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Abstract 

Background. Data sharing (releasing primary research data) and data reusing (acquiring this 

dataset for reusage) are both actions of great importance in traumatic stress research which 

deals with highly vulnerable victims. Therefore, reusing trauma victims’ data to gain new 

insights can minimise the burden experienced through requestioning. Whereas previous 

studies indicated that perceived career risks hinder researchers across domains from sharing 

and reusing data, this study targeted traumatic stress researchers directly. Thereby, the 

associations between data sharing and perceived career risk, on the one hand, and data reusing 

and perceived career risk, on the other hand, were investigated. Additionally, research 

experience was included as a moderator.  

Method. Traumatic stress researchers (N = 190) completed a cross-sectional online survey 

tapping data sharing (6 items) and data reusing (4 items) using a 3-point Likert scale and 

perceived career risk (4 items) using a 7-point Likert scale. To test the main associations a 

simple linear regression analysis was conducted. To analyse the moderation, the interaction of 

research experience (measured in years) and perceived career risk was included as an 

additional independent variable in a multiple regression analysis.  

Results. This research found that perceived career risk is weakly and negatively associated 

with traumatic stress researcher’s data sharing and reusing behaviour. Moreover, the results 

indicated a strong negative moderation effect between perceived career risk and research 

experience on data reuse. The moderation of perceived career risk and research experience on 

data sharing was not significant. 

Discussion. Findings suggest that higher perceived career risks are associated with less data 

sharing and reusing behaviours in traumatic stress researchers. Additionally, it was found that 

fewer years spent researching are highly negatively related with the association between 

perceived career risk and data reuse. Promoting and educating more scientists about data 

sharing and reusing and its benefits could increase the frequency of both behaviours.  

Keywords. data sharing, data reusing, perceived career risk, traumatic stress 

researchers, years of research experience, cross-sectional online survey 
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The Associations Between Data Sharing and Reusing Behaviours, Perceived Career 

Risk, and Research Experience Among Traumatic Stress Researchers 

Over the last decades, the Open Science movement inspired scientists of STEM 

(science, technology, engineering, and mathematics) to make their research practices 

transparent and accessible to all levels of society (Woelfle et al., 2011). This includes 

publications, physical samples, collected data as well as software to be shared and developed 

through collaborative networks (Vicente-Saez & Martinez-Fuentes, 2018). Along with the 

Open Science movement, social sciences started to encourage free access to research data as it 

was perceived to be essential and valued by other scientists (Kim & Yoon, 2017). However, 

researchers experience the preparation it takes to make a dataset assessable as too burdensome 

because they do not receive any recognition for doing so (Kidwell et al., 2016).  

The online journal Psychological Science tried to promote Open Science by 

introducing a digital badge in 2014 (Kidwell et al., 2016). It was placed on publications and 

used to reward all scientists who made their data accessible. One and a half years later, an 

increase from 3% to 39% in data sharing was reported. Kidwell et al. (2016) proposed that the 

badge signalled colleagues that practising open science is respected, leading to a change in 

community norms. In order to achieve open science, data sharing and data reusing must 

become a standard practice by scientists across domains.  

Data sharing is a behaviour followed by scientists individually when providing their 

raw or reprocessed data to other scientists by making it accessible through data repositories, 

via formal data usage agreements, or by sending the data through personal communication 

methods upon request (Kim, 2013). However, purely sharing one’s raw data is not necessarily 

helpful as it cannot always be processed properly. In order to actually reuse the uploaded data, 

it has to be Findable, Accessible, Interoperable, and Reusable (FAIR). Therefore, the Go 

FAIR movement was brought to life in 2016 to provide guidelines and make published data 

more FAIR.  

According to the Go FAIR website (https://www.go-fair.org), data is findable when 

individuals and computers can locate the desired data in a database. This step is followed by 

the accessibility of data which is ensured through possible authentication and authorization 

processes. Often primary and secondary data are being merged. Therefore, it should be 

interoperable concerning analysis, storage, and processing applications. To achieve their final 

goal of making data reusable, a description of metadata should be given. Metadata describes 

information about the original research data, including the identifiers of the dataset and the 

https://www.go-fair.org/
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way it was collected (Go FAIR, n.d.). Thus, when all conditions are met, it becomes easier for 

scientists to reuse pre-collected data. Data reuse refers to the usage of unprocessed data that 

has been collected by other scientists and provided for secondary analyses, or the replication 

of the previous study. This dataset can be used independently or in combination with other 

datasets to answer new research questions (Kim, 2013).  

One research area that particularly benefits from data sharing and data reuse is the 

field of traumatic stress which deals with victims who experienced or witnessed a traumatic 

event. It can be distinguished between incidents on a larger scale, such as natural disasters, 

wars, and personal events, e.g., physical, or mental abuse, homelessness, or an accident 

(American Psychiatric Association, 2013). To become an object of research in the field of 

traumatic stress, the disturbing experience does not necessarily have to influence one’s mental 

health.  Nevertheless, it was found that one in three people develop post-traumatic stress 

disorder (PTSD) after being exposed to a traumatic event (National Health Service, 2022). 

