The average value of all replications is the value that is most likely to happen. We
should note that the graph is only used to compare different options, therefore, the graph will
only consist of two data points.

Besides, for each of the replications we get a value for the total costs and a value for the cycle
service level. By determining the histogram for these results, we see the range in which the results
probably will be and a smaller range of the values for the total costs which are most likely to occur
independent of the random demand. An example of a histogram for an individual product can be
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found in Figure 24. The orange bars represent the total costs and the green bars represent the
cycle service level. The x-axis respectively represents the values for the cost ranges and the values
for the cycle service level ranges. The y-axis indicates the frequency of all replications that falls
within this range. Such histograms will be used in the rest of the discussion.

Frequency

60 140

100

FREQUENCY TOTAL COSTS
2
FREQUENCY SERVICE LEVEL

N D Hotoodd H Hu

Figure 24: Example of a histogram based on the results of the replications of the Monte Carlo simulation

Based on this example, we see that the expected value for the total costs lies in the middle of all
ranges and the expected value of the cycle service level is close to the maximum value found.
Whereby the frequency of the total costs is more widely spread over the ranges, meaning that
there is more variance over the different replications. Furthermore, we see that while the demand
frequencies show a normal distribution, the cycle service level shows a skewed distribution. This
shows how different they are in nature.

An overview of the dashboard of the implemented Monte Carlo simulation with exception of the
graphs and histograms can be found in Appendix N.

5.1.2 Number of replications

To actually determine the number of replications, we have to gain data from the simulation model.
First we will replicate the Monte Carlo simulation 1500 times assuming that this number will
cover the required amount of replications. The total costs found for each replication are included
to determine the moving average and moving variance of the data. The confidence interval that is

taken into account is equal to 95% and the relative error allowed is said to be 0.05. As a result,

there are enough replications when the found error is constantly below (133?)5) = 0.0476. One

example of the determination of the number of replications can be found in Figure 25, for which
the values of the moving average, moving variance and t-value are hidden because of
confidentiality reasons. As a result, for this specific product, 8 replications are already sufficient
to provide reliable results of the Monte Carlo simulation.

Data Monte Carlo Mean Var Tvalue Error

1

2 0.28075 | NOTOK
3 0.09226 | NOTOK
4 0.06278 | NOTOK
5 0.0595 | NOTOK
& 0.06102 | NOTOK
7 0.05632 | NOTOK
8 0.04721 OK
9 0.04293 OK
10 0.03777 OK
11 0.03445 oK
12 0.03552 OK
13 0.03238 OK
14 0.02976 OK
15 0.02765 OK

Figure 25: Example of the determination of the number of replications
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For the current inventory control policy as well as for the proposed inventory control policy, the
number of required replications are determined for each MTS product. The number of
replications that is used in the final model is the maximum value of the number of replications
found for all individual MTS products. The results for the number of required replications for each
of the MTS products can be found in Table 20.

Table 20: Number of replications required per MTS product

Current model | Proposed model FUIER) s BERON 198 | 35
|17l Nr Replications \NrRepHcaﬁons \100104 iBNSWA 345|281
100004 100122 110176 39| 31
100005 100124 110208 13208
100007 110002 110211 34| 42
100009 110007 isiryxy 248| 57
100021 110009 INWYAE 276|288
100022 110010 INIIVRPE 110|247
100023 10 Il 110011 INVX YR 348 | 369
100024 110018 IR ZY 162 | 68
100025 8 I8Y 110019 110245 7| 44
100026 35 YyA 110020 110323 99| 97
100027 89 CYa 110028 INLIRYXS 169 | 177
100032 98 52 EONE{Y 110326 97| 34
100038 101 m 110036 SUERP 32| 47
100040 | 31 377 [EE

Based on the results, it is found that 540 replications are required to give reliable outcomes for
the Monte Carlo simulation for each of the products. The number of replications can be reduced
by extending the run length, however, this is not preferable when the Monte Carlo simulation has
to be validated, therefore, there is chosen to let the run length remain one year.

5.1.3 Results of the Monte Carlo simulation

Now that the Monte Carlo simulation is implemented and the number of replications is known,
the results of the model can be found. For each MTS product, the model is simulated separately.
First, the model is simulated based on the parameters of the current inventory control policy.
Thereafter, the same model is simulated based on the parameters of the proposed inventory
control policy. If all results are stored, the different models can be compared based on the total
costs and cycle service level.

Table 21 gives a summary of the overall results of the Monte Carlo simulation multiplied with a
random factor. The overall results represent the sum of all individual results for each of the 44
MTS products, where an individual result is equal to the average of all 540 replications. The
results for each MTS product individually can be found in Appendix O.

Table 21: Overall results of the Monte Carlo simulation
Current €296,015,186.46 | €35,262,360.90 | €533,276,651.51 € 864,554,198.87 0.89
Proposed | €250,043,539.95 | €25,942,159.90 | € 344,458,190.20 | €620,443,890.05 0.94
Difference €-45,971,646.51 €-9,320,201.00 €-188818,461.31 | €-244,110,308.82 0.05

When we look at the table, we see that the proposed model appears to be cheaper in each possible
way. Therefore, we can conclude that even though less inventory is held, it is still possible to fulfil
demand. Since the results are not in line with the expectations, we want to compare the order
quantities and reorder points for all MTS products. The results can be found in Appendix P.
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If we compare the reorder points and economic order quantities of both models, we see that in
general Q is higher for the proposed model when it appears to be an Type 2 product, in case of a
Type 1 product, Q is in general lower. Besides, the reorder points for the proposed model are
lower in general for all products, leading to lower inventory levels. Therefore, we can conclude
that the reduction in holding costs are caused by lower reorder points, but that the longer
production runs for MF products ensure that the company is still able to fulfil demand with less
order costs, since the demand of Type 2 products are in general higher than the demand of Type
1 products. The only disadvantage of the proposed model compared to the current model is that
there is more spread in the overall cycle service level, however, the maximum costs of the
proposed model are always below the maximum costs of the current model, which outweighs the
difference of the cycle service level.

To actually check how the options are related to each other, comparison graphs are made. Actual
numbers are left out due to confidentiality reasons, however, all figures do have the same scale.
First of all, an comparison graph has been made for the overall model to compare the two options.
The results of the overall model is the sum of the results of all 44 MTS products. The comparison
graph of the overall model can be found in Figure 26.

Comparison graph of the overall model

—

Current model
Proposed model
(0.0)

Total costs

Service level —»

Figure 26: Efficient frontier of the overall model

Based on the graph, the proposed model is found to be the most promising model since the result
of the proposed model is lower and more to the right compared to the current model, which
indicates that the cycle service level is higher in combination with lower costs. Thus, based on the
Monte Carlo simulation it is promising to implement the proposed model. To see the differences
between the tape and the MF products, also comparison graphs for these products have been
made, which can be found in Figure 27.

Comparison graph of Type 1 products Comparison graph of Type 2 products

—»
—»

Current model Current model
Propesed model

0.0)

Proposed model
0.0

Total costs
Total costs

Service level —» Service level —>

Figure 27: Efficient frontiers of the Type 1 products as well as the Type 2 products

The results of the proposed model for the Type 2 products are in line with the results we found
for the overall model, and so, for Type 2 products it can be assumed that implementation of the
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proposed model is promising compared to the current model. However, for Type 1 products, the
costs appear to be close to each other. Still, the proposed model still seems to be cheaper in
combination with a higher cycle service level, therefore, we can conclude that it remains
promising to implement the proposed model. To see whether the costs may differ a lot from the
results, histograms of the replications have been made for each of the products.

One example of a histogram can be found in Figure 28. For each histogram it holds that the more
the spread, the more variance there may be in the outcomes. It should also be noted that the first
range starts with the minimum value of the outcomes, which ensures that even though there is a
lot of spread, the difference may still be small. Based on the example given in Figure 28, we can
conclude that there is some spread between the results of the costs for individual replications.
The cycle service level is quite certain and the total costs are subject to change with a large
probability to fall within the 10th upon the 13t range. All histograms are given in Appendix Q.

110224

60 600
50 I — 500
OTotal costs

300
OService level

FREQUENCY TOTAL COSTS
w
S

FREQUENCY SERVICE LEVEL

10 100

ODDD HENENREEREEEEEN DDDDE_O

Figure 28: One example of the results of the replications in a histogram

The most interesting data that can be extracted from the histograms is the change in histograms
for the same product. If the histograms for an individual product look-a-like, the ratio between
the results is most likely to be correct. However, when one histogram has way more spread or
follows another pattern compared to another histogram for the same product, this means that the
ratio between the two options may change. When we compare all histograms of Appendix Q, we
see that for most of the products the patterns of the proposed model and the current model are
similar to each other, especially when one looks at the total costs. However, when we look at the
histograms of the cycle service level, we see that for 16 products the histograms of the cycle
service level are not completely following the same pattern. Therefore, we may conclude that
there is more spread in the cycle service level and, as a result, the difference in outcome may
become smaller. This remark is in line with the spread already noted in the cycle service level
found for the proposed model. However, since a cost reduction of a bit more than 28 percent is
significant, we can still conclude that the proposed model is more promising.

5.1.3 Verification and validation of the Monte Carlo simulation

Verification

To verify the Monte Carlo simulation, we will first calculate some results manually and check
whether the Monte Carlo simulation provides the same results. For that purpose, we will calculate
the results of two MTS products individually, one product that does have a constant reorder point
and order quantity during the entire year and one product that does have changing parameters
as a result of including seasonality.

The first product that is calculated manually is product 100004, which has the same parameters
during the entire year. To calculate the results manually, we assumed that the beginning
inventory was equal to 12.52 million and that the demand of each period is equal to 15.65 million.
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The second product for which the results are calculated manually, is product 110332, which is
facing different parameters during the year. The beginning inventory is assumed to be 156,500
and the demand during one period is assumed to be 1,565 million. The reorder points and order
quantities multiplied with a random factor are similar to the values found in the proposed model
and can be found in Table 22.

Table 22: Reorder iomts and order iuantltles that are used to calculate the results manualli

4,911,345.6

4,911,345.6

4,911,345.6

4,911,345.6

4,911,345.6

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

4,911,345.6

17,075,142.21

17,075,142.21

17,075,142.21

17,075,142.21

17,075,142.21

17,075,142.21

1,354,638.96 | 2,722,705.62 8,263,178.09 1,973,928.24 | 2,744,859.76 | 3,973,103.06
1,055,852.29 1,434,159.74 | 5,562,185.28 1,195,653.75 1,442,372.86 | 2,001,982.43
Q 556,448.27 2,030,722.09 2,027,729.81 2,252,272.88 1,282,936.92
S 952,396.40 93139723 1,211,078.38 1,210,255.19 1,275,431.18 1,043,025.55

The manually calculated results of product 100004 can be found in Table 23. Where Bl represents
the beginning inventory of a period. The manually calculated results for product 110332 can be

found in Table 24.

Table 23: Manuallﬁ calculated results ior product 100004 when the proposed pohc; was used

1 12,520,000.00 | 15,650,000 | 12,520,000 | 3,130,000 0.00 4 19,645,382.40 135,763.75 600,784.72
2 19,645,382.40 | 15,650,000 | 15,650,000 0 3,995,382.40 Yes 3 18,729,422.33 156,897.51 0 450,588.54
3 18,729,422.33 | 15,650,000 | 15,650,000 0 3,079,420.77 Yes 3 17,813,459.13 120,927.55 0 450,588.54
4 17,813,459.13 | 15,650,000 | 15,650,000 0 2,163,458.50 Yes 4 21,808,841.53 84,957.59 0 600,784.72
5 21,808,841.53 | 15,650,000 | 15,650,000 0 6,158,841.53 Yes 3 20,892,878.33 241,855.10 0 450,588.54
6 20,892,878.33 | 15,650,000 | 15,650,000 0 5,242,878.33 Yes 3 19976,918.26 205,885.14 0 450,588.54
7 19,976,918.26 | 15,650,000 | 15,650,000 0 4,326,918.26 Yes 3 19060,955.06 169,915.18 0 450,588.54
8 19,060,955.06 | 15,650,000 | 15,650,000 0 3,410,955.06 Yes 3 18144,991.86 133,945.22 0 450,588.54
9 18,144,991.86 | 15,650,000 | 15,650,000 0 2,494,991.86 Yes 3 17229,028.66 97,975.26 0 450,588.54
10 17,229,028.66 | 15,650,000 | 15,650,000 0 1,579,029.29 Yes 4 21224,411.06 62,008.43 0 600,784.72
11 21,224,411.06 | 15,650,000 | 15,650,000 0 5,574,411.06 Yes 3 20,308,450.99 218,902.81 0 450,588.54
12 20,308,450.99 | 15,650,000 | 15,650,000 0 4,658,450.99 Yes 3 19,392,487.79 182,932.85 0 450,588.54
13 19,392,487.79 | 15,650,000 | 15,650,000 0 3,742,487.79 Yes 3 18,476,524.59 146,966.02 0 450,588.54
1,823,168.66 | 135,763.75 6,308,239.56

Table 24: Manuallﬁ calculated results ior product 110332 when the proposed pohc; was used

1 156,500 1,565,000 156,500 1,408,500.00 1 1,354,638.96 0.00 102,761.03 | 1,241,608.40

2 1,354,638.96 | 1,565,000 | 1,354,638.96 210,361.04 Yes 1 2,722,705.62 0.00 15,347.64 1,241,608.40

3 2,722,705.62 | 1,565,000 1,565,000 0 1,157,705.62 Yes 1 9,420,883.71 76,469.03 0 1,241,608.40

4 9,420,883.71 | 1,565,000 1,565,000 0 7,855,883.71 No 0 7,855,883.71 518,900.79 0 0

5 7,855,883.71 | 1,565,000 1,565,000 0 6,290,883.71 No 0 6,290,883.71 415,529.41 0 0

6 6,290,883.71 | 1,565,000 1,565,000 0 4,725,883.71 No 0 4,725,883.71 312,158.03 0 0

7 4,725,883.71 | 1,565,000 1,565,000 0 3,160,883.71 No 0 3,160,883.71 208,783.52 0 0

8 3,160,883.71 | 1,565,000 1,565,000 0 1,595,883.71 No 0 1,595,883.71 105,412.14 0 0

9 1,595,883.71 | 1,565,000 1,565,000 0 30,883.71 Yes 1 2,061,602.67 2,040.76 0 1,241,608.40

10 2,061,602.67 | 1,565,000 1,565,000 0 496,602.67 Yes 1 2,524,332.48 32,802.40 0 1,241,608.40

11 2,524,332.48 | 1,565,000 1,565,000 0 959,332.48 Yes 1 3,211,602.23 63,366.85 0 1,241,608.40

12 3,211,602.23 | 1,565,000 1,565,000 0 1,646,605.36 No 0 1,646,605.36 108,761.24 0 0

13 1,646,605.36 | 1,565,000 1,565,000 0 81,602.23 Yes 1 1,436,244.32 5,389.86 0 1,241,608.40
1,849,614.03 | 118,108.67 | 8,691,258.80

To verify the Monte Carlo simulation, we will look at the results of the costs and CSL when the
Monte Carlo simulation is used. If the results are similar to the results that are calculated
manually, we can assume that the Monte Carlo simulation meets its intended goals and if verified.
The results of the Monte Carlo simulation multiplied with a random factor for both product
100004 and product 110332 can be found in Table 25.
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Table 25: Results of the Monte Carlo simulation for products 100004 and 110332

1 0 135,763.75 600,784.72 736,548.47 0.00 1 0.00 102,761.03 | 1,241,608.40 1,344,369.43 0.00
2 156,897.51 0 450,588.54 607,486.05 1.00 2 0.00 15,347.64 1,241,608.40 1,256,956.04 0.00
3 120,927.55 0 450,588.54 571,516.09 1.00 3 76,469.03 0 1,241,608.40 1,318,077.43 1.00
4 84,957.59 0 600,784.72 685,742.31 1.00 4 518,900.79 0 0 518,900.79 1.00
5 241,855.10 0 450,588.54 692,443.64 1.00 5 415,529.41 0 0 415,529.41 1.00
6 205,885.14 0 450,588.54 656,473.68 1.00 6 312,158.03 0 0 312,158.03 1.00
7 169,915.18 0 450,588.54 620,503.72 1.00 7 208,783.52 0 0 208,783.52 1.00
8 133,945.22 0 450,588.54 584,533.76 1.00 8 105,412.14 0 0 105,412.14 1.00
9 97,975.26 0 450,588.54 548,563.80 1.00 9 2,040.76 0 1,241,608.40 1,243,649.16 1.00
10 62,008.43 0 600,784.72 662,793.15 1.00 10 32,802.40 0 1,241,608.40 1,274,410.80 1.00
11 218,902.81 0 450,588.54 669,491.35 1.00 11 63,366.85 0 1,241,608.40 1,304,975.25 1.00
12 182,932.85 0 450,588.54 633,521.39 1.00 12 108,761.24 0 0 108,761.24 1.00
13 146,966.02 0 450,588.54 597,554.56 1.00 13 5,389.86 0 1,241,608.40 1,246,998.26 1.00
! 1,823,168.66 | 135,763.75 | 6,308,239.56 | 8,267,171.97 | 0.92 1,849,614.03 | 118,108.67 | 8,691,258.80 | 10,658,981.50 | 0.85

When we compare Table 23 and Table 24 with Table 25, we see that the results for the costs are
similar. Besides, we see that the CSL is in line with the stockouts found during the manual
calculation. Therefore, we can conclude that the Monte Carlo simulation is free of errors and
meets its intended goals, irrelevant whether the parameters change on a monthly basis.

Validation

To validate the Monte Carlo simulation, we simulate the course of the inventory level on a daily
basis in case the proposed model or current model was used in practice in 2018, based on the
actual demand and the same starting point, namely the inventory level of the 1st of January in
2018.

Since it is very time consuming to simulate the inventory level of all 44 MTS products, there is
chosen to simulate the inventory level for products that had a demand of at least a predetermined
number during the last twelve months, which holds for products: 100021, 100022, 100027,
110002,110007,110028,110036 and 110224.

Since we know on a daily basis how much is in inventory, it is possible to determine the holding
costs. The holding costs on a daily basis are equal to the daily inventory level multiplied with 0.22
and divided with 365, this value is then multiplied with the cost price of a product. When we take
the sum of all holding costs, we get the holding costs on a yearly basis. Besides, the Monte Carlo
simulation calculates the number of orders that are placed , therefore, we will count the number
of orders in the simulated inventory level over 2018. By multiplying this number with the order
costs, as found in Section 4.3.3, we get the yearly order costs. We should note, however, that
different orders that lie close to each other, can be combined into one order in practice, leading
to lower order costs.

