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Abstract

This paper investigates the motivations of young people in The Netherlands to invest in
cryptocurrencies. A review of current literature is put forward, proving the limited amount of research
into the domain of cryptocurrencies and cryptocurrency investment. In order to fill this gap, literature
not only on cryptocurrency investment, but also equity-, bitcoin- and ICO-research as well as research
on crowdfunding investment is combined and commonly recognized motivations are extracted. It is
hypothesized that a total of eight motivations identified in literature significantly affect an individual’s
motivation to invest in cryptocurrencies, namely the following: Financial gains, Third party influence,
Shared thoughts, values and beliefs, Ideology and technology, Macroeconomic environment, Hobbyist
features, Regret and Utility. Furthermore, the effect of several demographic factors is controlled for,
namely gender, educational level, income level, field of study or occupation and investment experience
in the cryptocurrency market. Using data of 116 respondents, Structural After Measurement (SAM) as
an approach to Structural Equation Modelling is used to analyze survey results. This method of analysis
is two-fold, initially testing and confirming the measurement model (measuring the variables) only
after which the structural model and thus relationships between variables are reported. This approach
is known to be feasible with relatively small sample sizes and prevents model convergence issues due
to the previous. Additionally, a qualitative question is put forward in the survey in order to expand and
nuance quantitative survey results. It is found that Financial gains, Third party influence, Ideology and
technology, Regret and Utility significantly affect an individual’s motivation to invest in
cryptocurrencies; the first three in a positive way and the latter two negatively. Also, diversification is
put forward as a motivator in the qualitative responses. These findings contribute to the field of
behavioural finance and scarce literature on cryptocurrencies and cryptocurrency investment as well
as prove the feasibility of a SEM approach in this field of study. Additionally, an overview of relevant
motivations to invest is put forward and firms in the cryptocurrency domain as well as investors and
policymakers are provided with findings relevant to their day-to-day business (or future business).
Limitations are related to the research methodology as well as the fast-paced character of the
cryptocurrency market. Both verifying the results with an increased or different sample and further
exploration of concepts in a qualitative way are areas for future research.

Keywords: cryptocurrencies, cryptocurrency investment, investor motivations, structural equation
modelling, structural after measurement.
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Overview of tables and figures

Figure 1. Structural model of motivations to invest in cryptocurrencies.
Figure 2. Decision tree for measurement models (Henseler, 2017).

Figure 3. “An example of a structural equation model with a clear distinction between the measurement
part and the structural part of the model. The structural part of the model (inside the dashed box) is an
example of a multiple regression model. The measurement part relates the latent variables (Y, X1, X2
and X3) to their respective set of indicators” (Rosseel & Loh, 2022).

Table 1. Measurement items per construct.

Table 2. Mean and standard deviation of variables (n = 116).
Table 3. Respondent demographics (n = 116).

Table 4. Items per construct.

Table 5. Measurement model fit.

Table 6. Reliability and Factor Loadings.

Table 7. Average Variance Extracted per construct.

Table 8. Independent constructs regressed.



1 Introduction

42% of young adults between the ages 18 and 30 in The Netherlands invest their money. Their main
reason for that is to build wealth (Prins et al., 2021). Investing among young people has gained more
popularity over the past couple of years, specifically in cryptocurrencies. Multiple studies have been
conducted by individual institutes in The Netherlands in recent months of 2021. Research conducted
by the Dutch National Institute for Budget Information (Nibud) in November 2021, shows that 27% of
young adults invest in cryptocurrencies (Prins et al., 2021). They conducted a sample of over 1,500
people in The Netherlands between the ages 18-30. Additionally, the Dutch Authority of Financial
Markets has ordered Ipsos, an independent market research firm, to dive deeper into the attitude and
holdings of persons in The Netherlands towards cryptocurrencies (Hardeveld Kleuver & Van der Boom,
2021). This has received national media attention in The Netherlands multiple times in the second half
of 2021 (van den Dungen, 2021).

Cryptocurrencies are growing exponentially in terms of coin availability and market capitalization. Its
total market capitalization has increased from around 120 billion USD at the end of 2018 to over 2
trillion USD in December 2021 (CoinMarketCap, 2021). This growing popularity has captured attention
of several groups, among which (central) banks, governments and not to forget; individuals
(Subramaniam & Chakraborty, 2020). There has been an ongoing discussion as to whether or not
bitcoin is primarily a currency or simply a speculative asset (Glaser et al., 2014). Bitcoin does not
however provide any interest or dividend feature; profits are made from price increases or active
trading. Novel developments also offer unconventional ways of earning money with cryptocurrencies
seemingly similar to earning interest, namely staking and liquidity providing.

Much work has been done in literature on investment decision behaviour, which has been confirmed
in behavioural finance literature over the recent years (Jaiyeoba et al., 2018; Mattke et al., 2021).
However, behavioural finance does not put forward a consolidated theory to understand investor
behaviour (Subrahmanyam, 2008). Several studies have investigated investor motivations under
different circumstances. The most commonly related fields to cryptocurrency investment in literature
are equity-, crowdfunding and ICO-investing. Next to that, research is conducted in the context of
technology adoption (Khairuddin et al., 2016).

Cryptocurrencies are gaining popularity as an investment category among young people. Despite the
fact that the market capitalization of cryptocurrencies as well as its investor adoption is growing
rapidly, very scarce literature is to be found researching the topic of cryptocurrency investment (Xi et
al., 2020). There are very few papers to be found that research cryptocurrency investor motivations in
the context of retail investors, and the existing literature has a variety of focuses. Research that is to
be found focuses either on crowdfunding or equity-investment, or on bitcoin investor motivation in
the context of regret theory (Mattke et al., 2021), ICO investor profiles (Fisch et al., 2021), motivation
to adopt the bitcoin technology (Khairuddin et al., 2016) or cryptocurrency investment attitudes based
on market research (Hardeveld Kleuver & Van der Boom, 2021). On top of that, existing literature calls
upon researchers to further widen and deepen our understanding of cryptocurrencies by means of
academic research. “Empirically oriented research is only now beginning, presenting an extraordinary
research opportunity for academia”, is said in reference to cryptocurrency literature (Hardle et al.,
2020).

Questions that give rise to this study are: ‘What motivates retail investor decision-making into
cryptocurrencies?’, ‘How can we measure investor motivations in the context of cryptocurrencies?’
and ‘What are the strongest motivations for investing in cryptocurrencies?’. The approach of this study
builds upon existing literature and theories consistent with investor motivations in other areas of
research and applies them into the field of cryptocurrencies. This study aims to find answers to these
qguestions by means of structural equation modelling. With use of a conceptual model incorporating



investor motivations together with relevant control variables, this research confirms or denies
longstanding hypotheses from well-renown investment areas. Additionally, this study will begin with
laying the groundwork for the newly developing field of academic studies into cryptocurrencies as a
potential asset class or investment category.

