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Abstract

This paper investigates the motivations of young people in The Netherlands to invest in
cryptocurrencies. A revieof current literature is put forward, proving tHemited amount of research

into the domain of cryptocurrencies and cryptocurrency investment. In order to fill this gap, literature
not only on cryptocurrency investment, but also eqgityitcoin- and ICGesearch as well agsearch

on crowdfundinginvesiment is combined and commonly recognized motivations are extracted. It is
KeLRGKSaAl SR GKIG | G2t 2F SAIKEG Y2O0AQ1GA2ya A
motivation toinvest in cryptocurrenciesnamely thefollowing: Financial gains, Third party influence,
Shared thoughts, values and beliefs, Ideology and technology, Macroeconomic environment, Hobbyist
features, Regreand Utility. Furthermore, the effect of several demraphic factors is controlled for,
namely gender, educational level, income level, field of study or occupation and investment experience
in the cryptocurrency market. Using data of 116 respondents, Structural After Measurement (SAM) as
an approach to Strctural Equation Modelling is uséal analyze survey result$his method of analysis

is two-fold, initially testing and confirming the measurement modele@suring the variabl¢sonly

after which the structural model and thus relationships between vagsbkereported. This approach

is known to be feasible with relatively small sample sizes and prevents model convergence issues due
to the previousAdditionally, a qualitative question is put forwardthe surveyin order to expand and
nuance quantitatie survey resultdt is found thatFinancial gains, Third party influence, Ideology and
technology, Regretand Utility 3 A Ay AFTAOF yifte | FFSOG +y AYRADARC
cryptocurrenciesthe first three in a positive way and the latter two neyaly. Also, diversification is

put forward as a motivator in the qualitative respons@$iese findingcontribute to the field of
behavioural finance andcarce literature on cryptocurrencies and cryptocurrency investment as well

as prove the feasibilitpf a SEM approacin this field of study Additionally, an overview of relevant
motivations to invest is put forward and firms in the cryptocurrency domain as well as investors and
policymakers are provided with findings relevant to their dayday busings (or future business).
Limitations are related to the research methodology as well as thep@astd character of the
cryptocurrency market. Both verifying the results with an increased or different sample and further
exploration of concepts in a qualtteae way are areas for future research.

Keywords. cryptocurrencies, gptocurrency investment, investor motivations, structural equation
modelling structuralafter measuremat.



Table of contents

Overview of tables and fIQUIES.......uuuii e 5
R 11 (0T [0 Tox 1 o] o PP PP PSP PU PP PUPPR 6
P O 4/ o] (o T 0 ¢ £=] o[ =T PP PPP T PPRPPPRPTPPN 8
2.1 What @re CrypPLOCUIMTENCIES . .. ceiieeiiiiieeieeeee ettt e e e e e st e e e e e e e e e e s e s e e e e e e e nnnnnees 8
2.2 The rise Of CrYPLOCUITENCIES.......cciviiie e e e e e e e ee s 8
G T O U [ =Y 003V o] =TT = S 8
2.4 TYPES Of CrYPIOCUITENCIES. .. . eiiiiiiieiieitie e e e e e e e e e e e eeeeeeeaans 9
2.5  INfluENCE OF the CrOW.......ceiiiiiiiiee e 10

3 LITEIAIUINE TEVIBW...cii ittt e ettt ettt e et e e e e et et e e e e e e e e e e e e e e s nbbnnreeeeeans 11
G 70 R 0T 1 o N o =T o] o] = TP 11
3.2 INVESIOr MOLIVALIONS. .....utiiiiiiiiie ettt e e e abr e e e ees 12
321 FINANCIAL QAINS.......eiieeieee e e e e 12
3.2.2  Third party iNfIUENCE........oeiiiiii e 13
3.2.3 Shared thoughts, values and beliefs..........cccccci e, 14
3.2.4  ldeology and tEChNOIOGY...........uuuuriiiiiiiiiiiiiiieiiere e e e e e e e e e e 14
3.25  MacroeCconomMiC €NVIFONMEIL . .......cuiiiurrieiiiieee et e et r e e e e e e e e s anne e 15
3.2.6 HODDYIST FEATUIES.....coi i 15
3.27 ST | ] PP PP RRRRPPPPRRPIN 16
31208 UBIIY wveeeeeeeeeeeee ettt ettt ettt ettt ettt ettt ettt 16

3.3 RESEAICH QAP ... e e e e e e e e e e e e e e e e e ———— 17
3.4 EXPErt VAlIOALION. ...ttt 17
3.5  OVErVIEW NYPOTNESES.......cieeiiiie e 17
3.6 SHUCTUral MOEL........eiieiiiiee e 18

R /1Y oo (o] o o PP PUPUU PP 19
4.1 Research goal and deSIgN........uu e i 19
4.2  Selection and sample reSPONUEILS...........uuviiiieiiiiiiiiie e 21
4.3 MEASUIEIMENL. ...ttt et e ettt e e e et e e e e e eaaaaaeaaaeeaaaeaasaasaaaaaaaaannnnenne 22
431 INdependent VariabIS..........cooi e 22
4.3.2 Dependent variable. ... 24
4.3.3  CONrol VariabIES..........coviii it 24

N D - 1 - W ofo ] |[=Tod 1 (o o BT PP PPPP PRI 24
441 SUIVEY TESTING ...eeiiiiiiiiiiiiie ettt e e e e e e e e e e e et e e e e e e e ssnrreeeeeeeeans 24
4.4.2  SUrVEY diStrDULION........ooiiii e 24

R BT L= U= T g = VST 25

LG S 10T 11T SO 26



5.1 DeESCHPVE SEALISTICS. ... .uueiiiiiiiiiiiiiiiiiiiriee e e e e e e e e e e e e aa e e e e e e e e e e e s s s e s s e s s s e seaannnnne 26
5.2  Confirmatory Factor Analysis and Measurement modelfit...........ccccccviiiiiiiiiieinnnns 27
5.3  Structural After Measurement and hypothesesS............ccoeviiiiiiiiieee i 31
5.4 QUAITALIVE GSSESSIMENML.....vtutuiiiiieeeeeieeeiert e ittt e e e eeeeeeees bt rrreeeeeeeeeessstbbaaaseeeeaereeeees 32

B DISCUSSIOML ...ttt ettt e et e e bt e e s e e e e e s e e 33
6.1  KEY fINUINGS. . tteeieie ettt e e 33
6.2 CONIDULIONS. ...t e e s e e e e s e e e e e e 34
6.2.1  Theoretical CONHDULIONS..........oiiiiiiiiiiie e 34
6.2.2  Practical CONIIDULIONS........coccuiiiiiiiii e 35
6.2.3  Potential IMItAtIONS.........ccoiiiiiiiii e 35
6.2.4  Areas for fUtUre reSEarChL............ooui i 36

A O] 3 Tex 11 5] 0] o ISP PPPPPP PR 37
8 ACKNOWIEAGEIMENIS. ...ttt e e e e s st e e e e e s s b e e e e e e e annnees 38
O REMBIBNES. ...t 39
10 F Y o] 01T T Lo =TSRRI 43
10.1 Appendix 1. Cryptocurrency market capitalizatiQn.............c.occcvvvvieeeeiiiiiiiiiee e 43
10.2 Appendix 2. Investors according to background features...........cccccoevviieeeeeennniinnn. 44
10.3 Appendix 3. Demographic breakdown Cr{@NErS........cccvvvveeveeeiieeiieeieeeeeeeeeeeeen. 44
10.4 Appendix 4. Investor motivationsadtified in literature.....................ccc i, 46
10.5 Appendix 5. Expert suggestions investor MotivationS..............eevveeeeeieeeieeeieeeeeeeeeeenn. 51
10.6  APPENIX 6. SUNVEY OVEIVIEW. ...ceeiiiiuiirieiieeeeeiiiteeeeeeeesaistereeeesaasnnnneeaeeesaanbsneeeeeeaana 51
10.7 Appendix 7. FreqUENCY JESCIIPLVES......uuutiieiiiiiiiiiiiee e st ee e e e s st e e e e s e s sinreeeeee e e 61
10.8 Appendix 8. Model assesSSMEeNt MEASUIES............cooeeeiieeiieeeiinieeeerree e reerereeeeeees 63
10.9 Appendix 9. Overview RStUdio COING............oooiiiiiiiiiicccc e 63
10.10 Appendix 10. Qualitative rESPONSES........coiiuriiiiieee i e e e e e e e e 65
10.11  Appendix 11. Qualitative responses respondents not considering to invest.......... 66



Overview of tableand figures

Figure 1. Structural model of motivations to invest in cryptocurrencies
Figure2. Decision tree for measurement modgtenseler, 2017)
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part and the structural part of the model. The structural part of the model (inside the dashed box) is an
example of a multiple regression model. The miearment part relates the latent variables (Y, X1, X2
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Tablel. Measurement items per construct.

Table2. Mean and standard deviation of variablénh = 116).
Table 3. Respondent demographics (n = 116).

Table4. Items per construct.

Table5. Measurement model fit.

Table6. Reliability and Factor Loadings

Table7. Average Variance Extracted per construct.

Table8. Independent constructs regressed.



1 Introduction

42% of young adults between the ages 18 8Adn The Netherlandgwvesttheir money Their nain
reason for that is tduild wealth(Prins et al., 2021)Investing among young people has gained more
popularity over the past couple of years, specifically in cryptocurrenklaliple studies have been
conducted by individual institutes in The Netherlamsecent months of 2021Research conducted
by theDuch National Institute for Budget Information iid) in November 2021shows that 27% of
young adults invest in cryptocurrenci€Brins et al., 2021)They conducted a sampt# over 1,500
people in The Netherlands between the ages3D8 Additionally, the Dutch Authority of Financial
Markets has ordered Ipsos, an independardrket research firm, to dive deeper intioe attitude and
holdings of persons in The Netherlands towards cryptocurrerieiasdeveld Kleuver & Van der Boom,
2021) This has received national media attention in The Netherlamalsiple times in the second half
of 2021 (van den Dangen, 2021)

Cryptocurrencies are growing exponentially in terms of coin availability and market capitalization. Its
total market capitalization has increased from around 120 billion USD at the end of 2018 to over 2
trillion USD in December 202CoinMarketCap, 2021 his gowing popularity has captured attention

of several groups, among which (central) banks, governments and not to forget; individuals
(Subramaniam & Chakraborty, 2020here has been an ongoing discussion as to whether or not
bitcoin is primarily a currency or simply a speculative a¢Sédiser et al., 2014Bitcoin does not
however provide any interesdr dividendfeature; profits are made fronprice increase®r active
trading Noveldevelopmentsalso offer unconventional ways of earningney with cryptocurrencies
seeminglysimilar toearninginterest, namely staking and liquidity providing

Much work has been done in literature on investment decision behayishich ha been confirmed

in behavioural finance literature over the recent yedédaiyeoba et al., 2018; Mattke at., 2021)
However, behavioural finance does not put forward a consolidated theory to understand investor
behaviour (Subrahmanyam, 2008)Several studies have investigated investor motivations under
different circumstances. The most comniprelated fieldsto cryptocurrency invenent in literature

are equity, crowdfunding and 1G@vesting.Next to that, research is conducted in the context of
technology adoptior{Khairuddin etl., 2016)

Cryptocurrenciesre gaining popularity asn investmenicategoryamong young peoplédespite the
fact that the market capitalization otryptocurrenciesas well as its investor adoptios growing
rapidly, very scarce literature is foe found researching the topic of cryptocurrency investmgfitet
al., 2020) There are very few papers to be found that research cryptocugrémvestor motivations in
the context of retail investors, and the existing literature has a variety of &scBesearch that is to
be found focusegither on crowdfunding or equitjnvestment, oron bitcoininvestor motivation in
the context of regretheory (Mattke et al., 2021)ICO investoprofiles(Fisch et al., 2021jnotivation

to adopt thebitcointechnology(Khairuddin et al., 201&)y cryptocurrency investment attitudes based
on market researcfHardeveld Kleuver & Van der Boom, 20211 top of that, existing literature calls
upon researchers to further widen and deepen our ursiending of cryptocurrencies by means of
academic researcliEmpirically oriented research is only now beginning, presenting an extraordinary
NBaSI NOK 2 LJLJ2 NI ,dzy/saidiig ref@drénde to cyptoRusranaylliteratuigardleet al.,
2020)

vdzSadAz2ya GKIFIG 3IAGS NaasS G2 GKAA &(dakig intoNBY W2
ONB LIi 2 OdZNNBYy OASaKQs Wi 2g OFy ¢S YSIFadaNB Ay@dSaiz
FYR W2 KFEG FNB GKS aid NPy 3 Sia00 oyNeNNy&apiiSesiyifiids taW) A Yy &S
builds upon existing literature and theories consistent with investor motivations in other areas of
research andpplies them into the field of cryptocurrenci€ghis study aims to find answers to these
guestionsby means of structural equation modelling. With use of a conceptual model incorporating



investor motivations together with relevant contralariables, thisresearch confirms or denies
longstanding hypotheses from walthown investment areas. Additionallthis study will begin with
laying the groundwork for the newly developing field of academic studies into cryptocurrencies as a
potential asset class or investment category.

The research question this study aims to answer is:
G2 KFEG FNB (K 2¥2/([Ex A0SRAXYSE AT ¢ KS bSUKSNIFyRa (2 |

This paper is divided into the following sections. It starts widlying out the characteristics of
cryptocurrencies and why they are different from traditional asset clagsier that, the literature
review of this study explainthe focus onyoung people, after which the relevant and identified
motivations to invest from literature ardescribed together with their hypotheseAstructural model

is built based on the abovementionedlext, the research method and approach are described, after
which theresults andindingsof this study are explained. Lastlydiscussiolis put forwardtogether
with limitationsand contributions to both theory and practicas well as a final conclusion.



2 Cryptocurrencies

Cryptocurrency investing is different from stock and equity investing, crowdfunding ingestd
initial coin offeringgMattke et al., 2021)It is stated that it is th unique characteristicef such that
limit the transfer of knowledge from related research into the context of cryptocuiesnc
Cryptocurrencies can be seen gaeenomenon that stands apart from and shafew similaritieswith
many other known investment categories synthesis of relevant information about cryptocurrencies
is put forward, to explaithe aforementioned.

2.1 What are cryptocurrencies

Cryptocurrenas are a subset of digital currencies, contrasting with the concept of currencies because
of their lacking connection with central institutions for money supi@aser et al., 2014, Lee et al.,
2018) Relying on a futamentallyinnovative technologyits full potential is yet to be understood.