The results of the values based on the actual demand along with the results of the Monte Carlo
simulation for the proposed model multiplied with a random factor for confidentiality reasons
can be found in Table 26. Followed by the results for the current model in Table 27.

Table 26: Results of the actual values along with the results of the Monte Carlo simulation for the proposed model

€11,959,992.92 €6,909,011.76 €- €12,294,893.53 €- €9,762,732.92
€ 8,418,620.15 31 € 4,656,072.19 €975,790.02 € 8,488,137.45 € 3,454,505.88 €9,161,951.33
€ 8,830,947.57 23 € 3,454,505.88 €4,121,399.33 €9,015,623.83 €1,652,154.85 €5,557,249.27
€16,459,039.27 9 €11,174,488.12 €861,156.90 €17,908,626.78 | €3,724,828.33 | €17,382,536.38
€27,134,714.94 11 €11,676,198.95 €12,576,681.17 €33,120,151.34 | €6,368,836.36 | € 24,413,868.54
€16,787,276.11 15 €7,182,749.04 €2,150,228.62 €17,340,209.39 | €3,830,800.74 | €18,675,145.00
€17,842,073.59 11 €16,274,945.19 €1,243,117.06 €20,769,647.10 €- €41,427,130.65
€ 25,511,575.19 22 €10,534,697.34 € 15,231,055.76 € 28,485,569.73 | €1,436,551.06 | €10,534,697.34
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Table 27: Results of the actual values along with the results of the Monte Carlo simulation for the current model
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Holding costs Number of Order costs Holding costs - Holding costs - Order costs - Order costs -
ﬂ times Q is minimum maximum minimum maximum
added

i € 13,831,801.78 € 3,754,898.24 €4,727,210.83 € 14,843,943.62 €3,003,917.34 €6,458,423.22
100022 €9,722,108.65 16 € 2,403,135.75 €3,219,815.35 €16,567,881.89 €1,652,154.85 €5,857,641.63
100027 € 9,574,482.20 16 € 2,403,135.75 €5,211,321.67 € 10,789,588.89 €901,173.95 € 4,055,290.60
iSO € 16,105,840.68 15 € 18,624,144.78 €6,113,287.51 € 16,423,416.74 € 4,966,439.86 € 29,798,632.90
iSO € 28,241,899.23 14 € 14,860,614.00 € 10,884,687.68 € 28,489,219.31 € 7,430,307.00 €37,151,538.13
ISOPAS € 20,587,168.10 12 €5,746,197.98 €9,910,756.88 € 23,275,309.13 € 1,915,400.37 € 8,619,296.97
ISR € 17,804,735.82 19 €28,111,265.55 €3,013,945.86 €17,852,164.71 € 19,234,025.28 €73,977,017.90
Ny Ze € 29,012,955.95 23 €11,013,546.65 € 16,657,387.37 € 32,243,644.92 € 957,698.62 €11,971,248.40

Based on the results of the values based on actual demand, we see that the found costs all fall
within the range of the output of the Monte Carlo simulation. However, it seems that the holding
costs of the validation method are often close to the maximum holding costs of the Monte Carlo
simulation, which means that the model may be a little too optimistic in terms of holding costs.

We should note that the holding costs are based on the inventory level on a daily basis. To
determine the inventory level we assumed that the production facility is able to produce
1,565,000 kilo of one product on a daily basis, which is approximately the highest attainable value
when one takes the capacity into account. However, it may be the case that there is less
production in practice due to capacity restrictions or problems within the production. As a result,
the holding costs will be somewhat lower in practice. Therefore, we still assume that the Monte
Carlo simulation represents realistic values as outcome of the model.

Besides, the order costs of the values based on actual demand always fall within the range of the
order costs that serve as output of the Monte Carlo simulation. Thus, the order costs of the Monte
Carlo simulation are in line with reality.

Another note that should be made is that stockout costs are not taken into account for the
validation. The reason is that the inventory level was never equal to or close to zero wit the use
of the proposed model or the current model in combination with the actual demand of 2018,
which means that there should be no stockouts when the proposed or current model is used.
Thus, if the proposed model is completely used in practice based on the demand of 2018, there
would have been no stockouts, leading to a CSL of 1, which is equal to the maximum value of all
products. So, we are able to conclude that the Monte Carlo simulation represents realistic results.

5.2 Effect of the parameters of the inventory control policy

This section elaborates on sub-question 13: What is the effect of the parameters of the inventory
control policy? We already know that it is promising to implement the proposed model when we
compare it to the current model. However, it may be the case that the parameters of the current
model are not used in practice. If the parameters of the current policy are not used in practice, we
want to see the effect of using the proposed model compared to practice and, thus, see the effects
of using the parameters.

Determination of the effects of not taking the policy into account

To see whether the company is following the current policy, we will check whether the current
inventory level is at least equal to the determined reorder points. If the inventory level is below
reorder point and the product is not scheduled to be produced, we can conclude that the company
is not following the current inventory control policy properly. Furthermore, it may be the case
that products are in inventory even if they are not considered to be MTS products, which is also
in contrast to the inventory control policy and will lead to higher holding costs.
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To compare the practical situation with the situation in which the current inventory control
policy is fully used, we will determine the holding costs as well as the stockout costs. The holding
costs for the practical situation are determined by multiplying the number of products in
inventory with 22% of the cost price per annum. For the policy, the holding costs are determined
by multiplying the reorder points with 22% of the cost price per annum for each of the MTS
products, assuming that this value should always be in inventory. The stockout costs, on the other
hand, are based on the sales orders available in the ERP system. The amount of products that
cannot be delivered directly from stock will be multiplied with 24.3% of the cost price, assuming
that this value represents the stockout costs. By summing up the holding costs with the order
costs, we can compare the practical situation to the situation at which an inventory control policy
is fully used. If the latter appears to be much cheaper, we can conclude that the company lacks in
following the current inventory control policy, which will reduce the costs for the company.

Normally, the order costs also have to be included to determine the total costs. However, it is
impossible to determine the order costs since we are looking at one static moment in time at
which no orders take place. To compare the order costs, one has to observe how many times
products were ordered in a predetermined period and compare it to the results when a policy is
fully used. Since we already determined the course of the inventory level over 2018 for both the
current model as well as the proposed model while validating the Monte Carlo simulation, we can
easily compare it by determining the practical inventory course. For that purpose, we also take
the output of production into account. We should note that for the validation of the Monte Carlo
simulation, the number of orders that are placed are calculated. However, in practice, a
multiplication of Q that is required to get above reorder point is combined into one order. That
way, we can compare the current model as well as the proposed model with the actual course of
2018. Since it is undoable to simulate the course of the inventory level on a daily basis for all MTS
products, we continue with the eight products that had a demand of at least a predetermined
number during the last twelve months.

Implementation of the determination of the effects of not taking the policy into account
Effects resulting from the data of one fixed moment in time

The first step in determining the effects of the policy is to determine the current inventory level.
This data is retrieved from the ERP system on the 4th of June. Furthermore, the reorder points and
economic order quantities as calculated in the current model are retrieved to check whether the
company is following the policy. Since we use an inventory level that is retrieved in June, the
parameters used are also calculated for June. By comparing the reorder points with the current
inventory level, we see that 24 MTS products do have an inventory level below reorder point and
are not following the policy. Based on the current inventory control policy, 41 products are
classified as MTS and do have a reorder point in the system. As a result, almost 59 percent of the
MTS products do not follow the policy.

Now that we know that the policy is not (fully) used in practice, we want to see the effects on the
costs of not following the inventory control policy. As mentioned before, these costs consist of the
holding- and stockout costs. These costs are determined for each product individually and
summed up to get the total costs of the model.

The holding costs in practice are determined by multiplying the value that is in inventory with
22% of the cost price. For the current model as well as the proposed model, the holding costs are
determined by multiplying the reorder points with 22% of the cost price, assuming that this value
will always be in inventory. The stockout costs are determined by multiplying 24.3% with the
number of products from the sales orders that cannot be fulfilled with the current inventory level.
Again, we assume that the inventory level of the current model as well as the proposed model are
equal to the reorder points. The results of the holdings costs as well as the stockout costs for all
models that are multiplied with a random factor for confidentiality reasons can be found in Table
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28. As one can see, the order costs are not calculated here, since we cannot determine the number
of orders when only looking at one static moment in time.

Table 28: Results of the comparison between practice and fully implementing the policy
Practice Current model | Proposed model
Holding costs €591,201,714.81 | €419,027,519.91 | € 337,805,149.84

Stockout costs €375,349,947.43 | €393,002,033.15 | €467,478,048.17

Total costs €966,551,662.24 | €812,029,553.06 | €805,283,198.01

By comparing the different options, we see that the cheapest option is that of the proposed model,
which mainly results from a reduction in holding costs. The stockout costs, however, appear to
be most expensive with the use of the proposed model. If we compare the current model with the
proposed model, it makes sense that the stockout costs are higher, since the proposed model
holds less inventory and can, therefore, deliver less products directly from stock. However, we
only look at one static point in time, meaning that there are opportunities to produce sales orders
within a predetermined period, leading to lower stockout costs. Thus, if we look at the total costs
and keep in our minds that a reduction in stockout costs is possible, we assume that it is best to
follow the proposed model. Following the proposed model could already save the company more
than 160 million euro compared to the practical situation.

Since the decision has been made that MTO products should not be in inventory, we also want to
compare the models with a focus on the results for MTS products. As a result, we can conclude
that not having MTO products in stock already saves the company almost 242 million euro. By
only looking at the total costs for MTS products, we see that the differences in costs have become
smaller. However, we do see that the proposed model is able to have less inventory in
combination with less stockout costs compared to practice, therefore, the proposed model is
always a better option compared to practice when we purely look at costs. When we compare the
current model with the proposed model, we do see that the stockout costs are way less for the
current model, however, this does not overrule the reduction of holding costs when taking the
proposed model into account. That way, the proposed model will always be selected to use when
we take a possible cost reduction of stockout costs into account and purely look at the total costs.

Another factor that influences the decision on whether or not to use a policy is the cycle service
level. Since we already determined the number of products that could not be delivered from stock
within a replenishment cycle, we can also determine the cycle service level, which is equal to the
fraction of replenishment cycles that end with all the customer demand being met. As a result we
find the cycle service levels as represented in Table 29.

Table 29: Cycle service levels
R RS R (323l Practice | Current model | Proposed model
Total model 0.4441 0.4161 0.3593

As one can see, the cycle service levels are not that high. One of the reasons is that we only look
at the inventory and reorder points at one point in time, while the sales orders may also represent
orders that do not have to be delivered directly. The company has some weeks to produce the
product which are not taken into account, but which can improve the cycle service level.
Furthermore, we see that the overall cycle service level of the real time situation is higher than
the cycle service level if we have implemented the model. This results from the fact that the
company has inventory of MTO products which should not have been in inventory. Therefore, we
only have to look at the MTS products to get reliable results and see that the cycle service level of
MTS products is higher if we implement one of the models correctly.

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

When we compare the current model with the proposed model, we see that the current model
scores better on the cycle service level. The difference of almost 0.06 is considerable, in favour of
the current model. Thus, if the company put a lot of emphasis on the cycle service level, it may
still decide to follow the current model instead of the proposed model, even though that will cost
them a lot of money. Therefore, a trade-off exists between reducing the costs and attaining a
certain cycle service level. Since there is a possibility to improve the cycle service level with the
production of products, our suggestion would still be to follow the proposed model when we take
the holding and stockout costs into account.

A remark that should be made is that there are 4 products which are not mentioned before, that
also represent intermediate products. They are not considered to be MTS, because they are not
used in at least six months. However, not having the products in inventory will lead to standstill
in the production facility. Therefore, we want to have these products in inventory. The product
number belonging to these products are 110045, 110210, 110286 and 110301. Since there is no
large number required for these products, we will choose to let these products be exceptions to
the model and have one pallet in inventory for each of these products. In that case, we will set the
reorder point for these products equal to 500 and the economic order quantity equal to 300.

With inclusion of reorder points and order quantities for each of the four products, we will
calculate the new results. These results can be found in Table 30.

Table 30: Final results of the comparison between practice and fully implementing the policy
Practice Current model | Proposed model

Holding costs

€591,201,714.81

€ 419,380,687.20

€338,158,317.13

Stockout costs

€ 375,349,947.43

€393,002,033.15

€467,478,048.17

Total costs

€966,551,662.24

€812,382,720.35

€805,636,362.17

When we compare the results, we only see that the holding costs have changed. The reason is that
there are no sales orders for each of the four products at the moment of data collection. Even
though the costs of the policy have increased, the overall conclusions remain the same.

To actually see how the different models and practice evolve over time, we will look at the course
of inventory on a daily basis for a predetermined period. Since we want to compare the models
on a yearly basis, we will simulate the inventory levels on a daily basis with the use of data over
2018. Furthermore, we should note that there is a possibility that the order costs are higher when
one of the policies is used, which is also taken into account while comparing the models based on
the data of 2018. As a result, we can conclude whether the proposed model should be used in
practice, or whether another options seems to be more promising.

Effects resulting from historic data

To see the effect of the model compared to reality, we will look at the inventory level on a daily
basis. For that purpose, we have established how the inventory has changed on a daily basis
during 2018 based on orders and demand and how it would have changed if we had used the
proposed inventory control policy. The course of the inventory level on a daily basis if the policy
was fully used is already determined during the validation of the Monte Carlo simulation, with
the change that we now combine different orders into one order when possible. The following
step is to simulate the course of the inventory on how it went in practice in 2018. Since it is
undoable to execute this method for all MTS products, we still focus on the eight products with a
demand that is higher than a predetermined number. The results in terms of costs multiplied by
arandom factor for confidentiality reasons can be found in Table 31. The value that is stated above
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the column of orders costs represents the order costs for the corresponding product. An overview
of the course of the inventory levels over 2018 can be found in Figure 29.

Table 31: Results in terms of costs for the course of the inventory level over 2018 for the 8 most demanded products

100021

100022

100027

110002

25,762,664.73

58,266,990.13

5,562,534.76

€ 150,195.90

3604701.709

9167236.465

25,762,664.73

31,441,549.68

24,005,746.29

dh

13,831,800.62

11

1652154.95

15483955.57

25,762,664.73

43,100,270.47

19,398,790.46

dh

11,959,991.65

14

2102742.664

14062734.31

23,036,706.41

44,067,253.72

5,797,117.08

150,195.90

2553330.378

8350447.461

23,036,706.41 16,122,970.89 16,122,970.89 € 9,722,107.89 14 2102742.664 11824850.55
23,036,706.41 23,139,591.88 13,400,898.11 € 8,418,619.51 15 2252938.568 10671558.07

€ 198,661.68
12,184,939.13 18,347,389.87 € 3,775,505.61 17 € 2,553,330.38 | € 6,328,835.99
12,184,939.13 19,915,565.45 8,289,303.78 € 9,574,481.77 13 € 1,952,546.76 | € 11,527,028.53
12,184,939.13 20,511,541.50 8,209,693.46 € 8,830,947.33 13 € 1,952,546.76 | € 10,783,494.09

€ 1,241,609.69

110007

110028

110036

110224

11,479,966.42 31,645,932.92 € 10,101,402.95 6 € 7,449,658.14 | € 17,551,061.08
11,479,966.42 44,669.06 11,479,966.42 € 16,105,839.40 7 € 8,691,267.83 | € 24,797,107.23
11,479,966.42 44,885,096.47 11,479,966.42 € 16,459,040.61 7 € 8,691,267.83 | € 25,150,308.44

€ 1,061,472.51

118,636,646.35 88,599,444.22 € 25,499,598.36 15 € 15922,087.72 | € 41,421,686.09
118,636,646.35 36,002,539.96 36,002,539.96 € 28,241,898.81 4 € 4,245,890.06 | € 32,487,788.87
118,636,646.35 63,454,836.16 25,832,585.05 € 27,134,715.22 6 € 6,368,835.09 | € 33,503,550.31

40,866,114.77

4,682,341.34

9,614,388.00

€ 478,849.90

3,830,799.24

13,445,187.23

40,866,114.77

26,008,620.04

21,567,681.67

20,587,167.34

10

€ 4,788,499.05

25,375,666.39

40,866,114.77

26,777,627.90

10,732,019.16

16,787,274.72

10

€ 4,788,499.05

21,575,773.76

36,772,095.74

46,503,783.44

10,918,553.31

€ 1,479,540.33

13,315,863.00

24,234,416.30

36,772,095.74

46,425,759.57

27,370,396.54

17,804,735.95

€  16,274,943.66

34,079,679.62

36,772,095.74

40,634,429.66

22,765,814.22

17,842,072.85

€ 8,877,242.00

26,719,314.85

€ 478,849.90

24,484,528.92 619,321.83 € 7,417,567.73 13 €6,225,048.76 €13,642,616.50
24,484,528.92 34,487,223.34 7,192,626.34 € 29,012,954.77 11 €5,267,348.95 € 34,280,303.72
24,484,528.92 35,793,115.00 6,666,179.05 € 25,511,575.98 9 €4,309,649.14 €29,821,225.12

Practice € 78,686,667.80 € 55,454,819.32 | € 134,141,487.12

Current model € 144,880,986.55 € 44,975,393.92 | € 189,856,380.47

Proposed model € 132,944,237.86 € 39,343,721.09 | € 172,287,958.96
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100021 100022

——Practice —— Proposedmodel ~—— Current model Practice  —— Proposed model Current model

100027 110002

110007 110028

Practice  ——Proposedmodel ~—— Current model Practice ——Proposed model Current model

110036 110224

—Practice

Proposed model  —— Current model Practice —— Proposed model Current model

Figure 29: Overview of course of the inventory level on a daily basis for 2018 for the 8 most demanded products

Based on the results, we can conclude that the cheapest option is to keep it the way it is, mainly
as a result of having low holding costs. However, the stockout costs are not taken into account,
which may cause another option to be more promising. When we look at Figure 29, we see that
the chance of facing a stockout is extremely small in case the proposed model or the current
model is fully used, since there is always a buffer of inventory available. However, when we look
at the practical course of the inventory level over 2018, we see that there is always a period that
the inventory level is close to or equal to zero. To check this assumption, also the minimum
inventory level is added to the results of Table 31. The maximum value that is ordered for a
product in one day is equal to 2,817,000, therefore, each value that is below 2,817,000 is
highlighted in grey meaning that there is a chance of facing a stockout. We see that for each of the
8 products there is a chance of facing a stockout when we look at the practical situation, however,
we cannot check whether the company actually had lost sales or was not able to comply with
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agreements, since they do not keep track of such data. For example, when the company postpones
the delivery date of a product that has been agreed on with customers, they do not see it as a
stockout, but they see it as demand that is demanded in a later stage. Since they do not take notes
of such postponements, there is no data available to see the influence of not having the products
in inventory and trace it back in a later stage. As a result, stockout costs cannot be determined,
because there are no specific values available.