The research question this study aims to answer is:
“What are the motivations of young people in The Netherlands to invest in cryptocurrencies?”

This paper is divided into the following sections. It starts with laying out the characteristics of
cryptocurrencies and why they are different from traditional asset classes. After that, the literature
review of this study explains the focus on young people, after which the relevant and identified
motivations to invest from literature are described together with their hypotheses. A structural model
is built based on the abovementioned. Next, the research method and approach are described, after
which the results and findings of this study are explained. Lastly, a discussion is put forward together
with limitations and contributions to both theory and practice as well as a final conclusion.



2 Cryptocurrencies

Cryptocurrency investing is different from stock and equity investing, crowdfunding investing and
initial coin offerings (Mattke et al., 2021). It is stated that it is the unique characteristics of such, that
limit the transfer of knowledge from related research into the context of cryptocurrencies.
Cryptocurrencies can be seen as a phenomenon that stands apart from and shares few similarities with
many other known investment categories. A synthesis of relevant information about cryptocurrencies
is put forward, to explain the aforementioned.

2.1 What are cryptocurrencies

Cryptocurrencies are a subset of digital currencies, contrasting with the concept of currencies because
of their lacking connection with central institutions for money supply (Glaser et al., 2014; Lee et al.,
2018). Relying on a fundamentally innovative technology, its full potential is yet to be understood.

Cryptocurrencies enable users a means of payment free from a central authority, without the need for
a third party (Farell, 2015; Lee et al., 2018). It is a technology not centrally issued, not circulated within
a specific community or location, and not tied to fiat currency or an issuing organization.
Decentralization allows increased capacity, security, speed and overrules the need for a trusted third
party or central authority for verification purposes. These are all characteristics that resemble the
major drawbacks of traditional fiat currencies (Lee et al., 2018).

Bitcoin and other cryptocurrencies have some unique characteristics that distinguish it from other
‘classic’ investment categories. “[...] is not associated with any person, organisation, or intermediary,
does not finance any venture, and individuals do not acquire a stake in a company or venture.
Furthermore, the bitcoin price does not depend on traditional financial assets, such as stocks, and
because of its volatility bitcoin does not fulfil the requirements of a currency” (Mattke et al., 2021).

2.2 Therise of cryptocurrencies

Global financial markets have witnessed the fast rise of cryptocurrencies as a novel asset class in
today’s society (Maasoumi & Wu, 2021). The financial crisis together with a lack of confidence in the
financial system, awakened the increasing interest in cryptocurrencies (Lee et al., 2018). The invention
of bitcoin can be seen as the invention that spurred development of several new cryptocurrencies, also
referred to as altcoins. The market of virtual currencies has grown hugely both in terms of number of
currencies (or altcoins) as well as its user base and transaction frequency (Haubo, 2015). Today, many
other cryptocurrencies are actively traded by investors (Lee et al., 2018).

Detractors regard cryptocurrencies as a speculative bubble, comparing it to the tulip mania or internet
bubble, and even renowned investor Warren Buffet said, “It’s a gambling device.” It is said to be an
asset that has no value, unless people think it has value (Shiller, 2019). But then again, can’t we say
the same for money as we know it? (with value dependent upon the agreement of large institutions
and in turn transferred to society) In spite of the previous, the growth rate at which cryptocurrencies
were able to gain market capitalization continues to be astonishing. Total market capitalization has
increased from around 120 billion USD end of 2018 to over 2 trillion USD in December 2021, surpassing
the precious metal silver as an asset, which has a capitalization of around 1.2 trillion (CoinMarketCap,
2021). Comparisons with gold, the U.S. dollar, and other types of asset classes are swiftly made (Haubo,
2015). Appendices 1.1 and 1.2 show a comparison of cryptocurrencies relative to other asset classes.

2.3 Currency or asset

The name ‘currency’ can be deemed misleading, as nowadays substantial amounts of people holding
cryptocurrencies do so as a means of investment. There is an ongoing discussion about
cryptocurrencies and bitcoin whether to view them as an asset or as a currency (Glaser et al., 2014).



Even in academic literature there is no agreement. It is the unique characteristics of cryptocurrencies
that allow it to carry features of both an asset or investment class as well as a currency.

Research has investigated the similarities between bitcoin, gold, and the dollar. Bitcoin functions such
as a means of exchange are clear, and prices react somewhat similar to indicators that currencies
respond to. However, its decentralized and unregulated nature suggest we cannot look at
cryptocurrencies and regular currencies as equal (Haubo, 2015). Bitcoin can be said to be positioned
between gold and the dollar, which are seen as artifacts for respectively a store of value and a medium
of exchange (Haubo, 2015).

Cryptocurrencies are said to outperform traditional asset classes with regard to returns (Lee et al.,
2018). This, regardless of the extreme volatility and susceptibility of the market to financial and
macroeconomic activity (Maasoumi & Wu, 2021). Research confirms that cryptocurrency tokens in
their ICO-process tend to behave similar to equities in an IPO-process (Lyandres et al., 2019). The
primary usage of cryptocurrencies in a study by Mahomed (2017) appears to be as an investment, for
both current and potential users, while transactional use was a large minority of the sample. Rudolf et
al. (2021) also conclude that bitcoin possesses the ability to compete with gold as an alternative hedge
and asset class. However, the payment features of cryptocurrencies remain unique in comparison to
other asset classes such as equity and precious metals.

Valuation models are deemed useless since cryptocurrencies do not have a feature of interest rate in
contrast to traditional currencies, whereas pursuing cryptocurrencies to be an alternative asset also
lacks validation. Non-existence of appropriate valuation methods is said to cause a high influence of
available information on cryptocurrency prices (Glaser et al., 2014).

2.4 Types of cryptocurrencies

Cryptocurrencies can be divided in to many different types of tokens, each with their own consensus
mechanism, latency or hashing algorithm (Hardle et al., 2020). According to Hardle et al. (2020) there
are seven types of cryptocurrency classes, namely: transaction tokens, distributed computation
tokens, utility tokens, security tokens, fungible tokens, non-fungible tokens and stablecoins. Utility
tokens and transaction (or payment) tokens are said to be the most common types of cryptocurrencies
(Software Testing Help, 2022). Utility tokens are often associated with ICOs and are aimed at gathering
funds to develop a cryptocurrency project, and solely allow the holder to buy or sell the token as
preferred. They are meant to provide access to the platform service they reside on, and value depends
on demand for the project. On the other hand, payment or transaction tokens can be seen as units of
account and are used for paying or in exchange for goods and services. (Merchant, 2022; The Different
Types of Cryptocurrency Tokens Explained, 2020). Security tokens represent ownership of a company
and are regulated by governmental agencies providing oversight in financial markets, therefore
considered much safer and having great potential as a case of blockchain technology. They derive value
from an external asset and can be traded under financial regulation as security (Merchant, 2022;
Software Testing Help, 2022). Non-fungible tokens represent a digital ownership certificate to “a
unique, non-replaceable item or one not tradeable with another, and one-of-kind asset on the
blockchain” and is mainly used for works of art, photographs, videos, etcetera (Software Testing Help,
2022). Stablecoins are coins that are collaterized by traditional currencies or real assets, while
distributed computation tokens refer to tokens running on a single network which is being run and
verified by multiple computers (Hardle et al., 2020). Fungible tokens are simply tokens that can be
traded or exchanged. As can be concluded from this explanation, the types of tokens can overlap and
are not mutually exclusive. Due to scope and time limitations as well as a focus on researching the
general investor interest and motivation into cryptocurrencies, this research takes cryptocurrencies
altogether and regards them as one asset class.



