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ABSTRACT

Forests provide many important ecosystem services, but forests are changing due to many factors including

climate change and pressure from human activities. This is affecting health status of forests, and therefore

monitoring forest health status is necessary. As an important indicator of forest health, forest defoliation in

canopy plays an important role as thermal inertia in the energy balance between canopy and atmosphere,

which can be indicated by diurnal range of Land Surface Temperature (LST). However, the relationship

between defoliation and diurnal range of LST should be more clear in stable environments with little other

sources of fluctuations.

Defoliation data provided by ICP Forests and LST data provided by Meteosat Second Generation (MSG)

are applied in this study. Two methods (plot level analysis and “pile” analysis) of regression analysis are

applied to analyze the relationship between defoliation and diurnal range of LST. Factors (altitude, latitude

and forest stand) that can influence the stability of environment are introduced in this study as a principle

to group the plots, in order to analyze if the relationship between diurnal range of LST and defoliation will

be stronger in stable environments. The results have shown that only little percentage of variations of

defoliation can be predicted by diurnal range of LST. Although no correlation has been found between

average diurnal range of LST and defoliation, suggestions concentrated on improving the study are

presented.

Keywords: Defoliation, (diurnal range of) Land Surface Temperature, ecosystem stability, correlation,

latitude, altitude, forest stand, regression analysis
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1. INTRODUCTION

Forest provide a wide range of ecological functions including air purification, carbon

sequestration and biodiversity preservation, as well as direct benefits including recreation, food

and forest products. Developing in forest management (De Groot & Van der Meer, 2010), those

ecosystem services make huge contributions to the nature and human society. (De Groot et al.,

2010; MEA, 2005; Blanco et al., 2017; Baral et al., 2016).

Forest health, together with the ecosystem services it provides, can be influenced by many factors

related to anthropogenic activities, including air pollution at national and regional scales (Percy &

Ferretti, 2004), heavy metal contamination and soil acidification (Šebesta et al., 2011), and climate

change (Oakes et al., 2015). What’s more, anthropogenic activities can interact with climate

change. In recent decades, climate change is becoming more active and has shown us how severe

it can impact on the functioning of forest ecosystems (Bošel’a et al., 2014). In Boreal and

Mediterranean Europe, temperature is expected to increase by up to 5°C by 2100 (Loustau et al.,

2005). Air pollutants, which is affecting the health and vitality of forest (Requardt et al., 2007),

can be effected by thermal infrared radiation both physically (diffusion and dilution) and

chemically (chemical reaction) on ecosystem's response (Serengil et al., 2011). Therefore,

monitoring of forest health status is important for scientists (Kopacková et al., 2014).

The amount of foliage in forests canopy is an important variable for evaluating forest health

(Solberg et al., 2006). Forest defoliation is a natural or artificial process that usually leads to a loss

of foliage. It is a physiological strategy of protection mechanism applied by plants, aiming at a

reduction of the possibility of severe problems or mortality under extreme conditions (De et al.,

2014). Monitoring the defoliation of forests can be utilized among several forest monitoring

parameters to reflect the health of forest (Dobbertin, 2005; Marco et al., 2014). To accurately

track the health status of a forest, ideally defoliation should be monitored over a long, preferably

uninterrupted period across years to produce forest changes of a time sequence in order to detect

the defoliation trend and then to evaluate its consequence.

Although the definition of defoliation is clearly stated, the causes have not been explored

comprehensively. Forest defoliation unrelated to the annual cycle can occur when for example

suitable conditions exist for forest insects to breed or a trees experience a deficiency of necessary

nutrients. Defoliated trees will tend to be dead as they are more likely to be attacked by root
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pathogens and bark beetles (Houston, 1992). Feeding on leaves, herbivorous insects and

pathogens reduce tree growth and can cause extensive defoliation and even mortality after

successive years of leave consumption (Townsend et al., 2014). The positive fluctuation of

temperature in recent years has increased the living ranges of many forest insects northward,

which may intensify forest defoliation in Boreal forests (Wolf et al. 2008; Jepsen et al. 2011).

Marco et al. (2014) has shown that tree species such as F. excelsior and Q. petraea that tend to

maintain cooler canopies are more able to maintain their evapo-transpiration fluxes and a

decrease of foliage is less likely to happen because of a storage of more water in the canopy

foliage under an increment of summer (June and July) average temperature. Sometimes the

occurrence is because of the drought or the use of chemicals by human. Haemmerli et al. (2008)

have found that ozone levels in Switzerland should be considered as an exceptional risk factor of

crown defoliation. The recovery process of foliage, tree stem and biodiversity will take a long

period, especially after severe defoliation (Långström et al., 1990). Irreversible damage to plant

can happen if severe defoliation sustains its occurrence.

Admitted that climate change can trigger forest defoliation, it is still unclear that how the

meteorology parameters will react with defoliation. While defoliation happens, thermal infrared

radiation (TIR) absorbing area of foliage reduces at the same time. This reduction will cause a

decrease of the photosynthesis rate of the forest and an increment of canopy temperature (De et

al., 2014). What’s more, since defoliation usually comes with a mass loss of canopy which is

acting as a thermal resistance at the macro scale, it can be expected that the heat exchange

between earth surface and atmosphere will intensify after defoliation happens, which will change

present heat fluctuation characteristics. Recently, research has proven that some thermal factors,

especially average temperature in April and June can be indicators to forest defoliation in Spain

(De et al., 2014). Therefore, a thermal parameter that can indicate forest defoliation should be

introduced to this study to evaluate the defoliation status in the forest.

Land Surface Temperature (LST) is an important weather variable which records the temperature

of the juncture between the atmosphere and earth surface (Jin & Liang, 2006). LST have reflected

most of the natural process on the land surface (Pu et al., 2006). Above all, LST is one of the

most important meteorological observation parameters related to the research of the interactions

between thermal state of ground based observation target and atmosphere and their energy

balance. In the past, LST referred to standard surface-air temperature (Dickinson, 1994)

measured by a sheltered thermometer 1.5 to 3.5 m above a flat grassy, well-ventilated surface.

With the popularization of satellite remote sensing technology, satellite based LST, regarded as

skin temperature of earth surface, is treated as a substitute of the former standard to detect LST

by a different platform (Dickinson, 1994).
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LST indicate energy balance at Earth’s surface and atmosphere on a regional as well as global

scale (Khandelwal et al., 2017). The temperature differences between the earth surface and the

atmosphere determines the energy exchange flux at their boundary, which can trigger heat

convection at the boundary and cause a series of changes in parameters such as air moisture,

cloudiness and (potentially) precipitation (Aires et al., 2001; Mannstein, 1987; Sellers et al., 1988,

sumit indian paper). LST is determined by the intensity of water exchange between soil surface

and the atmosphere (Yuan & Bauer, 2007). Above all, LST is a synthetic parameter that has the

capacity of reflecting the dynamic heat exchange reaction between atmosphere and land surface

in different time points and space scales (Becker & Li, 1995).

LST has a wide use in detection of vegetation status including water stress, disease and change

monitoring studies in a macro scale among other uses (Pinheiro et al., 2006; Bhattacharya et al.,

2010; Fall et al., 2010). The earth boundary layer stores heat which delays the heat exchange

between earth surface and atmosphere. This delay is termed thermal inertia, which is affected by

a number of surface properties, such as the canopy of forest in the forest ecosystem (Hall et al.,

1992). Canopy plays the role of thermal resistance and when defoliation happens, a loss of foliage

also means a loss of heat. In forests, since upward thermal emission and heat resistance capacity

of canopy (thermal inertia) works together to reflect LST, and also due to the effect of

convection and heat exchange in land surface, most of the LST records the dynamic thermal

balance of the soil surface, vegetation body and vegetation canopy top temperatures in forest

(Betts et al., 1996; Qin and Karnieli, 1999; http://land.copernicus.eu/global).