Furthermore, it appears that the order costs can be reduced with more than 10 million euro when
one of the policies is used. On the other hand, there are two products for which the order costs
appear to be more expensive with the use of a policy, namely for products 110002 and 110028.
Both products combined are responsible for difference of a bit more than 2,199,000 euro,
however, compared to the total difference we consider the difference to be irrelevant. Based on
the total order costs, less die changes are required, the company can produce longer production
runs and do not have to switch between a lot of products at all times. Therefore, it is also more
desirable to follow the policies to make it run smoother in production and have less unnecessary
changeovers that take a lot of work.

This leaves us with two questions. The first question is whether the difference of more than 38
million in total costs between practice and the proposed model can be overruled with the
difference between the stockout costs and better working conditions within the production
facility. The second question is whether we have the same results when we simulate the course
of the inventory level for all 44 MTS products.

To see whether we gain similar results when we look at the latest available data, we will execute
the same method for a time period between January and May of 2019. The results in terms of
costs multiplied by a random factor for confidentiality reasons can be found in Table 32. An
overview of the course of the inventory levels over the first months 2019 can be found in Figure
30.

In contrast to the results found over 2018, we see that following a policy costs more in terms of
holding costs as well as in terms of order costs. However, the difference in order costs is extremely
small. Since the high season has only started, the effects of switching a lot between products to
survive the high season is not visible yet. Still, we can conclude that the chance of facing a stockout
is only considerably present when one follows the practical situation. Thus, if a company want to
avoid facing seasons, it is suggested to follow one of the policies, where the proposed model seems
to be more promising.

In Figure 30 we see that there are 4 products in the practical situation that do not have a buffer
to survive the high season, namely products: 110002, 110007, 110036, 110224. Because there is
also a need to schedule MTO production orders within a predetermined period when the order
arrives, it is desirable to have a buffer available for MTS products to be able to fulfil all demand
during a period. Therefore, it is suggested to follow the proposed model, even though that is more
costly, especially in terms of holding costs.

A remark that should be made is that within the simulation of the policies it is assumed that the
required products can be produced at all times. However, in practice, it may be the case that they
are not able to produce the required order quantity or that they have to finish orders sooner as a
result of capacity restrictions or quality issues. As a result, the holding costs can be lower in
practice and the order costs may be somewhat higher to produce all required products.
Altogether, we cannot say with certainty whether the cheapest option is to keep going the way it
is or to follow the proposed model. While keeping in mind that the ultimate goal is to deliver the
products to customers within a reasonable timeframe, it is suggested that the company follows
the proposed model.
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Table 32: Results in terms of costs for the course of the inventory level over 2019 for the 8 most demanded products

100021 € 150,195.90
58,266,990.13 62,863,108.32 37,662,253.49 € 9,721,680.79 € 1,201,567.24 10,923,248.03
58,266,990.13 56,226,507.09 35,023,565.56 € 8,590,323.16 € 901,175.43 9,491,498.59
58,266,990.13 43,622,223.64 31,536,388.52 € 7,513,474.47 € 600,783.62 8,114,258.09
100022 € 150,195.90

34,941,340.59 40,065,473.98 14,218,230.13 € 5,413,831.50 € 600,783.62 6,014,615.11

34,941,340.59 26,326,843.57 21,835,272.64 € 5,265,798.91 € 901,175.43 6,166,974.34

34,941,340.59 21,695,771.27 16,659,607.48 € 4,371,391.94 € 1,051,371.33 5,422,763.27
100027 € 150,195.90

18,347,389.87 22,474,586.47 10,852,312.84 € 4,108,662.88 € 750,979.52 4,859,642.41

18,347,389.87 24,731,623.31 14,115,340.43 € 3,917,613.21 € 1,051,371.33 4,968,984.54

18,347,389.87 19,883,103.18 12,207,721.44 € 3,686,317.46 € 1,051,371.33 4,737,688.79
110002 € 1,241,609.69

31,645,932.92 10,583,897.81 10,583,897.81 € 5,222,837.34 € 1,241,609.69 6,464,447.03

31,645,932.92 37,123,823.39 26,329,506.16 € 6,983,504.32 € 4,966,438.76 11,949,943.08

31,645,932.92 32,700,826.28 22,515,347.61 € 7,471,402.74 € 3,724,829.07 11,196,231.81
110007 € 1,061,472.51

88,599,444.22 6,139,405.17 € 8,795,562.40 € 6,368,835.09 15,164,397.49

88,599,444.22 53,942,651.95 46,063,046.26 € 12,248,893.51 € 6,368,835.09 18,617,728.60

88,599,444.22 48,701,338.82 35,782,277.16 € 10,385,620.38 € 4,245,890.06 14,631,510.44
110028 € 478,849.90

4,682,341.34 27,681,165.25 € 1,910,817.41 € 2,394,249.52 4,305,066.93
4,682,341.34 33,686,466.57 3,564,591.08 €  4,584,961.95 € 2,394,249.52 6,979,211.48
4,682,341.34 23,188,534.85 4,682,341.34 € 6,374,300.43 € 2,394,249.52 8,768,549.95
110036 € 1,479,540.33
46,503,783.44 15,680,595.75 4,470,425.18 4,438,621.00 8,909,046.17
46,503,783.44 54,794,009.15 28,858,479.18 € 7,469,497.02 €  8,877,242.00 16,346,739.02
46,503,783.44 59,298,310.93 28,858,479.18 €  6,860,962.42 €  4,438,621.00 11,299,583.42
110224 € 478,849.90
619,321.83 1,288,215.47 1,191,567.76 1,915,399.62 3,106,967.38
619,321.83 42,172,375.07 € 10,663,568.53 € 1,915,399.62 12,578,968.14
619,321.83 34,301,177.65 € 9,889,579.64 € 1,915,399.62 11,804,979.26
Practice € 40,835,385.25 € 18,912,045.30 59,747,430.55
Current model € 59,724,160.60 € 27,375,887.17 87,100,047.78
Proposed model € 56,553,049.48 € 19,422,515.55 75,975,565.03
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Figure 30: Overview of course of the inventory level on a daily basis for 2019 for the 8 most demanded products

5.3 Conclusion
Chapter 5 focuses on answering sub-question 12 and 13.

The first question that is handled during this chapter is: What is the impact of implementing the
proposed inventory control policy based on a simulation model? Based on the results of the Monte
Carlo simulation, we can conclude that it is promising to implement the proposed model and
overrule the current one. By implementing the proposed model, more than 244 million euro could
be saved on a yearly basis, which is a cost reduction of a bit more than 28 percent compared to
the current model. In the results of the Monte Carlo simulation, it is even found that the cycle
service level is not affected, and has even improved from 0.89 to 0.94. It should be noted, however,
that there is more variation in the cycle service level when the proposed model is used, therefore,
the reduction in the cycle service level may not hold in practice. Even though there is no certainty
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that the cycle service level will be improved when the proposed model is used in practice, the
difference in costs is extremely large, resulting in a recommendation to use the proposed model
instead of the current one.

To check whether the results of the Monte Carlo simulation can actually be used to draw any
conclusions, the simulation was verified and validated. To verify the Monte Carlo simulation, we
manually calculated the results of the costs for two MTS items, one product facing the same
parameters during the year and one product facing different parameters during the year as a
result of including seasonality. It appeared that the manually calculated results are in line with
the results of the Monte Carlo simulation for both products, meaning that the Monte Carlo
simulation is free of errors and meets its intended goals, irrelevant whether the parameters
change on a monthly basis.

To validate the Monte Carlo simulation, we simulated the course of the inventory level on a daily
basis for both the current model as well as the proposed model based on the actual demand over
2018. That way, the holding costs and order costs are determined if the policies were fully used.
The order costs for the Monte Carlo simulation are based on the number of orders that are placed
during a year, therefore, also the number of orders that should be placed based on the actual
demand of 2018 are determined to calculate the order costs. It appears that all costs fall within
the range of the replications of the Monte Carlo simulation, thus, based on the costs, we can
assume that the Monte Carlo simulation gives representative results and a conclusion can be
drawn from the simulation. Additionally, if the policies are fully used in practice, there would
never have been a stockout based on the actual demand, meaning that the CSL in practice would
have been equal to one, which is in line with the range or the CSL according to the Monte Carlo
simulation.

The second question that is answered during this chapter is: What is the effect of the parameters
of the inventory control policy? For that purpose, it is checked whether the company is using the
current inventory control policy or not. It turned out that the company is not following the
inventory control policy completely which leads to an increase in costs for more than 161 million
euro if we look at one fixed moment in time.

To get a clearer view of the effects of the model, the course of the inventory level is simulated on
a daily basis with implementation of the current policy, the proposed policy and compared with
the course of the inventory level that is based on how the course of the inventory level went in
practice. First, using the proposed model or the current model has been compared to practice for
all data of 2018 and, secondly, using the proposed model or the current model has been compared
to practice for the data from January of 2019 to May of 2019. It appeared that using the policy
leads to lower order costs on a yearly basis and in combination with always having a buffer
available, reducing the chance of facing stockouts. Since the stockout costs cannot be calculated,
it is questionable whether the increase in costs of the proposed model compared to the practical
situation can be overruled with a reduction in stockout costs. Furthermore, it is asked whether
the same conclusions hold when the course of the inventory level is simulated for all 44 MTS
products.

Besides, it may be possible that the course of the inventory control policy had been different due
to capacity restrictions or quality issues. Therefore, only conclusions could be drawn under the
assumptions that the company is always able to produce the required number of products.

Altogether, it can be concluded that the use of the policy parameters will have a major influence
on the order costs and will reduce the chance of facing stockouts. Therefore, it is suggested that
the company should embrace the proposed inventory control policy and use it in practice to
actually reduce the order costs and deliver products to customers right away.

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

6. Conclusions and recommendations

This chapter describes the conclusions and recommendations of this research. Since we already
answered all sub questions during other chapters, this chapter focuses on answering the research
question as proposed in Section 1.4. Thereafter, recommendations will be provided divided upon
three different categories, namely: recommendations that can be put into practice by the
company immediately, recommendations that can be applied in the future by the company and
recommendations for further research on the same topic.

6.1 Conclusions
The research question that is attempted to answer during this study is:

How to improve the current inventory control policy considering the trade-off between meeting a
target cycle service level and reducing inventory costs along with the mapping of changeover costs
and how to implement it into the current ERP system?

To determine how the current inventory control policy can be improved, the first thing to get
clear was how the current policy functions. As a result, we found that the current policy already
contained the basics, but that it was mostly based on common sense. The input data was not
underpinned and obsolescence and outliers were not taken into account. Furthermore,
seasonality has to be updated manually and the classification of products could be improved.

To summarize the improvements that can be made compared to the current inventory control
policy, the main contributions of this study are mentioned below:

e This study shows the influence of using parameters of an inventory control policy in
practice and it shows the company how they score in practice.

e This study compares the proposed model with the current model as already developed by
the company with the use of a Monte Carlo simulation.

e This study adds configuration packages to the inventory control policy that are
automatically updated. Thereafter, these files only have to be uploaded in the ERP system
to have all relevant parameters in the ERP system.

e This study gives the company some insights into their demand with the use of extensive
analyses.

e This study measures all relevant data, when not available within the company. For
example, the order costs based on changeovers are measured with observations.

o This study takes obsolescence into account, to avoid that the company has to sell products
against relatively low prices.

e This study determines one selling price per product, that is used for the calculations to
classify the different products.

o This study uses seasonality factors, that are determined based on actual demand and can
be updated when new demand arrives. Furthermore, an additional check has been added
to see whether seasonality should actually be taken into account for specific products.

e This study determines outliers that may have a negative impact on the outcomes of the
inventory control policy and excludes these outliers while calculating parameters.

o This study extends the classification of the products by also taking the cost price and
selling price into account. Besides, the classification is also based on the number of
months at which a product is demanded.

o This study does not base target cycle service levels on common sense, but underpins the
target cycle service levels with theory. Products that are considered to be less important
can have lower targeted cycle service levels to reduce the costs.

To compare the current inventory control policy with the proposed inventory control policy, a
Monte Carlo simulation is made. For both models, the policy parameters for the order quantities

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

and reorder points are calculated and implemented in the simulation. While these policy
parameters are the only difference between the models, it appeared that the proposed model
scores better in all types of costs without affecting the cycle service level. The reduction in holding
costs is a result of having lower reorder points, which usually results in a lower inventory level.
However, the reduction in stockout costs as well as order costs may be a result of having less
demand, since the demand is random and subject to change. Still, the reduction in order costs is
also a result of having higher order quantities. Therefore, the Monte Carlo simulation is validated
to check whether the simulation provides reliable results. The simulation is validated by checking
the actual costs when the policies were used in 2018 based on actual data. It appeared that the
holding costs as well as the order costs fall within the range of costs simulated by all replications
and that there were no stockouts if the policies were fully used in 2018. As a result, we can
conclude that the Monte Carlo simulation shows reliable results, meaning that the proposed
model scores better in terms of costs. Besides, the Monte Carlo simulation is verified by
comparing the results with manually calculated results, to check whether the simulation is free
of errors and meets its intended goals, which seemed to be the case.

To see whether the parameters of the current model are actually used in practice, it is checked
whether the value of the reorder points of the current policy are at least in inventory, meaning
that the inventory level of a product is above reorder point. It appears that this was not the case,
besides, the company could already save more than 242 million euro in holding costs by not
having MTO products in inventory. To compare the current model and the proposed model with
the practical situation, the actual inventory level on a daily basis is simulated and compared to
the results found when the Monte Carlo simulation was validated. It appeared that the holding
costs are much lower in practice, however, the company has a chance of facing stockouts and has
to produce a lot of products simultaneously in the high season, leading to high order costs. Since
it is stated that the cycle service level is extremely important, it can be concluded that it is
advisory to use any of the inventory control policies, to build a buffer to survive the high season
and be able to attain a relatively high cycle service level.

As we have found that the proposed model is way more promising compared to the current model
in terms of costs and it is irrelevant for the cycle service level which of the models is used, it can
be concluded that the proposed model should be used in practice. That way, we can conclude that
by implementing the proposed model in the company the current inventory control policy is
improved while considering the trade-off between meeting a target cycle service level and
reducing the inventory costs.

The last part of the question that still has to be answered is how the proposed model can be
implemented into the current ERP system. Since the ERP system is not capable of having the
inventory control policy processed in the system, we made the inventory control policy outside
the ERP system and update the parameters within the ERP system.

Altogether, we can conclude that a proposed inventory control policy is made that determines the
policy parameters while taking obsolescence and outliers into account. Furthermore, the
influence of seasonality is calculated based on historic data and do not have to be manually
updated and all other relevant data is based on measurements and observations. The proposed
model will be implemented in the current ERP system with the use of configuration packages. As
mentioned before, this study adds configuration packages to the inventory control policy that are
automatically updated. Thereafter, these files only have to be uploaded in the ERP system to have
all relevant parameters in the ERP system. The parameters will be updated on an item level as
well as on a warehouse level. By having the parameters on item level, the whole system and total
inventory of a product remains clear and by having the parameters on a warehouse level, advices
can be generated. By importing, validating and implementing the configuration packages, the
parameters are updated in the system and can be used to let the system calculate advices in terms
of required transfers and required production orders.
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Altogether, we can conclude that it is advisory to use the proposed inventory control policy to
determine the policy parameters. Besides, the proposed model will be implemented in the current
ERP system with the use of configuration packages.

6.2 Recommendations

This section elaborates on recommendations that can be put into practice by the company or
future researchers. To make a distinction between the different kinds of recommendations, they
are all subdivided upon three different categories.

6.2.1 Recommendations that can be put into practice by the company immediately

Use the proposed inventory control policy in practice

Use the parameters as determined within the inventory control policy, thus, schedule a
production order when the inventory level drops below reorder point with an amount of n times
Q that is required to exceed the reorder point again. Use the policy based on a priority list. The
first step is to determine whether there are actual sales orders. If there are sales orders for MTS
products and the required amount is not available in inventory, start with producing these
products with n times Q to get above reorder point and to fulfill the sales orders for these specific
products. If there are no sales orders of MTS products that cannot be delivered immediately,
check whether there are some sales orders for MTO products. If that is the case, start producing
the required amount of MTO products. If all sales orders are met, start producing to build
inventory according to the inventory control policy, thus, by producing MTS products that have
an inventory level below reorder point.

Ensure that there is inventory available for intermediate products that are not classified
as MTS

Within this study we found four products that are intermediate products, but that will not be
classified as MTS since they are used in less than six months. If these products are not in
inventory, it may lead to standstill of the production facility, therefore it is important to have
inventory of these products at all times. To have the lowest possible inventory level, it is
suggested that the company makes sure that there is only one pallet in inventory for each of these
products. The intermediate products that are found during this study and for which there should
already be one pallet in inventory are: 1100045, 110210, 110286 and 110301.

Enter the parameters of the inventory control policy in the ERP system

The parameters can be entered into the ERP system on two different levels, namely on item level
and on warehouse level. If the parameters are entered on item level, it provides a clear overview
of the parameters, however, it will not be used by the ERP system to give advice on transfer needs
or production needs. Therefore, one also has to make sure that the parameters are updated on
warehouse level. To update the parameters, configuration packages have been made which are
automatically updated in the inventory control policy when new data is added. It is suggested that
the company updates the parameters on both item level as well as on warehouse level and has to
upload the configuration packages to the ERP system. If the configuration packages are validated
and applied, the parameters are updated within the ERP system.

6.2.2 Recommendations that can be applied in the future by the company

Collect the data to calculate the cycle service level

The company does not keep track of data that is required to determine the cycle service level. For
example, they do not store the number of MTS products that can be delivered directly from stock
and the number of MTS products that cannot be delivered directly from stock. Furthermore, if the
company makes new agreements with customers or postpones the first agreed delivery date, they
do not save this data such that it can be traced back in a later stage. Therefore, they do not have
actual numbers on how they score in favour of customers. Even though the goal is to deliver good
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quality products to customers on time, they do not have any data validating that they are on the
right track. Besides, the cycle service level is an indication whether there are enough products in
inventory, if that is the case, they may decide to lower the reorder points and order quantities to
reduce costs and still be able to fulfil all demand. However, this specific decision can only be made
when there is proof that they meet all agreements with customers.