2.5 Influence of the crowd

Bitcoin, together with thousands of other issued cryptocurrencies, has stimulated large amounts of
talk, enthusiasm and activity around it (Shiller, 2019). It is for that reason that one could regard
attention as a major determinant for investor decisions into cryptocurrencies. Robert J. Shiller, who
got awarded a Nobel Prize for Economics, claims that the popularity of bitcoin stems purely from the
interest of others in it (Shiller, 2019). Research has found evidence of cryptocurrencies responding to
both momentum and investor attention, with low attention to other asset classes and macroeconomic
factors (Liu & Tsyvinski, 2021). In research on bitcoin, it is discovered that novel users interact
differently with the means of use of the cryptocurrency. New, uninformed users also tend to regard
bitcoin as a speculative asset without the intention of using it as a currency and means of payment
(Glaser et al., 2014).

“In the bitcoin context, future research should examine the role of social influence, such as peer
pressure, herding behaviour, or the influence of the actions of cryptocurrency experts and gurus”
(Mattke et al., 2021). Herding behaviour is the tendency of many investors to take the same actions as
others at the same time (Lin, 2018), or, follow others’ behaviour (Berger et al., 2018). Additionally,
herding behaviour seems to increase under uncertainty. It is also found that, when people share a
common identity, more often individuals ignore their private information when making a decision, and
thus herd behaviour takes place (Berger et al., 2018).
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3 Literature review

In order to investigate what the major motivations of young people in The Netherlands are to invest
in cryptocurrencies, we conduct a review of the relevant and existing literature both into demographics
and investor motivations.

Motivational factors to invest in cryptocurrencies are not extensively researched. There is scarce
literature on investment motivations into cryptocurrencies, and the literature that exists makes use of
handles offered by literature in ICO-investing, crowdfunding, and equity investment. Since there are
few papers researching investor motivations in the context of cryptocurrencies, and for the purpose
of enriching this study with potentially other relevant motivators, this review also includes papers
researching investor motivations into similar contexts such as equity and crowdfunding. The studies
that are conducted in the context of cryptocurrencies are to be categorized into ICO investment,
bitcoin investment and cryptocurrency or technology adoption and/or usage.

After identifying a good starting set of papers to begin the search, the backward snowballing method
is implemented to identify new papers to include in our analysis (Wohlin, 2014). Papers are inspected
on the basis of their research goal and whether or not this fits with the objective of this study.
Motivators are composed on the basis of literature on behavioural theories, the beforementioned
similar studies, and brainstorming with a cryptocurrency-expert. Next to identifying and describing
investor motivations in an exhaustive manner, this research looks into the demographic characteristics
of investors that are reported in the reviewed papers. Investors are assumed to be different in their
approach to investment decisions. It is recognized that investors make decisions under uncertain
conditions and are influenced by their demographic characteristics (Nagy & Obenberger, 1994). This
research argues why young people are an important target group to focus on for investigating investor
motivations in cryptocurrencies.

3.1 Young people

It is deemed important to study which socio-demographic characteristics may affect individuals to
participate and invest in the cryptocurrency market (Xi et al., 2020). The sample for this research
consists of young people residing in The Netherlands. Their age can vary from 18-34 years. It is argued
that young people are both an important and interesting group to focus on in this research. The reason
for focusing on this age category is multi-fold.

First, several relevant studies in The Netherlands have investigated people in this age category. In
recent studies, conducted by market research firms in The Netherlands, it is found that young people
represent a large share of the people investing in cryptocurrencies. Both studies investigate, among
other variables, the motivations of people to invest in cryptocurrencies. One study solely focuses on
people of the age group 18-30, since it recognizes the popularity of investing among young people and
feels the need for adequate information dispersion (appendix 2) (Prins et al., 2021). The other study is
looking for more insight into the attitudes of crypto-owners and finds that the majority of crypto-
owners is below the age of 34 years old (appendix 3) (Hardeveld Kleuver & Van der Boom, 2021).

Second, it can be concluded that relevant academic literature does not have a clear focus on the
proposed age group. No academic literature can be found that specifically focuses on young people
related to investment in cryptocurrencies. Whereas the average age of respondents is reported in both
studies that investigate investor motivations into cryptocurrencies, there is no clear focus on this
specific age group in either of the studies (Fisch et al., 2021; Mattke et al., 2021). In research conducted
by Mattke et al. (2021), a mixed-method study into motivations to invest in bitcoin is deployed. From
the participant demographics it can be seen that over 70% of participants are in the age category 18-
30 years old. The mean age of participants in the interview-round is 34, whereas the mean age of
survey-participants is almost 29. Fisch et al. (2021), who report motives and profiles of ICO investors,
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solely report the mean age of respondents which lies at 32 years old. Khairuddin et al. (2016) explore
motivations among bitcoins by means of explorative interviews, and report that all of their nine
respondents rage between 23-37 years old, with a mean age of 34 years old. Additionally, a study
conducted in 2017 in Canada, reports that that 18-to-34 age group represents the largest share of
bitcoin users (Henry et al., 2018). Xi et al. (2020) also find that a majority of the existing cryptocurrency
surveys reviewed have incorporated in their research.

Next to the abovementioned, people of younger age are deemed an important target group for this
research considering their unique traits in relation to risk-taking. There are several personal factors
individuals possess, over which they have little influence. One of those is their risk affinity, or risk-
taking behaviour. Choudhary (2016) finds evidence that mainly demographic factors are determinants
for decision-making in equity investment. The variable age is said to play a vital role in deciding
whether or not to invest, while dimensions of risk-taking play a part in this (Choudhary, 2016). Xi et al.
(2020) confirm that young people are more likely to invest in cryptocurrencies. It is said that the risk-
seeking part of our brain physically changes as we get older, which the authors propose as a potential
explanation for this. Additionally, higher exposure to and familiarity with the technology might be an
explanation (Xi et al., 2020). In general, an increase in age leads to an increase in risk-aversion among
investors. An individual’s risk-aversion has an adverse effect on motivations to invest, saying that more
risk-averse people are less likely to invest. This notion has been confirmed to influence investor
decision-making in literature (Choudhary, 2016; Fisch et al., 2021; Mattke et al., 2021; Phan & Zhou,
2014; Xi et al., 2020).