Cryptocurrencies enable users a means of payment free from a central authority, without the need for
a third party(Farell, 2015; Lee et al., 2018)is a technology not centrally issued, not circulated within

a specific community oidocation, and not tied to fiat currency or an issuing organization.
Decentralization allows increased capacity, security, speed and overrules the need for a trirsted th
party or central authority for verification purposes. These are all characteristics that resemble the
major drawbacks of traditional fiat currenciflsee et al., 2018)

Bitcoin and other cryptocurrencidsave some unique characteristics that distinguish it from other

YOt FaaA0Q Ay@SaidySyid OF (S32 NX &gadisatibrupKiterndediaryy 2 G | & 2
does not finance any venture, and individuals do not acquire a stake in a companytareve
Furthermore, the bitcoin price does not depend on traditional financial assets, such as stocks, and
0SOldzaS 2F AlGa @2ftFGAtAGE 0AGO2A Mattke2tR3 20913 .  FdzL FA

2.2 The rise of cryptocurrencies

Global financial markets have witnessed the fast rise of cryptocurremsies novel asset class in

02 RI @ Q4MaasBudnA83NLE2021)he financial crisis together with a lack of confidence in the
financial system, awakened the increasing interest in cryptocurreficesset al., 2018)heinvention

of bitcoin can be seen as the invention that spurred development of several new cryptocurrencies, also
referred to as altcoins. The market of virtual currencies has grown hugely both in terms of number of
currencies (or altcoins) as well as its user ase transaction frequencfHaubo, 2015)Today, many

other cryptocurrencies are actively traded by investrse et al., 2018)

Detractors regard cryptocurrencies aspeculative bubble, comparing it to the tulip mania or internet

bubble, and even renowned investor Warren Bueid,a L 1 Qa I+ 3JIF Yot Ay3d RSGAOSG
asset that has no value, unless people think it has védindler, 20198p . dzii G KSy | 3F Ay 3 (
the same for money as we know? ifwith value dependent upon the agreemeat large institutions

andin turn transferred to societyln spite of the previous, the growth rate at which cryptocurrencies

were able to gain market capitalization continues to be astonishing. Total market capitalization has
increased from around 120 billion USD end of 2018 to over 2 trillion USD in Decdifhes@rpassing

the precious metal silver as an asset, which has a capitalization of around 1.2 trillion (CoinMarketCap,
2021). Comparisons with gold, the U.S. dollar, and other types of asset classes are swif(yatbade

2015) Appendiced.1 andl1.2 show a comparison of cryptocurrencies relative to other asset classes.

2.3 Currency or asset

CKS yIYS WOdZNNBy OeQ Ol y 0 SubgdtaNadduntdf peadedoldng y I35 | 2
cryptocurrencies do so as a meamd investment. There is an ongoing discussion about
cryptocurrencies and bitcoin whether to view them as an asset or as a curf@laser et al., 2014)



Even in academic literature there is no agreemétnis the unique characteristics of cryptocurrencies
that allow it to carry features of both an asset or investment class as well as a currency.

Research has investigated the similarities between bitgmoig,and the dollar. Bitcoin functions such

as a means of exchange are clear, and prices react somesivhdar to indicators that currencies
respond to. However, its decentralized and unregulated nature suggest we cannot look at
cryptocurrencies and regular currencies as edtubo, 2015)Bitcoin can be said to beopitioned
between gold and the dollar, which are seen as artifacts for respectively a store of value and a medium
of exchanggHaubo, 2015)

Cryptocurrencies are said to outperform traditional asset classes with ragareturns (Lee et al.,
2018) This, regardless of the extreme volatility and susceptibility of the market to financial and
macroeconomic activityMaasoumi & Wu, 2021)Research confirms th&ryptocurrency tokens in
their ICQOprocess tend to behave similar to equities in an-f#@cess(Lyandres et al., 2019 he
primary usage of cryptocurrencies in a studyMighomed (2017appears to be as an investment, for
both current and potential users, while transactional use was a large minority of the sa&Ruulelf et

al. (2021)also conclude that bitcoin possesses the ability to compete with gadd akernative hedge

and asset classiowever, thepayment features of cryptocurrencies remain unique in comparison to
other asset classes suel equity and precious metals.

Valuation models are deemed useless since cryptocurrencies do not have a feature of interest rate in
contrast to traditional currencies, whereas pursuing cryptocurrencies to be an alternative asset also
lacks validation. Nmexistence of appropriate valuation methods is said to cause a high influence of
available information on cryptocurrency pric@Slaser et al., 2014)

2.4 Types of cryptocurrencies

Cryptocurrencies can be divided in to many different types of tokens, eachtheithown consensus
mechanism, latency or hashing algorittirtérdle et al., 2020)According tdHardle et al. (202Chere

are seven types of cryptocurrency classesmely: transaction tokens, distributed computation
tokens, utility tokens, security tokens, fungible tokens, 1fiongible tokens and stablecoins. Utility
tokensand transactior{or paymenj tokens are said to be the most common types of cryptocuriesnc
(Software Testing Help, 2022)tility tokens are often associated with ICOs and are aimed at gathering
funds to deelop a cryptocurrency project, and solely allow the holder to buy or sell the token as
preferred. They are meant to provide access to the platform service they resjdad value depends

on demand for the project. On the other handgyment or transactio tokens can be seen as units of
account and are used for paying or in exchange for goods and se(egshant,2022; The Different
Types of Cryptocurrency Tokens Explgi2é@0) Security tokens represent ownership of a company
and are regulated by governmental agencies providing oversight in financial markets, therefore
considered much safer and having grpatential as a case of blockchain technology. They derive value
from an external asset and can be traded under financial regulation as se(Mdetghant, 2022;
Software Testing Help, 20220onT dzy 3A06f S G21Sya NBLINBaSyd | RAIA
unique, nonreplaceable item or one not tradeable with another, and ai&kind asset on the

o f 2 O1 OKis rhajhly usedyfoRworks of art, photographs, videos, etcetBaftware Testing Help,
2022) Stablecoinsare coinsthat are collaterized bytraditional currenciesor real assets, hile
distributed computation tokensefer to tokens running on @inglenetwork which is being run and
verified by multiplecomputers(Hardle et al., 2020Fungible tokens are simply tokens than be
traded or exchangedAs can be concluded from thegplanation, the types of tokens can overlap and
are not mutually exclusivéDbue to scope and time limitations as well a®aus onresearching the
general invegir interest and motivation into cryptocurrencies, this research takes cryptocurrencies
altogetherand regards thenas one asset class.



2.5 Influence of the crowd

Bitcoin, together with thousands of other issued cryptocurreagcieas stimulated large amounts of
talk, enthusiasm and activity around (Bhiller, 2019)It is for that reason that one could regard
attention as a major determinant for investor decisions into cryptocurrencies. Robert J. Shiller, who
got awarded a Nobel Prize for Economics, claims that the popularity of bitcoin stems purely from the
interest of others in i(Shiller, 2019)Research has found evidence of cryptocurrencdspaonding to

both momentum and investor attention, with low attention to other asset classes and macroeconomic
factors (Liu & Tsyvinski, 2021)n research on bitcoin, it is discovered that novel users interact
differently with the means of use of the cryptocurrency. New, uninformed users also tend to regard
bitcoin as a speculative asset without the intention of using it as a currency and raepagment
(Glaser et al., 2014)

LY GKS o0AGO02Ay O2yGSEGSZ FdzidzNBE NB&SI NDK aKz2dzZ R
LINBaadz2NEEX KSNRAY3I O0SKFE@A2dzZNE 2NJ §KS Ay Tt dzSyoS 2
(Mattke et al., 2021)Herding behaviour is the tendency of many investors to take the same actions as

others at the same timéLin, 2018)or, follow oK S N& Q 0 (Befger@hag, @N.B)Additionally,

herding behaviour seems to increase under uncertainty. It is also found that, when people share a
common identity, moe often individuals ignore their private information when making a decision, and

thus herd behaviour takes pla¢Berger et al., 2018)
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3 Literature review

In order to investigate what the major motivations of young people in The Netherlands are to invest
in cryptocurrencies, we conduct a review of the relevant and existing literature both into demographics
and investor motivations.

Motivational factors to invetsin cryptocurrencies are not extensively researched. There is scarce
literature on investment motivations into cryptocurrencies, and the literature that exists makes use of
handles offered by literature in IG@vesting, crowdfunding, and equity investnteince there are

few papers researching investor motivations in the context of cryptocurrencies, and for the purpose
of enriching this study with potentially other relevant motivators, this review also includes papers
researching investor motivationstimsimilar contexts such as equity and crowdfunding. The studies
that are conducted in the context of cryptocurrencies are to be categorized into ICO investment,
bitcoin investment and cryptocurrency or technology adoption and/or usage.

After identifyinga good starting set of papers to begin the search, the backward snowballing method
is implemented to identify new papers to include in our analgdishlin, 2014)Papers are inspected

on the basis of their research goal and whether or not this fits wlith objective of this study
Motivators are composed on the basis of literature on behavioural theotiesbeforementioned
similar studies, and brainstorming Wit cryptocurrencyexpert. Next to identifying and describing
investor motivations in an exhaustive manner, this research looks into the demographic characteristics
of investors that are reported in the reviewed papers. Investors are assumed to be diffierdmir
approach to investment decisions. It is recognized that investors make decisions under uncertain
conditions and are influenced by their demographic characterighieg)y & Obenberger, 1994 his
research argues why young people an important target group to focus on for investigating investor
motivations in cryptocurrencies.

3.1 Young people

It is deemed important to study which soeailemographic characteristics may affect individuals to
participate and invest in the cryptocurrep market(Xi et al., 2020)The sample for this research
consists of young people residing in The Netherlands. Their age can vary f3¥ndas. It is argued

that young people are both an important and interesting group to focus on in this research. The reason
for focusing on this age category is mfdtid.

First, several relevant studies in The Netherlands have investigated people agéhisategory. In
recent studies, conducted by market research firms in The Netherlands, it is found that young people
represent a large share of the people investing in cryptocurrencies. Both studies investigate, among
other variables, the motivations gfeople to invest in cryptocurrencies. One study solely focuses on
people of the age group 180, since it recognizes the popularity of investing among young people and
feels the need for adequate information dispersion (apperligPrins et al., 2021)he other study is
looking for more insight into the attitudes of cryptwners and finds that the majority of crygpt
owners is below the age of 34 years old (appe®igHardeveld Kleuver & Van der Boom, 2021)

Second, it can be concluded that relevant academic liteeatibes not have a clear focus on the
proposed age group. No academic literature can be found that specifically focuses on young people
related to investment in cryptocurrencies. Whereas the average age of respondents is reported in both
studies that invesgate investor motivations into cryptocurrencies, there is no clear focus on this
specific age group in either of the studi@ssch et al., 2021; Mattke et al., 202 researh conducted

by Mattke et al. (2021)a mixedmethod study imo motivations to invest in bitcoin is deployed. From

the participant demographics it can be seen that over 70% of participants are in the age category 18
30 years old. The mean age of participants in the interviewnd is 34, whereas the mean age of
suney-participants is almost 2%ischet al. (2021)who report motives and profiles of ICO investors,
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solely report the mean age of respondents which lies at 32 yearKbhiruddin et al. (201@xplore
motivations among bitcoins by means of explorative interviews, and report that all of their nine
respondentsrage between 237 years old, with a mean age of 34 years old. Additionally, a study
conducted in 2017 in Canada, reports that thatth834 age group represents the largest share of
bitcoin usergHenry et al., 2018Xi et al. (20204lso find that a majority of the existing cryptocurrency
surveys reviewed have incorporated in their resdarc

Next to the abovementioned, people of younger age are deemed an important target group for this
research considering their unique traits in relation to 4igking. There are several personal factors
individuals possess, over which they have little infleenOne of those is their risk affinity, or Fsk
taking behaviourChoudhary (201@)nds evidence that mainly demographic factors are determinants
for decisioamaking in equity investment. The variable age is said to play a vital role in deciding
whether or not to invest, whil dimensions of riskaking play a part in thi€Choudhary, 208). Xi et al.
(2020)confirm that young people are more likely to invest in cryptocurrendids.said that the risk
seeking part of our brain physically changes as we get older, which the authors propose as a potential
explanation for this. Additionally, higher exposure to and familiarity with the technology might be an
explanation(Xi et al., 2020)Iin general, an increase in age leads to an increase taveision among
AYy@Sai2NRE D ! -gverdiof Rak &hadvetde effocimotidatians to invest, saying that more
risk-averse people are less likely to invest. This notion has been confirmed to influence investor
decisionmaking in literaturg(Choudhay, 2016; Fisch et al., 2021; Mattke et al., 2021; Phan & Zhou,
2014; Xi et al., 2020)

3.2 Investor motivations

Asmentionedbefore, this literature review consists of articles in cryptocurrency investor motivations
as well as investment motivations imslar contexts such as equity and crowdfunding. This study aims
to discover what are the major motivators recognizeditarature andwants to confirm and/or enrich
literature on cryptocurrency investment motivators. A table is composed that includaméilators
identified in literature, both in the context of cryptocurrenciesveall asin equity and crowdfunding
research. Tis table can be found in appendi In the followingsection the identified motives are
described and explained in an exhaustmanner

3.2.1 Financiabains

In traditional finance literature, investerare assumed to be mainly driven their expected financial
return, depending ortheir riskreturn ratio. Investors are assumed twve the single motivation of
selectinginvestments, such as stocks, based onrthighest expected return for a given level of risk
(Aspara & Tikkanen, 201Even in behavioural finance, which assumes ttnadstors are not perfectly
rational but insteachersuadedoy external and interndlactorswith decisioamakingunder uncertain
circumstances, financial motives are recogdias amajor motivator forindividual investmen{Fisch

et al., 2021)In its core, individual investment decisions are seen as a {oéfdeetweenthe benefits

of current consumption and the benefits of future consumptidtagy &Obenberger, 1994 Several
studies in the field of equity and crowdfunding investmestognize ordentify profit expectancy and
personal financial gains as a motivation for invesf{iigpara & Tikkanen, 2011; Bagheri et al., 2019;
Choudhary, 2016; Mutswenje & Jagongo, 2014; Ngahu, 2017; Prins et al., @Baayhary (2016)
states that mone@a @ f dzS A& NBFE SOGSR Ay LIzZNOKFaAy3a LI2gS
between available and required fund3% of respondents irecent research conducted by the Dutch
National Institute for Budget Information (Nibugiye building wealth ase reason for investin@rins

et al., 2021)

Not only in traditional finance literature, but also in literatureon investor motivatiors in

cryptocurrencies, the goal of financial gaisirecognizedrisch et al. (202Kees that gaining an equity
stake, financial gains, and the future sale of the token at a higher pricsueategories of this
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motivatorin the context of IC@nvestment The chance to make large profits and the view that bitcoin

will substantially increase in value in the foreseeable futiré | f a2 @oKI G RNAGSE Ay(
reason to invest in bitcoin is clearly that | expectthak G O2 Ay Qa @I £ dzS Attt Ay ON
(Mattke et al., 2021)Hardeveld Kleuveand Van der Boorm{2021) in their research ordered bthe

Dutch Authority of Financial Markets (AKNind that making a quick profit and the price development

of cryptocurrencies are major reasons for investing

The abovementioned leads us to compose the following hypothesis:

Hypothesisl: Financial gains motivatgoung people in The Netherlandsitwest in cryptocurrencies

3.2.2 Third partyinfluence

Third party influenceon investor motivations has been largely studied in literatitderding behaviour
NEIINRa GKS YAYAO{AYy3 27T 2ajada§adlableidfdnatiodda@ndggNE a2 Y
otherwise Linked to that is third party opinions influencing behavionhich considers the opinions

of notable others influencing behavio@i*han & Zhou, 2014Herding behaviour is said to be much

more present among individual investors in comstrep institutional onesgven though it is found that

investors going against the crowd improve performagiderli & Roger, 2013)

Nagy and Obenberger (199#&lentify advocate recommendation as one of the factors influencing

investor motivation irequity selection in their research. Recommendations can stem from for example

an advisor broker, friends, colleagues family.A studyconducted byNgahu (2017)dentifies third

LJ- NIi A S a Q en2dulaging foykipurdhase decisions. Additionally, some evidendewvasthat

which shows that2 1 KSNJ LJS2 LJX SQa Ay @SalyYs ynakinkR &Ongardtatly & Ay
investors.Herdng behaviourcan be said to influencevestment attitudeas well aghe subjective

norm in research deploying the theory of planned beglmr. The subjective norm considers the

opinions of significant others on whether or not to conduct certain behaviour, whereas herd behaviour

Aad NBO23IyAT SR o0& F2fft26Ay3q 20KSNJ LIS2L) SQa o0SKI A
to ad otherwise(Phan & Zhou, 2014)

In the context of technology adoption, social influence has also been recognized as a predictor of
individual intention to invest in cryptocurrencies potential explanation that is offered is the
networking nature of the technology underlyiegyptocurrenciesand the mass media attention that

is given to cryptocurrencie@lahomed, 2017)Robert Shiller, Nobel Prize winning eomist, also

YNl & 0AGO2AYy Q& LRLIzZ F NAGe Fa | pédplededntetedtediny (0 S NB &
.AG002AYy LINBOAaSte 0SSOI dzaS & ZShiver, 2029)TReDH Wathoiy2 LI S |
of Financial Markets (AFM) also found that a reason for investing is the fact that people in their circle

of acquainances have invested. Lower ranked motivators are recommendations from analysts or
famous persons via social medidardeveld Kleuver & Van der Boom, 208gecific choice for which
cryptocurrencies is mainly motivated by recommendations stemming from friends or acquaintances.
Remarkably, the two studies that investigate investor motivations in the cryptocurremaext, do

not includeany of the previously meioned information in their analysisiowever, it isnentioned by

Mattke et al. (2021)hat ICO investors may smpiy2 f £ 26 20 KSNHE 0SSOl dzaS 27F (K
information in the media. They call for future research that examthegole of social influence (such

as peer pressure and herding behaviour) on the investment motivation of individuals.