Determine whether obsolescence has to play a role

In the proposed model, obsolescence is taken into account. It appeared that reducing the reorder
points and order quantities as a result of including obsolescence did not have a negative impact
on the cycle service levels, since the existing reorder points were relatively high. The introduction
of obsolescence leads to lower reorder points and lower order quantities, even though it is
favourable to have the production runs as long as possible to have smoother production. It is
decided to take obsolescence into account since there are products that are in inventory for over
a year, leading to lower selling prices. Since the quality of the products does not change over the
years, the company may decide not to take obsolescence into account anymore. If the company
thinks that the reduction in selling price is negligible or when the company thinks that the selling
prices should not be reduced at all, the company is able to use the parameters that are determined
without the inclusion of obsolescence. Furthermore, the company may decide that taking
obsolescence is important, however, not in the proportion as it is taken into account now. If that
is the case, the company may decide to soften the inclusion of obsolescence, by changing the
formula. Since it must be a free choice of the company, different columns are added to the
inventory control policy, such that the company only has to take the data of a different column
when it decides not to take obsolescence into account anymore.

Determine whether the lead time is fixed and not subject to change

Within this study, we assumed that raw material is always available when a production order is
scheduled. However, in practice this may not be the case. Therefore, the lead time may change
leading to different results of the inventory control policy. Furthermore, it is assumed that the
lead time is fixed, while it may be the case that the lead time differs in practice. Therefore, it is
suggested that the company conducts research on the actual lead time and whether there is
variation in the actual lead time.

Determine the reduction of the order costs when dies are cleaned inhouse

Nowadays, the dies are outsourced for cleaning. In the future, they want to clean the dies inhouse
with the use of a cleaning oven. Besides, the company strives to fulfil the die changes without
mechanics. Both aspects will lead to lower die change costs, therefore, it is suggested that the
company measures the cost reduction when the cleaning oven is fully used in practice and the die
changes are fully performed by operators. The new found cost price or a die change should be
added to the inventory control policy, which automatically calculates the updated parameters.

Determine the influence of lower holding costs

For this study, it is assumed that the holding costs represents 22% of the cost price per annum.
The actual holding costs, on the other hand, may be somewhat lower. Since it is undoable to
determine the actual holding costs, it is suggested that the company maps the influence of the
holding costs on the order quantity, safety stock and reorder point. The lower the holding costs,
the higher the order quantity. However, the company does not want to have too much inventory,
since having products in inventory for over a year leads to lower selling prices. Therefore, the
company has to decide whether it would like to increase the order quantity, while taking into
account that an order quantity that is too high is not preferable in terms of obsolescence.

Reclassify products as MTS or MTO

Within this study, we classified all of the products as either MTS or MTO based on the demand of
the last twelve months and the profit margin. In the future, products that are nowadays
considered to be MTS may become less important and products that are considered to be MTO
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nowadays may be MTS products in the future. Reclassification of the products is already part of
the inventory control policy, however, we want to make sure that the company is aware of the
consequences of changing the classification. Since changing the classification of a product from
MTS to MTO means that there is still inventory of the product, thus, there will be inventory of
MTO products. Furthermore, it may be the case that a product will be classified as MTS while it is
only demanded by one customer, which is a high risk. Therefore, it is suggested that the company
checks the classification and changes the classification when the classification of some products
does not seem reliable.

Update the probabilities

There are two kind of probabilities within the proposed inventory control policy that are
calculated manually, namely, the probabilities of having inventory for over a year and the
probabilities of facing a certain changeover. The company has to decide in which time period the
probabilities have to be updated or whether the probabilities remain the same over the years. For
the probabilities of facing a certain changeover, it is suggested to update the probabilities when
the ratio of occurrence between shapes drastically seem to change, since the probabilities affect
the order costs. Updating the probabilities of having inventory for over a year is related to the
decision whether or not obsolescence is taken into account. If obsolescence is taken into account,
the probabilities have to be updated every once in a while. However, these probabilities only have
a small impact on the results of the inventory control policy, therefore, it is suggested that the
probabilities will only be updated when there are MTS products that seem to be in inventory for
a long period.

6.2.3 Recommendations for further research on the same topic

Determine the implications of classifying the products in practice

Within this study, the products have been classified as either MTO or MTS. However, what is the
impact of this classification? It is suggested that someone searches whether there are any
implications when the classification is put into practice, and if so, how the classification method
can be improved.

Check the assumptions made within this study

Several assumptions have been made to develop a working inventory control policy. For example
it is assumed that the lead time is fixed and that the holding costs are equal to 22% of the cost
price. It is suggested to check whether these assumptions are reliable, and if not, how they should
be adjusted. Besides, it is suggested that the influence of these assumptions is determined in
future studies.

Determine whether it is possible to automatically update the probabilities

As said before, we have two kinds of probabilities that are included in the inventory control
policy, namely: the probabilities of having inventory for over a year and the probabilities of facing
a certain changeover. These probabilities are nowadays calculated manually by looking at historic
data, therefore, it is suggested that in future studies one searches for ways to automatically
update the probabilities.

Determine how the policy can be used when a different ERP system is used

This study focuses on entering the parameters in the ERP system of Microsoft Dynamics Navision.
This system is not capable of fully planning the production and/or having the complete inventory
control policy implemented in the ERP system. It is only capable of giving some advice on what
should be produced and what should be transferred. In contrast, there are several other ERP
systems which may also be used by a company. Thus, it is suggested to dive into different ERP
systems and to see how the parameters can be updated within these systems. Besides, different
ERP systems may have different functionalities, thus, it is also suggested to research whether the
inventory control policy can be fully implemented in the ERP system.
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Determine how the number of die changes can be reduced

This study focuses on getting insight on the costs of die changes, however, it does not focus on
reducing the number of die changes. As we have seen, the number of die changes have drastically
increased in 2018 compared to previous years. Therefore, it is suggested another student
performs a study to determine how this number can be reduced by rescheduling the production
planning, for example by combining different products from the ribbed rectangular or diamond
shape, or whether there are other ways to reduce the number of die changes.

Investigate whether the time spend on changeovers can be reduced

In a similar manner as the suggestion to determine how the number of die changes can be
reduced, it is also suggested to determine how the time spend on changeovers can be reduced.
However, the reduction of time spend on changeovers is not only relevant for the company, but
also for other companies. Therefore, this recommendation is made for a new study in general. It
is suggested to check whether any of the following methods can actually be used in practice to
reduce the time spend on changeovers: SMED, schedule jobs in pairs, schedule jobs using group
technology and making changeover time visual. It is also suggested to search for other ways to
reduce the time spend on changeovers.

Improve the forecasting method

Since the demand may fluctuate a lot, it is worthwhile to spend time on improving the forecast
for the company. Therefore, it is suggested that someone dives into the different ways of
forecasting and tries to find the best possible way to forecast the demand for the company. As a
result, the forecasted demand can be used to further improve the inventory control policy.
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Appendices

Appendix A: The cost of the inventory level at 18-02-2019

This Appendix is left out because of confidentiality reasons.
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Appendix B: Products in inventory for over a year
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0
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0
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0
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245,079
431,314
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Table 33: Products with inventory for over a year
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The values are multiplied
with a random factor for
confidentiality reasons.

The products that are
found to have some
products in inventory for
over a year are based on
data retrieved in Week 16
of 20109.

Products that are in
inventory for over a year
will be sold for fifty
percent of the total price
and products that are in
inventory for over two
years will be sold for ten
percent of the total price.
Thus, even though the
quality of the products
does not change, we may
have to take obsolescence
into account if products
from this table appear to
be MTS products.
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Appendix C: Determination of the most important products

This Appendix gives an analysis of the most important products by only reviewing the demand
data. As a result, we have an overview of products that are sold with certainty and should
probably be classified as MTS, which will be checked during the actual classification. The
following figures represent which products do have the most influence based on the sum of the
demand or the number of months at which the product is sold for the period of 2012 to 2018 and
2018 alone.

Most important products based on the number of months with
sale (2012-2018)

>
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Figure 31: Determination of the most important products based on the number of months with sales of 2012 to 2018

Most important products based on the total demand
(2012-2018)
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Figure 32: Determination of the most important products based on the demand volume of 2012 to 2018
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Most important products based on the number of months with
sale (2018)
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Figure 33: Determination of the most important products based on the number of months with sales of 2018

Most important products based on the total demand (2018)
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Figure 34: Determination of the most important products based on the demand volume of 2018
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There are only a couple of products that are highlighted in each of the figures above. These
products are represented in Table 34.

Table 34: Most important products based on the demand volume as well as the number of months with sale
Product number

100004
100007
100021
100022
100024
100027
110007
110009
110011
110020

For each of these products, the overall demand is high as well as the number of months at which
the product is sold. Therefore, we can conclude that these products are important and need to be
considered as MTS.

Additionally, there are a couple of products that are sold consequently during last year and the
sum of the demand is high. However, the number of months at which the product is sold during
2012 to 2018 is not that high. One of the reasons may be that the product is only sold for the last
(couple of) year(s). Therefore, these products will also be considered as MTS and represented in
Table 35.

Table 35: Most important products based on the demand volume, but they are not sold frequently during 2012 to 2018
Product number

110018
110028
110117
110224
110239

Lastly, there are a couple of products that are only considered to be important based on the data
of 2018. Since the data is limited, we cannot draw any conclusions, but we should take these
products into account when new data arrives and see whether they still appear to be important.
If that is the case, these products should also be considered as MTS. These products are
represented in Table 36.

Table 36: Most important products purely based on the data of 2018
Product number

100099
100104
110244
110323

Concluding, we could say that each of the products mentioned in the tables above are considered
to be MTS and will be included in the inventory control policy. The target CSL will depend on the
ABC-XYZ classification. For all other products, the classification will be purely based on the ABC-
XYZ classification.
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Appendix D: Cost price per product

This Appendix is left out because of confidentiality reasons.
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Appendix E: Selling price per product

This Appendix is left out because of confidentiality reasons.
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[ Product]
100001
100002
100004
100005
100007
100009
100011
100012
100013
100014
100015
100016
100018
100022
100023
100024
100025
100026
100027
100028
100029
100031
100032
100036
100037
100038
100039
100040
100042
100043
100045
100069
100082
100099
100104
100125
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110008
110010
110011
110013
110018
110019
110020
110021
110028
110030
110036
110043
110059
110062
110071
110103
110117
110119
110139
110140
110224
110239

Periods for which the demand data is considered to be an outlier, based on boxplots (2012-2018)

P7-2012 P6-2015 P5-2016

P6-2012 P8-2012 P10-2012 P11-2102 P1-2013 P6-2013 P10-2013 P11-2013 P12-2013 P3-2014 P10-2014 P6-2015 P11-2015 P1-2016 P2-2016 P4-2016 P9-2016 P1-2018

P1-2013

P8-2017

P2-2012 P3-2012 P2-2013 P2-2016

P4-2013 P6-2013 P3-2017

P1-2012 P5-2012 P7-2012 P8-2012 P10-2012 P3-2013 P5-2013 P6-2013 P9-2013 P3-2014

P9-2012 P3-2013 P6-2012 P9-2013 P3-2016 P6-2016

P4-2013 P4-2015 P3-2016

P9-2015

P4-2014 P4-2015 P9-2015 P5-2018

P3-2015 P11-2015

P3-2015 P4-2015 P8-2015 P4-2016 P6-2017

P6-2015

P12-2015

P3-2013 P3-2015 P6-2015

P6-2015

P6-2016 P3-2017 P5-2017

P4-2015 P10-2018

P3-2016 P5-2017 P4-2018 P7-2018

P4-2012 P6-2013

P3-2012 P7-2012 P3-2013 P6-2013

P5-2012 P6-2013 P3-2015 P6-2015 P4-2016 P5-2016 P11-2016 P4-2017 P5-2017 P5-2018 P6-2018 P7-2018 P10-2018 P11-2018

P7-2013 P9-2013 P5-2014 P3-2015 P7-2015 P9-2015 P6-2016

P2-2013 P1-2014 P4-2014

P6-2012 P7-2012 P6-2013 P3-2014

P6-2012 P6-2013 P7-2013 P12-2014 P10-2015 P6-2017 P7-2017

P1-2012 P6-2012 P9-2013 P1-2014 P7-2014 P6-2015 P7-2016

P6-2012 P7-2015

P3-2015 P11-2015 P12-2017

P6-2013 P3-2015 P4-2015

P9-2013 P2-2014 P3-2014 P6-2014 P10-2014 P2-2015 P4-2015 P6-2015 P1-2016 P5-2016 P6-2016 P7-2016 P4-2017 P5-2017 P6-2017 P11-2017

P6-2013 P7-2013 P1-2014 P5-2014 P7-2014 P8-2014 P9-2014 P11-2014 P1-2015 P2-2015 P3-2015 P5-2015 P7-2015 P9-2017

P3-2016 P4-2016 P7-2016 P8-2016 P10-2016 P12-2016 P2-2017 P3-2017 P4-2017 P5-2017 P6-2017 P1-2018 P2-2018 P3-2018 P4-2018 P5-2018 P6-2018 P8-2018 P10-2018 P11-2018
P6-2016 P7-2016 P8-2016 P9-2016 P5-2017 P6-2017 P7-2017 P9-2017 P2-2018 P3-2018 P5-2018 P6-2018 P7-2018 P8-2018 P9-2018 P10-2018 P11-2018 P12-2018

P3-2012 P2-2013 P1-2014 P4-2014

P12-2016 P6-2017 P6-2018

P11-2013 P4-2015 P1-2017 P5-2017 P1-2018

P6-2013 P5-2014 P1-2017 P2-2017 P6-2017  P4-2018

P5-2016

P2-2014 P5-2017 P6-2017

P3-2016

P6-2014 P1-2015 P1-2016 P11-2016 P2-2017 P5-2017 P1-2018 P4-2018

P10-2014 P10-2015 P7-2016 P8-2016 P10-2016

P6-2014 P9-2014 P4-2015 P8-2015 P9-2015 P10-2015 P3-2016 P6-2016 P8-2016 P9-2016 P11-2016 P12-2016 P2-2017 P5-2017 P9-2018

P4-2016 P3-2017 P5-2017 P9-2017 P6-2018 P7-2018 P8-2018 P9-2018

P3-2015 P5-2015 P8-2015 P10-2015 P1-2016 P3-2016 P5-2016 P6-2016 P8-2016 P11-2016 P2-2017 P3-2017 P8-2017 P9-2017 P3-2018 P4-2018 P9-2018

P8-2017

P3-2015 P4-2015 P5-2015 P6-2015 P7-2015 P8-2015 P9-2015 P10-2015 P6-2016 P7-2016 P8-2016 P9-2016 P12-2016 P3-2017 P5-2017 P6-2017 P7-2017 P8-2017 P9-2017 P11-2017 P1-2018 P2-2018 P8-2018
P3-2014 P4-2014 P5-2014 P6-2014 P7-2014 P8-2014 P9-2014 P11-2014 P12-2014 P1-2015 P2-2015 P3-2015 P4-2015 P6-2015 P7-2014 P8-2014 P9-2015 P12-2015 P2-2016 P3-2016 P4-2016 P5-2016 P6-2016
P6-2013 P7-2013 P9-2013 P3-2014 P6-2014 P7-2014 P8-2014 P3-2015 P6-2015 P2-2016 P7-2016

P5-2016 P9-2016 P2-2017 P2-2018

P1-2012 P7-2012 P8-2012 P9-2012 P10-2012 P2-2013 P3-2013 P4-2013 P6-2013 P7-2013 P8-2013 P9-2013 P11-2013 P12-2013 P2-2014 P3-2014 P5-2014 P6-2014 P7-2014 P8-2014 P9-2014 P5-2015
P1-2016 P3-2016 P5-2016 P6-2016 P7-2016 P8-2016 P9-2016 P1-2017 P5-2017 P6-2017 P7-2017 P8-2017 P9-2017 P10-2017 P2-2018 P3-2018 P4-2018 P5-2018 P6-218 P7-2018 P8-2018 P10-2018
P1-2016 P5-2016 P6-2016 P7-2016 P8-2016 P9-2016 P10-2016 P12-2016 P1-2017 P2-2017 P3-2017 P7-2017 P8-2017 P9-2017 P2-2018 P4-2018 P6-2018 P7-2018 P8-2018 P12-2018
P4-2016 P9-2016 P10-2016 P12-2016 P2-2017 P3-2017 P5-2017 P6-2017 P7-2017 P8-2017 P9-2017 P10-2017 P11-2017 P3-2018 P6-2018 P7-2018 P11-2018 P12-2018

P4-2016 P9-2016 P10-2016 P11-2016 P12-2016 P1-2017 P2-2017 P3-2017 P4-2017 P5-2017 P6-2017 P7-2017 P8-2017 P9-2017 P10-2017 P11-2017 P3-2018 P6-2018 P7-2018 P11-2018
P8-2013 P5-2017 P6-2017 P11-2017 P1-2018 P4-2018 P6-2018 P7-2018 P8-2018 P9-2018 P12-2018

P3-2016 P5-2016 P11-2016
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Appendix G: Probabilities of having inventory for over a year

Table 37: Probabilities of having i

100007

100030

100099

110008
110018

110032

110039
110040
110062
110063
110066

110117

110178
110194

110240
110242
110243

110322
110323
110324

110337

0.9964
0.1421
0.9966
0.9076
0.8754

0.9923
0.9972

0.9399
0.8165
0.8457
0.9990
0.7937
0.9735
0.9990
0.7614

0.8324

0.8974
0.9299
0.3654

0.9115
0.4767
0.3910
0.0785
0.6165
0.9585

0.8279

0.9930
0.7463
0.9690
0.9234
0.8265
0.0061

0.9993
0.9969
0.9645
0.9572

0.1026
0.0461
0.6346

0.0041
0.0000
0.6090
0.1866
0.3835
0.0369

0.1721

0.0070
0.2537
0.0310
0.0766
0.1735
0.9939

0.0007
0.0031
0.0355
0.0428

0.0000
0.0000
0.0000
0.0000
0.1246

0.0000
0.0000

0.0000
0.0000
0.0000
0.0000
0.2063
0.0000
0.0000
0.0399

0.0000

0.0000
0.0240
0.0000

0.0844
0.5233
0.0000
0.7349
0.0000
0.0046

0.0000

0.0000
0.0000
0.0000
0.0000
0.0000
0.0000

0.0000
0.0000
0.0000
0.0000

Each white item number represents a MTS product, which shows that there was only a limited
amount of inventory over two years and the probability of facing obsolescence is relatively small.
Each orange item number represents a product for which there was no demand during the last

twelve months (at Week 16 of 2019).
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Appendix H: Determination of patterns in the demand
This Appendix summarizes all products that show a pattern when the demand is analysed.

100004

—e—2012
—o—2013

2014
—e—2015
—e—2016
—e—2017

2018

0 2 4 14

Figure 36: Course of the demand from 2012 to 2018 for product 100004

This product (100004) shows a pattern of the demand at the beginning of the year being higher
than the demand during the rest of the year. It shows a general decrease in demand, with
exception of the demand for month 9. Additionally, we see that in the end of the year (e.g. month
12) the demand is rising again. However, there are some outliers that do not follow the overall
pattern.