3.2 Investor motivations

As mentioned before, this literature review consists of articles in cryptocurrency investor motivations
as well as investment motivations in similar contexts such as equity and crowdfunding. This study aims
to discover what are the major motivators recognized in literature and wants to confirm and/or enrich
literature on cryptocurrency investment motivators. A table is composed that includes all motivators
identified in literature, both in the context of cryptocurrencies as well as in equity- and crowdfunding
research. This table can be found in appendix 4. In the following section, the identified motives are
described and explained in an exhaustive manner.

3.2.1 Financial gains

In traditional finance literature, investors are assumed to be mainly driven by their expected financial
return, depending on their risk-return ratio. Investors are assumed to have the single motivation of
selecting investments, such as stocks, based on their highest expected return for a given level of risk
(Aspara & Tikkanen, 2011). Even in behavioural finance, which assumes that investors are not perfectly
rational but instead persuaded by external and internal factors with decision-making under uncertain
circumstances, financial motives are recognized as a major motivator for individual investment (Fisch
et al., 2021). In its core, individual investment decisions are seen as a trade-off between the benefits
of current consumption and the benefits of future consumption (Nagy & Obenberger, 1994). Several
studies in the field of equity and crowdfunding investment recognize or identify profit expectancy and
personal financial gains as a motivation for investing (Aspara & Tikkanen, 2011; Bagheri et al., 2019;
Choudhary, 2016; Mutswenje & Jagongo, 2014; Ngahu, 2017; Prins et al., 2021). Choudhary (2016)
states that money’s value is reflected in purchasing power, and investment can help bridge the gap
between available and required funds. 85% of respondents in recent research conducted by the Dutch
National Institute for Budget Information (Nibud) give building wealth as the reason for investing (Prins
et al., 2021).

Not only in traditional finance literature, but also in literature on investor motivations in

cryptocurrencies, the goal of financial gains is recognized. Fisch et al. (2021) sees that gaining an equity
stake, financial gains, and the future sale of the token at a higher price are subcategories of this
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motivator in the context of ICO-investment. The chance to make large profits and the view that bitcoin
will substantially increase in value in the foreseeable future is also what drives investors. “The main
reason to invest in bitcoin is clearly that | expect that bitcoin’s value will increase in the next years”
(Mattke et al., 2021). Hardeveld Kleuver and Van der Boom (2021), in their research ordered by the
Dutch Authority of Financial Markets (AFM), find that making a quick profit and the price development
of cryptocurrencies are major reasons for investing.

The abovementioned leads us to compose the following hypothesis:

Hypothesis 1: Financial gains motivate young people in The Netherlands to invest in cryptocurrencies.

3.2.2 Third party influence

Third party influence on investor motivations has been largely studied in literature. Herding behaviour
regards the mimicking of others’ behaviour, sometimes even against available information saying
otherwise. Linked to that is third party opinions influencing behaviour, which considers the opinions
of notable others influencing behaviour (Phan & Zhou, 2014). Herding behaviour is said to be much
more present among individual investors in contrast to institutional ones, even though it is found that
investors going against the crowd improve performance (Merli & Roger, 2013).

Nagy and Obenberger (1994) identify advocate recommendation as one of the factors influencing
investor motivation in equity selection in their research. Recommendations can stem from for example
an advisor broker, friends, colleagues, or family. A study conducted by Ngahu (2017) identifies third
parties’ opinions as encouraging stock purchase decisions. Additionally, some evidence was found that
which shows that other people’s investment decisions influence decision-making among retail
investors. Herding behaviour can be said to influence investment attitude as well as the subjective
norm in research deploying the theory of planned behaviour. The subjective norm considers the
opinions of significant others on whether or not to conduct certain behaviour, whereas herd behaviour
is recognized by following other people’s behaviours. The latter, in spite of information telling investors
to act otherwise (Phan & Zhou, 2014).

In the context of technology adoption, social influence has also been recognized as a predictor of
individual intention to invest in cryptocurrencies. A potential explanation that is offered is the
networking nature of the technology underlying cryptocurrencies, and the mass media attention that
is given to cryptocurrencies (Mahomed, 2017). Robert Shiller, Nobel Prize winning economist, also
marks bitcoin’s popularity as a topic of interest for the following reason: “[...] people are interested in
Bitcoin precisely because so many other people are interested in it” (Shiller, 2019). The Dutch Authority
of Financial Markets (AFM) also found that a reason for investing is the fact that people in their circle
of acquaintances have invested. Lower ranked motivators are recommendations from analysts or
famous persons via social media (Hardeveld Kleuver & Van der Boom, 2021). Specific choice for which
cryptocurrencies is mainly motivated by recommendations stemming from friends or acquaintances.
Remarkably, the two studies that investigate investor motivations in the cryptocurrency-context, do
not include any of the previously mentioned information in their analysis. However, it is mentioned by
Mattke et al. (2021) that ICO investors may simply follow others because of the ‘social contagion’ of
information in the media. They call for future research that examines the role of social influence (such
as peer pressure and herding behaviour) on the investment motivation of individuals.

The abovementioned leads us to compose the following hypothesis:

Hypothesis 2: Third party influence motivates young people in The Netherlands to invest in
cryptocurrencies.
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3.2.3 Shared thoughts, values and beliefs

Besides more traditional motivations for investing, such as financial returns, in more recent years there
has gone attention towards the role of affective evaluations on motivations for equity and
crowdfunding investing. In crowdfunding research, the motivation of shared values and beliefs for
investing is prevalent. This regards positive associations with the investment project that are analogous
with personal beliefs are a motivation for investing, as for efforts that are consistent with people’s
identity or identity aspirations (Gerber & Hui, 2013). Bagheri et al. (2019) identify similar motivations
regarding the alighment of projects with a person’s thoughts, beliefs, and values. A sample comment
from research is “the subject itself was important for me. | supported the projects that the activity was
valuable for me.”

Nagy and Obenberger already identified the self-image/firm-image factor for investment motivation
in 1994. It was found that firm reputation, firm status and feelings about a firm’s products and services
as well as ethics are ranked highly as an investment consideration among retail investors. In their
research deploying the theory of planned behaviour, Phan and Zhou (2014) also find strong evidence
that a more favourable attitude towards a specific behaviour increases the likelihood of conducting
such behaviour, e.g. investment. It is also said that excessive optimism, usually stemming from
overconfidence, has a positive impact on one’s investing attitude and thus encourages people to
invest. The amount of people conducting socially responsible investment behaviour is steadily growing,
incorporating social and environmental principles into investment decisions. This approach to
investing yields mixed results with regard to whether or not it generates abnormal returns (Halbritter
& Dorfleitner, 2015; Kempf & Osthoff, 2007). Regardless, socially responsible investing is seen as a
justifiable category of its own (Halbritter & Dorfleitner, 2015).