Therefore, it is reasonable to infer that less canopy, which means less capacity in the heat storage,

would result in more variability in LST. Studies have been done to reveal how variations in LST

would explain the vegetation growth in forests. Gaudio et al. (2016) has analyzed that the diurnal

maximum of LST during daytime is lower while diurnal minimum of LST at night is higher in

forests than other land uses. This effect was more pronounced in more dense forests than the

less dense ones. Such results would be an evidence which can indicate how thermal inertia works

in the canopy. A study conducted by Göttsche and Olesen (2001) also proves that dynamic LST

are more informative than LST itself while being related to surface characteristics of vegetation

structure. An analysis of diurnal range of LST data would be better than LST itself to predict

forest defoliation.

However, this relation should be more clear in stable environments with little other sources of

fluctuations in LST than in unstable environments. It has been accepted that a stable ecosystem

will have more biodiversity, resistance against from changing conditions or fluctuations and

http://land.copernicus.eu/global).
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recovery capacities than an unstable ecosystem (SCBD, 2009). In the high altitude areas of

Northern Hemisphere, higher mountains are prone to happen large scale climatic changes, for

example maximum temperatures usually come higher together with low precipitation during

summertime, while in the low altitude areas, low maximum temperatures during the rainy season

of June and July support the growth of the forest better (Dittmar et al., 2003). Jump et al. (2009)

has found that the latitudinal distribution of vegetation also have found similar results related to

latitude. Also, fluctuations of LST can also be affected by land surface characteristics, such as

vegetation cover and its type and land use cover. So it is reasonable to infer altitude, latitude and

forest stand into this study to see how would the relation between average diurnal range of LST

and defoliation will react in more stable ecosystems than less stable ones.

Remote sensing method has been widely used in the inventory and management of natural

resources. Many satellites with thermal infrared sensors have been launched to derive thermal

infrared data including LST. Among different sources of data, satellite based thermal infrared

remote sensing images can show meteorological characteristics over a long time period over a

large extent, and it is also less time and money consuming. What’s more, compared with

interpolation of missing records due to sparsity of ground station in ground based observation

and airborne remote sensing, satellite remote sensing can generate more accurate and large scale

consistent thermal information (Zelenka et al., 1999; Perez et al., 1997; Cheval and Dumitrescu,

2009). Therefore, this study chose satellite-derived LST data as remote sensing data source.

1.1. Research Objective
The first research objective is to test if average diurnal range of LST can indicate forest

defoliation. The second research objective is to test if the correlation between the average diurnal

range of LST in summertime (July and August) and defoliation is stronger in forests that are

more stable in their temperature regime than forests that are less stable in their temperature

regime.

1.2. Research Question
The main research questions in this study are:

A) Can diurnal range of LST in summertime (July and August) and forest defoliation be

correlated to predict defoliation?

B) Will the correlation (if there has) between average diurnal range of LST in summertime (July

and August) and defoliation be stronger in forests that are more stable in their temperature

regime than forests that are less stable in their temperature regime?

The specific research questions are:
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a)Is this correlation (if there has) stronger in conifer forests compared with broad-leave forests?

b)Is this correlation stronger in Southern European forests compared with Northern European

forests?

c)Is this correlation stronger in low altitude forests than high altitude forests?

1.3. Hypothesis
The main hypotheses in this study are:

A) H1: Diurnal range of LST in summertime (July and August) and forest defoliation can be

correlated for defoliation prediction.

B) H1: The correlation between average diurnal range of LST in summertime (July and August)

and defoliation is stronger in forests that are more stable in their temperature regime than forests

that are less stable in their temperature regime.

The specific hypotheses are:

a)H1: The correlation of LST diurnal range and defoliation will be stronger in conifer forests

than broad-leave forests during summertime.

b)H1: The correlation of LST diurnal range and defoliation will be stronger in low altitude forests

than high altitude ones.

c)H1: The correlation of LST diurnal range and defoliation will be stronger in Southern

European forests than Northern European forests.

1.4. Research Approach
In Europe, visual field assessment of defoliation as a standard method of describing the vitality

of forests has been popularly accepted (UNECE, 1994). In this study, defoliation data of trees is

collected in the field. Geographic coordinates of forest inventory plots are used to extract daily

time series of LST from satellite. These diurnal range were determined in a pre-processing step of

the LST data set. After the extraction of defoliation and LST diurnal range subdataset, linear

regression analysis was used to analyze the relationship between defoliation and LST diurnal

range. Comparisons are made of correlations of different subsets of the data sets, divided

according to latitude, altitude and forest stand.
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2. MATERIAL AND METHOD

This chapter presents how ground and remote sensing data were collected and processed

together with mapping of the study area, which has described its geographical characteristics. The

research methods mentioned in this study are also introduced.

2.1. Ground Data Source
2.1.1. Defoliation data
As one of the most important parameters for this study, forest defoliation has been monitored

annually by International Cooperative Program on Assessment and Monitoring of Air Pollution

Effects on Forests (also ICP Forests) operating under the United Nations Economic

Commission for Europe (UNECE) Convention on Long-range Trans-boundary Air Pollution

(CLRTAP) since 1986. The establishment of ICP Forests is in response to scientific requirement

and a growing political concern over extensive forest damage observed in Europe from early

1980s. ICP Forests is chaired by Germany from the beginning on. The number of participating

countries has grown to 42 countries including Canada and United States of America in 2015,

rendering ICP Forests one of the largest bio-monitoring networks all over the world. The

involved countries are obliged to submit their monitoring data for validation, storage and

analysis.

Under the ICP Forests program, the forest condition in Europe is monitored periodically in a

harmonized monitoring approach at two levels of detail. For the purpose of damage assessment

Level I monitoring consists of a general inventory of crown condition based on more than 5000

plots, 100000 trees on a 16 x 16 km grid across Europe according to the ICP Forests Manual

(Eichhorn et al., 2010). Level II, named as “Program for Intensive and Continuous Motoring of

Forest Ecosystems”, was established in 1994 and consists of more detailed observations on

around 500 plots aimed to clarify cause and effect of defoliation in addition to the large scale

Level I monitoring (www.icp-forests.net). The plots of ICP Forests cover a wide and

representative part of European forests. This well developed monitoring system is suitable for

providing information on several indicators for sustainable forest management.

Level II sites are large enough, placed in well-designed homogeneous forest areas without a

predefined shape and with a minimum size of 0.25 ha. However, plots within the Level II sites

are areas of defined shape and surrounded by a buffer zone. The buffer zone ensures the plot is

not influenced by paths, roads and other human activities. Therefore, it must be large enough to

fulfill this goal. Different from the plots, buffer zones do not have a predefined shape and size.

http://www.icp-forests.net/
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Its establishment depends on local conditions. Level II plot and buffer zone together have

constituted the Level II site (ICP Forests Manual Part II).

Since 30 years ago, the ICP Forests project has monitored tree crown defoliation monitoring due

to a lack of information of foliage loss linked to the heavy atmosphere pollution and its

deposition. Annually, the trees in more than 5000 Level I plots and 500 Level II plots are

monitored and assessed to evaluate their condition. A concept that tree crowns are reflecting

overall tree health and may thus predict the ability of trees to survive and grow (Tkacz et al., 2013)

is the base of this monitoring. The observation to the tree is by optical ways from the ground in

order not to be destructive to the tree itself. Defoliation is visually assessed in steps of 5%

(Table 1) relative to what the canopy condition would be of a healthy tree in that site. This is the

only available format of defoliation recording in ICP Forests monitoring reports. A tree

with >95% and <100% defoliation is coded as 99%. Defoliation values were estimated by

comparing to a reference photo of a standard fully-foliated reference tree by the forest

investigation officers (Ferretti et al., 1999). Then defoliation values are categorized into 5 levels to

evaluate the health state of the forests in the plots (Table 2). All raw data from field will be

checked by participating countries before the online submission to ICP Forests.