Most common symptoms include flashbacks, nausea, headaches, or unpredictable emotional 

changes which are often influencing the individual’s day-to-day life (American Psychiatric 

Association, 2013). In order to alleviate these consequences or even prevent traumas from 

occurring, research in traumatic stress is being conducted. 

Besides the collection of primary research data, the reuse of this data has many 

benefits for individuals who experienced traumatic stress (Kassam-Adams & Olff, 2020). 

First, if the victim already participated in a study, their data can be used to test new 

hypotheses (Kassam-Adams & Olff, 2020). Secondly, by combining or comparing existing 

data, the burden participants experience through requestioning can be minimised. Thirdly, 

individuals who encountered impactful events in their lives can become hard to reach, either 

emotionally as they detach, or geographically, e.g., refugees who fled to a different country. 

Additionally, the sample sizes are comparably small due to the rarity of incidents that cause 

trauma as well as the limited willingness to participate after experiencing such an event 

(Kassam-Adams & Olff, 2020). When combining existing data, a larger sample can be drawn 

which increases the validity of the findings (Fried et al., 2018). Hence, the already collected 

traumatic stress data is full of largely untapped potential (Kassam-Adams & Olff, 2020).  

Despite the numerous benefits, a study by Zhu (2019) found that only 21% (n = 1695) 

of the surveyed British academics across various disciplines reported having deposited their 

data online, even though almost 86% reported having a positive attitude towards the 

importance of making data available for reuse. According to Kim and Zhang (2015), this lack 

of action can be attributed, among other factors, to the perceived concerns of the scientists. 
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Kim (2013) reports three negative outcomes that can arise when sharing one’s data, namely, 

the loss of control regarding one’s data, the loss of publication opportunities, and losing a 

priority race. Moreover, researchers fear that the transparency of their data could uncover 

possible errors made in the analysis and report of their original work (Liotta et al., 2005). 

According to Kim and Yoon (2017), scientists’ concerns about misinterpretation and 

infringement also cause researchers to reuse less data. Additionally, the lack of resources, 

such as time or money may become additional barriers (Campbell & Bendavid, 2003). As a 

result, scientists who believe that data sharing might jeopardise their careers are found to 

be less likely to share their data (Kim & Zhang, 2015). 

Besides the concerns scientists have regarding their career, experience in conducting 

research can moderate the scientists’ data sharing and reusing behaviour. Zhu (2019) 

proposed that younger academics share less of their primary research data because it could 

jeopardise their chances of publication before their opponents which is essential to advance 

their careers (Zhu, 2019). Similarly, a positive association between the experience academics 

have acquired over the years when self-archiving and the deposition of their research data was 

identified (Zhu, 2019). Additionally, scientists with experience in data reusing reported fewer 

concerns about others misusing their data (Yoon, 2015). Hence, the experience scientists have 

collected over the years when conducting research might be an underlying factor in the 

willingness to share and reuse data.  

Since prior research focused on academics across disciplines, this study aimed to 

investigate the associations between data sharing, data reusing, perceived career risk, and 

research experience among traumatic stress researchers. Thus, the present study’s objectives 

were to confirm and extend prior research findings by targeting traumatic stress researchers as 

our population of interest. Regarding perceived career risk, this study focused on the three 

negative outcomes mentioned above by Kim (2013) as well as on the fear that shared data 

may be misused or misinterpreted (Featherman & Pavlou, 2003).  

This study integrated the years a traumatic stress researcher has worked in research, 

including research conducted during their training, e.g., masters or doctoral research as a 

moderator variable, further referred to as research experience. Since the interaction between 

perceived career risk and research experience on data sharing and data reusing was not 

addressed in previous studies, it was examined in an exploratory manner. To address the 

objectives of the current study, the following research questions with corresponding 

hypotheses were positioned.  
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The first research question tested was: To what extent is perceived career risk related 

to data sharing behaviour in traumatic stress researchers and to what extent is this relation 

moderated by research experience? Two hypotheses arise from this research question. First, it 

was hypothesised that perceived career risk is negatively associated with data sharing 

behaviour in traumatic stress researchers (H1). Additionally, it was proposed that the 

relationship between perceived career risk and data sharing is weaker for people who have 

more research experience (H2). The second research question tested was: To what extent is 

perceived career risk related to data reusing behaviour in traumatic stress researchers and to 

what extent is that moderated by research experience? Again, two hypotheses arise from this 

research question. It was expected that perceived career risk is negatively related to data 

reusing (H3). Additionally, we expected that the relationship between perceived career risk 

and data reusing is weaker for traumatic stress researchers who have more research 

experience (H4).  

Method 

Study Design and Participants  

This study included a cross-sectional online survey with 190 participants. The main 

inclusion criterion that had to be met was being a researcher in the field of traumatic stress. 