The abovementioned leads us to compose the following hypothesis:

Hypothesis 2: Thid party influencemotivates young people in The Netherlands to invest in
cryptocurrencies.
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3.2.3 Sharedthoughts,values and beliefs

Besidesnore traditional motivations for investinguch as financial returns, in more recent years there

has gone attention towards the role didffective evaluationson motivations for equity and
crowdfunding investingln crowdfunding researchhe motivation of shared values and beliefs for

investing is prevalenthis regards gsitive associations with the investment project that are analogous

with personal beliefs are anotivation for investing ' a F2NJ STF2NIa GKFdG | NB
identity or identity aspirationgGerber & Hui, 2013Bagheri et al. (2019entify similarmotivations
NBIFNRAY3I GKS FfAIAYyYSyld 2 belididdBdyBudds Asampleicdnment LIS N& 2
fromresearch & GG KS adzaSOd AGaSt &dthe prajects thfat JBeNEtivitywas F2 NJ Y
valuable for me €

Nagyand Obenbergeralready identifiedthe seltimage/firm-image factor for investment motivation

iN19940 LG o6l a F2dzy R GKFG FANY NBLMziF GA2yT FANN adtl
as well as ethicare ranked highly as an investment consideration among retail invedtorbeir

research deploying the theory of planned behavidRinan and Zhou (2014)so find strong evidence

that a more favourable attitude towards a specific behaviour increases the likelihood of conducting
such behaviour, e.g. investmenit is also said that excessive optimisrasually stemming from
2P0SNO2YyFARSYOS: Khra | LRaiAldABS AYLI O 2y 2ySQa
invest.The amount of people conducting socially responsible investment behaviour is steadily growing,
incorporating social and environmentalrinciples into investment decisiong his approach to
investingyields mixed results with regard tehether or not itgenerates abnormal returngHalbritter

& Dorfleitner, 2015; Kempf & Osthoff, 200Regardlesssocially responsible investing is seen as a
justifiable category of its ow(Halbritter & Dorfleitner, 2015)

Personal or societanotives for investing such as sustainability and philanthiggig mixed results

the cryptocurrencycontext. W\here some respondents rate such motives highly, others do not regard
them important at all(Fisch et al., 2021)t is argued thatin spite of alignment of personal features
with the investment individuals stilbnly invest when there is profit expectan@yattke et al., 2021)
However, the extant body @ésearch incorporating sociand selfimage into investment motivations
leads us talerive sufficient grounds faomposing this motivator.

The abovementioned leads us to compose the following hypothesis:

Hypothesis3: Sharedhoughts,values and beatifstowards cryptocurrencies motivate young people in
The Netherlands to invest in cryptocurrencies

3.2.4 ldeologyandtechnology

Identity-congruency andghared thoughts, values and beliefsee motivators that have readily been
recognized in the context of crowdfunding and equity research (and somewhat in cryptocurrency
research). A separate motivator that is solely related to cryptocurrencies is related to the ideology and
technology thered

Support of bitcoin ideology is said to be specifically relevant to bitcoin investnibiatke et al,

2021) The ideology of decentralization is mentioned here as a key aspect of this motivator. Even
though existing research does not provide insights into the influence of ideology on investments, it
does state that no#iinancial motives are deemed levant. In later researchFisch etal. (2021)also
identify ideologicaltogether with technologicamotivesasa major motivation for investmeninto
cryptocurrencies These motivations rest upon the features loockchaintechnology such as
desirability of anonymous transactions and the high degreseoéntralization andre driven by belie

in the future potentialof the technologyregardless of unclarities and uncertaintigspresentday.

14



Disruption of established structure ondustries and personal enthusiasm for the technology or
business idea are what composes this factor.

In research into the technology adoption of cryptocurrenclahomed (2017)dentifies trust as a

dimension influencing the intention to adopéi ¢ KS RSOAaAzya (2 Ay@Said Y2
organizations are made under uncertain conditiqdgiyeoba et al.,, 2018 ¢ KA a | faz2 f S
discussion regarding regulation, as regulation to reduce uncertainty is said to be key for investors going
forward. Lack theeof strengthens the problem of information asymmetry and influences investor trust

(Xi et al., 2020However, issues of trust and regulatidm not seem to dominate investor motivations

in relation to ideology and technology motivé&esearch conducted by the Dutch Authority of Financial

Markets (AFM) also confirms that belief in the underlying technology of cryptocurrencies is a reason

for investing(Hardeveld Kleuver & Van der Boom, 2021)

In an exploratory study bighairuddin et al. (2016jito dza S NE& Qion¥; #hé thréklmain motivations

that are found all relate to ideologgnd/or technology.The potential that bitcoin has to transform

global financial institution and democratizatiteatures are deemed very important motivatoMore

specifically, bitcgf Qa8 LINBRAOGSR NRtS Ay (GKS Y2ySilINER NBO2f
decentralized and unregulated platform) and the perceived real value of bitcoin currency (paralleling

to gold) are mentionedit is assumed that the following is a major thotiginderlying cryptocurrency
FR2LIGAZ2Y YR dzal 3SY . AGO2AYy gAff 06S O0ATISNI GKI
NE@2tdziaAzy 2F 02YYdzyA Ol (A 2y o (Khdirid@ekal,, 2016) I 6 2 dzii i K

The abovementioned leads us to compose the following hypothesis:

Hypothesis4: Ideologyand technologyaspectanotivate young people in The Netherlands to invest in
cryptocurrencies

3.2.5 Macroeconomienvironment

Macrceconomic factorsand the general stateof the economyhave an effect on business decision
makingregarding spending, borrowing, and investifi¢hartit & Rathburn, 20210ne of the main
indicators of the macroeconomic environment is the inflation rathichhas a large influence on stock
market performance(McDermott, 1996) While Choudhary (2016jnarks the macroeconomic
environment and inflation rate as a force driviaquity investment, here are no studies to be found
that investigate this as a motivatidaor investing in cryptocurrencie$heDutch Authority of Financial
Markets (AFMEonducted research among 18+ investors in The Netherlandsjidrioshdthat the low
interest rates on savings accounts nowadays is the second largest motivator to invest in
cryptocurrenciegHardeveld Kleuver & Van der Boom, 202¥hereas in general, higher inflation rates
push up interest rates which in turn declines investmprbpensity (because of increased cost of
capital) this has not been the caseriecent yeargMadsen, 2003)

The abovementioned leads us to compose the following hypothesis:

Hypothesis 5: Macroeconomicfactors motivate young people in The Netherlands to invest in
cryptocurrencies.

3.2.6 Hobbyst features

Beside the more renown motivations for people to invest, research has also uncovered somewhat
more inelaborate or basamotivations. Retail invators in both equity and cryptocurrencies have
identified more hobbyist motivations for investing. The excitement, passing timebanty busy with
money in a fun way are mentioned in this fashifrins et al., 2021)Technology adoption of
cryptocurrencies also seems to mark hedonic motivatemsignificanfor the processas it influences
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AYRAGARdIZ f 4aQ HMahiblBed,i2hiZ)AddifioRally) rBsardhi conducted by thautch

Authority of Financial M&ets (AFM¥hows thatthe main reason for cryptocurrency owners above 18
@8SIFNE 2fR Ay ¢KS bSiAsS NE exygitBent af invetiiglay$ & fa$in their 3 dzS a 3
motivation to investHardeveld Kleuver & Van der Boom, 2021)

The abovementioned leads us to compose the following hypothesis:

Hypothesis 6: Hobbyist features motivate young people in The Netherlands to invest in
cryptocurrencies.

3.2.7 Regret

Loomes, Graham and Sugden (19Bajld upon the prospect theory and imtduce the concept of

regret in their model of decision making. It states that people anticipate regret when making decisions
and consider this in the process. Regret theory impacts investors because it can either cause them to
be unnecessarily riskverseor it can motivate them to take risks they should not taktattke et al.
(2021)identify motivations to invest in bitcoin whilst deploying regret thepsjnce regret theory is
tailored to the uncertainty aspect of decisiomaking It is found that either anticipated or experienced
inaction regretsentiments area motivation for individuals to invest bitcoiifhey pose that even
though prior studies d investigate the influence afgret avoidance oaversion,their contribution

shows that regret can be anchored in the future or in the pRssponéntsstate, d could have been
NAOKSE AT L Ay@S&aidSR S| NIIASRBaoiwat id miyszhé shgheein®d Y S
2NJ L gAff NBINBG &tk SgudSHatdducite tife natyfe oficky/ocFrdndiesdsl d ¢
their potentially accelerated return rate in comparison teore traditional investment categories
regret plays a part in motivation to invest in cryptocurrencies.

The abovementioned leads us to compose the following hypothesis:

Hypothesis7: Regretanticipation or experience motivates young people in The Netherlands to invest
in cryptocurrencies.

3.2.8 Utility

Cryptocurrencies can be categorized in several different ways. The most prevalent categories
mentioned are classification as eithecarrency or an asset. Lesser known or described functions of
cryptocurrencies concern their use as a utility token or as a security token. A utility token grants the
right of access to a product or service of the sigptto its owner(Xi et al., 2020)It can be used to
NERSSY LINRRdzOG& 2NJ aSNBAOSa 2NJ+a | YSRiegeh 2F SE
et al., 2021) Asecurity token on the other handis comparable to an equity stake in the business using
cryptocurrencies as means of raising moii¥yet al., 2020)They designate rights tineir holders to
ownership shares, dividends, and or other financial benefitgrefore, security tokens can be seen as
vehicles of providing eaHstage financing to ventures which issue such tokens atqusly set price
(Fisch et al., 2021)

Fischetal. (202) Ay GKSANI NBaSINOK Ayid2 Ay@Sada2Nl Y2OGAD!
their intended utility function as one of the ideological motives to invétsis argued that investors

driven by technological motives, migimvest in utility tokens for the purpose of later using them for

their intended purposes. Investors that have ficél motives might invest in security tokens for the

purpose of collecting thénancial rewards that ardirectly tiedto such coinsResearch conducted into

the investment behaviours of peoplever the age of 18n The Netherlands also uncovers that

Ay @S a2 sl itvesNdchygcyfrencies can beslated to theirintended function as a means

of payment for other goods or servigeslthoughthis is confirmed bya relatively small part of the
sample(Hardeveld Kleuver & Van der Boom, 2021)
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The abovementioned leads us to compose the following hypothesis:

Hypothesis8: Their intended utility functiomotivates young people in The Netherlands to invest in
cryptocurrencies.

3.3 Research gap

This research assumes a total of eight motivators identified in previous literature. While several studies
have investigated invésr motivation in the context of equityand crowdfunding, few performed their
studies in the context of cryptocurrencies. The ones that did, solely focused onHi@Din, or
technology adoptior{Fisch et al., 2021; Khairuddin et al., 2016; Mattke et al., 2024&)eover, some
motivators have only been measured in natademic literature or results come forward as
inconclusive in cryptocurreneadjacent literature(Hardeveld Kleuver & Van der Bop2021) The
verification of the eight mentioned motivators is nm#adily available in research that investigates
investment motivations into cryptocurrencies as an asset classesearchgclarification of several
investor motivations in the contextf cryptocurrencyretail investing is called updiardle et al., 2020;
Mattke et al., 2021; Xi et al., 2020)

3.4 Expert validation

In order to gain confidence regarding the abovementioned motivators that are subtracted from
literature, an expert in the field of cryptocurrencies has been consultbis. 8xpert has six years of
experience with the cryptocurrency market and cryptocurremsgstment ands currently working in

this field in a professional manner. The expert has worked fulltime for some years now with individual
investors that have litd to no experience in cryptocurrency investing and guides them in the process.
To be able to determine if the established motivational factors are reported in an exhaustive manner,

GKS SELISNI A& LR&aSR GKS T2t 2 ¢ Ayt mativaBoyis offydefigi G A 2 Y Y

people to invest in cryptocurrencied® short conversation took place after which a list with potential
Y2O0AQF 2N GKS SELISNI NBO23IyAlT SR A& 02YLR&ASRO
and can alle be accommatkd under existing and previously identified motivators. This functions as

an additional confirmation of the existence and relevance of identified motivators in literature.

3.5 Overview hypotheses
Below an overview of the formed hypotheses based on tleeditire reviewed.

Hypothesisl: Financial gains motivate young people in The Netherlands to invest in cryptocurrencies.

Hypothesis 2: Thirdparty influence motivates young people in The Netherlands to invest in
cryptocurrencies.

Hypothesis3: Shared thougly, values and belietewards cryptocurrencies motivate young people in
The Netherlands to invest in cryptocurrencies

Hypothesis4: Ideology and technologyspectanotivate young people in The Netherlands to invest in
cryptocurrencies

Hypothesis 5. Macroeconomic factors ativate young people in The Netherlands to invest in
cryptocurrencies.

Hypothesis 6: Hobbyist features motivate young people in The Netherlands to invest in
cryptocurrencies.
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Hypothesis7: Regret anticipation or experience motivates young peoplkhan Netherlands to invest

in cryptocurrencies.

Hypothesis8: Their intended utility function motivates young people in The Netherlands to invest in

cryptocurrencies.