Table 1. Defoliation code

Defoliation code Needle/leaf loss

0 0

5 >0~5%

10 >5~10%

… …

95 >90~95%

99 >95~<100%

100 100%

Table 2. Defoliation levels

Defoliation level Needle/leaf loss Degree of defoliation
0 Up to 10% None

1 >10%~25% Slight (warning stage)

2 >25%~60% Moderate

3 >60%~<100% Severe

4 100% Dead

http://www.sciencedirect.com/science/article/pii/S0378112715006416
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The field data in this study comes from ICP Forests. ICP Forests provides the Level II inventory

results every year with a proper statistical way. All the measurements of the trees are done inside

the boundaries of the plots. The defoliation data from 2009 to 2015 is used in this study. Every

sampling plot contains around 40 trees on average. During the Level II inventory, annual tree

related data is reported by tree, including its ID, plot information (country and plot number),

location of the plot (longitude and latitude), altitude, species code, defoliation code, identified

damage causes and date of observation besides defoliation. An example record is presented in

Table 3:

Table 3. A typical record in field inventory sheet

survey_
year

code_cou
ntry*

code_
plot

Latitud
e**

longit
ude

code_altitu
de***

tree_nu
mber

code_tree_spec
ies****

code_defol
iation

2009 11 25 383111 -3753 16 1 125 20

*: Member state in which the plot is assessed

**:Latitude and longitude are recorded in [degrees, minutes, seconds], WGS-84

***:Elevation above sea level is measured in 50 m steps

****:Species of the observed tree

From 2009 to 2015, 183235 inventory records in Level II plots were investigated to formulate the

defoliation data set.

2.1.2. Preprocess of defoliation data
A. Calculation of mean defoliation

Mean defoliation of all the trees in a plot of the same year was calculated, giving and estimated

annual forest defoliation level by plot. The result of this calculation is recorded in the following

table.

Table 4. Mean plot defoliation

Plot ID 2009 2010 2011 2012 2013 2014 2015

1

2

…

593

B. Grouping

a) Altitude
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The 593 plots are distributed from sea level to an elevation of 2050m. Four groups of altitude are

formulated to address the research question “will the correlation (if there has) between average

diurnal range of LST in summertime (July and August) and defoliation be stronger in low altitude

forests than high altitude forests” (Table 5). More than 95% of the plots are distributed in low

altitude zones lower than 1500m, while only 21 plots are distributed in higher altitude zones.

Table 5. Grouping of plots by altitude

Altitude(m) Number of Plots Percentage
0-500 378 63.74%

500-1000 142 23.95%

1000-1500 52 8.77%

1500-2050 21 3.54%

Total 593 100%

b) Latitude

The 593 plots ranged from 28.13°N to 69.58°N among the whole Europe. Four groups of

latitude are formulated to solve the research question “will the correlation (if there has) between

average diurnal range of LST in summertime (July and August) and defoliation be stronger in

Southern forests than Northern forests” (Table 6). More than 90% of the plots are distributed in

mid latitude zones from 40°N to 60°N, while only 51 plots are to the south of 40°N or to the

north of 60°N.

Table 6. Grouping of plots by latitude

Latitude Number of Plots Percentage
~40°N 25 4.22%

40°N~50°N 294 49.58%

50°N~60°N 248 41.82%

60°N~ 26 4.38%

Total 593 100%

c) Forest stand

There are 79 species of trees growing in these 593 plots. Forest were categorized as broad-leave,

conifer and mixed forests based on the dominance of the tree species in the forests to solve the

research question of “will the correlation (if there has) between average diurnal range of LST in

summertime (July and August) and defoliation be stronger in conifer forests than broad-leave

forests”. A threshold of 80% was used. When more than 80% of the trees in a plot was conifer, it
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would be considered as a conifers forest, and when more than 80% was broad-leave, it would be

considered as broad-leaves forest, and all other plots were categorized as mixed forests. Because

of the data ICP Forests has provided, broad-leave forests are sued as deciduous forests while

conifer forests are sued as evergreen forests. Broad-leave forests take 36.59% and conifer forests

take 59.70% of all the inventory plots. 22 plots are mixed forests (Table 7).

Table 7. Grouping of plots by forest stand

Species Number of Plots Percentage

Broad-leaves 217 36.59%

Conifers 354 59.70%

Mixed 22 3.71%

Total 593 100%

2.2. Location
The study area is located in 593 Level II plots in Europe (between latitudes 28°7’32” N and

69°34’59” N, longitudes 17°17’58” W and 33°3’ E) where have a consistence records of forest

inventory by ICP Forests of 6 years (2009 to 2015). The distribution of the Level II plots is

shown in the map below.

Figure 1. Study area
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Mean defoliation, mean LST and mean LST diurnal range are shown in Figure 2 and Table 8, 9

and 10. It can be observed from Table 8 and Figure 2 that most of the plots is suffering slight

and moderate defoliation. Very few plots are suffering severe defoliation. Table 9 and Figure 2

indicate that mean LST of most of the plots is around 10°C to 30°C during July and August.

Very few plots have hot summers with a mean LST of more than 30°C. Table 10 and Figure 2

shows that the average diurnal range of LST. The same as mean LST, the LST diurnal ranges in

most of the plots are around 10°C to 30°C, and very few plots can be over 30°C.

Table 8. Summary of mean plot defoliation

Degree of defoliation Number of plots Percentage
None 50 8.43%

Slight 339 57.17%

Moderate 202 34.06%

Severe 2 0.34%

Total 593 100%

Table 9. Summary of mean plot LST

Temperature (°C) Number of Plots Percentage
NA 19 3.20%

10~20 322 54.30%

20~30 248 41.82%

30~ 4 0.67%

Total 593 100%

Table 10. Summary of mean plot LST diurnal range

Temperature (°C) Number of Plots Percentage
NA 19 3.20%

10~20 299 50.42%

20~30 267 45.03%

30~ 8 1.35%

Total 593 100%
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a)

b)

c)

Figure 2. Mean plot defoliation, LST and LST diurnal range of the study area
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2.3. Remote Sensing Data Source
2.3.1. Meteosat second generation (MSG)
To combine with the defoliation data investigated in Level II plots by ICP Forests, geo-stationary

satellites have higher temporal resolution because it keeps relatively static to the earth, which

means it can provide continuous time series of LST diurnal range in pixels. Although compared

with other satellite based sensors which has a high spatial resolution, including Moderate

Resolution Imaging Spectro-radiometer (MODIS), Advanced Very High Resolution Radiometer

(AVHRR), Advanced Along Track Scanning Radiometer (ASTER) and other sensors,

geo-stationary sensors provided the best frequency of the LST diurnal range data. In this study,

Meteosat Second Generation (MSG) operated by European Organization for the Exploitation of

Meteorological Satellites (EUMETSAT) under the Meteosat Transition Program (MTP) were

chosen to be the data sources to get time series of LST diurnal range because it can provide LST

in high temporal resolution of near real-time (http://www.eumetsat.int). The MSG project is

contained by 4 satellites (MSG-8, MSG-9, MSG-10, MSG-11). The operation of MSG was started

on January 2004. It was aimed to the requirement of providing numerical weather information

also a prediction of extreme dangerous weather phenomena of Europe, Africa and parts of the

Atlantic and Indian Ocean every 15 minutes, which has guaranteed a high temporal resolution of

remote sensing data. As a geo-stationary satellite locating at an altitude of 36000 km, MSG can

scan the whole Europe in 5 minutes. Spinning Enhanced Visible and Infrared Imager (SEVIRI)

sensor is the main instrument in MSG satellites. It was applied to provide visible and infrared

images of the Earth’s surface and atmosphere in 12 channels. Also focusing on climate studies,

Geostationary Earth Radiation Budget (GERB) is the new instrument carried by MSG. It

measures Earth heat radiation originating from the Sun. It helps the studies of assessment that if

the Earth is warming up at present. The nadir spatial resolution for high resolution visible

channels are 1 km and for infrared channels are 3 km. More information of channels in MSG is

provided in Table 11. MSG will service until 2019 or later.
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2.3.2. Preprocess of LST data
The extraction of the remote sensing data is done with the “MSG Toolbox” developed by VITO

NV as contribution to the LSA-SAF. It has integrated a set of functions to help with the

processing and analysis of Earth Observation products that are operationally produced and

disseminated by LSA-SAF, as part of the EUMETSAT SAF network. Its main functions include

daily and n-day temporal composition, spatial subsetting and remapping while combining LSA

SAF regions and filtering on provided product quality layers.