Personal or societal motives for investing such as sustainability and philanthropy gain mixed results in
the cryptocurrency-context. Where some respondents rate such motives highly, others do not regard
them important at all (Fisch et al., 2021). It is argued that, in spite of alignment of personal features
with the investment, individuals still only invest when there is profit expectancy (Mattke et al., 2021).
However, the extant body of research incorporating social- and self-image into investment motivations
leads us to derive sufficient grounds for composing this motivator.

The abovementioned leads us to compose the following hypothesis:

Hypothesis 3: Shared thoughts, values and beliefs towards cryptocurrencies motivate young people in
The Netherlands to invest in cryptocurrencies.

3.2.4 Ideology and technology

Identity-congruency and shared thoughts, values and beliefs are motivators that have readily been
recognized in the context of crowdfunding and equity research (and somewhat in cryptocurrency
research). A separate motivator that is solely related to cryptocurrencies is related to the ideology and
technology thereof.

Support of bitcoin ideology is said to be specifically relevant to bitcoin investments (Mattke et al.,
2021). The ideology of decentralization is mentioned here as a key aspect of this motivator. Even
though existing research does not provide insights into the influence of ideology on investments, it
does state that non-financial motives are deemed relevant. In later research, Fisch et al. (2021) also
identify ideological together with technological motives as a major motivation for investment into
cryptocurrencies. These motivations rest upon the features of blockchain technology, such as
desirability of anonymous transactions and the high degree of decentralization and are driven by belief
in the future potential of the technology regardless of unclarities and uncertainties in present day.
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Disruption of established structure or industries and personal enthusiasm for the technology or
business idea are what composes this factor.

In research into the technology adoption of cryptocurrencies, Mahomed (2017) identifies trust as a
dimension influencing the intention to adopt. “The decisions to invest money in households and
organizations are made under uncertain conditions (Jaiyeoba et al.,, 2018)”. This also leads to a
discussion regarding regulation, as regulation to reduce uncertainty is said to be key for investors going
forward. Lack thereof strengthens the problem of information asymmetry and influences investor trust
(Xi et al., 2020). However, issues of trust and regulation do not seem to dominate investor motivations
in relation to ideology and technology motives. Research conducted by the Dutch Authority of Financial
Markets (AFM) also confirms that belief in the underlying technology of cryptocurrencies is a reason
for investing (Hardeveld Kleuver & Van der Boom, 2021).

In an exploratory study by Khairuddin et al. (2016) into users’ motivations, the three main motivations
that are found all relate to ideology and/or technology. The potential that bitcoin has to transform
global financial institution and democratization features are deemed very important motivators. More
specifically, bitcoin’s predicted role in the monetary revolution, users’ empowerment (open source,
decentralized and unregulated platform) and the perceived real value of bitcoin currency (paralleling
to gold) are mentioned. It is assumed that the following is a major thought underlying cryptocurrency
adoption and usage: “Bitcoin will be bigger than the Internet revolution because Internet is only the
revolution of communication. Bitcoin is about the money revolution” (Khairuddin et al., 2016).

The abovementioned leads us to compose the following hypothesis:

Hypothesis 4: Ideology and technology aspects motivate young people in The Netherlands to invest in
cryptocurrencies.

3.2.5 Macroeconomic environment

Macroeconomic factors and the general state of the economy have an effect on business decision-
making regarding spending, borrowing, and investing (Khartit & Rathburn, 2021). One of the main
indicators of the macroeconomic environment is the inflation rate, which has a large influence on stock
market performance (McDermott, 1996). While Choudhary (2016) marks the macroeconomic
environment and inflation rate as a force driving equity investment, there are no studies to be found
that investigate this as a motivation for investing in cryptocurrencies. The Dutch Authority of Financial
Markets (AFM) conducted research among 18+ investors in The Netherlands, and did find that the low
interest rates on savings accounts nowadays is the second largest motivator to invest in
cryptocurrencies (Hardeveld Kleuver & Van der Boom, 2021). Whereas in general, higher inflation rates
push up interest rates which in turn declines investment propensity (because of increased cost of
capital), this has not been the case in recent years (Madsen, 2003).

The abovementioned leads us to compose the following hypothesis:

Hypothesis 5: Macroeconomic factors motivate young people in The Netherlands to invest in
cryptocurrencies.

3.2.6 Hobbyist features

Beside the more renown motivations for people to invest, research has also uncovered somewhat
more inelaborate or basal motivations. Retail investors in both equity and cryptocurrencies have
identified more hobbyist motivations for investing. The excitement, passing time and being busy with
money in a fun way are mentioned in this fashion (Prins et al., 2021). Technology adoption of
cryptocurrencies also seems to mark hedonic motivations as significant for the process, as it influences
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individuals’ intention to adopt (Mahomed, 2017). Additionally, research conducted by the Dutch
Authority of Financial Markets (AFM) shows that the main reason for cryptocurrency owners above 18
years old in The Netherlands is ‘to take a guess’. Also, the excitement of investing plays a part in their
motivation to invest (Hardeveld Kleuver & Van der Boom, 2021).

The abovementioned leads us to compose the following hypothesis:

Hypothesis 6: Hobbyist features motivate young people in The Netherlands to invest in
cryptocurrencies.

3.2.7 Regret

Loomes, Graham and Sugden (1982) build upon the prospect theory and introduce the concept of
regret in their model of decision making. It states that people anticipate regret when making decisions
and consider this in the process. Regret theory impacts investors because it can either cause them to
be unnecessarily risk-averse or it can motivate them to take risks they should not take. Mattke et al.
(2021) identify motivations to invest in bitcoin whilst deploying regret theory, since regret theory is
tailored to the uncertainty aspect of decision-making. It is found that either anticipated or experienced
inaction regret sentiments are a motivation for individuals to invest bitcoin. They pose that even
though prior studies do investigate the influence of regret avoidance or aversion, their contribution
shows that regret can be anchored in the future or in the past. Respondents state, “I could have been
rich, if l invested earlier, that motivates me to invest now” and “l do not want to miss the chance now,
or | will regret the decision in the future.” It is argued that, due to the nature of cryptocurrencies and
their potentially accelerated return rate in comparison to more traditional investment categories,
regret plays a part in motivation to invest in cryptocurrencies.

The abovementioned leads us to compose the following hypothesis:

Hypothesis 7: Regret anticipation or experience motivates young people in The Netherlands to invest
in cryptocurrencies.