3.6 Structural model

In order to be able to conduct structural equation modelling, the tietical concepts (motivators) and
their hypothesized relationships should be transformed into a structural mddbe structural model
represents the core of the theory propose(Benitez et al., 2020 his study makes use ekisting
literature on investor motivationgo develop the followingstructural model It is composed based on
literature from both cryptocurrency literature as well as equity and crowdfunding rese@hehfigure
below shows the identified andhus to be measured motivation®f individualsto invest in
cryptocurrencies.The lefthand (latent) variables can be seen as motivatiomgving an effect on
cryptocurrency investmeninotivation, which will be measukwith the help of indicators/items in

the survey

The structural model visualizes this Bté Q &
motivations of young people in The Netherlands to invest in cryptocurrencies.

Financial gains

H1

Third party
influence

H2

Shared thoughts,
values and
beliefs
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Ideology and
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H6

Hobbyist

H7
features

H8

Regret
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A
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Figure 1Structural modebf motivations to invest in cryptocurrencies
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4 Methodology
In the following, theY S K2 R2f 23& GKIFG A& dzASR (2 FyasgSNI (K:

Y2UAQFGA2ya 2F @2dzy3a LIS2LE S Ay ¢ HsQlestriBedAr§ N I Y R&
research design is laid out together withe selection and sample of respondentllext, the
measurement process of the variables is described, after whictlatecollection and analysise put

forward.

4.1 Researclygoal anddesign

The goal of thistudyis to identify the motivations of young people in The Netherlands to invest in
cryptocurrenciesin order to answer the research question previously defireduantitative survey

approach is deployed incorporating both descriptive and exploratory quest®unsey research can

be definedasi 1t KS 0O2f f SOUA2Yy 2F AYyTF2N¥IFGA2Y FTNRBY | &l YL
j dzS & G (Brany ét &l., 2015)This type of research @ften used to describe and explore human

behaviour in both social and psychological research. Since this slingly to identify human

motivations in a financial context, a survey approach is deemed appropriate.

Measurement items are composed for each timator and measured with use of an interval scale.
Originally, as few as three or four points can beastaleto measure a motivatorlt is decided to
deploy a 7point Likert scale, since more scale points result in a closer approach to the underlying
distribution. Additionally, this increases generalizability of res(lta1 & Leung, 2017)Respondents

are asked to rate the influence of identified motivators on their decision to invest epant scale
ranging from strongly agree to strongly disagr@eal is to validate the items per construct and ensure
reliability of theindicator constructsThere is no amount of increase in sample size that can decrease
bias or increase reliability in singledicator models while an increase in the number of
items/indicators per construct decreases the necessary samplelgizeamount of increase in sample
size requirements for mulionstruct models depends on the power of the items to load on the
construct(Wolf et al., 2013)

Next to quantitative close@&nded questions on a Likestale, respondents are askedr&plyto one
open question This questiorasks respondents to note down any motivators they have in mind for
investing other than previously mentioned in the survBgason for this, is to be able to draw further
conclusions regarding the composetructural frameworkand whether or notthe identified
motivators in literaturecan be complementedrhis approach is expected to yield both similarities and
dissimilarities between the quantitative and qualitative part of the sury&jik et al., 2006)
Additionally, divergence frorie given answering possibilities in the closatd questions mighiead

to conclude &iasin the proposed motivationsAn overviewof the survey that is conducted can be
found in appendib.

Structural After Measurement (SAM) will be used as an approa@ructural Equation Modelling

(SEM) for data analyseStructural Equation Modellingas become an important tool in social and

bSKI gA2dzNF £ &aO0OASyOS&a |yR Aa OIFLIo6ftS 2F GaSELINBaa
O2yySOGAy3 (GKSAS O2yadNHOGAa OAl  (BeditdzNbal) G020yl Y2 F
It is deemed a major tool for examining and understanding relationships among laréadtlea(Deng

et al., 2018)When using SEM as a data analysis method, empiricldree can be obtained with the

use of statistical tests. Two types of theoretical concepts can be used with the g#jptdsehavioural

science concepts and design science concepts. This research measures a behavioural science concept,
observed byindicaors, and operationalized with a measurement modghe decision for composing

a reflective measurement model is based on literature, and backdidime 2 below(Henseler, 2017)
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Figure 2. Decision tree for measurement modidenseler, 2017)

A characteristic of SAM the order of measurementin which first themeasurement model and
second the structural model is assessed, in contrary to simultaneous estinodtgdobal model fit in
other estimation methodsNaturally,analysingrelationships among variables would be easiest if all
latent variables are observe@nd thus measu without measurement error). This because then
linear regression could be used to estimate coefficsdat the effect of the independent variables on

the dependent variables. Howevedgctor $ores contain measurement error, which woukhd to
biased estimates of the regression coefficie(Rosseel & Loh, 20P5AM as an approach to SEM is
chosen as estimation methaabt only because of the above, but also because of the following two
reasonsFirst of all, estimates in a SAM model are more robust against local model misspecification
Secondly, this approads known to work better to prevent convergence issues in small sammiyes
convergence can even ocowhen a model is correctly specified, simply because of small sample size
(Rosseel & Loh, 2022)

Where CFA can be seen as the measurement part of SBsibsequently showkow the variables

are related (structural model) It incorporates latent variables or constructs and also specifically
specifies measurement err¢6uhr, n.d.)Thechance of success is highest for researchers which build
upon a strong conceptual foundation, be it from prior research, theory or commonly accepted
principles(Hair et al., 2010)Additionally, sufficient correlations need to be present among variables.
This research assumes to adhere to tBisice there are no established scales available to measure the
motivators identified in literature, this remarch composes multiple measurement items per construct
and will move on with analyses with those items that load high on the construct.

Below in figure 3a fictive visualisation of the relationship between factorsconstructs indicators
and loadingss given, to clarify the relationship among thesencepts to the readerFactors or
constructs represent the independent and dependent variab¥ds X2, X3; ¥yhileindicators are the
items measuring each factor construct(x11, x21, y1, etc.)
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Figure3. 8An example of a structural equation model with a clear distinction between the measurement
part and the structural part of the model. The structural part ofritmel (inside the dashed box) is an
example of a multiple regression model. The measurement part relates the latent variables (Y, X1, X2
and X3) to their respective set of indicatofRosseel & Loh, 2022)

/1 2YY2Yy YSGUK2R 0AlL& 2NJ OFNARFYyOS A& a@FNAIyOS GKI
GKIFYy G2 GKS 02y aidNUzO {Padsalickt St aly S003MethB hias Wb fdnBaa Sy G ¢
serious problem, since it is often one of the main sources of nreasent error, which threatens

validity of the conclusions drawn from research. Systematic measurement error resulting from this
could provide an alternative explanation for the observed relationships, thus it is crucial to follow
guidelines proposed to degase this bias. Protecting respondent anonymity together with improving

scale items is within the possibilities of this research in order to decrease bias. The items measure in
the survey do not include ambiguous terms, avoid vague concepts, keeps geestitple and specific,

avoids doublebarrelled questions, and attempts to eliminate socially desirable answéPadsakoff

et al., 2003) In order to prevent the error term of the dependent variable correlating with the
independent variables, every effort wasade to include all relevant independent variables in the

model. This decreases the chance of omitted variable bias occ(Bamgtez et al., 2020\dditionally,

a qualitative question is asked to uncover whether omitted variable bias was present.

4.2 Slection and amplerespondents

The sample for this research consists of young people residing in The Netherlands. Their age can vary
from 1834 years.Unit of analysis in this study is the motivation for investing in cryptocurrencies,
whereas the unit of observation is the previously mentioned samphe sample of this research

includes individuals that reflect the intended population and is similaslyiduted in accordance with

the matching characteristics of that populati@rant et al., 2015)Additionally, the accordance of the

research sample with the population reduces the chance of sampling éisw, for the purpose of

attaining the needed number of participanis a timely manner, focusing on The Netherlands is
OSYSTFAOAIT aAyOS aLINBFRAYy3a GKS YSaal3aS Aa SIFaasn

It is noted thatreasonable results can be obtained with SEM analyses when the sample size is below
200. However, there is no consensus in literature regarding what is an appropriate sample size for SEM.
For reasonable results to be obtained, sample size should be at least above 100, or, with a normal
distribution have a ratio of 5:1 variables and a ratio of Mith other distributions of datgDeng et

al., 2018) Asample size of more than-3 times as many respondents as there are variables is the
minimum for conducting analyses. Additionally, it is kept in mind that according to the Central Limit
Theorem, when there is a sample size of above 200, we can neglect any potential biasessnltke r
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Incomplete surveys are assessed on a-byp®ne basis. Depending on whether there are any
guestions structurally unanswered by multiple respondents, responses are either auto filled (when the
incomplete fields are <10% per respondent), respondeaite left out of the analysis, or it can be
decided to exclude a variable from the analysis.

A total of 170 responses is recorded, while after exporting a total of 149 is displayed correctly. Leaving
outliers out of the picture, an average of a bit more than five minutes is needed by respondents to
complete the survey. Leaving out responses thaténstated not to consider investing, not residing in

The Netherlands, incomplete responses and respondents above the age of 34 years old makes a total
of 116 useful responses.

4.3 Measurement

Thestructuralmodelin figure lhas been composefr the purpe of conductingEM Theleft-hand

oval variables arehe independent variables of this research, and afso referred to as latent
variables. They are not directly observable, howeaee, measured with the use of other observable
variables. Thebservdle variablesare referred to as indicators or itemhich are not visible in this
figure. The righthand oval is the latent, dependent variable of this research and is also operationalized
with the use of measurement item3he inner model contains thedependent variables and their
relationship to the dependent variable (also called the structural model). The outer model is what
connects the latent variables with the items that meastive variable (also called the measurement
model).

SOFdzaS GKAA NBaSIFENDK A& GKS FTANRG G2 GKS NBaSkN
for measuring investor motivations in cryptocurrencies, scdt@s both the independent and
dependent variable(sare composed based on existing litareg in both cryptocurrency investment
as well as equity and crowdfundj. Typically, the pool of items that measures a construct is validated
first in research. However, becauseliofited time to conduct the studythis research composesa
above averagemumber of items perconstruct andcontinues modelling with the items that load
sufficiently high on that construct.

4.3.1 Independent variables

The independent variables studied in this reseamoh1l. Fhancial gains2. Third party influence3.
Shared thowghts, values and beliefd. Ideology and technologyp. Macroeconomic environmenb.
Hobbyist features 7. Regret, and 8. Uility. In order to test which motivators mainly influence
cryptocurrency investment, several itenes statements are composebased on literatureand put
forward in the survey, related to the beforementioned independent variableg. survey statements
for eachindependent variable will be based for the largest extent possible on statements used in prior
literature into investment motivationdtems are composed for each motivator and measure with use
of a 7point Likert scale, as previously mentioned. This h&lpeease generalizability of results and
approach a normal distributiorStandard errors in the construct loading estimates decrease with the
number of items per construct, thus we compose at least 4 items per construct to be me{Beamegl

et al., 2018; Podsakoff et al., 200Bems that do not load sufficiently high on the construct it should
measure, will be deleted from further analysis and model assessmhi#.is an acceptable approach
in the starting phase of research and latent variable (reflective measurement model) analyses.
Below, in table 1, an overview of the measurement condtrand items can be found.
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Construct ltems

Independent variables | would invest in cryptocurrencies because...

X L ¢glyid G2 3ISYSNIGS KAIK NBGdzNY a
X L FAY F2NIFAYLFYOALE 3L Aya
Financialgains X L 068t AS@S AidGUYa LINAOS sAtt AyONBI as
X L ¢glyid G2 o0dAaftR 6SIfGK
X L SELSOG G2 YIF1S I LINRTFAG
X L &g AdG Ay GKS ySga
X L 332G NBO2YYSYyRIGA2y&a FNRBY I Oljdzt Ayil
Third party influence X LIS2 1) S 6K2aS 2LAYA2Y L @FtdzS GKAy]l L
X Ftylfeadakl ROAaA2NA (GKAY|l L akKz2dzZ R R2
X Y& FTNASYRaAkTFIYAtE YSYOSNE R2 Al (22
X L gbtyid G2 6S LINI 2F (GKS O2YYdzyAra i e
Shared thoughts,valueX A G FfA3dya gAGK Yeé LISNAEZ2YlIf (K2dzaKdaz
and beliefs X L KI@S 1L2aridAgsS FSStAay3aa G261 NRa ONE
X FNRBY |y ARSyGAiGe adlyRLER2AYGZ L gty
X L 0StAS8S@PS Ay (KS (SOKyz2f238 06SKAYR (C
X 2F AG& FdzidzNB NRtS Ay GKS Y2y Sil NB N
X 2F AdGa 218y az2dz2NDOS ySig2N]
Ideology and technologX 2 F A (da RSOSY:dNI AT SR yI (dzNB
X 2F AG&a dzyNB3IdzZ | SR OKIFNY OGSNRaiGAOa
X 2F AG&a RAANHAIIAGS LRGSYdGAlf F2N Sadl
X 2F AG& LISNOSAOSR (NHzS O tdzS 66Sez2yR
X 2F GKS OdaNNByid tSgSt 2F AyFelLidazy
Macroeconomic X 2F G(KS OdzZNNByid € S@St 2F AyGaSNBad NI
environment X 2F OdzZNNByO& RSLINBOALFGAZ2Y
X 2F (GKS Odz2NNByid Y2ySialFNE LIRfAde
X L tA1S GKS SEOAGSYSYyd 2F Al
Hobbyist features X L tA1§ u2 LJI;éﬂAYS éA(]K ﬂmg F OGA@GAGER
X L tA1S G2 0SS odzae 6A0GK Y2ySe
X Ala FTdzykSYyaGSNIlFIAyAy3dakSyeazelofsS (2 R2
X L NBINBOG y2i Ay@gSadiy3a SINIASN
X L R2yUid gFyd G2 NBINBG Ad tFGE8SN
Regret X L R2yUil gtyd G2 0S8 G22 €4S
X L 6A&K L ¢g2dzf R KIS R2yS a2 SINIASN
X L glyid G2 LINB@GSyid NBINBililGAYy3a y2i R2A
X L slyid G2 dza8 GKSY F2NJR2Ay3 GN¥yalC
Utility X L él-yq u2 dzé§ uKSY FT2NJ ITJdZIEI\f)KI-éA)'f? 32
X L ¢yl G2 dzaS$S GKSY F2NJ GKSANI AyiSyRS
X L ¢ty G2 RAaAO2GSNIK2g L OlFy dzasS (KS

Depedent variable

| intend to invest in cryptocurrencies
| want to invest in cryptocurrencies
| expect to invest in cryptocurrencies

Motivation to invest

Tablel. Measurement items per construct.
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4.3.2 Dependent variable

¢tKS RSLISYRSYy(d @GFINRAIotS 2F (GKA&a aldzRé Aa GKS Ay
Motivation to invest is operationalized with the use of previously identified motivators in literature

which are the independent variables in this stulile measurement items are composed on the basis

of prior literature.Inspiration was taken from literature bili (20112 Y Ay @SaG2NBQ Ay (i Sy
previous theses and discussion witlsBEMexpert.