To project the LST raw raster images, WGS-84 coordinate system was added to those images

first to ensure the harmony with defoliation data. Then in MSG Toolbox, Euro was selected to

be the region where the extraction of time series of LST is done. The longitude and latitude

mentioned in study area part was applied to customize the study area.

Since the aim of this study is to detect correlation between average diurnal range of LST and

defoliation then test if that correlation would be stronger in stable forests than less stable forests

in their temperature regime, the observations of LST being collected every 15 minutes must be

converted into diurnal ranges in order that we can analyze the diurnal characteristics of LST

(maximum, minimum and range). Also, there are missing data in LST data set, a sensitivity

analysis of determining how much data within a day would be allowed to still be regarded as a

valid data set should be done. Several scenarios concentrating on “how large the gap is allowed to

be” and “how many valid observations remain for each year” were established while determining

the maximum consecutive gaps.

Scenario A: Maximum consecutive gap=13% (maximum consecutive gap=3 hours)

Scenario B: Maximum consecutive gap=8% (maximum consecutive gap=2 hours)

Scenario C: Maximum consecutive gap=4% (maximum consecutive gap=1 hour)

2.4. Method
2.4.1. Regression analysis
Regression analysis is an empirical approach to analyze and model the relationship between

dependent and independent continuous variables (Cohen et al., 2003). It has been commonly

used in defoliation studies (Nevalainen & Tokola, 2002). In this study, linear regression is used to

calculate the correlation coefficients between defoliation values and LST diurnal range values of

the 593 plots in 7 years (from 2009 to 2015). P-value is used to evaluate whether the correlation

is significantly different from H0 and coefficient of determination (R2) is utilized to evaluate the

significance of linear models. The strength and direction between defoliation values and LST



EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

16

diurnal range values are defined by correlation coefficient. R2 is expected to indicate the

proportion of the LST diurnal range values that is predictable from the defoliation values. With

the defoliation and LST diurnal range model, the defoliation values are expected to be predicted

from the average LST diurnal range values.

2.4.2. Analysis strategies
Two methods are followed to discover the relations of LST diurnal range and defoliation and to

analyze whether these relations are significant. The first method (called method A) consisted of

correlating the defoliation values and LST diurnal range values plot by plot. So method A

resulted in 593 records of correlation results theoretically. The second method (called method B)

combine all pairs of the defoliation values and LST diurnal range values as independent

observations into one big data set. Then a regression analysis between these two variables in that

data set was analyzed. Different from method A, method B resulted in one correlation result.

After the overall correlation result were calculated and evaluated, several subsets based on the

grouping of altitude, latitude and forest stand of defoliation values and LST diurnal range were

made to relate with each other to prove the hypotheses. For all models above, R2 were used to

indicate the percentage of defoliation that can be explained from LST diurnal range observations.
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3. RESULT

This chapter is structured in three sections. Firstly, the characteristics of the spatial and field data

and results of the processing steps are presented. The results of the processing steps shape the

selection of the second section where the data is grouped in classes by different attributes.

Lastly, the regression analysis results for these different groups are presented.

3.1. Data Collection
3.1.1. LST diurnal range data extraction result
a) Summary of LST image data

A summary of LST data was done after its extraction. The results from Table 12 shows that the

amount of satellite images is enough to guarantee the following study. Few images are lost

because of the sensor problem.

b) Scenario determination

In Section 2.3.2 the scenarios to determine the maximum consecutive gaps were introduced. In

this study scenario A of 13% maximum consecutive gap (also 3 hours) in LST was selected to

apply the extraction because this scenario can keep the most amount of LST images than the

other two scenarios without too much concern of data consistency compared to 4 and more

hours and more maximum consecutive gaps, which is a balance between data amount and data

consistency. Then the LST maximum and LST minimum were extracted in R statistics. A

subtracting between maximum and minimum of diurnal LST was done to develop the LST

diurnal range. Finally a data set of LST diurnal range of 593 plots in 7 years is established. The

data loss in Scenario 3 is presented in Table 12. Only in few plots LST records are not extracted

because of consecutive cloud problems there.

c) Summary of diurnal LST range data

Although the images and the available plots are enough, only around 26% of the diurnal range of

LST data is available because of serious accidental cloud problems (Table 12).
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3.1.2. General data collection and summary
Forest inventory data from ICP Forests and LST data from MSG satellite are acquired from data

collection part. The number of plots that are reported on for Level II plots each year varies in the

ICP Forests database (Table 13), causing that not for all plots in the database a complete time

series is available. The reason some plots are missing comes from a difference in forest inventory

policies among countries and between years. After a union calculation to those plots, 593 plots

were chosen to the next step of LST extraction. Then in general, the mean defoliation is

increasing from around 20% to nearly 30% in 7 years.

Table 13. Summary of field data and satellite data

*: ICP Forests changes Level II inventory plots from 2015. 143 plots are remained in the forest

inventory of next years.

Year 2009 2010 2011 2012 2013 2014 2015
Number
of Level II
Plots

555 424 381 496 508 499 143*

Mean
defoliation
(%)

20.9 21.21 22.78 23.51 23.35 23.19 28.03

Standard
deviation
of
defoliation
(%)

9.82 10.84 10.7 9.83 9.63 9.04 7.49

Mean LST
range (°C)

19.81 19.93 19.79 20.83 19.32 18.76 21.22

Standard
deviation
of LST
range (°C)

3.27 2.82 3.12 3.21 2.83 2.85 3.4

Minimum
of LST
range (°C)

10.25 9.84 9.21 9.5 10.42 11.24 11.14

Maximum
of LST
range (°C)

36.31 33.44 33.71 35.95 33.98 34.28 34.93
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3.2. Grouping Strategies
Observations were grouped to altitude, latitude or forest stand characteristics, and then analyzed

accordingly. The group sizes and general characteristics are also described shortly in this section.

3.2.1. Altitude
A forest altitude map (Figure 3.a) is made to show the distribution of different altitude of ICP

Forests Level II plots. Most of the plots (more than 75%) fell in the range of 0-1000 m, although

ether were a number of plots that were at altitudes above 1500m.

3.2.2. Latitude
A forest latitude map (Figure 3.b) is made to show the distribution of different latitude of ICP

Forests Level II plots. Most of the plots are distributed in an area from 40°N to 60°N. Although

8.6% of the plots lie in the northern (more than 60°N) or southern (less than 40°N) areas.

3.2.3. Forest stand
A forest stand map (Figure 3.c) is made to show the distribution of different kinds of forests.

Broad-leave forests are mainly distributed in western Europe while conifers take the domain in

eastern Europe. Most of the mixed forest are among the borders of broad-leave and conifer

forests.
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a) Forest altitude distribution

b) Forest latitude distribution

c)Forest stand distribution
Figure 3. Grouping of the forests
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3.3. Regression analysis and result
To compare defoliation and LST diurnal range, regression test was used to test if there were

statistically significant correlations in defoliation and LST diurnal range by different grouping

strategies. Two ways of regression analysis are conducted in this study as introduced in the last

chapter.

3.3.1. Method A
Firstly, the relation was analyzed plot by plot. Figure 4 shows the p-value distribution and Figure

6 shows the amount of available plots whose p-value are smaller than 0.05 of method A. Figure 5.

a, b and c have shown scatter plots between p-values and the three proxies to reveal how the

significance of fitted correlations can not be explained by the factors we thought which can

determine the stability of the temperature regime of an ecosystem. For example, according to the

hypotheses, a positive correlation between latitude and p-value would be expected because in

more constant temperature environments (southern plots), a better correlation will be expected.