3.2.8 Utility

Cryptocurrencies can be categorized in several different ways. The most prevalent categories
mentioned are classification as either a currency or an asset. Lesser known or described functions of
cryptocurrencies concern their use as a utility token or as a security token. A utility token grants the
right of access to a product or service of the start-up to its owner (Xi et al., 2020). It can be used to
redeem products or services or as a medium of exchange among users of the venture’s platform (Fisch
etal., 2021). A security token, on the other hand, is comparable to an equity stake in the business using
cryptocurrencies as means of raising money (Xi et al., 2020). They designate rights to their holders to
ownership shares, dividends, and or other financial benefits. Therefore, security tokens can be seen as
vehicles of providing early-stage financing to ventures which issue such tokens at a previously set price
(Fisch et al., 2021).

Fisch et al. (2021), in their research into investor motivations in ICO’s, identify the use of tokens for
their intended utility function as one of the ideological motives to invest. It is argued that investors
driven by technological motives, might invest in utility tokens for the purpose of later using them for
their intended purposes. Investors that have financial motives might invest in security tokens for the
purpose of collecting the financial rewards that are directly tied to such coins. Research conducted into
the investment behaviours of people over the age of 18 in The Netherlands also uncovers that
investors’ reasons to invest in cryptocurrencies can be related to their intended function as a means
of payment for other goods or services, although this is confirmed by a relatively small part of the
sample (Hardeveld Kleuver & Van der Boom, 2021).
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The abovementioned leads us to compose the following hypothesis:

Hypothesis 8: Their intended utility function motivates young people in The Netherlands to invest in
cryptocurrencies.

3.3 Research gap

This research assumes a total of eight motivators identified in previous literature. While several studies
have investigated investor motivation in the context of equity- and crowdfunding, few performed their
studies in the context of cryptocurrencies. The ones that did, solely focused on ICO-, bitcoin-, or
technology adoption (Fisch et al., 2021; Khairuddin et al., 2016; Mattke et al., 2021). Moreover, some
motivators have only been measured in non-academic literature or results come forward as
inconclusive in cryptocurrency-adjacent literature (Hardeveld Kleuver & Van der Boom, 2021). The
verification of the eight mentioned motivators is not readily available in research that investigates
investment motivations into cryptocurrencies as an asset class. In research, clarification of several
investor motivations in the context of cryptocurrency retail investing is called upon (Hardle et al., 2020;
Mattke et al., 2021; Xi et al., 2020).

3.4 Expert validation

In order to gain confidence regarding the abovementioned motivators that are subtracted from
literature, an expert in the field of cryptocurrencies has been consulted. This expert has six years of
experience with the cryptocurrency market and cryptocurrency investment and is currently working in
this field in a professional manner. The expert has worked fulltime for some years now with individual
investors that have little to no experience in cryptocurrency investing and guides them in the process.
To be able to determine if the established motivational factors are reported in an exhaustive manner,
the expert is posed the following open question: “What are, according to you, the motivations of young
people to invest in cryptocurrencies?.” A short conversation took place after which a list with potential
motivators the expert recognized is composed. The expert’s suggestions can be found in appendix 5
and can alle be accommodated under existing and previously identified motivators. This functions as
an additional confirmation of the existence and relevance of identified motivators in literature.

3.5 Overview hypotheses
Below an overview of the formed hypotheses based on the literature reviewed.

Hypothesis 1: Financial gains motivate young people in The Netherlands to invest in cryptocurrencies.

Hypothesis 2: Third-party influence motivates young people in The Netherlands to invest in
cryptocurrencies.

Hypothesis 3: Shared thoughts, values and beliefs towards cryptocurrencies motivate young people in
The Netherlands to invest in cryptocurrencies.

Hypothesis 4: Ideology and technology aspects motivate young people in The Netherlands to invest in
cryptocurrencies.

Hypothesis 5: Macroeconomic factors motivate young people in The Netherlands to invest in
cryptocurrencies.

Hypothesis 6: Hobbyist features motivate young people in The Netherlands to invest in
cryptocurrencies.
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Hypothesis 7: Regret anticipation or experience motivates young people in The Netherlands to invest
in cryptocurrencies.

Hypothesis 8: Their intended utility function motivates young people in The Netherlands to invest in
cryptocurrencies.

3.6 Structural model

In order to be able to conduct structural equation modelling, the theoretical concepts (motivators) and
their hypothesized relationships should be transformed into a structural model. “The structural model
represents the core of the theory proposed” (Benitez et al., 2020). This study makes use of existing
literature on investor motivations to develop the following structural model. It is composed based on
literature from both cryptocurrency literature as well as equity and crowdfunding research. The figure
below shows the identified and thus to be measured motivations of individuals to invest in
cryptocurrencies. The left-hand (latent) variables can be seen as motivations having an effect on
cryptocurrency investment motivation, which will be measured with the help of indicators/items in
the survey.

The structural model visualizes this study’s approach; an investigation of what are the major
motivations of young people in The Netherlands to invest in cryptocurrencies.

Financial gains

H1

Third party

influence

H2
Shared thoughts, H3
values and
beliefs
H4
Ideology and
technology Motivation to
Hs invest
A
Macro-

economic

environment
Hé6
Hobbyist H7 Gender
features Education level
Income level
H8 Field of study/occupation
Years of investment experience

Regret

Utility

Figure 1. Structural model of motivations to invest in cryptocurrencies.

18



4 Methodology

In the following, the methodology that is used to answer the research question “What are the
motivations of young people in The Netherlands to invest in cryptocurrencies?” is described. First, the
research design is laid out together with the selection and sample of respondents. Next, the
measurement process of the variables is described, after which the data collection and analysis are put
forward.

4.1 Research goal and design

The goal of this study is to identify the motivations of young people in The Netherlands to invest in
cryptocurrencies. In order to answer the research question previously defined, a quantitative survey
approach is deployed incorporating both descriptive and exploratory questions. Survey research can
be defined as “the collection of information from a sample of individuals through their responses to
questions” (Brant et al., 2015). This type of research is often used to describe and explore human
behaviour in both social and psychological research. Since this study aims to identify human
motivations in a financial context, a survey approach is deemed appropriate.

Measurement items are composed for each motivator and measured with use of an interval scale.
Originally, as few as three or four points can be on a scale to measure a motivator. It is decided to
deploy a 7-point Likert scale, since more scale points result in a closer approach to the underlying
distribution. Additionally, this increases generalizability of results (Wu & Leung, 2017). Respondents
are asked to rate the influence of identified motivators on their decision to invest on a 7-point scale
ranging from strongly agree to strongly disagree. Goal is to validate the items per construct and ensure
reliability of the indicator constructs. There is no amount of increase in sample size that can decrease
bias or increase reliability in single-indicator models, while an increase in the number of
items/indicators per construct decreases the necessary sample size. The amount of increase in sample
size requirements for multi-construct models depends on the power of the items to load on the
construct (Wolf et al., 2013).