100007
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Figure 37: Course of the demand from 2012 to 2018 for product 100007

The overall pattern of product 100007 is that the demand hugely rises in the second month and,
thereafter, decreases to the lowest point again. In month 4, 6, and 9 there is a general pattern for
a temporary increase in demand.

100014
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Figure 38: Course of the demand from 2012 to 2018 for product 100014
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Product 100014 shows fluctuations in demand, however, most of the times it reaches its noun in
the second month and it strongly rises again from the third month. The actual months in which
peaks and nouns happen are not constant, therefore, we cannot link the pattern to a specific
month.

100021

—e—2012
—e— 2013

2014
—ea—2015
—ea— 2016
—e— 2017

2018
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Figure 39: Course of the demand from 2012 to 2018 for product 100021

This figure shows a quite stable pattern related to product 100021. The demand rises until the
6th month and then drops again. In the 12t month is reaches its noun. However, this does not hold
for 2014, where the demand is rising in the 12th month. Therefore, this year is considered to be
an outlier to the pattern.
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Figure 40: Course of the demand from 2012 to 2018 for product 100022

Product 100022 shows a quite similar pattern than that of product 100021. The same holds for
product 100024, which can be seen below.

100024
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Figure 41: Course of the demand from 2012 to 2018 for product 100024
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110007

—e— 2012
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—a— 2016
—e— 2017

2018

14

Figure 42: Course of the demand from 2012 to 2018 for product 110007

As one can see, product 110007 was introduced in 2013. There is a global pattern that shows that
the demand decreases during the year, with small fluctuations. Therefore, we can assume that the
demand in the beginning of the year should be higher than the demand at the end of the year.

110011

—e—2012
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\ —e—2016
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Figure 43: Course of the demand from 2012 to 2018 for product 110011

In general, the demand of product 110011 appears to be rising at the beginning of the year, and
from the 5t month the demand decreases again, with exception of the 9t month. However, we
also see that the demand of 2019 has the same start as the line of 2017, therefore, the demand of
this year will not follow the general pattern. But globally, we can expect the demand to rise from
now on.

110036
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Figure 44: Course of the demand from 2012 to 2018 for product 110036

Product 110036 was introduced in 2014. It shows a ‘mountain’ pattern. First the demand is
going up, and then it is going down again along with some demand fluctuations.

A3 TENCATE GRASS

99



A. Tijhuis | UNIVERSITY OF TWENTE.

110071
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—a— 2016
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2018

Figure 45: Course of the demand from 2012 to 2018 for product 110071

With exception of the demand line of 2016, we see that the demand of product 110071 shows
quite the same pattern. In the 2nd, 7th and 9t month there are some peaks. Notably, there was
never demand in the 8th and 11t month. Therefore, we can assume that this will also hold in the

110117

14

—o—2012
—e— 2013

2014
—a— 2015
—e— 2016
—e— 2017

2018

Figure 46: Course of the demand from 2012 to 2018 for product 110117

Product 110117 is only in production for the last three years (starting from 2016). However, it
appears to have a general pattern. First the demand is going up until the 7th month and thereafter
the demand decreases again. For the last three years, the demand of the product was always equal
to zero in the 12th month.

110225
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Figure 47: Course of the demand from 2012 to 2018 for product 110225

A3 TENCATE GRASS

100



A. Tijhuis | UNIVERSITY OF TWENTE.

Product 110225 was introduced late in 2016. Therefore, we have to determine a pattern only
over two years. There are clear fluctuations around the 4 /5t month, 7 /8% month and 11t month.
Therefore, we expect also a demand growth this year during these months.

110231

2012
—e— 2013
2014
—e— 2015
—e— 2016
—e— 2017
2018

Figure 48: Course of the demand from 2012 to 2018 for product 110231
The pattern related to product 110231 is quite clear; there is only demand in the 8t month.

The remainder of the products are not handled for any of the following reasons:

o The demand varies over the years, not showing general patterns.

e There was no demand in 2018 (and 2019), which means that the product is not sold anymore.

e Thereis only data available for one year, since the product was only sold for a year or recently
introduced.

As aresult the found patterns may give an indication of the seasons that the products are probably

following. To check whether there is actually a season that should be taken into account, another
method is used.
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Appendix I: Products with demand in each of the last three years

First of all, we want to see which products had a demand for at least one month in each of the last
three years (2016 to 2018). The products that meet this restriction at a certain month can be seen
in a table at the last page of this Appendix. The table has been made to see which products did
have demand in a month for at least 3 years and the month for which there was demand in each
of the last three years. As a result, we find products that will be sold with a great probability
during future months. Additionally, we may find seasons for which there is certainly demand that
could be included in the inventory control policy.

A couple of products seemed to have demand in each of the last 3 years in at least 9 of the 12
months. This holds for the products in Table 38.

Table 38: Products with demand in each oi the last 3 years ior at least 9 months

100004
100007
100021
100022
100027
110007
110011
110018
110028
110239

All of the products mentioned in the table above are classified as MTS. According to the months
in which the products had demand with certainty, they will probably have the following seasons
as summarized in Table 39.

Table 39: Seasons that the products with demand in each of the last 3 years in at least 9 months probably will face

P2-P12
P2-P11
Whole year
Whole year
Whole year
Whole year
P1-P10
P1-P10
P2-P11
Whole year

As mentioned before, the Table 40 summarizes for which of the products at least one month was
found with demand in each of the last three years and the months for which there was demand in
each of the last three years. We see that there are a lot of products with only one to three months
with demand in each of the last three years, therefore, it is hard to determine a season for each of
these products. However, it is good to have an overview for which months there is demand
certainty, to make some assumptions about future demand.
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Table 40: Products with demand in each of last 3 years and the corresponding months
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Note: This table represents products which had demand in each of the last three years and the corresponding months for

which there was demand in each of the last three years. White product numbers represent MTS products.
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Appendix J: Seasonal subseries plots

This Appendix gives an overview of the results of the seasonal subseries plots for products for
which there was a general pattern and are considered to be MTS products. Each part of the plot
represents a month. If there are only small fluctuations, it can be assumed that the demand is
quite stable and the month may be part of a season, however, if there are a lot of fluctuations, the
demand is uncertain and only if the demand does not face the possibility of facing zero demand,
it can be assumed that the demand is part of a season. The blue lines represent the average value
of the demand for a month of all years and the orange lines represent the course of the demand
over all years for a specific month

100004

Figure 49: Seasonal subseries plot for product 100004

The seasonal subseries plot of item 100004 shows a season in the beginning of the year, at which
the demand increases during the first three months and thereafter decreases. At the end of the
year, there are a lot of fluctuations in de demand with the possibility of facing zero demand at a
month. Therefore, it can be assumed that month 2 until month 7 are facing a season.

100007

Figure 50: Seasonal subseries plot for product 100007

The seasonal subseries plot of item 100007 shows multiple seasons, ensuring that the demand of
month 2 until month 9 and month 11 are non-zero. Some of the months do have some large
fluctuations, however, as a result of the non-zero demand, we assume that these months are part
of a season.
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100021

AT %M%%W%

Figure 51: Seasonal subseries plot for product 100021

Product 100021 shows a stable season, with the absolute peak of demand in the sixth month.
The demand is always non-zero, showing that the whole year is part of a season.

100022

AR

Figure 52: Seasonal subseries plot for product 100022

healtr

Similar to product 100021, product 100022 shows quite a stable pattern. The only exception is
that demand in the twelfth month is not guaranteed. However, since the fluctuations of the twelfth
month are relatively small, we still consider the twelfth month to be part of a season. Therefore,
seasonal factors do have to be determined for the whole year.

100024
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Figure 53: Seasonal subseries plot for product 100024
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The high season of product 100024 is found to be in the second until the ninth month. Since these
are also the months for which there is non-zero demand with certainty, we only consider these

months to be part of a season.

110007

Figure 54: Seasonal subseries plot for product 110007

Product 110007 shows large fluctuations, especially in the first 6 months. Thereafter, the
fluctuations become smaller, but also the average demand becomes smaller. Taking into account
that the product was not sold in the first year, it appears to be the case that the first 6 months and
the 8 until 11t*» month do have non-zero demand. Therefore, we consider these months to be part

of a season.

110011

Figure 55: Seasonal subseries plot for product 110011

Similar to product 110007 we see that product 110011 was not sold during the first year.
Therefore, if we exclude the first data point, we see that the 1st until the 7t and the 9t and 10t
month do have non-zero demand at all times. The highest fluctuation occurs in the fifth month as
a result of one data point, however, this data point was already found to be an outlier. Therefore,
we can assume that there is some seasonality in months 1, 2, 3,4, 5, 6, 7, 9 and 10.
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110036

Figure 56: Seasonal subseries plot for product 110036

Product 110036 was not sold until the beginning of 2014. As a result, most of the demand data
of the product seem to face non-zero demand. This holds for at least months 3 until 10, which

are considered to be part of a season.

110117

Figure 57: Seasonal subseries plot for product 110117

The absence of a clear seasonal subseries plot is a result of the fact that product 110117 was only
in production starting from 2016. Based on the figure we cannot conclude with certainty whether
there is non-zero demand, however, it appears to be the case that there is a seasonal pattern

starting from the 4t month and ending in the 10th month.

110225

Figure 58: Seasonal subseries plot for product 110225
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Again, we deal with a product that was introduced in a later stage. As a result, there is only two
years of data available for product 110225. Since the season is not clear right away, we assume
that the product is not following a specific season. However, since there are non-zero demand
months according to the data of the last two years, it may still be helpful to determine seasonality
factors.

The following table summarizes the months in which seasons happen which were found for the
products that seemed to have a general pattern and are considered to be MTS.

Table 41: Months that are part of a season for MTS products

Item No Months that are part of a season
100004 2-3-4-5-6-7

100007 2-3-4-5-6-7-8-9-11
100021 1-2-3-4-5-6-7-8-9-10-11-12
100022 1-2-3-4-5-6-7-8-9-10-11-12
100024 2-3-4-5-6-7-8-9
110007 1-2-3-4-5-6-8-9-10-11
110011 1-2-3-4-5-6-7-9-10
110036 3-4-5-6-7-8-9-10
110117 4-5-6-7-8-9-10

110225 -

Furthermore, we will check for all other MTS products whether there seems to be a season
involved. For almost all of the MTS products, there is at least one non-zero demand month.
However, the overall pattern of the seasons are not clear, except for products 100027 and 110009
which still seem to follow a clear season. An overview of the seasonal subseries plots of both
products can be found in the figures below. Product 100027 even has some outliers, causing the
high fluctuations in second and fourth month. However, there are still some high fluctuations in
both products that are inexplicable, therefore, these products were not found during the
determination of a general pattern.

100027 110009

Figure 59: Seasonal subseries plot for products 100027 and 110009

Based on the seasonal subseries plots we could see that seasonality does have to take part in the
determination of the inventory control policy. However, we should note that the differences
between the months are not relatively large, therefore, we still have to execute the Chi-Square
test when seasonal indices have been made, to check whether seasonality actually plays a
significant role.
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Dit meetplan is opgesteld ten behoeve van het afstudesronderzosk van AL Tijhuis. Het doel is om in kaart
te krjgen wat de kosten zijn van een proces verandering en de factoren waar deze kesten van afhankelij
zijn. Bij voorbaat dank voor de medewerking!

Watis het soort proces verandering?

O Die change O Kleurwissel O Matenaalwissel O Anders, namelijk:

Wat is de dofum waarop deze verandering wordf vitgevoerd?

Op welke productielijn vindt de proces verandering plaatse

Hoeveel afval zit erin de afvalbak voor de proces verandering plaats vindt (in kilo's)?

Hoeveel afval zit er in de afval bak na aflcep van de proces verandering (in kilo's)

~

=

S

= _ In het geval van esn die change:

D Starttijd

= S Step 1 Step 1

= _
Starttijd Eindtijd :

m arttijd Step 2 indfijd Step 2

—(

2 Startijd

..m Step 3 Step 3

m Startijd Step 4 Eindtijd Step 4

ep ep

5]

= Starttijd indfijd

w . Step 5 ) Step 5

]

Q  siaritijd Eindtijd

M arttijd Step 6 indtijd Step 6
Starttijd Eindtijd

“ arttijd Step 7 indtijd Step 7

-

T Startid Eindfijd

m arttijd Step 8 indtijd mﬁm_u 8

S —
Starttijd Eindtijd

M. o Step 9 o Step 9

Starttijd

Step 10 Step 10
Starttijd Eindfijd

Step 11 Step 11
Starttijd Eindfijd

Step 12 Step 12
Starttijd Eindiijd

Step 13 Step 13
Starttijd mﬂm@ 14 Eindfijd mnm_u 14
Starttijd Eind

Step 15 Step 15

HNofifies (indien er cpvallends dingen zijn kij de proces verandering. die magelijk inviced helbiben op de fijd daot

eraan pesteed wordt en/of de hoeveelhsid afval dat erij wil komi, deze graag hier vermelden)

In het geval van =en materiaal- of keurwissel

Starttijd:

Eindtijd {nieuwe preduct loopt):

[]

Mocht u vragen hebben, dan kunt u contact cpnemen met: atihvis@tencategrass.com

Measurement plan to determine the order costs (in Dutch)

Figure 60
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Appendix L: Steps for making a configuration package in the ERP system
Step 1: Search in the upper right corner for ‘Configuration Packages’

Step 2: Press on ‘New’, such that a configuration package card opens. An example of an empty
configuration package card can be found below.

[ New - Config. Package Card
Bl rove | acrons
Eipre [3 h S
QA
Get View EBxport  Import  Apply Validate Cle
Tables. Package... Packag: kage Filt
Config. Package Card
General
Packege Name: [ | Processing Order: 9
Product Version: ‘ ‘ Exclude Config. Tables: []
Tables
Table ~ Functions ~ Excel ~ | ] New % Find  Filter %, Clear Filter
TablelD . Table Name Parent Table  Data Dim.. Aftri.. hem Sdp Delete No. of No. of
1D Template asC. Spe.. Tebl.. Tebl..  Packag. Fields
o 0 o o o o o il o

Figure 611: Example of an empty configuration package Card

Step 3: Fill in a ‘Code’ name that fits the purpose of the configuration package and which is easy
to recognize. The ‘Package Name’ may be similar to that of the ‘Code’.

Step 4: Press on the first row below ‘Table ID’ and search for the table you want to update. For
the purpose of updating the parameters of the policy on a warehouse level, we need ‘Table ID’
5700, which represents the table Stock keeping Unit.

Step 5: Since we are only interested in updating the table with values that result from the
inventory control policy, we need to delete unnecessary fields. To delete these fields, one needs
to press on ‘Table > Fields’ as shown in the figure below.

Tables
Table - Functions + Excel = |j Mew @ Find
| Package Data

Database Data

el
{@| Errors

Y Filters

% Processing Rules

Figure 62: Road to deleting all unnecessary fields of the configuration package

Step 6: Select the following fields at ‘Include field":

- 3. Location Code (This field represents the warehouse location)

- 1. Item No. (This field represent the item for which the parameters will be updated)

- 34. Reorder Point (This field represents the reorder point per warehouse)

- 35, Maximum Inventory (This field represents the maximum inventory level per
warehouse)

- 36. Reorder Quantity (This field represents the order quantity per warehouse)

- 5413. Safety Stock Quantity (This field represents the safety stock per warehouse)

- 5419. Replenishment System (This field tells us whether the location is used to produce
products, purchase products or only to store products, in the latter case a transfer is
needed)

- 5440. Reordering Policy (This field represents the chosen policy, which is the Fixed
Reorder Qty. in our case)

- 5700. Transfer-from Code (If the warehouse is not able to produce itself, it will be stocked
from other locations. This field tells us from which locations the products are gained).

If the fields are selected, press ‘OK’. Thereafter, the configuration package only contains these

required fields.
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Step 7: This study only focuses on Yarns, therefore, we need to filter on both the location code
and item number. To filter on values, one needs to press on ‘Table > Filter’ as shown in the figure

below.
Tables

Table -~ Functions = Excel - |:| New i Find
i) Package Data
Database Data
{@ Errors 2.0
Fields

% Processing Rules

Figure 63: Road to filtering all relevant values of the configuration package

Step 8: For Yarns, there are 3 locations at which the products may be stored. However, one
location is recently replaced by another, which leads to 4 locations that should be added to the
filter. Besides a filter for the item numbers should be added to only have products that are
produced at Yarns. The specific filters that should be included to get the configuration package
for Yarns are given in the figure below. If the filters are included, press ‘OK..

Edit - Config. Package Filters O *
- HOME TC Grass Components Europe -... e
DX @MW NEA2
Mew View Delete Show as MNotes Links Refresh Clear  Find
List Chart Filter
Config. Package Filters - Typetofilter (F3) | Field ID 2| v

Mo filters applied

Field ID Field Name Field Caption Field Filter
1 Item Mo, Iterm No. 10%11*
3 Location Code Location Code

Location1|Location2|Location3|Location4

Figure 64: Specific filters that should be applied to have a configuration package for Yarns

Step 9: The configuration package is complete. To get the configuration package in Excel, press
‘Excel > Export to Excel’. As a result, a configuration package as shown in the following figure is
gained.

SKU_MRP_UPDATE Stockkeeping Unit 5700

Location Code ﬂ Item No. ﬂ Variant Code ﬂ Reorder Point ﬂ Maximum Inventory ﬂ Reorder Quantity ﬂsafety Stock Quantity ﬂ Replenishment System ﬂ Reordering Policy ﬂTransfer—from Code §d

100002
100003
100004
100005
100006
100007
100008
100009
100010

Figure 65: Overview of the configuration package that is made for Yarns
Step 10: Fill in all fields, except for the Variant Code, which may remain empty.

Step 11: Import the configuration package to the ERP system, by pressing on ‘Excel > Import from
Excel’ within the configuration package. As a result, your library will be opened. Search for the
configuration package you just downloaded and filled in. Press ‘Open’ when you selected the right
file.

Step 12: Validate the file by clicking on ‘Validate Package’. If there are no errors, the package could
be implemented by clicking on ‘Apply Package’ These buttons are part of the top row of the
configuration package Card, which can also be found in Figure 61.
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Appendix M: Manual for the inventory control policy

The proposed inventory control policy is implemented in Excel. This manual will elaborate on
how the model can be used and how it should be updated when data changes. The model consists
of several sheets, of which an overview is given below.

Mavision update | Demand Safety stock & Reorder point EOCQ Classification

Figure 66: Overview of the sheet of the proposed model

For each of the sheets, an overview in terms of a figure is given in combination with some
explanations of the sheet. It is also mentioned how the sheets have to be updated when input data
changes. When one follows this manual, he or she must be able to update the model and use the
parameters to update the ERP system.