For 85 plots no correlation (and consequently a p-value) could be calculated because of their

consecutive gaps (two or larger than two missing values in seven) of sequence time series

defoliation or LST diurnal range. Finally, the defoliation values and average LST diurnal range

values can be significantly correlated only in 24 plots from 508 plots where have at least three

effective combinations of average LST diurnal range-defoliation in 7 pairs rather than all 593

Level II plots in method A. Because we can not prove the research hypotheses from the

distribution of those 24 plots where the average diurnal range and defoliation are significantly

correlated, there is no need to do the rest regression analysis in plot level.

Figure 4. P-value distribution histogram, method A.
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a) P-value-latitude scatter plot

b) P-value-altitude scatter plot

c) P-value-forest stand box plot
Figure 5. P-values and proxies
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Figure 6. Regression analysis result, method A.

3.3.2. Method B
Secondly, the relationship was analyzed by combining all observations as individual records onto

one data set. The regression result of method B is shown in Figure 7.

P-value=0.0027, R2=0.0060, Correlation=0.0776, Slope=0.0026
Figure 7. Regression result between LST diurnal range and defoliation, method B.

From this result we can find that although there shows a positive correlation while p-value is

smaller than 0.05, which means there exists a significant correlation between LST diurnal range

and defoliation, however, this only indicates only 0.6% of the variance of defoliation can be

explained by LST diurnal range.
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a) Altitude

Table 14, Figure 8 and 9 shows the result of regression analysis grouped by altitude. The result

shows only little percentage of the variance of defoliation can be explained by LST diurnal range

by grouping with altitude. There were significant correlations found among three groups. In the

plots that are below an altitude of 500m elevation and over the altitude of 1500m elevation, the

LST diurnal range has a positive correlation with defoliation (p<0.05), but plots between the

altitude of 500m and 1500m elevation, the LST diurnal range may not have a correlation with

defoliation (p>0.05). Based on this result, we conclude that “there is a significant positive

correlation between average LST diurnal range and defoliation at higher altitude plots

(1500-2050m) than lower altitude plots (0-500m)”, which is contrary to the hypotheses, as higher

altitudes are expected to be less stable in terms of temperature regime. So here we would actually

expect weaker correlations.

Table 14 Result of regression analysis, grouped by altitude, method B.

Altitude (m) P-value Slope Correlation R2

0-500 0.0001 0.4175 0.1211 0.0147

500-1000 0.9705 0.0050 0.0019 0.0000

1000-1500 0.0509 0.4803 0.1576 0.0248

1500-2050 0.0040 1.5937 0.3696 0.1366

Figure 8. Scatter plot of regression analysis, grouped by altitude, method B (Top left=0-500m,

top right =500-1000m, below left=1000-1500m, below right=1500-2050m).
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Figure 9. Map of regression analysis, grouped by altitude, method B.

b) Latitude

Table 15, Figure 10 and 11 shows the result of regression analysis grouped by latitude. The result

shows only a little percentage of the variance of defoliation can be explained by LST diurnal

range by grouping with latitude. There were significant correlations found among four groups. In

the plots where are to the south of 40°N line and between 50°N line and 60°N line, the LST

diurnal range has a positive correlation with defoliation (p<0.05), when comes to the plots which

are to the north of 60°N line and between 40°N line and 50°N line, the LST diurnal range may

not have a correlation with defoliation (p>0.05). Based on this result, we conclude that “there is a

significant positive correlation between average LST diurnal range and defoliation at lower

latitude plots (to the south of 40°N) than higher latitude plots (50°N~60°N)”, which is the same

as the hypotheses.

Table 15. Result of regression analysis, grouped by latitude, method B.

Latitude P-value Slope Correlation R2

~40°N 0.00005483 0.6215 0.5292491 0.2801

40°N~50°N 0.6509 0.06041 0.01562614 0.0002442

50°N~60°N 0.00009846 0.6003 0.1595037 0.02544

60°N~ 0.1880 -0.9576 -0.1912581 0.03658
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Figure 10. Scatter plot of regression analysis, grouped by latitude, method B (Top left=~40°N,

top right =40°N~50°N, below left=50°N~60°N, below right=60°N~).

Figure 11. Map of regression analysis, grouped by latitude, method B.

c) Forest stand

Table 16 and Figure 12 shows the result of regression analysis grouped by forest stand. The result

shows only a little percentage of the variance of defoliation can be explained by LST diurnal

range by grouping with forest stand. There was no significant correlations found among three

groups (p>0.05). This suggests that the forest stand may not be the main indicator for using

diurnal range of LST to predict defoliation. The result doesn’t provide evidence that a stronger
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correlation can be found in conifer forests than broad-leave forests.

Table 16. Result of regression analysis, grouped by forest stand, method B.
Forest stands P-value Slope Correlation R2

Broad-leaves 0.4995 -0.1 -0.02812014 0.0007907

Conifers 0.9704 0.003957 0.001111513 0.000001235

Mixed 0.2087 0.6751 0.1605638 0.02578

Figure 12. Scatter plot of regression analysis, grouped by forest stand, method B (Top

left=Broad-leaves, top right =Conifers, below=Mixed forest).
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4. DISCUSSION

In the following chapter, the consequences of the results obtained in this study are discussed.

Sources of errors and implications of data quality improvement were also concluded.

4.1. Factors influencing defoliation in the forest
In this study, several hypotheses related to how average LST diurnal range and average LST

diurnal range grouped by different geographical and forestry factors will explain defoliation were

analyzed and evaluated. The results of method A have shown that the defoliation values and

average LST diurnal range values can be significantly correlated only in 24 plots from 593 Level

II plots. The general result of method B have shown that only 0.6% of the variation in

defoliation values can be predicted from LST diurnal range values. Above all, the phenomenon

and results are not enough to conclude “defoliation can be correlated with LST diurnal range

well” in this study. And also according to the correlation analysis results of LST diurnal range and

defoliation by grouping of altitude, latitude and forest stand, it was found that the correlation

between average diurnal range of LST in summertime (July and August) and defoliation is not

stronger in forests that are more stable in their temperature regime than forests that are less

stable in their temperature regime.

Although poor consistence of average LST diurnal range and the method how defoliation was

assessed may have contributed to these non-significant results, furthermore, recorded in a relative

term “defoliation”, this study is based on a comparison of foliage condition of different

individual trees at different time points, rather than a survey of absolute foliage volume among

trees in a forest. Defoliation values can not reflect the reduction in the form of foliage volume

(Solberg, 1999), which is an absolute numerical value which could be more representative of

thermal inertia in the crown compared to a relative variable which focuses on the condition of

individual trees. Based on the main research question of this study, it is reasonable to conclude

that the same percentage of defoliation in a tree with more foliage would contribute to loss of

thermal inertia more significantly rather than a tree with less foliage. So it is not hard to find that

the volume of foliage may also be an indicator that would have an influence on the correlation

between LST diurnal range and defoliation. Possibly, correcting for absolute volume of foliage

might enhance the correlations found in this study.

4.2. Defoliation-LST diurnal range model
A correlation coefficient of variables >0.7 or <-0.7 is considered to indicate a strong relationship

(Clemens et al., 2008). P-value and correlation of defoliation (as dependent variables) and average
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LST diurnal range (as independent variables) were analyzed in this study. Although some groups

show significant correlation between LST diurnal range and defoliation, the R2 only indicates a

little percentage of the variance of defoliation that can be explained by LST diurnal range.