Next to quantitative closed-ended questions on a Likert-scale, respondents are asked to reply to one
open question. This question asks respondents to note down any motivators they have in mind for
investing other than previously mentioned in the survey. Reason for this, is to be able to draw further
conclusions regarding the composed structural framework and whether or not the identified
motivators in literature can be complemented. This approach is expected to yield both similarities and
dissimilarities between the quantitative and qualitative part of the survey (Glik et al., 2006).
Additionally, divergence from the given answering possibilities in the closed-end questions might lead
to conclude a bias in the proposed motivations. An overview of the survey that is conducted can be
found in appendix 6.

Structural After Measurement (SAM) will be used as an approach to Structural Equation Modelling
(SEM) for data analyses. Structural Equation Modelling has become an important tool in social and
behavioural sciences and is capable of “expressing theoretical concepts through constructs and
connecting these constructs via a structural model to study their relationships” (Benitez et al., 2020).
It is deemed a major tool for examining and understanding relationships among latent variables (Deng
et al., 2018). When using SEM as a data analysis method, empirical evidence can be obtained with the
use of statistical tests. Two types of theoretical concepts can be used with the help of SEM: behavioural
science concepts and design science concepts. This research measures a behavioural science concept,
observed by indicators, and operationalized with a measurement model. The decision for composing
a reflective measurement model is based on literature, and backed by figure 2 below (Henseler, 2017).
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Figure 2. Decision tree for measurement models (Henseler, 2017).

A characteristic of SAM is the order of measurement, in which first the measurement model and
second the structural model is assessed, in contrary to simultaneous estimation of global model fit in
other estimation methods. Naturally, analysing relationships among variables would be easiest if all
latent variables are observed (and thus measured without measurement error). This because then
linear regression could be used to estimate coefficients for the effect of the independent variables on
the dependent variables. However, factor scores contain measurement error, which would lead to
biased estimates of the regression coefficients (Rosseel & Loh, 2022). SAM as an approach to SEM is
chosen as estimation method not only because of the above, but also because of the following two
reasons. First of all, estimates in a SAM model are more robust against local model misspecification.
Secondly, this approach is known to work better to prevent convergence issues in small samples. Non-
convergence can even occur when a model is correctly specified, simply because of small sample size
(Rosseel & Loh, 2022).

Where CFA can be seen as the measurement part of SEM, SAM subsequently shows how the variables
are related (structural model). It incorporates latent variables or constructs and also specifically
specifies measurement error (Suhr, n.d.). The chance of success is highest for researchers which build
upon a strong conceptual foundation, be it from prior research, theory or commonly accepted
principles (Hair et al., 2010). Additionally, sufficient correlations need to be present among variables.
This research assumes to adhere to this. Since there are no established scales available to measure the
motivators identified in literature, this research composes multiple measurement items per construct
and will move on with analyses with those items that load high on the construct.

Below in figure 3, a fictive visualisation of the relationship between factors or constructs, indicators
and loadings is given, to clarify the relationship among these concepts to the reader. Factors or
constructs represent the independent and dependent variables (X1, X2, X3; Y), while indicators are the
items measuring each factor or construct (x11, x21, y1, etc.).
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Figure 3. “An example of a structural equation model with a clear distinction between the measurement
part and the structural part of the model. The structural part of the model (inside the dashed box) is an
example of a multiple regression model. The measurement part relates the latent variables (Y, X1, X2
and X3) to their respective set of indicators” (Rosseel & Loh, 2022).

Common method bias or variance is “variance that is attributable to the measurement method rather
than to the constructs the measures represent” (Podsakoff et al., 2003). Method bias can form a
serious problem, since it is often one of the main sources of measurement error, which threatens
validity of the conclusions drawn from research. Systematic measurement error resulting from this
could provide an alternative explanation for the observed relationships, thus it is crucial to follow
guidelines proposed to decrease this bias. Protecting respondent anonymity together with improving
scale items is within the possibilities of this research in order to decrease bias. The items measure in
the survey do not include ambiguous terms, avoid vague concepts, keeps questions simple and specific,
avoids double-barrelled questions, and attempts to eliminate socially desirable answering (Podsakoff
et al., 2003). In order to prevent the error term of the dependent variable correlating with the
independent variables, every effort was made to include all relevant independent variables in the
model. This decreases the chance of omitted variable bias occurring (Benitez et al., 2020). Additionally,
a qualitative question is asked to uncover whether omitted variable bias was present.

4.2 Selection and sample respondents

The sample for this research consists of young people residing in The Netherlands. Their age can vary
from 18-34 years. Unit of analysis in this study is the motivation for investing in cryptocurrencies,
whereas the unit of observation is the previously mentioned sample. The sample of this research
includes individuals that reflect the intended population and is similarly distributed in accordance with
the matching characteristics of that population (Brant et al., 2015). Additionally, the accordance of the
research sample with the population reduces the chance of sampling error. Also, for the purpose of
attaining the needed number of participants in a timely manner, focusing on The Netherlands is
beneficial since spreading the message is easier within the researcher’s country of residence.

It is noted that reasonable results can be obtained with SEM analyses when the sample size is below
200. However, there is no consensus in literature regarding what is an appropriate sample size for SEM.
For reasonable results to be obtained, sample size should be at least above 100, or, with a normal
distribution have a ratio of 5:1 variables and a ratio of 10:1 with other distributions of data (Deng et
al., 2018). A sample size of more than 4-5 times as many respondents as there are variables is the
minimum for conducting analyses. Additionally, it is kept in mind that according to the Central Limit
Theorem, when there is a sample size of above 200, we can neglect any potential biases in the results.
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Incomplete surveys are assessed on a one-by-one basis. Depending on whether there are any
guestions structurally unanswered by multiple respondents, responses are either auto filled (when the
incomplete fields are <10% per respondent), respondents are left out of the analysis, or it can be
decided to exclude a variable from the analysis.

A total of 170 responses is recorded, while after exporting a total of 149 is displayed correctly. Leaving
outliers out of the picture, an average of a bit more than five minutes is needed by respondents to
complete the survey. Leaving out responses that have stated not to consider investing, not residing in
The Netherlands, incomplete responses and respondents above the age of 34 years old makes a total
of 116 useful responses.

4.3 Measurement

The structural model in figure 1 has been composed for the purpose of conducting SEM. The left-hand
oval variables are the independent variables of this research, and are also referred to as latent
variables. They are not directly observable, however, are measured with the use of other observable
variables. The observable variables are referred to as indicators or items, which are not visible in this
figure. The right-hand oval is the latent, dependent variable of this research and is also operationalized
with the use of measurement items. The inner model contains the independent variables and their
relationship to the dependent variable (also called the structural model). The outer model is what
connects the latent variables with the items that measure the variable (also called the measurement
model).

Because this research is the first to the researcher’s knowledge to develop a structural equation model
for measuring investor motivations in cryptocurrencies, scales for both the independent and
dependent variable(s) are composed based on existing literature in both cryptocurrency investment
as well as equity and crowdfunding. Typically, the pool of items that measures a construct is validated
first in research. However, because of limited time to conduct the study, this research composes an
above average number of items per construct and continues modelling with the items that load
sufficiently high on that construct.