Navision update
The first sheet of the model is that of the Navision update. The following figure gives an overview
of the sheet.

ITEM_MRP_UPDATE 44 Fill in the month for which data is required at sheet 'Safety stock & Reorder point’
Base Unit of Measure | Reorder Point|ig Reorder Quantitylfd Safety Stock Quantity g Reordering Policy i
100001 KG
100002 KG
100003 KG
100004 KG
100005 KG
100006 KG
100007 KG
100008 KG
100009 KG
100010 KG
100011 KG
100012 KG
100013 KG
100014 KG
100015 KG
100016 KG
100017 KG
100018 KG
100019 KG
100020 KG

Figure 67: Overview of the sheet Navision update

First of all, the number in the middle (in this case 44) states how many products currently have
parameters that have to be included in the ERP system. Secondly, as one can see, the month for
which the parameters are required has to be entered in another sheet. The sheet will
automatically be updated when any value for either the reorder point, order quantity or safety
stock changes. These values can easily be copied and pasted to the configuration package which
can be implemented in the ERP system.

Even though this already eases the process of implementing the found parameters in the ERP
system, there is one disadvantage. When a new product is made and included in the ERP system,
it is not automatically changed in the sheet even though it will be part of the configuration
package. Therefore, new items have to be added to the Navision update sheet manually.
Nevertheless, the formulas can be extended, thus, adding a new item does not mean that a new
formula has to be generated. As a result, when one downloads the configuration package, he or
she has to check whether there are new items compared to the Navision update sheet and update
the number of products when required.

Demand
The second sheet that will be handled is that of the Demand. As the name suggest, it is a sheet to
store the demand data. An overview of the sheet is given in the following figure.
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Item No Description P1-2019| P2 -2019| P3 -2019| P4 - 2019| P5 - 2019| P6 - 2019|
100001
100002
100003
100004
100005
100006
100007
100008
100009
100010
100011
100012
100013
100014
100015
100016
100017
100018
100013
100020
100021
100022
100023
100024

Figure 68: Overview of the sheet Demand

The data of this sheet influences the model by being used to determine the seasonal indices.
Furthermore, it serves as a place where data is stored that may be analysed in the future. The
demand data of 2012 to 2018 is already filled in and not subject to change. The demand of future
periods can be updated when a period is locked. That way, the sheet can be updated by inserting
the demand of a period.

Safety stock & Reorder point

The next sheet that is handled is that of the Safety stock & Reorder point. This sheet gives an
overview of various parameters and calculates the safety stock and reorder point based on this
data. The figure below gives an overview of the sheet, where all parameters are updated
automatically. With the use of additional columns, the user has the ability to make a decision on
whether or not to take obsolescence into account at all times.

| month | 2 |

ltemMNo  MTS/MTO z C 55 Seasonal index Demand Reorder point SS obsolescence ROP obsolescence

100001
100002
100003
100004
100005
100006
100007
100008
100009
100010
100011
100012
100013
100014
100015
100016
100017
100018
100015
100020

Figure 69: Overview of the sheet Safety stock & Reorder point

The first input that is required is the month for which the parameters are required, where 2
represents the month January and 13 represents the month December. In contrast to the month
there are no other input parameters on this sheet that have to be filled in by the user, since they
are retrieved from other sheets or calculated automatically.
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To ensure that the user of the model does not always have to update the formulas, he or she has
to make sure that the demand of the last twelve months is part of the sheet. For that purpose,
another table is added to the sheet, of which a figure can be found below.

Demand (last year)

tem No Jan Feb Mar Apr May Jun
100001
100002
100003
100004
100005
100006
100007
100008
100009
100010
100011
100012
100013
100014
100015
100016
100017
100018
100019
100020

Figure 70: Table in the sheet Safety stock & Reorder point that consists of the demand data of the past twelve months

When a new period is locked and the demand data can be retrieved, it has (besides updating the
sheet Demand) to be included in this table. That way, the demand that is used in the formulas is
updated automatically.

EOQ

Another parameter that is determined with the use of the policy is that of the economic order
quantity. The sheet EOQ is a display of relevant parameters that are used to determine the EOQ.
These parameters do not have to be updated within this sheet and the EOQ is automatically
calculated. An overview of the sheet can be found in the following figure:

ltem No MTS/MTO Cost price Demand Order costs Holding costs
100001
100002
100003
100004
100005
100006
100007
100008
100009
100010
100011
100012
100013
100014
100015
100016
100017
100018
100019
100020

Figure 71: Overview of the sheet EOQ

The only aspect that needs a decision by the user is whether or not obsolescence should be taken
into account. The user has to take the column of its preference as policy parameter.

Some of the data is not available yet and has to be gained outside the model. For example, the
order and holding costs are not part of the model. These costs are given in a hidden sheet, which
will be discussed later. When all data is presented in the sheet, the EOQ is calculated.
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Classification

The last sheet of the model is that of the Classification. Two important aspects to execute the
classification are the cost price and the selling price. Both aspects are determined outside the
model and included to the model as hidden sheets. Data for these aspects are then retrieved from
the hidden sheets. The hidden sheets are handled in a later stage of the manual.

An overview of the sheet is given below.

temNo [ Target CSL Safety factor MTS/MTO
100001
100002
100003
100004
100005
100006
100007
100008
100009
100010
100011
100012
100013
100014
100015
100016
100017
100018
100019
100020

Update?

Ratio [l Normalized AB ltem Months with sale XYZ
0.10 0.10 A 100001
0.07 0.17 A 100002
0.06 0.23 A 100003
0.05 0.28 A 100004
0.05 0.32 A 100005
0.05 037 A 100006
0.04 0.42 A 100007
0.04 0.45 A 100008
0.04 0.49 A 100009
0.03 0.52 A 100010
0.02 0.54 A 100011
0.02 0.56 A 100012
0.02 0.58 A 100013
0.02 0.59 A 100014
0.01 0.61 A 100015
0.02 0.63 A 100016
0.01 0.64 A 100017
0.01 0.66 A 100018
0.01 0.67 A 100019
0.02 0.69 A 100020

Figure 72: Overview of the sheet Classification

Most of the parameters in this sheet are updated automatically, with exception of the ABC-
classification. The ABC-classification has to be updated by sorting the sales from largest-to-
smallest (Z-to-A). Thereafter, the whole classification (ABCXYZ) is updated automatically leading
to values for either the target cycle service level and the safety factor. The output of the safety
factor and the determination on whether the product is MTO or MTS will then automatically be
updated in other sheets, leading to a different output of the model. Therefore, the only step for a
user of the model to actually use the model is to sort the sales and update the hidden sheets.

Hidden sheets
As said before, there are hidden sheets containing data that is relevant to make a workable model.
An overview of the hidden sheets is given below.

Unhide ? *

Unhide sheet:

Probabilities

Order costs

Cutliers+Pattern determination
Seasonal indices

Distribution

Sales price

Cost price

Figure 73: Overview of the hidden sheets available in the proposed model

TENCATE




A. Tijhuis | UNIVERSITY OF TWENTE.

To unhide the hidden sheets, the user has to right-click on the sheet bar and choose the option
Unhide. An overview as given in the figure above appears. The user has to select the sheet that he
or she wants to unhide and press OK. As a result, the selected sheet is unhidden. If the user wants
to hide the sheet again, he or she has to right-click on the specific sheetin the sheet bar and choose
the option Hide.

There are three sheets which purely consist of a data table. Therefore, they will not be discussed

separately and a short summary of these sheets is given below:

- The Probabilities sheet consist of a data table that gives an overview of the probabilities for a
product to have inventory for over a year or the probability to have products in inventory for
over two years. These probabilities are used to determine the additional costs to take
obsolescence into account.

- The Sales price sheet consists of a data table that states the selling price per product. The
selling price is purely used to execute the classification of products.

- The Cost price sheet consists of a data table with the most up-to-date cost prices. This list can
easily be updated by gaining data from the ERP system. The cost prices are used to execute
the classification and with inclusion of obsolescence it is also used to determine the economic
order quantity.

Each of the three sheets can be updated when the user thinks that the data is not representative

for the current situation.

The remainder of the hidden sheets do not purely consist of data and are discussed in this manual.

Order costs
The first hidden sheet that will be discussed is the sheet of the Order costs. An overview of the
sheet is given below.

Input data

Die change ltem Mam P(die) P(colour) P(material) JoJlZges3c]
Colour + Material 100001
Colour 100002
Material 100003
100004
_ Probability die ck bability colour change Probability material change 100005
100006
100007
100008
100003
100010
100011
100012
100013
100014
100015
100016
100017
100018
100013
100020

Figure 74: Overview of the hidden sheet Order costs

As one can see, there is some data that has to be filled in manually. Namely, the cost of a die change
and the cost of a colour and material change. The costs of a colour or material change individually
are automatically updated when the costs for a colour and material change are entered.

When the user thinks that the costs of a die change and the cost of a colour and material change
do not correspond with reality, he or she can adjust the costs manually. The order costs
automatically update as a result of changing input data.

Furthermore, a table with the probabilities of facing a certain changeover is given for several
shapes. If the item has a shape that is not part of the table, average probabilities are taken. The
probabilities are based on data of 2018. If the user wants to update the probabilities, they first
have to be determined.
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The probabilities are determined by defining the number of orders produced during one die and
the ratio of colour and material changes related to the found number. By taking the average of all
results related to a shape, the probability per shape is found. The average probabilities is the
average of all shapes available.

The last aspect that has to be updated to have reliable order costs is that of the shape in the right
table. The shape has to be written in the same way as it is stated in the probabilities table. If the
shape is not available in the table, the box representing the shape could be left blank, such that
the average probabilities are taken.

If all these aspects, the costs, the probabilities and the shape are filled in, the order costs will
automatically be updated and implemented in the actual inventory control policy. The order costs
are used to determine the economic order quantity.

Outliers + Pattern determination

Another hidden sheet that will be discussed is the Outliers + Pattern determination sheet. This
sheet is not essential to have a workable model, but is gives a global overview of the demand. A
representation of the sheet is given below.

100001 100001 100001

AR

Figure 75: Overview of the hidden sheet Outliers + Pattern determination

The demand will automatically be updated, so the user only has to determine for which product
graphs are wanted. The first graph represents a seasonal subseries plot, which indicates whether
the product is following a clear season. The second graphs represents a box plot, which indicates
whether there are some outliers in the demand that could be removed in order to calculate the
parameters. The last graph compares the demand of the different years to see whether the
product is following a general pattern.

As a result, the sheet is helpful in gaining some understanding about the product but it is not
required to have a workable inventory control policy.

Seasonal indices
A sheet that is required to have a working inventory control policy is that of the Seasonal indices.
An overview of the sheet is given below.

sonal indices
00007 W0
100002 MTO
100003 MTO
100004 3
100005

Fpuslue > 10—

Fpvalues 10—

Fpualue .05

Fpvalue s 01—
anert= 383

100006 pvalue

100007 TS " ey Reject?

100008 MTO He are svenly distributed ouerthe

Figure 76: Overview of the hidden sheet Seasonal indices

This sheet is quite a challenging one, since the seasonal indices will not automatically be updated
when new demand is retrieved.
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The first step in updating the seasonal indices is to extend the formulas of the moving average,
moving average 2, centred moving average and estimate of seasonal index F; to the month which
is six months before the last period for which the demand is available. The formulas for the last
six months are not yet updated since we work with moving averages.

The second step is to choose the product for which the seasonal indices are required and copy
and paste the normalized indices to the data table in the bottom of the sheet if the Chi-Square test
concludes that the null-hypothesis could be rejected, otherwise take the expected values, which
means that every seasonal index of a product should equal 1. The model will retrieve data from
this data table, therefore, it is essential to update this table.

It takes a lot of work to update the seasonal indices for all products, therefore, it is suggested to
only update the seasonal indices for the products that are considered to be MTS. The reason is
that only these products make use of the seasonal indices to determine the parameters of the
inventory control policy. For that reason, a column is added to the data table, stating which
products are considered to be MTS based on the model.

Distribution

The final sheet of the model is that of the Distribution. This sheet is not required to have a
workable model, but it gives an indication whether a Normal distribution can be assumed. It can
be assumed that a Normal distribution is reasonable if the mean demand during lead time is
higher than ten. This sheet will be updated automatically and does not require any actions from
the user. It serves to give an indication about the distribution. If a Normal distribution cannot be
assumed, we look at the months for which there was sale. If this number is rather small compared
to the number of months for which there is data available, it can be assumed that the product is
MTO. In that case, itis not really necessary to determine a distribution. However, when a product
is classified as MTS and it appears that a Normal distribution cannot be assumed, the inventory
control policy may not be used to determine the reorder point, safety stock and economic order
quantity. If that is the case, the user has to find a fitting distribution and another way to determine
the relevant parameters. An overview of the sheet is given below.

Based on a yearly basis

o bt [~]
Normal distributed
Normal distributed

MTO
Normal distributed
Normal distributed

Figure 77: Overview of the hidden sheet Distribution
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Appendix N: Overview of the dashboard of the Monte Carlo simulation

Lead min |Lead max

% The found histograms for each of the MTS

22%) products and the lower and upper limits are

N ey : put here. In the right column, the demand of

H All relevant cost data will the range is rewritten to represent a demand
be mentioned here. of four weeks.

The formulas as mentioned in Chapter 5 are entered here.
#0rders represents the number of times that Q should be added to get an inventory level above reorder point. This value is
used to determine the order costs and the number of products that are produced.

[ R I T N A

=]
M=o

=
w

This part gives the found economic order quantity and reorder point
for each month for either the proposed or current situation.

The average costs and cycle service level of
all replications are determined here. These
are the results of the Monte Carlo

1
2
B
. 4 -
The costs per period are calculated 5 This part takes the sum of the costs and the
here. Thereafter, the sum of the costs 6 average of the cycle service level found in the
of all thirteen periods is taken and put 7 first run. Thereafter, other replications will be
. . . . 8 X
in the simulation on the right. 9 simulated and updated based on a data table.
10
11
12
13
14
Sum Sum I Sum I Sum I 15

Figure 78: Overview of the dashboard of the Monte Carlo simulation
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10N

Results of the Monte Carlo simulat
The values are multiplied with a random factor for confidentiality reasons.

o

Appendix

Current model

7,560,616.95
5,206,412.29
4,992,892.94
955,550.95
10,633,992.25
9,359,444.81
1,009,772.34
4,108,283.60
2,573,378.56
1,370,753.11
7,920,322.35
5,824,932.93
5,546,678.40
3,274,011.97
5,729,430.87
10,963,287.54
18,211,555.93
151,161.07
4,441,851.41
7,124,625.63
5,146,996.11
12,329,341.04
2,451,825.39
8,262,306.85
15,962,517.79
6,033,375.46
10,934,291.95
5,835,105.99
3,690,228.30
25,791,355.31
2,585,217.42
11,342.34
4,813,153.75
25,555,779.29
6,206,454.91
8,626,427.25
861,742.89
8,112,379.94
5,211,056.74
10,315,123.29
2,602,647.90
5,488,193.50
2,229,366.60

dh b dh b o dh b b dh b b dh b b oAb b dh b b odh b dh b dh b dh b dh b dh A b dh dh b b A dh A b dh b dh

28,376.90
10,024.34
952,434.19
16,669.93
691,922.55
903,469.00
3,243.82
196,636.07
206.44
13,963.65
37,112.10
93,126.76
124,956.25
238,939.68
2,513,825.28
3,373,846.74
1,156,075.56
4,987,625.14
9,826,895.46
127,333.82
179,844.39
280,200.94
2,551.43
1,831.58
1,109,380.60
401,936.89
142,247.25
1,769,972.03
872,330.58
555,937.91
747,410.88
41,796.71
28,448.53

23,710.88
13,142.67
1,774,408.03
15,584.06
628,589.69
8,588.54
137,082.80
835,141.80
324,909.94
70,627.70

dh dh b dh b dh by b dh b dh b dh dh b b dh oy dh dh dh dh db dh dh b dhodh dh dh dh b dh dh dh dh dh dh dh db dh b dh db

1,909,156.83
1,214,083.56
2,125,550.19
538,758.27
4,476,950.52
4,084,772.32
771,283.78
1,999,830.66
786,581.51
506,493.97
2,194,529.05
1,624,897.17
1,911,938.24
1,969,513.33
9,762,733.80
1,905,819.14
17,798,704.83
21,642,245.16
68,995,713.47
12,674,526.95
6,500,536.31
17,412,080.62
7,093,185.90
1,585,525.24
12,983,039.73
5,291,291.45
3,701,332.41
45,309,552.75
24,363,344.79
15,061,115.57
16,814,614.18
10,256,719.78
67,428,435.59
3,593,770.27
4,813,328.30
4,694,502.58
18,672,087.81
5,958,210.42
16,221,400.67
14,964,319.49
28,414,467.67
19,585,243.21
14,766,262.10
8,898,202.78

€ 864,554,197.81

9,498,150.68
6,430,520.19
8,070,877.33
1,510,979.16
15,802,865.32
14,347,686.13
1,784,299.94
6,304,750.32
3,360,166.51
1,891,210.73
10,151,963.50
7,542,956.87
7,583,572.88
5,482,464.98
12,276,559.07
11,009,096.76
29,918,067.92
44,841,426.24
78,973,770.00
17,243,712.19
13,805,006.33
22,839,277.67
19,425,078.37
4,039,182.22
22,354,727.18
21,655,746.13
9,876,955.12
58,013,816.73
31,070,781.36
19,307,281.78
43,353,380.37
12,883,733.91
67,468,226.47
8,406,924.02
30,392,818.47
10,914,100.16
29,072,923.10
6,835,537.37
24,962,370.30
20,183,964.76
38,866,673.76
23,023,032.91
20,579,365.53
11,198,197.08

0.89

1.00
1.00
0.89
0.98
0.97
0.95
1.00
0.97
1.00
0.98
1.00
0.99
0.96
0.95
0.00
0.54
0.89
0.85
0.05
0.97
0.97
0.97
1.00
1.00
0.96
0.97
0.98
0.95
0.97
0.89
0.97
0.98
0.31
1.00
1.00
1.00
0.90
0.97
0.88
1.00
0.99
0.88
0.95
0.93

dh odh b dh dh dh b dh dh b dh b dh b dh db b dh dh dh dh dh dh dh dh db dh dh b dh dh b dh dh dh b dh dh b dh dh dh dh b