4.3.3 Control variables

l RRAGAZ2YFffeY GKSNB FFNB aS@SNIrt 20KSNJ FI Od2NA
motivation or likelihood to invest. Men that hold higher educational and income levels, have a field of
study or occupation inherent or adjacent to investing draVve prior investment knowledge and/or
experience are more likely to inveghoudhary, 2016; Fisch et al., 2021; Hardeveld Kleuver & Van der
Boom, 2021; Prins et al., 2021; Xi et al., 20R0prder to prevent the results from being biased, we
includethe following characteristics asontrol variables that e extracted from literature on investor
motivations Gender, Education level, Income levéleld of study or occupatiafin relevant field of
knowledge or nothnd Prior investment knowledgexperiencein cryptocurrenciesAdditionally, age

and country é residence are asked tensure the correct target audience, bringing the number of
demographic questions to a total of seven.

4.4 Data collection

Data is collected using a survey approach with both quantitative questions as well as a qualitative
guestion. The measurement instrument thas used for conducting the survag Qualtrics.Survey
responses are collected fawur weeks in a rowThesurvey also asks respondents to spread the survey

to their peers.Additionally, it containsa brief introductionabout the study &d researcher for
informational purposes.The survey iscomposed both in English and Dutch language, to offer
respondentsa choice of language for filling it in. This, because people residing in The Netherlands
might not always fully comprelmel the Dutch language dbutch natives the English language.
Additionally, this avoids any information getting lost in translation and the accompanyingAias.
overview of the complete survey can be found in appeedix

4.4.1 Survey testing

Before starting de& collection, the survey is assessed by a SEM expert as well as a group of
knowledgeable young people working in the field of cryptocurrencies. Next, the survey is tested by
random people without prior experience in cryptocurrencies to determine the ustdadability of the

survey gquestions. Some minor changes have been made regarding layout, language settings and
understandability of questions. For example, there were two items that potentially are not clear to
every respondent, thus explanations of thencepts were added. Also, the order of questions was put
logically starting with questions regarding the willingness for investing, followed by motivations to
invest and lastly measuring several demographical and control variables.

4.4.2 Survey distribution

The survey that is composed for this research is pushed via the channels available to the researcher.
These are, among others, social media channels such as Facebook, LinkedIn, WhatsApp and Twitter,
FLYAT@ YSYOSNBQ O2y il Ol ody théSumigebsiy of TyeRte, fokehch & | v y S €
correct target audienceAfter four weeks, the number of respondenisassessedSince the data was

collected infour weeks, the possibility of late response bias will not be assegaiditionally, survey

colledion takes place fully anonymously and in compliance with ethical regulations of the University

of Twente.
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4.5 Data analyses

Data gathered for this studwill be analysed usingtatistical testing withRstudiosoftware tofind
empirical evidence for the comped modelBecause we are working with a pdeterminedstructural
modeland want to test hypothese§SEMs deemed appropriatdt helpsverify the structure of the set

of variables Multiple statements or what this research refers to as items, are composed that reflect
the construct or factor in the best way possibBeveral steps are taken to get to the assessment of
the structural and measurement modéeWeasures for the overall inner and outermodel are
reported.

First of all,descriptive statistics are reporteéfleans, standard deviatiorsnd other distributions of
the data are put forwardo be able to form a clear description of the sample of respondents.

Secondlya CFA is conducted to assessasurement model fitThis will determine whiclitems or
indicators load sufficiently on their construct and which need to be eliminated in order to increase
model fit. Measurement model fit is assessed with the help of measwsuch as Gl$quare, SRMR and
RMSEAIndicator reliability,construct reliabilityo 6 2 4 K / N2 y 6 I OK Q&pedifitOniga | y R
reliability estimag), discriminant validity (HTMT) and a@rgent validity (AVE) are assessafigr that.

Third, $uctural After Measurement(SAM)will be deployed as a special case of Structural Equation
Modelling to determinethe relationship betweerthe dependent and independent variables. SAM is
used becausethis research is dealing withelatively small sampleize for conducting SEM
subsequentlyleading to norconvergence of the model. This can happen in cases even where the
model is correctly specifie@Rosseel & Loh, 202Z}herefore,jt is decided to perform a SAhalyses
thereby being able to conduct Structural Equation Modelling.
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5 Findings
In this chapter the findings of this study, regarding the motivations of young people in The Netherlands
to invest in cryptocurrencies, areported.

5.1 Descriptive statistics

Getting to know your data is the first and foremost step in doing any type of statistical analyses.
Therefore, lefore getting into model fit assessmenhe data is analysed by means of descriptive
statistics.

A total of eight independent variables, one dependent variable and five control variables are
measured. Additionally, two questions regarding age and country of residence are asked to assure the
correct target audience as well as two more questions to sgpabetween respondents considering

to invest or already investing (excluding respondents not investing nor considering to invest to prevent
biased results). Lastly, an open question was asked to assess whether there are any other motivators
for investingother than previously mentioned in the survey.

Below,in table 2,the mean and standard deviation of all independent and dependent variables are
reported.

Mean St. Deviation

Financial gains 5.65 1.16
Third party influence 3.84 1.77
Shared thoughts, values and beliefs 3.47 1.60
Ideology and technology 4.60 1.62
Macroeconomic environment 4.89 1.57
Hobbyist features 4.53 1.65
Regret 4.60 1.84
Utility 3.63 1.73
Motivation to invest 5.57 1.37

Table2. Mean and standard deviation of variablén = 116).

As can be seen itable 3 the average age of respondents lies around 24 years old, while there are

slightly more males than females in the sample (54% to 45%). Additionally, it is clear that the largest
share of participants has completed some form of higher education (around 78%).céfhpbssibly

be concluded from the amount of respondents having a befeadal income, is that the largest share

2F NBalLlRyRSyia Aa SAGKSNI aGdzRSy(d 2NJ @2dzy3a LINRFSa
field of work or study is adjacent toeGhnology (around 40%). Lastly, the average amount of
investment experience in years lies around 1.6, with an equally large standard deviation of 1.6,
suggesting potential outliers and a large variety in investment experience.
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Age

17-22 32%
23-28 56%
29-34 11%
Average 24.2
St. Dev. 2.5
Gender

Male 54%
Female 45%
Prefer not to say 1%
Highest completed level of education

Primary school, lower/general secondary education 1%
Vocational education (MBO), Pre-university education 17%
HBO/University Bachelor Degree, Master Degree, PhD, or higher 78%
Prefer not to say 3%
Income level (in euros)

Below 36.500,- per year 61%
36.500 - 43.500,- per year 14%
Above 43.500,- per year 8%
Prefer not to say 44%
Applicable fields of study or occupation

Technology 39%
Finance 20%
Neither 41%
Years of investment experience in the cryptocurrency market

Average 1.6
St. Dev. 15

Table3. Respondent demographics (n =611

Additionally, multicollinearity is tested and it can be noted that all Variance Inflation Factor (VIF) values
are below 5, indicating no evidence of multicollinearity. The frequency distribution of all independent
variables can be found in appendix 7.

5.2 Confirmatory Factor Analysssid Measurement model fit

As mentioned before, two types of concepts can be measured with the help of SEM. This research is
dealing with a reflective measurement model, in which a phenomeoiomterest is measured by
means of latent variables. Those latent variables represent the independent and dependent variable(s)
of the structural model, and the independent variables are measured with indicators or i&nte

the indicators do not fulllcompose the latent variable but instead cause it, random measurement
error is accounted forDropping one indicator is necessary when it does not load high enough on the
variable andwill not alter the meaning of the variabl&enerally, loadings highehan 0.707 are
advised, howeversomewhat lower values are not really problematic as long as the construct validity
and reliability criteria are meBenitez et al., 2020)

After a first assessment of CFA, it is determined #RROF3, THIRD1 and ALIGN1 are removed from
the analysis due tmsufficient loading on their construct. This is confirmed by assessing the correlation
matrix that puts forward residualalues, sometimeshowing values as large as at one point after the
decimal. Next,both item loadings and residual valuase assessed together with determination of
which items best represent the variabl®n the basis of thist is decided to delete additioné&kems
(loadings below).7 and/or too high residual values aglas potentially incorrect representation of
the variable)in order to create a more fitting modeTLable 4shows in red the indicators that were
removed due to initially having too low factor loadings well aghe orange itemshat were deleted

in the second assessment step.
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Construct Items
Independent variables | would invest in cryptocurrencies because...

X L glyid G2 3SYSNIGS KAIK NBGdNY a
X L FAY F2NIFAYLYyOALf 3ALAya
X

Financial gains L 0StAS@PS AiUad LINAROS gAft AyONBlas

X L SELISOG G2 YIF1S F LINRBTFACG

X L al¢g AG Ay (GKS ySsa

X L 320 NBO2YYSYyRIFGA2ya FTNRBY | Oljdzt Ayl
Third party influence X LIS2 L) S 6K2aS 2LAYA2Y L @FfdsS GKAYy]l L

X Y& FTNASYyRakTlIYAfe YSYOSNE R2 AG G232

X L olyid G2 68 LINI 2F GKS O2YYdzyAadie
Shared thoughts,valueX A G FfA3yad sAGK Y& LISNAZ2YyIlf (K2dAKG&axz
and beliefs X L KIFE@S LI2aAGA@gS FTSStAy3aa G261 NRa ONE
X FNRY |y ARSyiGAdGe adlyRLRAY(GZ L sl yi
X L 60StASGS Ay (KS (SOKy2tz238 6SKAYR (C
X 2F AG& TFdzidzNB NRES Ay GKS Y2ySdalNB N
X 2F AtGa 2L8y &2dNDS ySis2N]
Ideology and technologX 2 F A& RSOSY(dN}fAT SR ylI {dz2NB
X 2F Adad RAANHzZLIGA OGS LRGSYydAlt F2N) Sadl
X 2F AdGa LISNDSAGSR (NHzS @I tdzS 66Se2yR

X 2F GKS OdzNNBy G fS@St 2F Ay¥FilliAazy
Macroeconomic
environment X 2F OdzNNByOe& RSLINBOALF(GAZY

X 2F GKS OdaNNByd Y2ySiFNE L}2ftAOe

Hobbyist features X L t)\1§ u2 LJI;éii?xYé é)\@K [iK)\é} I OGAGAGER

X L tA1S G2 0SS o0dzaed 6AGK Y2ySe
X AG& Fdzyk SYdSNIIFAyAy3IkSyezeéelotsS (2 R?2
X L R2yUid gtyd G2 NBINBG AdG tFGESNI

Regret
X L ¢6AaK L g2dAf R KIFE@S R2yS a2 SI NI ASNJ
X L glyd G2 LINBGSyd NBINBlGGAYy3aT y2iG R2A
X L glyid G2 dzas8 GKSY F2NJR2Ay3 (Nryal C

Utility X L él-yq u2 dzé§ uKSY F2NJ I:szl:l.f)KI-é)\),/gl 32
X L glyd G2 dzas GKSY F¥2NJ 6KSANI AyiGSyRS

Depedent variable

I intend to invest in cryptocurrencies
Motivation to invest | want to invest in cryptocurrencies
| expect to invest in cryptocurrencies

Table4. Items per construct.

After deleting these items, a CFA is run again in Rstddhe following fit measures are reportedth
regards to measurement model flBoth Benitez ¢ al. (2020)and SchermelleFEngel et al. (2003re
relied upon for reporting goodness-fit (descriptive) measures and their threshold valugppendix
8 contains the main source for thresholds oétimeasues
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Chisquare6 . H 0 A & dzahBheiitRe pofubatioh davafiaBce matrix is equal to the model

implied covariancenatrix andis a test of exact fit. The null hypothesis states the difference are zero,

thus a pvalue ofabove0.05accepts this anghows a fit. However, this is a very stringemtasure

assuming large sample sizes with multivariate normal dathits value decreses when parameters

are added to the modelConsensus is reached about not using theschiare value as a sole basis for

judging model fit. Rther a comparison between the test statistic and degrees of freedbwuldbe

assessedd C2NJ | 322K W2 RS2 TMkRFIKK2dzZ R 6S bro avYl ff
absolute standard, a ratio between 2 and 3 is indicative of a "good" or "acceptable‘huatal fit,

NB a LIS qSchedfeliekErgel et al., 2003t can be seem table 5 containing theesults that both

theChia lj dzZt NB @I tdzS a ¢Stf a GKS .HkRT NIdA2 | NB ¢

Root Mean Square Error of Approximation (RMSER) Standardized Root Mean Square Residual
(SRMR) are measures of overall modelTtite first measure coneeing, a close fit is regarding a value

less than or equal to 0.05, an adequate fit is a value between 0.05 and 0.08, a mediocre fit a value
between 0.08 and 0.1 and values above 0.1 are not accefRMR is assessed with as rule of thumb

a value of lesghan 0.05 for a good fit, while values smaller than 0.10 can also be interpreted
acceptable Nonnormed Fit Index (NNFI) values range from 0 to 1, with higher védbese 0.9)
indicating a better fit, whiléhe same goes for the Comparative Fit Index)(C&therme##h-Engel et
al.,2003)a ¢ KS FTAG AYyRAOSa wa{9!3X bbCL FyR / CL I NEB
RSLISYR 2y alyYLXsS aAalsS +ra adiNpy3ate a .H 6ClyZ
1996), therefore they should always be smered(Schemelleh-Engel et al., 2008) kn table 5it can

be seen thaall measures are within the mentioned threshold value.

as
¢ K

Fit Measure Criterion Value Met?
Exact Model Fit

. H O/ KAmaljdzZ NBU X o0 R¥34,5/369=1.4 Yes
Chi-square p-value X nodnp 0.00 Yes
.HKRT o 1.45 Yes
Overall Model Fit

Standardized Root Mean Square Residual (SRMR) Xndmn  0.066 Yes
Root Mean Square Error of Approximation (RMSEA) Xnadny 0.062 Yes
Comparison Model Fit

Nonnormed Fit Inex (NNFI) xn ddpn 0913 Yes
Comparative Fit Index (CFI) xnddn  0.926 Yes

Table5. Measurement model fit.

Below, intable 6§ an overview is given of the constructs (independent variables) together with the
items that are used to measure the construCbmposite or construct reliability is assessed with both

/I NByol OKQa ! f LIF&8KRNBYA horAStaA (i & phari§ dné dzNds dnost N2 y 0 |
common and widely used measures of internal consistency and commonly used when multiple Likert
scaled question are used in a survey and compose a(eeed Statistics, n.d A value of 0.@r higher

is referred to as acceptable, however, lower values tend to sometimes also be acceptable in order to
prevent wrongfully rejecting analyses due to low Cronbach valiasally, 1978) Additionally, an
Omegabased reliability estimate is used to confirm construct reliability, since this allows for
differences in path coefficients between items and the constrAtsg it quantifies the amount of
random measurement error in construct scores thus determining their relialffigyes & Coultts,
2020) All constructs appear to havesafficiently high value for both reliability measures.
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Cronbach's

Construct Nr. of tems Omega Alpha Loadings

Financial gains 3 0.756 0.733 0.81, 0.90, 0.53

Third party influence 3 0.812 0.811 0.77,0.84,0. 70
Shared thoughts, values and beliefs 3 0.711 0.754 0.74,0.79, 0.56
Ideology and technology 6 0.900 0.900 0.77,0.76, 0.74, 0.77, 0.81, 0.¢
Macroeconomic environment 3 0.824 0.813 0.71, 0.85,0.77
Hobbyist features 3 0.838 0.826 0.86, 0.68, 0.84
Regret 3 0.930 0.929 0.93,0.87,0.90

Utility 3 0.900 0.885 0.94, 0.86, 0.77
Motivation to invest 3 0.929 0.931 0.84, 0.94, 0.93

Table6. Reliability and Factor Loadings

Convergent validity, measured with the average variance extra¢fe¢E), is the proportion of
explained variance in a latent variable. It shows whether a researcher is able to extract a dominant
factor out of a set of indicators and is a measure of undimensionality. It sldegdlybe above 0.5,

since there cannot be second factor explaining as much variance as the first one, and is based on
factor loadings(Benitez et al., 2020Henseler, 2017)Table 7 displays the constructs and their
belonging AVizalues.¢ KS @ NAF 6t S W{ KI NBR céarkbasden fohava ratier f dzS a
low factor loadings anieing somewhat more unreliable, however, deleting more than ibe@ for

this construcbonly decreased reliability and factor loadingiberefore this variable is continued in the
analysis, howeveiit is lower reliability in measuring the concept should be kept in miflte same
applies toli KS @ NR I 0 f 54 GW Gihey Faalles thdve saifficiently higinoportions of
explained variance.