4.3. Quality of remote sensing and ground data
LST data and processes of LST data are necessary to understand how thermal inertia works in

the forest ecosystem and then to understand the reason of defoliation. In this study, daily

maximum and minimum LST were extracted and then LST diurnal range is calculated by

subtracting daily maximum and minimum LST. Consecutive gaps exists in LST diurnal range

because of different reasons related to the constraints of LST. LST data can be only retrieved

under cloud free conditions. In Europe, frequent cloudy condition was a challenge for LST data

retrieving. The gaps of LST values due to cloud cover is very difficult to solve (Marques da silva

et al., 2015). It is nearly impossible to extract LST from MSG while having consecutive days with

cloud cover, especially some Level II plots in Northern Europe Boreal forests. However,

abnormal phenomenon was found in Spain at the same time, which has shown a diurnal range of

LST of more than 30 °C. In this study, although the available images are enough (only 1.85% of

the images are missing, the available LST records are severely limited. Although a sensitivity

analysis was applied to see which preprocessing steps keep most LST data, it doesn’t solve the

core problem of data gap. More techniques on MSG LST interpolation should be applied to fill

the gaps in this data set. Lu et al. (2010) developed a new approach of temporal neighboring pixel

to reconstruct diurnal range of LST by using channels derived from MSG. Missing records of

diurnal range of LST due to the cloud effect in Kenya and Burkina Faso were extracted in that

study. Having used a different method to extract LST, Duan et al. (2014) developed a method to

estimate diurnal cycle of LST directly from MSG LST collected under clear-sky conditions

without considering the relationships between LST and LSE (Land Surface Emissivity), and the

results have shown that the accuracy of fitting is better than 1 K for most of the pixels. These

approaches can be applied to this study if ground measured LST data is provided to accomplish

the rectification.

Monitoring defoliation is needed in this study. Defoliation monitoring through remote sensing

have difficulties. Problems of subjective field classification of defoliation, different forest

characteristics and image qualities, cloudiness and image interpretation could be main sources of

errors introduced in defoliation studies (Nevalainen & Tokola, 2002). So this study has chosen

data collected in the field provided by ICP Forests as defoliation data source. However,

assessments from the ground has limitations as well. Although the principle of ICP Forests is

clear, there are systematic differences among observers from different countries of monitoring at

practice level (Innes et al., 1993). Also, the accuracy of field assessment of defoliation can be
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affected by all the other reasons that would have an influence on the assessment by the observer,

such as time available, weather, species, density (Nevalainen & Tokola, 2002). It would be

possible that the result of assessment of defoliation in southern European forests was recorded

higher than in Northern European forests because the plants looks unhealthy here, while actually

this might be their normal state to cope with the climate conditions there. An experiment was

done to examine the accuracy of assessment by four different observers. The result shows that

only 65% of Scots pine and 41% of Norway spruce were estimated identically in 10% needle loss

(Salemaa et al., 1991). So it could be questioned to what extent defoliation values reflect truly

absolute health status on the ground, or whether they are more reflecting relative forest

conditions. If that is true then only conclusions can be drawn based on trends in defoliation over

time. While coming to this study, the analysis of method A would be the only solution because it

analyzed the LST diurnal range and defoliation in pairs of all the plots by year. Therefore, the

monitoring process itself may exist problems.

More than the problems found in the subjectivity of the assessment by observers, defoliation in

ICP Forests data is assessed by comparing the real condition with a reference photo and stepped

by 5%, which is not so reliable as some other indexes, such as NDVI (Normalized Difference

Vegetation Index) and LAI (Leaf Area Index) to describe the crown condition in forests. To

solve this problem, an average of defoliation across trees within a plot was calculated to enhance

the data accuracy.

What’s more, the definition of species by ICP Forests is broad-leave and conifer forests. The

difference between broad-leave forests and conifer forests would be less clear than when it would

have really been deciduous and evergreen, which would be better to reflect the differences in

thermal inertia.

Additionally, one of the assumption this study based on is that there was no significant

differences of LST in the same plot spatially. Since LST data was derived in Channel 9 and 10 of

MSG, the nadir spatial resolution of LST diurnal range data is 3 by 3 kilometers, which is too big

to represent all the temperatures in a plot whose size is usually smaller than 0.25 ha. So the

enhancement of spatial resolution should be done by merging LST from MSG with LST from

other sensors which has higher spatial resolution.
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5. CONCLUSION AND RECOMMENDATION

5.1. Conclusions of this study
This study had not demonstrated a successful approach using techniques of satellite derived

diurnal range of LST in summertime (July and August) to indicate defoliation. No clear

correlation was found between average LST diurnal range in summertime (July and August) and

defoliation. What else, the intensity of their correlation has not been proved to have a

relationship with forest stability in temperature regime.

5.2. Recommendation
To develop the integrity and applicability of this approach, it is recommended to do the following

improvements:

a) The quality of the data source can be improved. For the satellite derived LST data, an

approach of the LST diurnal range data interpolation or retrieving LST in other approaches can

be applied to guarantee the integrity and consistence of the data set. A LST data set of better

spatial resolution can also be acquired by combining the observed results of various of sensors

from satellite and ground measurement. For the defoliation data, it is better to analyze the species

of the trees to study whether it is deciduous or evergreen. Such affirmation will be very useful

while analyzing their thermal inertia.

b) The volume of foliage can be introduced into this study by a combination of defoliation data

and indexes extracted from other optical remote sensing or ground based data sources, such as

LAI measurements based on fish eye lens data provided by ICP Forests and satellite derived

NDVI.



EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

33

LIST OF REFERENCES

Aires, F., Prigent, C., Rossow, W. B., & Rothstein, M. (2001) A new neural network approach
including first-guess for retrieval of atmospheric water vapor, cloud liquid water path, surface
temperature and emissivities over land from satellite microwave observations. Journal of Geophysical
Research, 106, 14887-14907.
http://dx.doi.org/10.1029/2001JD900085

Baral, H., Guariguata, Manuel R
Keenan, Rodney J (2016)
A proposed framework for assessing ecosystem goods and services from planted forests
Ecosystem Services 22 (2016) 260–268
http://dx.doi.org/10.1016/j.ecoser.2016.10.002

Becker, F., & Li, Z. L. (1995) Surface temperature and emissivity at various scales: Definition,
measurement and related problems. Remote Sensing Reviews, 12（3-4）, 225–253.
http://dx.doi.org/10.1080/02757259509532286

Betts, A. K., Ball, J. H., Beljaars, A. C. M., Miller,M. J. & Viterbo, P. A. (1996) The land
surface-atmosphere interaction: A review based on observational and global modeling
perspectives, Journal of Geophysical Research, 101, 7209– 7225.
http://dx.doi.org/10.1029/95JD02135

Bhattacharya, B. K., Mallick, K., Patel, N. K., & Parihar, J. S. (2010) Regional clear sky
evapotranspiration over agricultural land using remote sensing data from Indian geostationary
meteorological satellite. Journal of Hydrology,
387(1-2), 65-80.
http://dx.doi.org/10.1016/j.jhydrol.2010.03.030

Blanco, V., Holzhauer, S., Brown, C., Lagergren, F., Vulturius, G., Lindeskog, M. (2017)
The effect of forest owner decision-making, climatic change and societal demands on land use
change and ecosystem service provision in Sweden. Ecosystem Services, 23, 174-208.
http://dx.doi.org/10.1016/j.ecoser.2016.12.003

Bošel’a, M., Sedmák, R., Sedmáková, D., Marušák, R., Kulla, L. (2014) Temporal shifts of
climate–growth relationships of Norway spruce as an indicator of health decline in the Beskids,
Slovakia. Forest Ecology and Management, 325, 108–117.
http://dx.doi.org/10.1016/j.foreco.2014.03.055

Cheval, S., & Dumitrescu, A. (2009) The July urban heat island of Bucharest as derived from
MODIS images. Theor Appl Climatol 96, 145–153
http://dx.doi.org/10.1007/s00704-008-0019-3

http://dx.doi.org/10.1029/2001JD900085


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

34

Clemens R., Peter F., Robert G. R. D. (2008). Statistical Data Analysis Explained: Applied
Environmental Statistics with R.