4.3.1 Independent variables

The independent variables studied in this research are 1. Financial gains, 2. Third party influence, 3.
Shared thoughts, values and beliefs, 4. Ideology and technology, 5. Macroeconomic environment, 6.
Hobbyist features, 7. Regret, and 8. Utility. In order to test which motivators mainly influence
cryptocurrency investment, several items or statements are composed based on literature and put
forward in the survey, related to the beforementioned independent variables. The survey statements
for each independent variable will be based for the largest extent possible on statements used in prior
literature into investment motivations. Items are composed for each motivator and measure with use
of a 7-point Likert scale, as previously mentioned. This helps increase generalizability of results and
approach a normal distribution. Standard errors in the construct loading estimates decrease with the
number of items per construct, thus we compose at least 4 items per construct to be measured (Deng
et al., 2018; Podsakoff et al., 2003). Items that do not load sufficiently high on the construct it should
measure, will be deleted from further analysis and model assessment. This is an acceptable approach
in the starting phase of research and in latent variable (reflective measurement model) analyses.
Below, in table 1, an overview of the measurement constructs and items can be found.
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Construct Items

Independent variables | would invest in cryptocurrencies because...

.. | want to generate high returns

... | aim for financial gains
Financial gains ... | believe it's price will increase

.. lwant to build wealth

.. | expect to make a profit

.. I'saw it in the news

... | got recommendations from acquaintances
Third party influence ... people whose opinion | value think I should do so

.. analysts/advisors think | should do so

.. my friends/family members do it too

... lwant to be part of the community
Shared thoughts, values ... it aligns with my personal thoughts, values and beliefs
and beliefs ... | have positive feelings towards cryptocurrencies
.. from an identity standpoint, | want to be associated with such an investment

.. | believe in the technology behind cryptocurrencies
.. of its future role in the monetary revolution
... of its open source network
Ideology and technology ... of its decentralized nature
.. of its unregulated characteristics
.. of its disruptive potential for established structures or industries
.. of its perceived true value (beyond monetary)

.. of the current level of inflation
Macroeconomic ... of the current level of interest rates
environment ... of currency depreciation
.. of the current monetary policy

.. I like the excitement of it

.. | like to pastime with this activity

.. | like to be busy with money

.. its fun/entertaining/enjoyable to do

Hobbyist features

.. | regret not investing earlier
.. I don't want to regret it later
Regret ... | don't want to be too late
..  wish  would have done so earlier
.. | want to prevent regretting not doing it

.. | want to use them for doing transactions

.. | want to use them for purchasing goods or services
.. | want to use them for their intended utility function
.. want to discover how | can use them

Utility

Depedent variable

I intend to invest in cryptocurrencies
Motivation to invest | want to invest in cryptocurrencies
| expect to invest in cryptocurrencies

Table 1. Measurement items per construct.
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4.3.2 Dependent variable

The dependent variable of this study is the individual’s motivation to invest in cryptocurrencies.
Motivation to invest is operationalized with the use of previously identified motivators in literature,
which are the independent variables in this study. The measurement items are composed on the basis
of prior literature. Inspiration was taken from literature by Ali (2011) on investors’ intention to invest,
previous theses and discussion with a SEM-expert.

4.3.3 Control variables

Additionally, there are several other factors worth mentioning that might influence a person’s
motivation or likelihood to invest. Men that hold higher educational and income levels, have a field of
study or occupation inherent or adjacent to investing and have prior investment knowledge and/or
experience are more likely to invest (Choudhary, 2016; Fisch et al., 2021; Hardeveld Kleuver & Van der
Boom, 2021; Prins et al., 2021; Xi et al., 2020). In order to prevent the results from being biased, we
include the following characteristics as control variables that are extracted from literature on investor
motivations; Gender, Education level, Income level, Field of study or occupation (in relevant field of
knowledge or not) and Prior investment knowledge/experience in cryptocurrencies. Additionally, age
and country of residence are asked to ensure the correct target audience, bringing the number of
demographic questions to a total of seven.

4.4 Data collection

Data is collected using a survey approach with both quantitative questions as well as a qualitative
guestion. The measurement instrument that is used for conducting the survey is Qualtrics. Survey
responses are collected for four weeks in a row. The survey also asks respondents to spread the survey
to their peers. Additionally, it contains a brief introduction about the study and researcher for
informational purposes. The survey is composed both in English and Dutch language, to offer
respondents a choice of language for filling it in. This, because people residing in The Netherlands
might not always fully comprehend the Dutch language or Dutch natives the English language.
Additionally, this avoids any information getting lost in translation and the accompanying bias. An
overview of the complete survey can be found in appendix 6.

4.4.1 Survey testing

Before starting data collection, the survey is assessed by a SEM expert as well as a group of
knowledgeable young people working in the field of cryptocurrencies. Next, the survey is tested by
random people without prior experience in cryptocurrencies to determine the understandability of the
survey questions. Some minor changes have been made regarding layout, language settings and
understandability of questions. For example, there were two items that potentially are not clear to
every respondent, thus explanations of the concepts were added. Also, the order of questions was put
logically starting with questions regarding the willingness for investing, followed by motivations to
invest and lastly measuring several demographical and control variables.

4.4.2 Survey distribution

The survey that is composed for this research is pushed via the channels available to the researcher.
These are, among others, social media channels such as Facebook, LinkedIn, WhatsApp and Twitter,
family members’ contact base(s), and the channels provided by the University of Twente, to reach the
correct target audience. After four weeks, the number of respondents is assessed. Since the data was
collected in four weeks, the possibility of late response bias will not be assessed. Additionally, survey
collection takes place fully anonymously and in compliance with ethical regulations of the University
of Twente.

24



4.5 Data analyses

Data gathered for this study will be analysed using statistical testing with Rstudio software to find
empirical evidence for the composed model. Because we are working with a pre-determined structural
model and want to test hypotheses, SEM is deemed appropriate. It helps verify the structure of the set
of variables. Multiple statements, or what this research refers to as items, are composed that reflect
the construct or factor in the best way possible. Several steps are taken to get to the assessment of
the structural and measurement model. Measures for the overall-, inner- and outer-model are
reported.

First of all, descriptive statistics are reported. Means, standard deviations and other distributions of
the data are put forward to be able to form a clear description of the sample of respondents.

Secondly, a CFA is conducted to assess measurement model fit. This will determine which items or
indicators load sufficiently on their construct and which need to be eliminated in order to increase
model fit. Measurement model fit is assessed with the help of measures such as Chi-Square, SRMR and
RMSEA. Indicator reliability, construct reliability (both Cronbach’s alpha and a model-specific Omega
reliability estimate), discriminant validity (HTMT) and convergent validity (AVE) are assessed after that.

Third, Structural After Measurement (SAM) will be deployed as a special case of Structural Equation
Modelling to determine the rela