Construct AVE
Financial gains 0.494
Third party influence 0.591
Shared thoughts, values and beliefs 0.488
Ideology and technology 0.602
Macroeconomic environment 0.601
Hobbyist features 0.629
Regret 0.815
Utility 0.742
Motivation to invest 0.891

Table7. Average Variance Extracted per construct.

Discriminant validity is measured with the heterotraibnotrait ration of correlations (HTMT) and
measures the coalation between latent variables. As a rule of thumb, correlation between indicators
belonging to the same construct or variable should be higher than those belonging to different
constructs/variables. This because, two conceptually different constructsidglalso be statistically
different (Henseler, 2017)Correlations between latent variables should be less than one. <0.85 is
acceptable evidence of validity for small samples and <0.90 for larger sarnmlles.sample of this
research, all HTMT values lie below 0.85 and are thus deemed acceptable.
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5.3 Stuctural After Measurement andypotheses

After conducting a CFA to determine measurement model fit by means of several statistical measures,
SAM is conducted.ggression or path coefficients and their significance are assessed to determine to
what extentthe hypotheses of this study are tru€he hypotheses of this study can be accepted or
rejected on the basis of theeported pvalues and betaoefficients in the table below.

Fromtable 8it can be seen thafive out of eight independent variables turn out to have a significant
influence ommotivation to investThe independent variabldgancial gains (R =25, p = 0.0Q), third
party influence (3 = 89, p<0.00)), ideology and technology (3 =68, p <0.001), regret (3 =0.17, p

= 0.016) and utility (8 =-0.20, p = 0.@1) have a significant effect omotivation to invest(with a
significance level of 5%Jhis leads to the acceptance of hypotheses 1, Z, dnd 8.The variables
shared thoughts, valugand belief¢3 = 014, p = 0377), macroeconomic featuref? = 012, p = 033)
and hobbyistfeatures @ =-0.02 p = 078) do not proveto havea significant effect omotivation to
invest.This leads to the rejection of hypotheses 3, 5 and 6.

When looking at the control variables, it can be concluded that females have a significantly lower
motivation to invest 3 =-0.15 p = 0.@) compared to malesAdditionally,with each extra year of
investment experience in the cryptocurrency market, motivation to invest increasesOwdth p <
0.001).It can also be seen that peophdth their highest level of completed educatiimthe category
EDU1, have significantly lower motivation timvest (R =0.13, p = 0.04), compared to the reference
category EDU2There is no significant difference between people from category Elld8mparison

to EDU2. When looking at income levblere are no significant influences dependent upon income
level.Howeverwhen looseningignificance level slightly, it can be noted thavingan income below
36.500,- per yearhasa signiftantly positive effect on motivation to invest (3 = 0.14, @5).Lastly,
having a study or occupation in the fielfitechnologyor respectively financesignificantly decreases
motivation to invest (3 =0.15, p = 0.2; B =0.15, p = 0.08

Construct p-value Significant? ( Coef?icient)
Financial gains 0.001 Yes 0.251
Third party influence 0.000 Yes 0.389
Shared thoughts, values and beliefs  0.377 No

Ideology and technology 0.000 Yes 0.677
Macroeconomic environment 0.325 No

Hobbyist features 0.781 No

Regret 0.046 Yes -0.169
Utility 0.021 Yes -0.204
FEMALE 0.042 Yes -0.148
YEARS 0.001 Yes 0.231
EDU1 0.044 Yes -0.127
EDU3 0.225 No

INCOME1 0.052 No

INCOME3 0.204 No

STUDYOCC1 0.023 Yes -0.150
STUDYOCC2 0.026 Yes -0.153

Table8. Independent constructs regressed.

! Primary school, lower/general secondary education (LBO, VMBO (basis/kader/GL/TL), MAVO)
2Vocational education (MBO), Pmiversity education (HAVO/VWO)
8 HBO/University Bachelor Degree, Master Degree, PhD, or higher
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A syntaxof the Rstudio codingsedto get to the resultsincluding the composed modeian be
found in appendi®.

5.4 Qualitativeassessment

As mentioned before, respondents of the survey were asked one qualitativiigneo both be able

to draw further conclusions regarding tltemposed framework as well as provide more preliminary
in-depth insights into the motivations to investhe qualitative question asked after the quantitative
LI NI 2 F (K Bre theizNdYBL2 anydthar Yhotifiations for investing in cryptocurrencies not
previously mentioned in thsrvey For the largest part (around 80% of all respondents), it was noted
that no other motivations for investing not previously mentioned in hevey are present. Responses
GSNBE FT2NJ SEI YL § omguhd20% dflallWesiidentst fhidvakd @ kegtdalSeply

to the open questionFewresponses were left out of the analysis due to inadmissibility (unreadable
or not understandable).

For the largest part, the additional motivations mentionedn be accommodated at previously
identified motivators in literature and the conceptual modéimong these are for example mentioning
of financial gains

G¢2 o0dAfR ¢SHfOKD Ly@Sad al gay3aodé

GllASIzZzONBLII2 F2NJ f2y3 GSNY LINRFAGE YR (GKSYy Lldz
Also, deology and technologare often mentioned as motivators:

G¢KS G(SOKy2f238 O06SKAYR Al FyYyR AG&a O2dzyif Saa |

GOELISOG Al G2 Lifitude. ThinkYherg @ilNdorhkRaf tife wheh banksSire
slow/unwieldy/obsolete and fail to meet flexible customer demand. In addition, | think that
people are starting to realize that the financial world can be organized more efficiently
(cheaper/faster), paty by means of (by then) proven services of crypto. However, | think that
at the moment the masses are not ready to start using crypto on a daily basis &argliss
YIAyfte bKeLlSh GKIG RNAGSAE LINKROSadé

Lastly, third party influencand hobbyist featureare also considered:
GLYGSNBaldAy3a ¢gle 2F Ay@SadAy3aos
dalAyfte (G2 F2tft2¢6 GKS (GNBYyRa®E¢

With regards to newly posed motivators, portfolio diversification is a response that comes forward
multiple times (almst a quarter of the qualitative responses mentions this). Next to that, hedging
also mentioned by a respondent as a motivation to invest.

G5ABSNEAFAOIGA2Yy o0S@2yR aG201a 2NJ O2YY2RAGAS:
3

Ga2iA@F A2y G2 KSR3IS I LENIT2fA20¢

A table witha complete overview o&ll qualitative responses given by respents can be found in
appendix 10. For the interested reader,he responses from respondents not investing neither
considering to invest in cryptocurrencies can be found in appehtiA recurring motivationnot to
invest is environmental impact next tovestment yield and payment possibilities.
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6 Discussion

In this ®ction, the results are agasummarizedand adeep diveis taken into those results in order
to attempt providing the reader of &urther explanation

6.1 Key findings

It is found that with regards to quantitative motivators measurdithancial gains, third party influence,
ARS2t238 FyR (SOKy2f23&3x NBINBG FyR dziAfAGe aAdy
in cryptocurrencies. The first three relationships are positivhereas the latter two are negative.

People epecting financial gains are more likely to invest in cryptocurrencies, as wadloapde being

influenced by third party opinions. The ideology and technology of cryptocurrencies also significantly

LR AAGAGSE e AyTFtdsSyoSa | Li&figm2nfiddeéd thhe@ UakiaBlesials@ y G 2
increase in terms of effect size, concluding with ideology and technology having the largest effect
(0.68). This is in line withprevious findings in cryptocurrency researdbentifying ideology and
technology as onef the major motivations for using the technolo@¢hairuddin et al., 20) or ICO
development(Fisch et al., 2021)he existence ofifiancial motives for investingvas already an
establishedfinding for traditional investment categorie§Aspara & Tikkanen, 2011; Bagheri et al.,

2019; Choudhary, 2016; Mutswenje & Jagongo, 2014; Ngahu, 2017; Prins et al,, &tP1lijtle

eviderce existed in cryptocurrency literatugior to thisresearch The expectation of financial gains
influencing motivation to invess now confirmed in the context of investing in cryptocurrencigsrd

party influence is also a recognizable motivatoriforesting in traditional asset classedile it was

only suggested to bene in cryptocurrency literaturby Shiller(Shiller, 2019)This research confirms

the hypothesis that third parties influence motivation to inv@sthe cryptocurrency contexnd fill

in theresearch gap posed attke (Mattke et al., 2021)

The variables regret and utility have a significant negative influence on motivation to invest, indicating
that people regretting not investing earlier are less likely/motivated to invest as welbeple
motivated byutility functions of cryptocurrenciesurrently have adecrease motivation to invesho
prior literature was found specifically investigating tinlfluence of regret on motivation to invest,
though its influence on investor actionsdtear {.e., regret theory in relation to rislaversenesand
risky behaviour). Téfinding that increased feelings of rege#creasemotivation to invest, provide
preliminary evidencehat investors in the cryptocurrency markeib not takeexcessive risk when
FSStAy3d (KSe& WYA athd RmanKskavérsih iigl@iondodaiinvésimankKGhbs
feelings of regret have been experienced, motivation for investing decre&seondly, the utility
function ofinvesting appears to negatively influence motivation to inva@stis could mean thaiven
the early stages of discovery and establishment of the utility funstioh cryptocurrenciesin
mainstream society(for example as means of payment or exchanghere is still a negative
relationship between utility and motivation to invesbtday. It might be that, in the future, when
cryptocurrencies are regarded a more established means of payment for exampleelationship
will reverse into a positive one.

Results of this research are only partly in line with evidence in literature congaroinirol variables
influencing motivation to invest. This study does find a difference in investor motigaiteted to
gender, where females are less motivated to invest compared to mAgsitionally, it is found that
peoplehaving completedolelythe first educational levéhare less motivated to invest compared to
one category highgfEDU?2). This is in line with previous resear@houdhary, 2016; Fisch et al., 2021;
Hardeveld Kleuver & Van der Boom, 20Rfins et al., 2021; Xi et al., 2020e reverse effect is not

4 Primary school, lower/general secondary education (LBO, VMBO (basis/kader/GL/TL), MAVO)
5Vocational education (MBO), Pamiversity education (HAVO/VWO)
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found when comparing the highest educational le{DUS) to the one below(EDU2). This studyalso
does not find evidence for higher incomes having an increased motivation to iklaetver, having

an income belovB6.500,- almost significantly increases motivation to invest. This is contrary to prior
literature findings, suggesting higher incomes are more likely to invest. This patgnitially be due

to ahigh number of students patrticipating in this survey, not yet earnifuljtime salary Additionally,

the influence ofstudying or working in the field of finance or technology haegative influence on
motivation to investcompared to having neitheas field of study or occupation, whichdsntrary to

the expecttion. However, demographic distributiodoes show that investors more often have
technology as a field of study or occupation compared to finance.

Lastly, results from the qualitative opejuestion posed at the end of the survey put forward a new
motivator not previously identified in literaturé\round onefourth of the respondents that answered
the open question mentiordiversificationas a motivation to invest in cryptocurrencies. Ths$sa
motivation not previously identified in academic literature, however wtdah now be added to the
academic literature on cryptocurrency investor motivatiotisereby further exploring the field of
retail investor motivationsit an academic research level.

6.2 Contributions

This study deepens our knowledge of the motivations of young people in the Netherlands to invest in
cryptocurrencies. Increasing our understanding of why individuals investyiptocurrencies is
relevant for a variety of different stakeholders both in research and in practice.

6.2.1 Theoretical contributions

It is clear thatrdividual investor motivations have been studied before in different contexts, among

which crowdfunding, ICO& > SljdzA & TFA Yyl y ORA yTHs, whileRery btthe iie€eardhy Ay @S
has been done that extends investor motivations in equaityother asset classdsato the field of
cryptocurrencies. This research contributes to the research in the field lohvieural finance by

extending prior researclon investor motivations into the field of cryptocurrencie$he scarce

literature on cryptocurrencies and cryptocurrency investment is supplemented and a basis for further
exploration of relevant investor mot@tions in cryptocurrenciess provided

Not unimportanty, this research provides description and analysis of what might be relevant items
measuring the concepts composed as variables in this research. To the knowledge of the researcher,
only few of the constructs have been measured befadreliterature on the basis of established
measurement scales. Concepts such as macroecoremaziconment, hobbyist features and utility do

not possess measurement scales established and confirmed in literaturee3éésch cafunction as

a starting point for establishing such scales. Additionally, the feasibility of performing a structural
equation modellinganalysisor small sample sizes and potentially roonverging modelby means

of a Structural After Measurement (SAM) approachris/en

Lastly this research provides an overview of the relevant motivators extracted from literature in the
different fields of nvestment. This provides readers or researchers interested in the existing literature
on investment and investor motivations in both traditional as well as the novel asset class of
cryptocurrencies with auseful overview This overview of motivators comped based on prior
literature can function as the starting point fdurther exploration or research into the field of
cryptocurrencies or investor motivations.

6 HBO/University Bachelor Degree, Master Degree, PhD, or higher
"Vocational education (MBO), Pumiversity education (HAVO/VWO)
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6.2.2 Practical contributions

There are several ways in which this research can prove to be bah&idbusinesdife and society
as a whole Especially today, being in the early stages of cryptocuresn@nd cryptocurrency
investmentshecoming more mainstream, these findings carhighlyrelevant.

Firms wanting to finance new ventures by meafisaninching cryptocurrencies (e.g., through initial
coin offering), benefit from knowing investor motivations to optimally design their own coins or
tokens. Understanding the motivations of individuals to invest can help companies such as wallet
providers, cryptocurrency exchanges and coin initiating sipd to optimize their operations such as
marketing and advertising to better place their services in tlak®at and attract more customer$his

will stimulate their business and operations and increase efficiency as well as operational result.
Mattke et al. (2019@lso argue this in their findings.

Additionally, for investors to understand the underlying dynamics and pricing of cryptocurrencies such
as bitcoin, it $ evident they need an understanding of investment reasons. It can help guide such
private investors in their investment decisions and motives for doing so, by placing their behaviours
into a wider frame of referencel’his aidsnvestors in thinkinghrough their investment strategyand

further validatemonetary decisiormakingand ensure investments are made in a rational manner

and are part of a predetermined strategjaiyeoba et al. (201&pnfirmed this and have found that
researching investor decision behaviour can improve such behaviours for both retail investors and fund
managers.