Cohen, W. B., Maiersperger, T. K., Gower, S. T., & Turner, D. P. (2003) An improved strategy
for regression of biophysical variables and Landsat ETM+ data. Remote Sensing of Environment,
84(4), 561– 571.
doi:10.1016/S0034-4257(02)00173-6

Croitoru, A., Drignei, D., Burada, D. C., Imecs, Z. (2016) Altitudinal changes of summer air
temperature trends in the Romanian Carpathians based on serially correlated models.
Quaternary International journal ,415, 336-343
http://dx.doi.org/10.1016/j.quaint.2015.05.075

Duan, S., Li, Z., Tang, B., Wu, H., Tang, R. (2014) Remote Sensing of Environment Direct
estimation of land-surface diurnal temperature cycle model parameters from MSG–SEVIRI
brightness temperatures under clear sky conditions. Remote Sensing of Environment, 150, 34-43
http://dx.doi.org/10.1016/j.rse.2014.04.017

De Groot, R., et al., (2010) Integrating the ecological and economic dimensions in biodiversity
and ecosystem service valuation. The Economics of Ecosystems and Biodiversity: Ecological and
Economic Foundations. Earthscan, London, Washington, 9–40.

De Groot, R., & Van der Meer, P., (2010). Quantifying and valuing goods and services provided
by plantation forests. Ecosystem Goods and Services from Plantation Forests. London, 16–42.

De, A. C., Gil, P. M., Fernández-cancio, Á., Minaya, M., Navarro-cerrillo, R. M.,
Sánchez-salguero, R., et al. (2014) Forest Ecology and Management Defoliation triggered by
climate induced effects in Spanish ICP Forests monitoring plots. Forest Ecology and Management,
331, 245-255.
http://dx.doi.org/10.1016/j.foreco.2014.08.010

Dickinson, R. E. (1996) Climate engineering a review of aerosol approaches to changing the
global energy balance. Climatic Change, 33(3), 279-290.
http://dx.doi.org/10.1007/BF00142576

Dittmar, C., Zech, W., Elling, W. (2003) Growth variations of Common beech ( Fagus sylvatica
L .) under different climatic and environmental conditions in Europe dadendroecological study,
Forest Ecology and Management, 173, 63-78.

Dobbertin, M. (2005) Tree growth as indicator of tree vitality and of tree reaction to
environmental stress: a review. European Journal of Forest Research, 124, 319–333.
http://dx.doi.org/10.1007/s10342-005-0085-3

http://dx.doi.org/10.1016/j.foreco.2014.08.010
http://link.springer.com/journal/10342


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

35

Eichhorn, J., Roskams, P., Ferretti, M., Mues, V., Szepesi, & A., Durrant, D. (2010) Visual
Assessment of Crown Condition and Damaging Agents. Manual Part IV, In: Manual on Methods
and Criteria for Harmonized Sampling, Assessment, Monitoring and Analysis of the Effects of
Air Pollution on Forests. UNECE ICP Forests Programme Coordinating Centre, Hamburg.
ISBN: 978-3-926301-1.
http://www.icp-forests.org/Manual.htm

Ergün, A. & Öztürk, M. (2015) Influence of air – soil temperature on leaf expansion and LAI of
Carpinus betulus trees in a temperate urban forest patch. Agricultural and Forest Meteorology, 200,
185-191.
http://dx.doi.org/10.1016/j.agrformet.2014.09.014

Fall, S., Niyogi, D., Gluhovsky, A., Pielke, S.R.A., Kalnay, E., & Rochon, G. (2009) Impacts of
land use land cover on temperature trends over the continental United States: assessment using
the North American Regional reanalysis. International Journal of Climatology, 30 (13), 1980–1993.
http://dx.doi.org/10.1002/joc.1996

Ferretti M., Bussotti F., Cenni E.,Cozzi A. (1999) Implementation of Quality Assurance
procedures in the Italian programs of forest condition monitoring,Water Air Soil Pollut., 116
(1999), pp. 371–376

Gaudio, N., Gendre, X., Saudreau, M., Seigner, V., Balandier, P. (2017) Agricultural and Forest
Meteorology Impact of tree canopy on thermal and radiative microclimates in a mixed temperate
forest : A new statistical method to analyse hourly temporal dynamics, Agricultural and Forest
Meteorology, 237, 71–79.
http://dx.doi.org/10.1016/j.agrformet.2017.02.010

Ge, Q., Dai, J., Liu, J., Zhong, S., & Liu, H. (2013) The effect of climate change on the fall foliage
vacation in China. Tourism Management, 38(12), 80-84.
http://dx.doi.org/10.1016/j.tourman.2013.02.020

Göttsche M. & Olesen F. S. (2001) Modelling of diurnal cycles of brightness temperature
extracted from METEOSAT data. Remote Sensing of Environment, 76, 337-348.

Hall, F. G., Huemmrich, K. F., Goetz, S. J., Sellers, P. J., & Nickeson, J. E. (1992) Satellite
remote sensing of surface energy balance: Success failures, and unresolved issues in FIFE, Journal
of Geophysical Research, 97(D17), 19061– 19089.
http://dx.doi.org/10.1029/92JD02189

Houston, D. R. (1992) A host-stress-saprogen model for forest dieback-decline diseases. In: P. D.
Manion & D. Lachance (Eds.), Forest decline concepts. APS press. The American
Phytopathological Society. St. Paul, Minnesota. 249.

http://www.icp-forests.org/Manual.htm
http://dx.doi.org/10.1016/j.agrformet.2017.02.010
http://dx.doi.org/10.1016/j.tourman.2013.02.020


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

36

Innes, J. L., Landmann, G., & Mettendorf, B. (1993). Consistency of observations of defoliation
amongst three different European countries. Environmental Monitoring and Assessment, 25, 29–40.

Jepsen, J.U., Kapari, L., Hagen, S.B., Schott, T., Vindstad, O.P.L., & Nilssen, A.C. (2010) Rapid
northwards expansion of a forest insect pest attributed to spring phenology matching with
sub-Arctic birch. Global Change Biology, 17(6), 2071–2083.
http://dx.doi.org/10.1111/j.1365-2486.2010.02370.x

Jin, M., & Liang, S., (2006) An Improved Land Surface Emissivity Parameter for Land Surface
Models Using Global Remote Sensing Observations, Am. Meteorol. Soc., 2867-2881.

Jump A. S., Mátyás C, Peñuelas J. (2009) The altitude-for-latitude disparity in the range
retractions of woody species.Trends Ecol Evol, 24(12), 694-701.
http://dx.doi.org/10.1016/j.tree.2009.06.007.

Khandelwal, S., Goyal, R., Kaul, N., Mathew, A. (2017) Assessment of land surface temperature
variation due to change in elevation of area surrounding Jaipur, India.
The Egyptian Journal of Remote Sensing and Space Sciences, 1-8.
http://dx.doi.org/10.1016/j.ejrs.2017.01.005

Kopacková, V., Misurec, J., Lhotáková, Z., Oulehle, F., Albrechtová, J. (2014) International
Journal of Applied Earth Observation and Geoinformation Using multi-date high spectral
resolution data to assess the physiological status of macroscopically undamaged foliage on a
regional scale. International Journal of Applied Earth Observation and Geoinformation, 27, 169–186.
http://dx.doi.org/10.1016/j.jag.2013.09.009

Loustau, D., Bosc, A., Colin, A., Ogée, J., Davi, H., François, C., et al. (2005) Modelling climate
change effects on the potential production of French plains forests at the sub-regional level. Tree
Physiol. 25(7), 813-823.
http://dx.doi.org/10.1093/treephys/25.7.813

Lu, L., Venus, V., Skidmore, A., Wang, T., Luo, G. (2011) International Journal of Applied Earth
Observation and Geoinformation Estimating land-surface temperature under clouds using
MSG/SEVIRI observations. International Journal of Applied Earth Observations and Geoinformation, 13,
265–276.
http://dx.doi.org/10.1016/j.jag.2010.12.007

Mannstein, H. (1987) Surface energy budget, surface temperature and thermal inertia. Remote
Sensing Applications in Meteorology and Climatology. NATO ASI Series. vol. 201. pp. 391–410.