285,726.57
926,629.07
127,215.66
-68,608.26
6,320,426.03
2,757,599.84
-43,677.47
-390,588.85
-1,741,138.97
-74,507.46
-88,335.56
338,932.10
669,574.42
-241,361.36
5,958,485.65
-3,638,321.20
9,439,503.25
8,482,461.63
68,734,201.67
3,173,988.86
852,109.98
7,323,710.56
418,085.74
934,837.27
1,847,464.18
1,166,519.66
372,820.89
30,047,452.29
17,882,170.62
6,281,263.69
14,058,820.15
3,647,256.02
66,030,619.32
-10,503,631.62
2,993,353.25
2,080,933.35
6,213,297.50
-3,941,632.16
-11,382,398.65
6,322,317.20
9,066,494.06
1,484,080.56
-11,885,798.04
1,871,958.90

Proposed model

dhodhodh dh b dh dh b dh b b dh b dh dh b dh b b odh b b dh b dh b b b dh dh dh b b dh dh dh dh dh b dh b dh dh b

6,460,168.03
3,740,577.16
2,800,964.94
961,760.11
4,239,615.86
4,455,799.26
764,370.45
2,941,537.62
2,413,712.79
1,123,595.52
7,122,887.38
3,983,706.73
4,141,112.78
2,119,284.02
3,517,023.94
4,535,567.52
10,207,115.07
21,858,086.76
3,083,492.86
5,225,477.20
8,893,898.64
4,190,024.99
10,052,478.57
1,770,501.17
8,404,120.80
10,452,161.61
4,921,443.80
9,937,787.61
4,211,429.44
4,072,556.06
5917,234.49
3,028,887.80
251,587.31
4,014,347.10
22,734,542.94
3,418,023.27
5,183,735.62
1,693,550.33
7,410,005.68
5,552,600.30
7,846,346.55
9,537,244.19
8,020,003.83
2,833,170.47

30,650.66
136,469.79
496,080.47

17,043.69
635,981.27
779,887.71

9,732.36
213,628.45
159,573.10

3,250.73

58,143.61
312914.72
148,907.60
409,819.81
137,019.16

4,083,153.71
1,460,064.42
145,444.94
366,582.76
115,562.47

7,710.95
439,551.78

44,358.79

56,023.94

1,284,681.39
795,261.70
634,839.00
1,083,409.85
351,346.39
308,642.19
6,586,075.66

34,564.30

3.79
171,637.33

16,531.16
461,707.30
586,182.49

42,530.43
727,230.54

7,196.34
448,693.47
385,759.72

1,592,049.64
156,259.73

dh b dh b o dh b b dh b b dh b b odh b b dh b b b dh b b dh b b dh dh dh dh b b dh dh dh dh dh b dh dh b dh b

2,721,605.42
1,626,844.16
4,646,616.26
600,783.62
4,606,842.16
6,354,399.33
1,053,874.60
3,540,173.10
2,528,019.59
838,871.94
3,059,268.06
2,907,403.32
2,623,978.08
3,194,722.52
2,664,030.32
6,028,696.72
8,811,385.18
14,355,432.92
6,789,492.72
8,728,683.66
4,051,286.77
10,885,990.35
8,910,155.26
1,277,819.84
10,818,460.81
9,241,803.16
3,947,851.44
16,945,166.98
8,625,834.91
8,644,819.85
16,791,250.07
6,173,025.79
1,186,016.05
14,724,571.21
4,648,391.11
4,953,436.24
17,089,707.49
9,041,088.77
28,207,532.73
8,301,850.92
21,505,139.68
11,615,948.43
22,853,110.11
6,336,807.97

dh dh dh b db dh b dh dh b b dh b dh b b b dh b dh b b b dh dh dh dh b dh dh dh b b D b dh dh dh A Ay dh b dh b

620,443,887.46

9,212,424.11
5,503,891.11
7,943,661.67
1,579,587.41
9,482,439.30
11,590,086.29
1,827,977.41
6,695,339.17
5,101,305.48
1,965,718.19
10,240,299.06
7,204,024.76
6,913,998.47
5,723,826.34
6,318,073.42
14,647,417.95
20,478,564.67
36,358,964.61
10,239,568.33
14,069,723.33
12,952,896.35
15,515,567.12
19,006,992.62
3,104,344.95
20,507,263.00
20,489,226.47
9,504,134.24
27,966,364.43
13,188,610.74
13,026,018.09
29,294,560.22
9,236,477.89
1,437,607.15
18,910,555.64
27,399,465.22
8,833,166.81
22,859,625.60
10,777,169.53
36,344,768.95
13,861,647.56
29,800,179.70
21,538,952.34
32,465,163.57
9,326,238.18

0.94

1.00
0.98
0.95
0.98
0.97
0.96
0.99
0.98
0.98
0.99
0.99
0.95
0.96
0.93
0.78
0.55
0.83
1.00
0.91
0.97
1.00
0.96
1.00
0.97
0.95
0.97
0.90
0.94
0.98
0.92
0.77
0.99
1.00
0.90
1.00
0.92
0.97
0.92
0.87
1.00
0.98
091
0.81
0.90
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A

Current model

7,560,616.95
5,206,412.29
4,992,892.94
955,550.95
10,633,992.25
9,359,444.81
1,009,772.34
4,108,283.60
2,573,378.56
1,370,753.11
7,920,322.35
5,824,932.93
5,546,678.40
3,274,011.97
5,729,430.87
10,963,287.54
18,211,555.93
151,161.07
4,441,851.41
7,124,625.63
5,146,996.11
12,329,341.04
2,451,825.39
8,262,306.85
15,962,517.79
6,033,375.46
10,934,291.95
5,835,105.99
3,690,228.30
25,791,355.31
2,585,217.42
11,342.34
4,813,153.75
25,555,779.29
6,206,454.91
8,626,427.25
861,742.89
8,112,379.94
5,211,056.74
10,315,123.29
2,602,647.90
5,488,193.50
2,229,366.60

dhodh b dhodh dh db dh dh db dh dh dh b dh dh o dh b dh b dh b dh dh db dh A dh dh dh db dh dh dh db db b dh dh b b dh dh dh

4,789,497.87
3,552,587.82
1,761,299.58
317,745.50
4,727,209.73
3,219,816.57
580,168.59
1,793,698.02
1,867,159.97
679,717.58
5211,322.32
3,413,171.03
3,674,906.01
1,231,298.04
2,525,249.87
6,113,285.96
10,884,688.84
2,957,873.53
4,090,871.69
2,430,400.07
7,213,035.65
1,646,160.51
2,681,624.10
9,910,757.43
1,775,771.85
3,013,944.43
304,945.45
585,813.45
13,907,912.88
1,424,316.37
547.67
3,504,965.42
16,657,386.24
3,792,448.24
5,149,161.39
495,194.36
4,368,918.97
3,343,332.04
5,436,370.98
153,229.95
2,532,223.29
1,430,360.88

10,036,588.63
7,218,592.34
8,460,307.52
1,873,204.88
14,843,942.26
16,567,882.13
1,394,470.33
6,100,037.23
3,628,607.43
1,985,757.59
10,789,589.15
8,058,743.12
7,609,636.95
4,608,003.31
9,538,910.14
16,423,415.19
28,489,218.57
957,600.39
6,131,653.19
12,597,589.09
8,485,915.79
16,952,333.97
3,330,462.93
14,036,501.22
23,275,308.77
13,128,488.09
17,852,166.02
18,666,144.26
6,518,008.60
37,016,514.49
3,720,116.02
49,654.77
6,686,153.91
32,243,644.68
8,224,371.44
12,604,357.02
1,245,815.47
10,680,118.51
7,423,118.15
15,572,870.01
4,121,621.07
8,561,016.33
2,791,217.09

28,376.90
10,024.34
952,434.19
16,669.93
691,922.55
903,469.00
3,243.82
196,636.07
206.44
13,963.65
37,112.10
93,126.76
124,956.25
238,939.68
2,513,825.28
3,373,846.74
1,156,075.56
4,987,625.14
9,826,895.46
127,333.82
179,844.39
280,200.94
2,551.43
1,831.58
1,109,380.60
401,936.89
142,247.25
1,769,972.03
872,330.58
555,937.91
747,410.88
41,796.71
28,448.53
23,710.88
13,142.67
1,774,408.03
15,584.06
628,589.69
8,588.54
137,082.80
835,141.80
324,909.94
70,627.70

dh dhodh b dh dh dh dh dh db dh dh dh db dh dh dbh db b db dh db b dh dh b dh dh dh dh db dh dh dh db db db dh dh db db db dh b

821,616.22
135,410.78
7,362,668.96
218,708.45
4,052,926.07
5,401,942.80
62,983.94
1,465,929.58
27,805.59
315,110.47
728,091.12
874,116.19
676,481.87
2,034,590.80
10,878,261.43
12,066,521.16
6,931,544.34
22,408,677.25
27,971,840.79
649,310.54
3,752,483.91
2,259,332.46
113,114.64
41,095.88
6,674,342.49
4,416,658.69
1,093,273.43
9,814,901.58
8,718,387.51
8,562,178.78
6,801,802.26
542,067.73
128,188.53
595,801.71
178,612.54
6,588,571.86
272,491.11
7,236,177.92
306,767.27
1,431,448.64
6,623,035.39
2,133,919.17
239,668.74

dh dhodh dhodh dh dh dh dh db dh dh dh dh dh dhodh dh dh A dh dh b dh db dh b dh dh dh db b dh db db db db db dh db db db db b

1,909,156.83
1,214,083.56
2,125,550.19
538,758.27
4,476,950.52
4,084,772.32
771,283.78
1,999,830.66
786,581.51
506,493.97
2,194,529.05
1,624,897.17
1,911,938.24
1,969,513.33
9,762,733.80
1,905,819.14
17,798,704.83
21,642,245.16
68,995,713.47
12,674,526.95
6,500,536.31
17,412,080.62
7,093,185.90
1,585,525.24
12,983,039.73
5,291,291.45
3,701,332.41
45,309,552.75
24,363,344.79
15,061,115.57
16,814,614.18
10,256,719.78
67,428,435.59
3,593,770.27
4,813,328.30
4,694,502.58
18,672,087.81
5,958,210.42
16,221,400.67
14,964,319.49
28,414,467.67
19,585,243.21
14,766,262.10
8,898,202.78

dhodh db db dh dh dh dh dh b dh dh dh dh dh dh A b dh b dh b dh dh db b dh dh dh dh db dh dh b b db b dh dh dh dh b dh dh

901,175.43
300,391.81
901,175.43
3,003,918.09
1,652,154.95
300,391.81
901,175.43
300,391.81
150,195.90
901,175.43
450,587.71
600,783.62
1,051,371.33
9,762,733.80
750,979.52
4,966,438.76
7,430,307.60
68,995,713.47
6,848,157.79
1,061,472.51
7,430,307.60
3,830,799.24
5,267,348.95
1,915,399.62
19,234,024.33
1,241,609.69
4,245,890.06
4,966,438.76
4,770,567.34
1,241,609.69
957,699.81
478,849.90
9,553,252.63
1,259,269.52
7,449,658.14
5,037,078.09
14,899,316.27
12,416,096.90
6,368,835.09
4,966,438.76

dy dh dh dh dhy db dh dh dh db dh b db dh o db dh db dh b db dh db dh b db dh dh dh dh dh b dh dh dh dh dh dh dh dh dh b dh dh b

3,454,505.80
2,403,134.47
3,604,701.71
1,351,763.14
6,458,423.90
5,857,640.28
1,201,567.24
3,154,114.00
1,652,154.95
1,051,371.33
4,055,289.42
3,154,114.00
3,304,309.90
3,454,505.80
9,762,733.80
3,003,918.09
29,798,632.55
37,151,538.02
68,995,713.47
21,522,781.62
16,983,560.24
28,659,757.90
12,928,947.43
3,830,799.24
22,027,095.62
8,619,298.28
9,576,998.09
73,977,016.65
71,017,935.98
28,659,757.90
37,248,290.69
16,696,985.69
77,521,719.27
7,449,658.14
11,971,247.62
9,576,998.09
29,721,230.42
12,592,695.22
29,798,632.55
22,666,851.40
40,973,119.76
36,006,681.00
27,598,285.39
13,657,706.59

€ 864,554,197.81

9,498,150.68
6,430,520.19
8,070,877.33
1,510,979.16
15,802,865.32
14,347,686.13
1,784,299.94
6,304,750.32
3,360,166.51
1,891,210.73
10,151,963.50
7,542,956.87
7,583,572.88
5,482,464.98
12,276,559.07
11,009,096.76
29,918,067.92
44,841,426.24
78,973,770.00
17,243,712.19
13,805,006.33
22,839,277.67
19,425,078.37
4,039,182.22
22,354,727.18
21,655,746.13
9,876,955.12
58,013,816.73
31,070,781.36
19,307,281.78
43,353,380.37
12,883,733.91
67,468,226.47
8,406,924.02
30,392,818.47
10,914,100.16
29,072,923.10
6,835,537.37
24,962,370.30
20,183,964.76
38,866,673.76
23,023,032.91
20,579,365.53
11,198,197.08

€ 564,462,659.12

dh dh o dhodh dh dh dh dh dh dh dh dh b dh b dh db b b dh b dh b dh b b dh dh dh b dh b dh b b dh dh dh b db dh b dh b

8,125,459.07
5,557,957.13
5,975,610.42
1,067,877.93
12,632,891.29
8,343,576.83
1,361,980.46
5,076,106.22
2,839,310.70
1,217,085.03
8,818,549.19
6,463,636.93
6,411,776.73
4,733,585.31
9,762,733.80
6,347,380.41
18,814,655.48
32,194,152.67
69,539,315.18
12,636,570.05
9,189,113.23
14,376,938.32
17,014,770.15
2,889,386.88
18,512,377.64
18,322,448.36
7,229,612.94
36,577,270.42
1,582,190.16
9,526,387.51
32,598,806.67
8,128,902.28
49,654.77
5,213,786.59
27,381,884.23
7,843,071.27
20,806,311.51
2,126,578.48
17,098,563.44
12,163,490.15
30,472,186.28
16,238,913.39
13,602,658.06
7,597,145.54

€ 1,221,404,358.99

dhodh dh dhodh dh db dh dh b dh dh dh dh dh dh dh b dh b b dh dh dh db dh b dh b dh db b b dh db b b dh dh dh b dh b dh

11,132,866.40

8,027,298.92
13,480,188.58

2,040,862.72
19,053,480.32
19,421,604.32

2,171,059.42

7,497,213.56

3,928,999.24

2,373,714.05
11,840,960.48

8,684,278.58

8,728,746.74

6,666,586.58
20,640,995.23
19,520,827.70
42,400,775.73
63,495,594.16
96,967,554.25
25,003,183.41
22,660,207.68
32,733,829.64
21,460,052.05

5,818,964.34
31,016,166.05
25,526,762.27
14,354,989.53
84,137,550.71
83,028,148.31
37,807,750.13
57,250,247.92
18,893,733.86
77,651,301.77
11,295,442.30
34,868,615.67
13,550,229.20
38,749,403.54
13,277,249.80
40,245,323.90
26,515,108.93
48,760,716.03
41,541,336.65
31,610,025.40
15,574,412.96

0.89

1.00
1.00
0.89
0.98
0.97
0.95
1.00
0.97
1.00
0.98
1.00
0.99
0.96
0.95
0.00
0.54
0.89
0.85
0.05
0.97
0.97
0.97
1.00
1.00
0.96
0.97
0.98
0.95
0.97
0.89
0.97
0.98
0.31
1.00
1.00
1.00
0.90
0.97
0.88
1.00
0.99
0.88
0.95
0.93

0.73

0.92
0.98
0.62
0.83
0.87
0.77
0.95
0.84
0.99
0.77
0.95
0.90
0.86
0.80
0.00
0.20
0.58
0.68
0.02
0.92
0.71
0.83
0.99
0.98
0.80
0.83
0.83
0.80
0.78
0.43
0.78
0.89
0.00
1.00
0.00
0.97
0.74
0.74
0.50
0.95
0.95
0.50
0.77
0.90
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1.00
1.00
1.00
1.00
1.00
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1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
0.00
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0.58
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
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A

Proposed model

dh dh dh dh dh dh dh dh dh db dh db dh dh dbh dh dh dh b dh dh dh dh dh dh dh oAb dh dh dh dh dh db db dh db dh dh db dh dh b dh b

6,460,168.03
3,740,577.16
2,800,964.94
961,760.11
4,239,615.86
4,455,799.26
764,370.45
2,941,537.62
2,413,712.79
1,123,595.52
7,122,887.38
3,983,706.73
4,141,112.78
2,119,284.02
3,517,023.94
4,535,567.52
10,207,115.07
21,858,086.76
3,083,492.86
5,225,477.20
8,893,898.64
4,190,024.99
10,052,478.57
1,770,501.17
8,404,120.80
10,452,161.61
4,921,443.80
9,937,787.61
4,211,429.44
4,072,556.06
5,917,234.49
3,028,887.80
251,587.31
4,014,347.10
22,734,542.94
3,418,023.27
5,183,735.62
1,693,550.33
7,410,005.68
5,552,600.30
7,846,346.55
9,537,244.19
8,020,003.83
2,833,170.47

dhodh dh dh dh dh b dh dh db dh db dh dh dh dh db dh dh dh ch dh dh dh dh dh db dh dh db dh dh db dh dh db ch dbh b dh dh dh b db

3,912,059.24
1,945,624.94
269,080.00
288,974.60
975,790.29
469,486.22
407,054.57
862,278.37
725,014.33
4,121,399.67
1,827,165.29
2,161,630.34
704,270.75
1,629,558.83
107,193.44
861,158.01
12,576,680.03
3,286,563.59
6,230,180.22
1,539,984.04
5,591,250.28
598,380.21
1,593,857.56
2,150,227.72
1,426,435.80
1,243,117.01
104,136.09
108,030.63
1,823,011.55
46,722.68
1,649,057.77
15,231,055.51
1,074,388.06
2,156,716.65
534,769.64
462,711.62
3,768,360.50
1,850,771.46
4,810,712.04
3,001,248.01
873,422.31

dh dhodh db oy db b dh dh b dh dh dh b dh db dh b dh dh dh db dh db dh dh db db b dh b dh b dh dh dh dh b dh b dh dh b

9,068,649.32
9,105,932.19
4,847,510.10
1,821,581.36
12,294,892.09
8,488,137.19
1,092,645.55
4,940,682.28
4,414,998.25
1,605,299.21
9,015,623.39
5,848,900.41
6,100,969.38
3,547,327.76
5,038,389.76
9,321,753.64
17,908,627.07
33,120,150.77
5,749,451.38
7,288,597.78
12,692,646.04
7,177,176.36
14,130,380.63
3,563,973.79
14,110,674.30
17,340,208.72
12,333,997.49
20,769,648.56
19,685,340.48
6,981,097.52
18,319,438.37
4,376,675.59
340,011.12
6,762,950.75
28,485,569.94
6,419,478.88
9,172,531.29
2,926,831.89
10,842,207.57
7,529,036.44
12,071,086.99
14,111,551.17
18,367,971.00
5,343,634.97

dhodh dh dh odh b dh dh dh dh dh b dh b b dh o dh b dh b b dh b dh db dh db dh b db db dh db dh b b dh b db by dh by