Since cryptocurrencies are alatively new and loosely (or not at all) regulated phenomenon, this

research can also prove to be of added value to policymakers that are interested in or looking for ways

to regulate cryptocurrencieCryptocurrencies and their underlying blockchain tealogy have the

potential to radically disruptestablished practices and industries due to their novel technology
(enabling fully decentralizedcommunication anonymous$y yet visible and verifiable)Potential

FLILIX AOFGA2ya |tf NBARBOUSYIHRS yPFOS¥ aYHaE2@KSNKSK AW
verifying transactionsa ! OO2NRAyYy 3 (2 GKS 22NIR 902y2YAO0O C2N
Cryptocurrencies, there has been no internationally coordinated regulation of cryptocurrencies

though international bodies have been working on assessing risks and appropriate policysessim

0KS N &S Warid EcdonabicFosud,202Research into the motivatiors investors as well

as other utilities of cryptocurrencies carddhose instances attempting or wanting to analyze, assess

and come up with appropriate regulation for cryptocurrenci@sfficulty therein is of course the

balance between the nature and ideology of cryptocurrencies (decentralised and government
independent) and regulating this potentially novel asset class.

6.2.3 Potential limitations

With every study, limitations are present. Therefore, the main limitations potentially influencing the
results of this study are put forward.imitations are related to the sedrcand selection method,
research methodsample size ancryptocurrency market developments.

First of allalimitation might be present due to the search and selection method of literature. Aim of

this study was to include all potentially relevant the& A OF £ A Y F2NXI GA2Yy NB3I
motivation to invest (stemming from crowdfundingguity,and cryptocurrency research). However, it

is always possible that the article selection method as well as inclusion criteria for choosing articles is
subjectively biased by the researcher. Additionally, the papers selected were solely written in the
English language, which might exclude papers with relevant findings that were written in different
languageslt was attempted to mitigate this bias as much as ass by incorporating multiple types

of research articles, such as journal articles, book chapters and conference papers.
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Second a limitation might stem from the research method used. Survey approaches can be subject to
several types of biases. Naturally, it was attempted to mitigate bias as much as possible. Sampling bias
was mitigated by ensuring a relatively evenly distribusadhple in terms of demographics, which was
collected via a number of different channels. However, there being sampling bias present even to a
limited extent cannot be ruled out. Response bias was mitigated by ensuring anonymous responses
solely used for reearch purposes as well as clear questions with explanations of concepts where
needed. Additionally, as mentioned before, every effort was made to include all relevant independent
variables in the model to prevent omitted variable bias.

Another limitation might be related to the sample size and distribution of this study. A sample size of
116 is sufficient for performing the analyses in this study, however, the higher the sample size the
more generalizable and reliable the results aratoertain population. Also, this would have allowed

for further explorationand confirmatiorof the results with multiple types of SEMtimationmethods.

Lastly the fastpaced developments and changing sentiment in the cryptocurrency masketell as
the taking together of all types of cryptocurrencees onemight bias results. &ponses to this survey
were collectedfor four subsequent weeksn the months April and May 2022, and while the
cryptocurrency market and its developments are véagt paced it is not to be ruled out that
circumstantial factorsuch as market sentimemight have influenced responsédombiningall types
of cryptocurrencies as one category while measuring motivation to ima@git present a bias

6.2.4 Areas for future research

There are several avenues for future resedtat beame relevant in the course of this researfith

regards to the research methadeployed it is suggested that future researdollects an increased
sample fora similartarget group to determine whether results hold when the study is replicatis
will also allow for an estimation d@he identified relationshipsvith multiple types of SENhethods.
Alsq it is suggested to perform similar studies with differing targedups to identify potential
differences and/or similarities in results betwethosedifferent target groups.

This researclverifiesdiversification as a motivation to invest by means of qualitative exploration.
would prove tobe interesting to enril thisfindingwith further qualitative research going beyond the
single quétative question asked in this survey. Diving deeper into the motivations of people to invest
in cryptocurrencies might put forward nuances not previously identified in literaamcbthis study.

With regards to the identified relationshipthe influence of feelings of regret in the context of investor
motivations in cryptocurrencies should be further explored in future research. Thatth@pegative

relationship observed between regret and motivation to invest can be further assessed and explained.

|l RRAGAZ2YFff&x AlG A& &dz33S&8GSR (2 FdNIKSNI SELX 2NB
FylFfeasSa VYSI mdzxdtbnidnvesddrizd diySidedrrencies afer example proven to be

an established means of payment or store of value.

Lastly,jt is necessary to investigate the motivations for initegin cryptocurrencieor different types

of cryptocurrencies individuly. This, because thexistingcryptocurreny tokens and coindiffer in
terms offor example utility and functioning. Investor motivesght differ whenmaking a comparison
betweencontrasting cryptocurrencie§.his research can form a starting point émmducting further
research and discovering nuances and discrepaneléte comparingretail investor motives into
different types of cryptocurrencieskor that, first of all an overview of the different types of
cryptocurrencies and theicharacteristics should be provided, after which the beforementioned can
be researched.
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7 Conclusions

The motivations of individual investors are a topic of interest not only for firms or people active in the
cryptocurrency market, but also for investotseinselves and society as a whole. In order to increase
our common understanding of novel phenomena such as cryptocurrencies together with human
motivation, research is needeéPrevious researcinto investor motivationshas mainly focused on
equity-, ICO and crowdfundinginvestment and on the adoption of cryptocurrencies as a technology
rather than an asset clagaspara & Tikkanen, 2011; Bagheri et al., 2019; Choudhary, 2016; Fisch et al.,
2021; Khairuddin et al., 2016; Mutswenje & Jagongo, 2014; Ngahu, 2017; Prins et al.|[r26&1gr

to expand scarce literature on the topia, summary and extraction of motivations is taken from
existing literature An overview of relevant motivations to invest is compos®drvey responses are
analyzed by means of Structural After Measuent (SAM), which is an approach to Structural
Equation ModellingFindings show that Financial gains, Third party influence, Ideology and technology,
wSANBG FyYyR | GAfAGE AaAIYAFAOFYyGE & dryptdc@@nciesl y Ay F
Furthermore,age, gendereducational level and field of study or occupation also (partially) influence
motivation to invest.Diversification as a motivation to invest is identified by means of qualitative
guestioning.The importance ofhis research not only as a contribution to literature but also to
business life iexplained. Additionally, the feasibility of a Salproach in this field of study is proven.
Lastly, relevant recommendations to the field of behavioural finance in cryptmey investment are

given to further validate and explore the results of this study.
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10 Appendices
10.1 Appendixl. Cryptocurrency market capitalization

2.1. Crypto market cap compared to traditional asset cladsescese, 2019)
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Cryptocurrencies Amazon S Dolar
Gold Ml

US Stocks

Bitcoin

=)

I

US Treasury Bonds

2.2. Market Value Comparis¢Bus, 2021)
Market Value Comparison

B Real Estate B Debt Securites B Equities B Global GOF B Global M1 m Gold @ FAANG B Crypto
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10.2 Appendix2. Investors according to background features

Belegt H Heeft ¢ B

t niet

Vrouw

o
@
=
—
a

18-24 jaar

1.000 - 2.000

3.000 - 4.000

Geen antwoord

Opleiding

Hoi 41 22 25 7 53

Woonsituatie Thuis 63

Laag

Werkend

(¥Y)
w
bt
wn
o8]
o
[
b
u
~l

Dutch National Institute for Budget Information (Nibuf) = 1.568)Prins et al., 2021)
10.3 Appendix 3. Demogrdyic breakdowrcrypto-owners
Demografische gegevens Cryptobezitters - |
Geslacht Geslacht Geslacht
Totaal Beleggers Niet-beleggers
van [N ;o Man 75% nzn [N s
veouw a1 Vreuw 25% vroww |
Leeftijd Leeftijd Leeftijd
Totaal Beleggers Miet-beleggers
1t/m3djaar [ oo 1eym3jzar [ o> 15ymsajoor [ 31+
stymadjaar symadjaar | 21% symasior N 2%

astym 54 jaar [N 20
s5jaarenouder [0 1o%

ast/msajoar [N 12

55 jaar en ouder - 11%

45 t/m 54 jaar - 2%
55jaarencuder  26%
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Demografische gegevens Cryptobezitters - lI

Oplelding Opleiding Opleiding
Totaal Beleggers Niet-beleggers
tooe [ 1% oz ] = taae [ 15%
Midden 545 Midden AR5 Midden &%
Inkomen Inkomen Inkomen
Totaal Beleggers Niet-beleggers
oo [ 25+ oy [ 1o toag [ 27+
Micden 17% Midden 10% Midden 23%
Onbekend E% Onbekend |~ 2% Onbekend 15%

Indeling opleidingsniveau Indeling bruto huishoudinkomen per jaar

Geen of basisonderwijs / LBO / VMBO {kader- of beroepsgericht) /
Laag MEBO 1/ VBO f MAVOS HAVD of VWO (overgegaan naar 4e klas)/ Beneden modaal Tot € 36.500
VMBO [theoretisch of gemengd) / (MJULO
MBO 2, 3, 4 of MBO voor 1998 / HAVO of vWO (met diploma
afgerond] / HBS/ MMS

HEO of universitair propedeuse / HEO of universitair
bachelor/kandidaats

€ 36.500 tot € 43.500

Midden Modaal

Hoog Bowven modaal € 43.500 of meer

Demographic information cryptowners(Hardeveld Kleuver & Van der Boom, 2021)
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10.4 Appendix 4lnvestor motivationsdentified in literature

Motivator / Influencer Context Author Quote or measure Method
Financialgains
Profit expectancy Bitcoin (Mattke et al., 2021)| a ¢ KS YI Ay NBI az2y &2 | Mixedmethod interviews and survey on basis
GKIFG L SELISOG GKI G @ ofregrettheory.
iy GKS ySEG &SI NE®é
Financial motives ICO (Fisch et al., 2021) | Gaining an equity stake in the ICO venture. | Survey ICO investment based on crowdfundir
literature + factor analysis.
Financial motives ICO (Fisch et al., 2021) | Financial gains. Survey ICO investment based on crowdfundir
literature + factor analysis.
Making profit Cryptocurrencies | (Hardeveld Kleuver | Price developments Survey among Dutch investor18+ ordered
& Van der Boom, Addition to pension/income by the Dutch Authority of Financial Markets
2021) Pay off mortgage (AFM)
Financial motives Cryptocurrencies | (Prins et al., 2021) | Build wealth, attain goals, higher reward Survey among young adults in The Netherlan
Financial motives Equity (Prins et al., 2021) | Build wealth, att&n goals, higher reward Survey among young adults in The Netherlan
Personal financial needs Equity (Nagy & Obenbergern Financial needs, time horizon, diversificatior] 80 surveyamongKenyarretail stock investors
1994)
Monetary Equity (Choudhary, 2016) | The gap between available and requiredds | Literature and expert interviews (ISM).

Third party influence
Third-party opinions or
recommendations

Cryptocurrencies

(Hardeveld Kleuver
& Van der Boom,
2021)

can be bridged through generating returns b
way of doing investment.

Recommendations of acquaintances, analyg
or people famous from social media.
After seeing news.

Survey among Dutch investorsX8+ordered
by the Dutch Authority of Financial Markets
(AFM)

Social influence/pressure to

Cryptocurrencies

(Mahomed, 2017)

People who are important to me think that |

Survey data on crypturrency adoption using

use a technology (technology) should use Cryptocurrencies. UTAUT.
People who influence my behaviour think th
| should use Cryptocurrencies
People whose opinions that | value prefer th
| use Cryptocurrencies.
Third party opinions Equity (Ngahu, 2017) Friends, family, brokerages Survey of investors on the Nairobi stock
exchange.
Advocate recommendation | Equity (Nagy & benberger,| Broker, friend, caworker, advisory/opinions | 80 surveyamongKenyarretail stock investors
1994) family
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Subjective norm

Equity

(Phan & Zhou, 2014

LG OF LJidzZNB& AYRADAR(
whether most of their significant others think
they should or should not cont the
behaviour.

Shared thoughts, values and beliefs

SEM analysis on survey among investors in
Vietnamese stock market (theory of planned
beh.).

Shared thoughts, values and | Crowdfunding (Baghereet al., 2019) | dThesubject itself was important for me. | Interviews with donors of crowdfuting

beliefs supported the projects that the activity was | projects.
valuable for me
dThealignment of the project and its content
GAGK GKSANI LISNBE2YI f
gt dzSa¢

Selfimage/firm-image Equity (Nagy & Obenbergen Reputation, status, feeling about products o} 80 surveysamong Kenyaretail stock investors

1994) services, ethics
Social relevance Equity (Nagy & benberger,| Environmental, local, irgrnational 80 surveyamongKenyarretail stock investors
1994)

Attitude towards investment | Equity (Phan & Zhou, 2014) If an individual has a more favourable attitug SEM analysis on survey among investors in
toward a specific behaviour, the chances ar{ Vietnamese stock market (theory of planned
higher that they will have an intgion to beh.).
conduct the behaviour.

Affectbased positive attitude | Equity (Aspara & Tikkanen,| a2 K G { Ay R 27F I 04A{d Questionnaire among investors Helsinki stock

towards company 2011) w02 Y LI yMachore®tRé L® [ & { exchange (SEM).
yS3rGA@Sés bo I a@SN
G5AR @&2dz tA1S GKS LN
(Anchoredd @ Lo I GaRARYQI
Gf ATSR @ASNE YdzOKE O

Affect-based identity Equity (Aspara & Tikkanen,| & | 2w@ll did [companyX] reflect the kind of | Questionnaire among investors Helsinki stock

congruent company 2011) LISNB2Y @2dz I NBKé ¢ K9 exchange (SEM).
recorded on a #oint bipolar scale anchored
by 0 (not atall) and 6 (very well).

Social motives. ICO (Fisch et al., 2021) | Ideological motives (factor). Survey ICO investment based on crowdfundir

Qustainability, philanthropy

literature + factor analysis.

Be part of a community

Crowdfunding

(Gerber & Hui, 2013

G ¢ K S NRiRli a seriSerokommunity ...
22YS8 42Nl 2F NBAaLRYS

Interviews with participants crowdfunding

Support a cause

Crowdfunding

(Gerber & Hui, 2013

Techology, ideology, analogous with
personal beliefst 5 Sa A3y (2 ON

impact. ... My goal is to be as supportive of

Interviewswith participants crowdfunding
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these initiatives as possible. ... From an
identity standpointthat issomething that |

g2dz R ¢t yid (G2 0SS | ajg

Ideology and technology

model/idea.

Support of bitcoin ideology | Bitcoin (Mattke etal., 2021)|a L 0 St A S@S Joicoinjakd trustd Mixed-method interviews and survey on basis
the concept of blockchain, which is why | of regret theory.
wouldA y @Saild Ay O0AGO2AY
. A002AyQa LINB| Bitcoin (Khairuddinetal., |a. AGO2AYy gAfft 0SS G KS9g9semistructured interviews from technology
monetary revolution 2016) gAff 0SS 06A3TISNI GKI y | perspective.
Ad [ o62dzi GKS YzzySe N
'aSNRA& SYLR ¢ S|Bitcoin (Khairuddinetal.,, |[a. AGO2AYy A & yISed NG y( 9 semistructured inteviews from technology
Source, Decentralized and 2016) G. AGO2AYy 3IAGSA dza W perspective.
Unregulated BitcoifPlatform Yy2ySeoé aLG OFy | @2A
G{ SSAy3 NBaSvyoftlyosS
exchange and cryptocurrency exchange ma
YS GNMzad GKFG AG Aa
Perceived real value of bitcoif Bitcoin (Khairuddin et al., G¢KS 3F2f R LIKAf 2a2 LIKg9 semistructured interviews from technology
currency 2016) GKAETS 0AGO2AY A& 0L (perspective.
Ideological motives ICO (Fisch et al., 2021) | Disrupting established structures/industries.| Survey ICO investment based on crowdfundir
literature + factor analysis.
Technological motives ICO (Fisch et al., 2021) | Personal enthusiasm for the technology of I{ Survey ICO investment based on crowdfundir
venture. literature + factor analysis.
Technological motives ICO (Fisch et al., 2021) | Personal enthusiasm for the business Survey ICO investment based on crowdfundir

literature + factor analysis.