Marques, J. R., Damásio, C. V., Sousa, A. M. O., Bugalho, L., Pessanha, L., Quaresma, P. (2015)
International Journal of Applied Earth Observation and Geoinformation Agriculture pest and
disease risk maps considering MSG satellite data and land surface temperature, International Journal
of Applied Earth Observations and Geoinformation, 38, 40-50.

https://www.ncbi.nlm.nih.gov/pubmed/?term=Jump AS[Author]&cauthor=true&cauthor_uid=19695735
https://www.ncbi.nlm.nih.gov/pubmed/?term=M%C3%A1ty%C3%A1s C[Author]&cauthor=true&cauthor_uid=19695735
https://www.ncbi.nlm.nih.gov/pubmed/?term=Pe%C3%B1uelas J[Author]&cauthor=true&cauthor_uid=19695735
https://www.ncbi.nlm.nih.gov/pubmed/19695735
http://treephys.oxfordjournals.org/content/25/7/813


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

37

http://dx.doi.org/10.1016/j.jag.2014.12.016

Marco, A. D., Proietti, C., Cionni, I., Fischer, R., Screpanti, A., & Vitale, M. (2014) Future
impacts of nitrogen deposition and climate change scenarios on forest crown defoliation.
Environmental Pollution, 194, 171-180.
http://dx.doi.org/10.1016/j.envpol.2014.07.027

MEA. (2005) Ecosystems and human well-being: Synthesis. Washington, DC

Nevalainen S. & Tokola T. (2002) Estimating defoliation in boreal coniferous forests by
combining Landsat TM , aerial photographs and field data. Forestry Ecology and Management, 158,
9-23

Oakes, L. E., Hennon, P. E., Ardoin, N. M., Amore, D.V. D., Ferguson, A. J., Steel, E. A.,
Wittwer, D. T., Lambin, E. F. (2015) Conservation in a social-ecological system experiencing
climate-induced tree mortality. Biological Conservation, 192, 276–285
http://dx.doi.org/10.1016/j.biocon.2015.09.018

Percy, K. E. & Ferretti, M. (2004) Air pollution and forest health : toward new monitoring
concepts. Environmental Pollution, 130, 113–126.
http://dx.doi.org/10.1016/j.envpol.2003.10.034

Perez, R., Seals, R., & Zelenka, A. (1997) Comparing satellite remote sensing and ground network
measurements for the production of site/time specific irradiance data. Solar Energy, 50(2), 89-96.

Pinheiro, A.C.T., Mahoney, R.,Privette, J.L., & Tucker, C.J. (2006) Development of a daily long
term record of NOAA-14 AVHRR land surface temperature over Africa, Remote Sensing of
Environment, 103(2), 153-164.
http://dx.doi.org/10.1016/j.rse.2006.03.009

Pu, R., Gong, P., Michishita, R., & Sasagawa, T. (2006) Assessment of multi-resolution and
multi-sensor data for urban surface temperature retrieval. Remote Sensing of Environment, 104,
211-225.
http://dx.doi.org/10.1016/j.rse.2005.09.022

Qin, Z. & Karnieli, A. (1999) Progress in the remote sensing of land surface temperature and
ground emissivity using NOAA-AVHRR data, International Journal of Remote Sensing, 20:12,
2367-2393.
http://dx.doi.org/10.1080/014311699212074

Quan, J., Zhan, W., Chen, Y., Wang, M., & Wang, J. (2016) Time series decomposition of
remotely sensed land surface temperature and investigation of trends and seasonal variations in
surface urban heat islands. Journal of Geophysical Research: Atmospheres, 121, 2638–2657.
http://dx.doi.org/10.1002/2015JD024354.

http://dx.doi.org/10.1016/j.envpol.2014.07.027


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

38

Requardt, A., Poker, J., Köhl, M., Schuck, A., Janse, G., Mavsar, R., & Päivinen, R. (2007)
Feasibility study on means of combating forest dieback in the European Union. BFH & EFI
Technical Report.

Salemaa, M., Jukola-Sulonen, E. L., Lindgren, M. (1991) Forest condition in Finland, 1986-1990.
Silva Fenn, 25 (3), 147-175

Secretariat of the Convention on Biological Diversity. (2009), Forest resilience, biodiversity, and
climate change, A synthesis of the biodiversity/resilience/stability relationship in forest
ecosystems.

Sellers, P.J., Hall, F.G., Asrar, G., Strebel, D.E., Murphy, R.E. (1988) The first ISLSCP Field
Experiment (FIFE). Bull. Am. Meteorol. Soc, 69, 22–27.
http://dx.doi.org/10.1175/1520-0477(1988)069<0022:TFIFE>2.0.CO;2

Serengil, Y., Augustaitis, A., Bytnerowicz, A., Grulke, N., Kozovitz, A.R., & Matyssek, R. (2011)
Adaptation of forest ecosystems to air pollution and climate change : a global assessment on
research priorities. iForest-Biogeosciences and Forestry, 4(1), 44-48.
http://dx.doi.org/10.3832/ifor0566-004

Solberg, S., Næsset, E., Holt, K., Christiansen, E. (2006) Mapping defoliation during a severe
insect attack on Scots pine using airborne laser scanning. Remote Sensing of Environment, 102,
364–376.
http://dx.doi.org/10.1016/j.rse.2006.03.001

Sun, D. & Pinker, R. T. (2003) Estimation of land surface temperature from a Geostationary
Operational Environmental Satellite (GOES-8) and application to the polar orbiting imager
NOAA/AVHRR. Journal of Geophysic Research, 108, 4326-4341.
http://dx.doi.org/10.1117/12.466684

Sutherland, I. J., Gergel, S. E., Bennett, E. M. (2016) Seeing the forest for its multiple ecosystem
services : Indicators for cultural services in heterogeneous forests. Ecological Indicators, 71,
123–133.
http://dx.doi.org/10.1016/j.ecolind.2016.06.037

Šebesta, J., Šamonil, P., Lacina, J., Houška, J., Buc, A. (2011) Forest Ecology and Management
Acidification of primeval forests in the Ukraine Carpathians : Vegetation and soil changes over
six decades. Forest Ecology and Management, 262, 1265–1279.
http://dx.doi.org/10.1016/j.foreco.2011.06.024

Townsend, P. A., Singh, A., Foster, J. R., Rehberg, N. J., Kingdon, C. C., & Eshleman, K. N.
(2012) Remote Sensing of Environment A general Landsat model to predict canopy defoliation

http://dx.doi.org/10.1175/1520-0477(1988)069<0022:TFIFE>2.0.CO;2
http://dx.doi.org/10.1117/12.466684


EXPLORATION OF LAND SURFACE TEMPERATURE DIURNAL RANGE AS INDICATOR TO DETECT DEFOLIATION IN FORESTS

39

in broadleaf deciduous forests. Remote Sensing of Environment, 119, 255-265.
http://dx.doi.org/10.1016/j.rse.2011.12.023

UN-ECE (1994) Manual on methods and criteria for harmonized sampling assessment
monitoring and analysis of the effects of air pollution on forests. UN-ECE, Program
Coordination Centers, Hamburg and Prague, 177.

Wolf, A., Kozlov, M.V., & Callaghan, T.V. (2008) Impact of non-outbreak insect damage on
vegetation in northern Europe will be greater than expected during a changing climate. Climate
Change, 87(1), 91–106. http://dx.doi.org/10.1007/s10584-007-9340-6

Yuan, F. & Bauer, M. E. (2007) Comparison of impervious surface area and normalized
difference vegetation index as indicators of surface urban heat island effects in Landsat imagery.
Remote Sensing of Environment, 106, 375–386.
http://dx.doi.org/10.1016/j.rse.2006.09.003

Zelenka, A., Perez, R., Seals, R., & Renne, D. (1999) Effective Accuracy of Satellite-Derived
Hourly Irradiances. Theoretical and Applied Climatology, 62(3), 199-207.

Zhou, J., Chen, Y., Zhang, X., Zhan, W. (2013) Modelling the diurnal variations of urban heat
islands with multi-source satellite data. International Journal of Remote Sensing, 34:21, 7568-7588.
http://dx.doi.org/10.1080/01431161.2013.821576