30,650.66
136,469.79
496,080.47

17,043.69
635,981.27
779,887.71

9,732.36
213,628.45
159,573.10

3,250.73

58,143.61
312,914.72
148,907.60
409,819.81
137,019.16

4,083,153.71
1,460,064.42
145,444.94
366,582.76
115,562.47

7,710.95
439,551.78

44,358.79

56,023.94

1,284,681.39
795,261.70
634,839.00
1,083,409.85
351,346.39
308,642.19
6,586,075.66

34,564.30

3.79
171,637.33

16,531.16
461,707.30
586,182.49

42,530.43
727,230.54

7,196.34
448,693.47
385,759.72

1,592,049.64
156,259.73

€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-
€-

586,937.47
1,219,036.70
5,427,411.63

218,742.56

20,345,678.40
4,051,439.96

111,634.39
5432,851.57
4,143,942.27

44,871.89

796,186.29
1,838,029.92
1,005,087.70
3,145,728.72
1,756,535.11

15,416,055.79
13,848,534.75
1,656,096.37
7,335,545.06

583,662.81

267,224.89
2,273,551.57

721,061.29

847,091.15

14,793,589.35
8,067,224.85
6,119,488.21
13,997,873.36
5,393,495.66
2,351,491.21
41,787,762.70

409,488.06

204.73
2,124,736.10

897,046.65
4,148,678.78
4,271,414.89

760,081.12

14,806,729.43

111,471.12
5,134,881.26
2,178,973.00

12,811,455.58

932,361.60

dh dhodhodh dh b dh dh dh dh b dh dh b dh dh oAb dh dh db dh dh db dh dh dh oAb dh dh dbh dh dh dh dh dh db dh dh db dh dh dh b db

2,721,605.42
1,626,844.16
4,646,616.26
600,783.62
4,606,842.16
6,354,399.33
1,053,874.60
3,540,173.10
2,528,019.59
838,871.94
3,059,268.06
2,907,403.32
2,623,978.08
3,194,722.52
2,664,030.32
6,028,696.72
8,811,385.18
14,355,432.92
6,789,492.72
8,728,683.66
4,051,286.77
10,885,990.35
8,910,155.26
1,277,819.84
10,818,460.81
9,241,803.16
3,947,851.44
16,945,166.98
8,625,834.91
8,644,819.85
16,791,250.07
6,173,025.79
1,186,016.05
14,724,571.21
4,648,391.11
4,953,436.24
17,089,707.49
9,041,088.77
28,207,532.73
8,301,850.92
21,505,139.68
11,615,948.43
22,853,110.11
6,336,807.97

dhodh dh db dh b odh dh dh db dh b dh b db dh db dh dh b dh db db dh dh b b dh dh b dh dh b dh dh db b db b dh dh dh db db

1,051,371.33

2,403,134.47

3,454,505.80

450,587.71
1,652,154.95

150,195.90
1,652,154.95

901,175.43
1,051,371.33
1,351,763.14
1,802,350.85
4,355,681.23
3,724,829.07
6,368,835.09
1,061,472.51
4,891,541.28
4,245,890.06
4,788,499.05
4,788,499.05
3,830,799.24

1,241,609.69
2,385,283.67
1,241,609.69
1,436,549.71
9,553,252.63
2,518,539.04
11,174,487.21
3,777,808.57
12,416,096.90
6,208,048.45
4,245,890.06
3,724,829.07

5,106,660.76
3,304,309.90
7,659,991.13
1,351,763.14
9,762,733.80
9,161,950.18
2,102,742.66
5,857,640.28
5,557,248.47
1,652,154.95
5,557,248.47
5,707,444.37
4,355,681.23
5,256,856.66
6,308,227.99
9,312,146.08
17,382,535.65
24,413,867.84
18,045,032.75
12,718,007.32
8,491,780.12
19,106,505.27
15,802,046.86
3,351,949.33
18,196,296.38
18,675,146.28
9,098,148.19
41,427,129.32
39,947,588.99
18,045,032.75
36,006,681.00
10,733,776.51
1,192,641.83
32,281,851.93
10,534,697.90
10,534,697.90
26,536,812.87
40,296,624.70
57,114,045.72
12,592,695.22
33,523,461.62
24,832,193.79
43,520,373.11
18,624,145.34

dh dhy db dh dh dh dh dh oy dh dh dh b db db dh dh oy dh dh dh b db b dh dh dh dh db b dh dh dh dh dh dh dh dh b dh dh dh dh b

620,443,887.46

9,212,424.11
5,503,891.11
7,943,661.67
1,579,587.41
9,482,439.30
11,590,086.29
1,827,977.41
6,695,339.17
5,101,305.48
1,965,718.19
10,240,299.06
7,204,024.76
6,913,998.47
5,723,826.34
6,318,073.42
14,647,417.95
20,478,564.67
36,358,964.61
10,239,568.33
14,069,723.33
12,952,896.35
15,515,567.12
19,006,992.62
3,104,344.95
20,507,263.00
20,489,226.47
9,504,134.24
27,966,364.43
13,188,610.74
13,026,018.09
29,294,560.22
9,236,477.89
1,437,607.15
18,910,555.64
27,399,465.22
8,833,166.81
22,859,625.60
10,777,169.53
36,344,768.95
13,861,647.56
29,800,179.70
21,538,952.34
32,465,163.57
9,326,238.18

€ 393,831,360.09

8,553,259.11
4,232,226.83
6,888,898.78
1,005,929.70
1,186,517.47
10,311,877.20
1,337,936.58
5,923,529.62
2,270,231.51
1,397,934.26
9,457,414.29
6,114,013.59
6,172,457.05
4,672,333.30
4,517,864.16
9,395,446.60
10,412,052.61
32,068,629.90
5,715,406.62
10,482,164.85
10,246,368.69
10,440,078.57
17,353,017.62
1,732,462.30
17,552,589.48
17,957,561.94
4,953,663.82
5,550,693.43
107,685.02
1,353,285.69
10,156,546.56
6,149,621.23
46,722.68
4,992,143.04
24,868,679.17
4,901,937.88
17,961,727.64
4,229,771.93
19,541,858.45
10,015,508.41
24,125,667.17
15,537,905.28
15,553,635.39
6,386,104.69

dy dhodh db dh dh dh dh b b dh db dh b dh b dh b b dh dh A db db dh b dh dh b dh b dh b b dh dh dh b b dh dh dh b

€ 1,034,830,854.74

10,270,216.56

9,105,932.19
13,221,014.50

2,040,112.03
30,108,412.20
14,467,949.18

2,709,943.96
11,697,546.42
10,140,653.58

2,491,823.55
11,190,250.03

9,222,443.68

7,915,874.10

8,745,379.98

9,205,156.71
24,891,003.95
27,621,750.74
43,045,909.87
25,380,577.81
16,957,346.07
15,824,424.31
23,172,376.79
21,970,919.73

5,116,553.56
33,509,807.73
26,799,942.65
16,887,043.65
55,022,592.06
47,118,074.34
21,849,075.82
72,360,551.46
13,268,815.98

1,532,652.95
35,337,746.49
30,166,578.92
14,789,455.54
31,299,788.18
41,045,889.61
72,383,486.77
17,360,960.52
40,166,278.94
31,642,937.65
55,309,339.53
20,466,264.45

dh dh dh dh dh dh db dh dh dbh dh db dh dh dbh dh dh db db dbh b dh dh dh dh b db dh dh db dh dh dh dh b dh dh dh dh dh db b dh dy

0.94

1.00
0.98
0.95
0.98
0.97
0.96
0.99
0.98
0.98
0.99
0.99
0.95
0.96
0.93
0.78
0.55
0.83
1.00
0.91
0.97
1.00
0.96
1.00
0.97
0.95
0.97
0.90
0.94
0.98
0.92
0.77
0.99
1.00
0.90
1.00
0.92
0.97
0.92
0.87
1.00
0.98
091
0.81
0.90

0.63

0.95
0.83
0.62
0.81
0.51
0.81
0.94
0.59
0.67
0.00
0.93
0.79
0.84
0.72
0.00
0.23
0.31
0.96
0.00
0.93
0.97
0.85
0.96
0.73
0.66
0.75
0.53
0.63
0.68
0.50
0.28
0.89
0.00
0.51
0.93
0.58
0.80
0.00
0.32
0.96
0.84
0.78
0.40
0.67

1.00

1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
1.00
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Appendix P: Comparison of Q and s

This Appendix shows the ratio between the values for Q and s for either the current as well as the
proposed model. If one of the cells in the tables below show Proposed, this means that the value
of the parameter for that specific product in that specific month is higher in the proposed model
compared to the current model. The other way around, if a cell shows Current, then the value of
the parameter in the current model is higher. The results for the ratio of Q between the current
and the proposed model can be found in Table 42.

Table 42: Comparison of the economic order quantity between the current and the proposed model

Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec
100004| Current Current Current Current Current Current Current Current Current Current Current Current
100005| Current Current Current Current Current Current Current Current Current Current Current Current
100007 Current Current Current Current Current Current [JHNe)IorTels NS Yo)olortcts i eiNeyeTortcls s Yoo o Ltcts M Ne)sToRTclsl
100009| Current Current Current Current Current Current Current Current Current Current Current Current
100021| Current Current Current Current Current Current Current Current Current Current Current Current
100022| Current Current Current Current Current Current Current Current Current Current Current Current
100023 Current Current Current Current Current Current Current Current Current Current Current Current
100024| Current Current Current Current Current Current Current Current Current Current Current Current
100025| Current Current Current Current Current Current Current Current Current Current Current Current
100026 RELEEEEMYGIIREE] Current Current Current Current Current Current Current Current
100027| Current Current Current Current Current Current Current Current Current Current Current Current
100040| Current Current Current Current Current Current Current Current Current Current Current Current
100099| Current Current Current Current Current Current Current Current Current Current Current Current
100104| Current Current Current Current Current Current Current Current Current Current Current Current
O[O VyA O s(Sial Proposed Proposed @AWY\l Proposed Proposed Proposed Propose

d Propc IBOPIIEEE Current  Current
100124| Current Current Current Current Current Current JUSJOSEEl Current Current JSY)LEEGESTIOEEEN Current

IRUNIWA Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed

JRUNIA Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110008 PEye): d Proposed Prop d Pro >d Proposed Proposed Proposed Proj d Proposed Proposed Proposed Prc d
IRUDNE] Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
BRI Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110011 pgy Pro 1 Pr g Prc d Pr o P Prc d Pr P d
110018| Current Current Current Current Current Current Current Current Current Current Current Current
110019| Current Current Current Current Current Current Current Current Current Current Current Current
RN Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110028 BYCNPEEEMSTINIEEOY R Current Current Current Current Current Current Current [JEgosloRIcIsRNRyeJolortcts!
110030 Current Current Current Current Current Current Current Current Current Current Current Current
110036 gy sfely:te
110047 RBRye)slel:Ls

1 Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
|
IR Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
d
|
1

Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed

110117 PRSI IMSYNEEl Current Current Current Current Current Current JSEe)loE=GERST) ed Proposed
BRWLS Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
IRUPA] Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110211| Current Current Current Current Current Current JYJoeEEs] Current PREOSloEEe] Current Current Current
110224 PYCNLEEE S TR R Current Current Current Current Current Current [JgyeJoloRceiBgee)sIortets IS ye)olort=tel
110225| Current Current Current Current Current Current Current Current Current Current Current Current
JRUPERL] Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110242 BRSO ISV SRRl  Current Current Current Current Current Current Current QH¥s d
110244 Current Current Current Current Current JSUHEGCIISTINEEN Current Current JUEJNEGE Current QRYeJeleRi=tl
IRZ%EY Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
JRURYAR] Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed

110324 RTINS MY O MST Nl Current Current  Current [JEeJoSSICeRBUReSORIE MBI REe] Current Current

110326 BL9; ISR IS ORI TETe] Current PRYOEEE Current Current Current Current Current Current
JRLUREY] ety Eligl Proposed Propos Prop LS Current  Current Current Current Current  Current

As we can see, Q is almost always lower in the proposed model in case of a tape product. However,
for MF products, there are fluctuations. For 17 out of 28 MF products, it appears that the proposed
model has higher values for the economic order quantity for at least half the year.

When we compare the ratios with the results of the Monte Carlo model as found in Appendix O,
we see that the products with the higher order quantities normally face lower order costs. As a
result, the order costs for the proposed model for the tape products are high compared to the
order costs of the current model. However, this result is outweighed by the difference in order
costs for the MF products, which is in favour of the proposed model.
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To make some statements about the holding costs or stockout costs, we will also look at the ratio
between the reorder point for both the current model as well as the proposed model. The results
can be found in Table 43.

Table 43: Comparison of the reorder point between the current and the proposed model
s Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec

100004| Current Current Current Current Current Current Current Current Current Current [Jgye)lorteleigyejolorictel
100005| Current Current Current Current Current Current Current Current Current Current Current Current
100007 PRYYsleesl Current
OIOE) Proposed Proposed Proposed
100021| Current Current Current Current Current Current Current Current Current
100022| Current Current Current Current Current Current Current Current Current JRye)loRIelsRRsYe)oIorI=Is RS olorIels!
100023| Current Current Current Current Current Current Current Current Current Current Current Current
100024 PYYOILRIs] Current Current Current Current Current Current Current Current [JeyeJeloRls Qe ue)sIorTets By Ye)olortcte!
100025| Current Current Current Current Current Current Current Current Current Current Current Current
100026 BYENIEISSTOIIeREe] Current Current Current Current Current Current Current Current [Jgye)eloRteleiyejolortctel
100027| Current Current Current Current Current Current Current Current Current Current Current Current
100040| Current Current Current Current Current Current Current Current Current Current Current Current
100099| Current Current Current Current Current Current Current Current Current Current Current Current
100104| Current Current Current Current Current Current Current Current Current Current Current Current
100122| Current Current Current Current
100124 Proposed
110002 Current Current Current Current Current Current Current NSeJoIoEIETeRNe)sIoRIEs I o) sIoR ETs}
110007| Current Current Current Current Current Current Current [JQgeJeleEiEle
110008| Current Current Current Current Current Current Current Current Current Current Current Current
110009| Current Current Current Current Current Current Current [RSYeJoIoE{cleRNSNeIsIoRTcls I Yo oloRIEle BN Qo) sIoRIcle MRS YO0 H]
110010| Current Current Current Current Current Current JgeJoloRIclsRRRe)elertle e

[O18099=) s LA 0430 =) o L 040 o () o YA O V1 3 () A O g (o llll Proposed Proposed Proposed Proposed Proposed

Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed

[Otieyl\M Proposed Proposed
I I

BRSO Current Current PPOJeloRe] Current Current Current

Proposed Proposed Proposed Proposed Oyl au Ol (0197 [Nyl il Proposed Proposed Proposed

Proposed Proposed

Proposed Proposed Proposed Proposed

Proposed Proposed Proposed Propos

110011| Current Current Current Current Current Current Current Current Current Current Current Current
110018 Current Current Current Current Current Current Current Current Current Current Current Current
110019| Current Current Current Current Current Current Current Current Current Current Current Current

BRIV Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed

110028 B LRI G MIoREe] Current Current Current Current Current Current Current JgealoRIcIoRgyeJoloRIctsl

110030| Current Current Current Current Current Current Current Current Current Current Current Current
110036 PRl Current Current Current Current Current Current Current Current Current JggeJeloRlcIeqBRYeJolorIcls!
110047| Current Current Current Current Current Current Current Current Current Current Current Current
INEEN) Proposed Proposed sed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110117| Current Current Current Current Current Current Current Current Current Current Current Current
110176 REYe): ISR EEl Current Current Current Current Current Current Current Proposed
IRUPAIR] Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110211| Current Current Current Current Current Current JYOJoeEEs] Current PREOSleRfe§ Current Current Current
110224 RSP IMS O EEYNNOReE] Current Current Current Current Current Current [JieJolortcls SRgReysIortes BN Yo olotctel
110225| Current Current Current Current Current Current Current Current Current Current Current Current
110239 Current Current Current Current Current Current Current Current [Jgge)lorteteiye)oloR cts Qe e)sIorTets IS Ye)oloRI=ts!
110242 Current PSUEEEEISV ORISR Current Current Current Current Current Current Current JSyeJelel=tl
110244 BRIV LE ST RSNl Current  Current Current Current Current Current Current [QJRNe)sIeEIelsRNSYe)oleR <l
110245 BRSO YYeoNee] Current Current Current Current Current Current Current [JSeJooRIcls BRRYeJolorIcts!
110323| Current Current Current Current Current Current Current Current Current Current Current Current
IRURYZY Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed Proposed
110326 BUE RIS O SN OISO oloRte] Current PgyoJsfeltss§ Current Current Current Current Current Current
110332| Current Current PUENHEEl Current Current Current Current Current Current Current Current Current

We see that in general, the reorder point for the current model is higher than the reorder point of
the proposed model. As a result, the holding costs should be higher for the current model, which
is mostly in line with the results found in Appendix O. A general pattern that is found, is that the
higher the holding costs, the lower the stockout costs. However, some of the products do not
follow this pattern. When we dive into these products, we see that for these specific products,
sometimes the proposed model has higher values for the parameters and sometimes the current
model has higher values for the parameters. Besides, it appears that for some products the order
quantity is higher in combination with lower reorder points or higher reorder points with lower
order quantities. In general, we can conclude that lower reorder points in combination with
higher order quantities are beneficial, since it reduces both the holding costs as well as the order
costs. The lower holding costs may lead to higher stockout costs, however, these costs are mostly
outweighed by the reduction in other costs.
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Appendix Q: Histograms of all replications of the Monte Carlo simulation

Histograms of the current model
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Figure 82: Histograms of the results of the 1st upon 12th MTS product for the current model
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Figure 83: Hlstograms of the results of the 13th upon 26th MTS product for the current model
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Figure 84:Histograms of the results of the 27th upon 40th MTS product for the current model
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Figure 85: Histograms of the results of the 41th upon 44th MTS product for the current model

Histograms of the proposed model
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Figure 86: Histograms of the results of the 1st upon 8th MTS product for the proposed model
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Figure 87: Histograms of the results of the 9th upon 22th MTS product for the proposed model
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Figure 88: Histograms of the results of the 23th upon 36th MTS product for the proposed model
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Figure 89: Histograms of the results of the 37th upon 44th MTS product for the proposed model
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