Belief in underlying
technology

Cryptocurrencies

(Hardeveld Kleuver
& Van der Boom,
2021)

Survey among Dutch investorEX8+ordered
by the Dutch Authority of Financial Markets
(AFM)

Future sale of the token at a
later point in time.
Macroeconomic
Macroeconomic environment

ICO

Equity

(Fisch et al., 2021)

(Choudhary, 2016)

Future sale of the token at a higher price (at
later point in time)

Vaious economic factors including inflation,
interest rate fiscal policy, monetary policy,
and so on

Survey ICO investment based on crowdfundir
literature + factor analysis.

Literature and expert interviews (ISM).

Low interest on savings
account

Cryptocurrencies

(Hardeveld Kleuver
& Van cbr Boom,
2021)

Low interestrateson savings accounts

Survey among Dutch investor18+ ordered
by the Dutch Authority of Financial Markets
(AFM)

Hobbyist features
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Hobby or interest

Equity

(Prins et al., 2021)

Like the excitement, to pastime, be busy wit
money

Survey among young adults in The Netherlan

Hobby or inerest

Cryptocurrencies

(Prins et al., 2021)

Like the excitement, to pastime, be busy wit
money

Survey among younadults in The Netherlandg

Hedonic motivation

Cryptocurrencies
(technology)

(Mahomed, 2017)

Using Cryptocurrencies is fun.
Using Cryptocurrencies is enjoyable.
Using Cryptocurrencies is entertaining.

Survey data on cryptocurrency adoption using
UTAUT.

Take a guess or excitement @
investing

Regret
Experienced inactioregret

Cryptocurrencies

Bitcoin

(Hardeveld Kleuver
& Van der Boom,
2021)

(Mattke et al., 2021)

GL gl a GKAY1lAy3 |o2d
early 2011 and didot take the chanceThat is
gKe L gyl G2 AyoSal
GL gt a O2yFNBYGSR 4 A
to invest in Bitcoin in early 2015 and | decids
not to invest. | could have been millionaire
today, which is what | regret. At least | will
investinbit@ Ay y 2 g ®¢

Survey among Dutch investors18+ ordered
by the Dutch Authority of Financial Markets
(AFM)

Mixed-method interviews and survey on basis
of regret theory.

Anticipated inaction regret

Utility
Use tokens for their indented
utility function.

Bitcoin

ICO

(Mattke et al., 2021)

(Fisch et al., 2021)

4L R2 y204 6ryd a2 YA
gAff NBINBG GKS RSOA
G52y Qi feélithg régreiiifthe price

AYONBlFasSazr a2 L adzvl

Governance.
Transactions.

Mixed-method interviews and survey on basis
of regret theory.

Survey ICO investment based on crowdfundir
literature + factor analysis.

Use tokens for their indented
utility function.

Demographid¢Facilitating cond
Facilitating conditions

Cryptocurrencies

itions
Cryptocurrencies
(technology)

(Hardeveld Kleuver
& Van der Boom,
2021)

(Mahomed, 2017)

As a means fgpurchasing other goods or
services.

| have the resources necessary to use
Cryptocurrencies.

| have the knowledge necessary to use
Cryptocurrencies.

| can get help from othersien | have
difficulties using Cryptocurrencies and relate
services.

Survey among Dutch investors18+ ordered
by the Dutch Authority oFinancial Markets
(AFM)

Survey data on cryptocurrency adoption using
UTAUT.




Ease of acquisition Bitcoin (Mattke etal., 2021)|a L OFy Ay@Said S@Sy I Mixedmethod interviews and survey on basis
YI18a GKS Ay@SaiyYSy (ofregret theory.

Perceived behavioural contro| Equity (Phan & Zhou, 2014) Theperformance of behaviour is correlated | SEM analysis on survey among investors in
gAUK 2ySQa O2yTARSYyY ( Viethamese stock market (theory of planned
conduct the behaviour. beh.).

Stock affordability Equity (Ngahu, 2017) Stock price, trend in stock price, dividend pg Survey of investors on the Nairobi stock
out. exchange.

Investment skills Bitcoin (Mattke et al., 2021) | a L KIF @S | d@estRenBMEIf A Mixed-method interviews and survey on basis

(demographic) mostly know where to invest. So, | will inves| of regret theory.
AY O0OAGO2AYyDE
Risk affinity Bitcoin (Mattke etal., 2021)|a L Y At fAy3a G2 Gl ] Mixedmethod interviews and survey on basis
(demographic) sothat isdefinitely why | invest. | think taking of regret theory.
riskisnormh £ F2 NJ adzOK |y
Trust Cryptocurrencies | (Mahomed, 2017) | believe that Cryptocurrencies is trustworthy Survey data on cryptocurrency adoption using

(technology)

| have trust in Cryptocurrencies.

| do not doubt the honesty of
Cryptocurrencies their systes and related
services.

UTAUT.
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10.5Appendix 5. Expert suggestions investor motivations

Expert suggestions Accommodating motivator

Make money. Financial gains
Be part of angarticipate in a new economy. Ideology and technology
Be your own bank (BYOB). Be in control of your| Ideology and technology
own assets. Utility
Shared thoughts, values and beliefs
The volatility of the market provides opportunitie{ Financial gains
Utility
Immature market. A lot of space for growth. Financial gains
Surroundings/friends already active in Third party influence
ONEB LIi 2 OdzZNNBy OASa | yR §Regret
Anonymous features of bitcoin. Wanting to Ideology and technology
understand why and how it works. Utility
Macroeconomic developments. Macroeconomic environment
Currency depreciation/Inflation. Macroeconomic environment
Utility
COVID shows that naitlg is certain, including Macroeconomic environment
financial institutions such as banks. Ideology and technology

10.6 Appendix 6. Survegverview

Thank you for participating in this survey!

Hi, my name is Danique and | am currently writing my master thesis for the Master of Business
Administration at the University of Twente. | am conducting a research towards understanding what
the motivations of young adults in the Netherlands are for itiwgsin cryptocurrencies.

This survey takes approximateidlb minutes to complete. Survey responses are strictly confidential
and will only be used for the purpose of conducting research. Participation in this study is completely
voluntary.

It is advisedo participate in this survey via a laptop or other large screen instead of a mobile phone,
due to layout issues. The preferred language can be set at the top right.

If you have any questions, you can get in contact via d.pos@student.utwente.nl. If yiba like to
receive a copy of the results of this research, you can ask for it by sending an email.

Have you ever invested in cryptocurrencies?
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Would you consider investing in cryptocurrencies? (if the above question was yes, please also state
yeshere)

I
o 20 40 ) a0 100 120 140

The following questions intend to measure your motivation to invest in cryptocurrencies. Please rate
how likely you are to invest in cryptocurrencies because you are motivated by the described
behaviours.

| would invest in cryptocurrencies becaus

Wery unlikely

Unlikely

Somewhat unlikely

M | (intend to) invest in cryptocurrencies
B | (want to) invest in cryptocurrencies
B | (expect to) invest in cryptocurrencies

Newutral

Somewhat likely

Likely

Very likely
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| would invest in cryptocurrencies because...

Wery unlikely
Linlikely

Somewhat unlikely

B ... I want to generate high returns
B ... | aim for financial gains
feutral M ... | believe it's price will increase
B ... | want to build wealth

.. | expect to make a profit

Somewhat likely

WVery likely

I e ey R e A H FR
0 5 10 15 20 25 30 35 40 45 50 5% &0
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| would invest in cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

Meutral

Somewhat likely

Very likely

[}

]
]

I e e ) H
10 15 20 2% 30 35 40

. | 58w it in the news

.. | got recommendations from acquaintances

.. people whose opinion | value think | should do so
.. analysts/advisors think | should do so

.. my friendsifamily memiers do it too
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| would invest in cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

... l'want to be part of the community

... it aligns with my personal thoughts, values and beliefs

... | have positive feelings towards cryptocurrencies

... from an identity standpoint, | want to be associated with such an inves...

Somewhat likely

Wery likely

TR

RN
DE0ER3088565
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| would invest in cryptocurrencies because...

ery unlikely

Unlikely

Somewhat unlikely

.. | believe in the technology behind cryptocurrencies

.. 0f its future role in the monetary revolution

.. of its open source metwork®

.. of its decentralized nature™

.. of its unregulated characteristics

.. of disruptive potential for established structures or industries
... of its perceived true value (beyond monetary)

Meutral

Somewhat likely

Likely

Very likely

I T T A
0 510152025 3035404550

* open source means that every (transaction) record has visibility and auditability, meaning that
anyone has access it.

** decentralized means that no single person or group has contiather, all users collectively
retain control.
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I would invesin cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

.. of the current level of inflation

.. of the current level of interest rates
.. of currency depreciation

.. of the current monetary policy

Mewutral

Somewhat likely

Wery likely

I I I I I I I | I
1 15 20 25 30 3% 40 45 50

=2
wn

57



| would invest in cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

.. | ke the excitement of it

.. I like to pastime with this activity

.. I like to be busy with money

.. It Is funfentertaining/enjoyable to do

Mewutral

Somewhat likely

Wery likely
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| would invest in cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

.. | regret not investing earlier

. | don't want to regret it later

. | dom't want to be too late

.. | wish I would have done so earlier

.. | want to prevent regretting not doing it

Mewutral

Somewhat likely

Wery likely
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| would invest in cryptocurrencies because...

Very unlikely

Unlikely

Somewhat unlikely

... | want to use them for doing transactions

... ' want to use them for purchasing goods or services
... ' wiant to use them for their intended utility function
... l'want to discover how | can use them

Somewhat likely

Wery likely

T I ) E H
0 5 10 15 20 25 30 35 40 45

Are there, to you, any other motivations fanvesting in cryptocurrencies not previously mentioned
in this survey?

What is your age?
- Open field

In what country do you live?
- The Netherlands
- Other

What is your gender?
-  Male
-  Female
- Prefer not to say
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What is your highest completed leveleducation?
- Primary school, lower/general secondary education (LBO, VMBO (basis/kader/GL/TL), MAVO)
- Vocational education (MBO), Pomiversity education (HAVO/VWO)
- HBO/University Bachelor Degree, Master Degree, PhD, or higher
- Prefer not to say

What is your income level? (in euros)
-  Below36.500,- per year
- 36.500-43.500,- per year
- Above43.500,- per year
- Prefer not to say

Is either of the below fields of study or occupation applicable to you?
- Technology
- Finance
- Neither

How many years of investment experience do you have in the cryptocurrency market?
- Openfield

Thank you for participating in this survey!

Your response has been noted and is appreciated.

10.7 Appendix 7.Frequency descriptives

| intend to invest in

| want to invest in

| expect to investin

cryptocurrencies cryptocurrencies cryptocurrencies

N 116 116 116
Mean 5.55 5.61 5.54
St. Deviation 1.37 1.32 1.42
Median 6.0 6.0 6.0
Min 1 2 2
Max 7 7 7

X L ¢6lyd X L FAY F¥X L 0SfASX L glyid X L SELISO

high returns gains will increase wealth profit
N 116 116 116 116 116
Mean 5.88 5.97 5.54 5.23 5.61
St. Deviation 1.04 0.97 1.16 1.47 1.16
Median 6.0 6.0 6.0 5.5 6.0
Min 3 3 2 1 1
Max 7 7 7 7 7
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X L atg X L 3I2i X LIS2LX S X X Yeé
news recommendations opinion | value analysts/advisors friends/family
from acquaintances think | should do s«think | should do simembers do it too
N 116 116 116 116 116
Mean 3.06 4.42 4.17 3.59 3.96
St. Deviation 1.54 1.81 1.80 1.78 191
Median 3.0 5.0 4.0 4.0 4.0
Min 1 1 1 1 1
Max 7 7 7 7 7
X L glyd X AG FEAIAX L KFEFS X FTNRY |y
of the community personal thoughts, feelings towards standpoint, | want to
values and beliefs cryptocurrencies be associated with
such an investment
N 116 116 116 116
Mean 2.53 3.35 4.84 3.16
St. Deviation 1.47 1.84 1.41 1.66
Median 2.0 3.0 5.0 3.0
Min 1 1 1 1
Max 7 7 7 7
X L 0StAXx 2F AG&X 2F AG&EX 2F AGaX 2F AGEX 2F Ada X 2F AG4&
technology role in the source network decentralized  unregulated potential for true value
behind monetary nature characteristics  established (beyond
cryptocurrencies revolution structures or monetary)
industries
N 116 116 116 116 116 116 116
Mean 4.83 5.12 475 4.87 3.98 4.37 4.28
St. Deviation 1.68 1.53 1.59 1.64 1.67 1.63 1.60
Median 5.0 5.0 5.0 5.0 4.0 4.0 4.0
Min 1 1 1 1 1 1 1
Max 7 7 7 7 7 7 7
X 2F GKEX 2F GKEX 2F Odax 2F (GKE
level of inflation level of interest depreciation monetary policy
rates
N 116 116 116 116
Mean 4.78 5.16 5.01 4.61
St. Deviation 1.66 1.48 1.55 1.59
Median 5.0 5.5 5.0 4.0
Min 1 1 1 1
Max 7 7 7 7
X L fA1SEX L fA1SEX L tA1EX Ada
excitement of it pastime with this busy with money fun/entertaining/
activity enjoyable to do
N 116 116 116 116
Mean 4.13 4.40 4.95 4.64
St. Deviation 1.77 1.70 1.67 1.45
Median 4.0 5.0 5.0 5.0
Min 1 1 1 1
Max 7 7 7 7
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X L NBIMNX L R2yUX L R2yUX L

investing earlier regret it later be too late

have done so

grAaAK X L glyd

regretting not doing

earlier it
N 116 116 116 116 116
Mean 4.45 4.78 4.47 4.76 453
St. Deviation 1.94 1.78 1.77 1.96 1.77
Median 5.0 5.0 5.0 5.0 5.0
Min 1 1 1 1 1
Max 7 7 7 7 7

X L glyixX L gFyix L

6l yiX L 61y

them for doing  them for them for their  discover how | can
transactions purchasing good:intended utility use them
or services function
N 116 116 116 116
Mean 3.44 3.33 3.67 4.07
St. Deviation 1.80 1.81 1.67 1.62
Median 3.0 3.0 4.0 4.0
Min 1 1 1 1
Max 7 7 7 7

10.8 Appendix 8. Model assessment measures.

10.9 Appendix 9. Overview Rstudio coding.

finaldata2 <readxl::read_excel("finaldata2.xIsx")
psych::describe(finaldata2)

colnames(finaldata?)
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