Moreover, the questionnaire was available in seven languages, including Arabic, Brazilian 

Portuguese, English, French, Japanese, Korean, and Spanish. As a result, only people 

proficient in one of these languages were able to complete the survey. Since the questionnaire 

was online, participants were expected to have access to a computer and the internet. 

Materials and Procedure  

Before the recruitment of participants, this study received ethical approval from The 

Committee for the Protection of Human Subjects (IRB) of the Children’s Hospital of 

Philadelphia. Data were collected between May 2021 and April 2022. Traumatic research 

scientists were approached via email, using a purposive sampling method. The email 

addresses were found by searching traumatic stress-related online journal articles to ensure 

that the possible subjects matched our research criteria. A recruitment message (see Appendix 

A) was developed and used as email content to gain participants. The email contained a short 

description of the aim of the study, plus a hyperlink to the survey. Moreover, announcements 

were spread during international psychotrauma-conferences and were posted on social media. 
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Additionally, a snowball sampling method was applied as research teams invited colleagues 

to participate and share the link to the questionnaire. 

This study used an implicit informed consent where the participants indirectly agreed 

to be part of this study by pressing the hyperlink plus filling out the questionnaire. 

Participants completed the survey (see Appendix B) within 10 to 15 min. At the beginning of 

the questionnaire, the aim of the research was given, followed by questions about 

demographic characteristics. Besides sociodemographic questions, participants were asked 

about their academic background, such as academic discipline, current job title, research 

population, and types of data collection. Additionally, it was asked how many years 

participants spent conducting research. This question was crucial for this paper as it was 

proposed to act as a moderator variable. Before participants were presented with relevant 

items for this research, definitions of data sharing, data reusing, and metadata were provided. 

In the end, participants were thanked for their contribution and the possibility of providing 

feedback or comments about their own views or experiences regarding data sharing and data 

reuse was offered.  

Overall, the survey included 48 items while only 14 items were investigated in this 

paper. Most items used in this study were developed by N. Kassam-Adams and her team from 

existing questionnaires about data sharing and reusing (Kim, 2013; Kim & Stanton, 2016; 

Kim & Yoon, 2017). Their choices to include or exclude items were based on expert 

consensus.  

Measures 

Data Sharing  

To assess data sharing, six items were newly created by N. Kassam-Adams and 

colleagues. Two example items are ‘How often have you uploaded your data, RELATED TO 

AN ARTICLE YOU PUBLISHED, into a “public” web space (e.g., PsyArxiv, MedArxiv, 

OSF)?’ and ‘How often have you been personally asked to share data for an article you 

published?’. Additional items were provided in Appendix B. The frequency of data sharing 

was measured using a 3-point Likert scale ranging from 1 (never) to 2 (1 or 2 times) to 3 

(more than 2 times). For the analysis, participants’ responses were summarised, ranging from 

6 to 18. By using this sample, a Cronbach’s alpha of .75 was reached, indicating that the 

measure is considered reliable.  

Data Reusing 
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N. Kassam-Adams and colleagues created four items which were summed to assess 

data reusing behaviour in this survey. The items ‘How often have you downloaded or 

requested data from a repository for your own analyses/ research?’ and ‘How often have you 

published results of work that included use of other’s data?’ are examples of such items. 

Further items were provided in Appendix B. Participants’ data reusing frequency was 

measured using a 3-point Likert scale ranging from 1 (never) to 2 (1 or 2 times) to 3 (more 

than 2 times). For the analysis, participants’ responses were summarised, ranging from 4 to 

12. By using this sample, a Cronbach’s alpha of .77 was calculated which is considered high. 

Perceived Career Risk 

The subscale perceived career risk was validated before in a study by Featherman and 

Pavlou (2003). Four items were used to measure perceived career risk, such as ‘There is a 

high probability of losing publication opportunities if I share data’ and ‘Data sharing may 

cause my research ideas to be stolen by other researchers’ (Featherman & Pavlou, 2003). 

Additional items were provided in Appendix B. The participants were able to respond to these 

items on a 7-point Likert scale ranging from 1 (strongly disagree) to 7 (strongly agree). For 

the analysis, their responses were summarised, ranging from 4 to 28. Featherman and 

Pavlou’s (2003) overall risk subscale indicated strong internal reliability (α = .85). In 

addition, our sample reached a Cronbach’s alpha of .82 which is considered high. 

Data Analysis   

The statistical programme IBM SPSS Statistics version 25 (IBM Corp., 2017) was 

used to tabulate and analyse the data. First, the data were screened. Next, the data were 

explored regarding the descriptives and frequencies. Moreover, a Shapiro Wilk test was 

executed to inspect the variables data sharing, data reusing, and perceived career risk for 

normality which indicated a significant deviation from normality. Nonetheless, no significant 

deviations were found after visually inspecting the QQ plots (see Appendix C). Therefore, to 

test the hypothesis, parametric tests were employed.  

In order to test the first hypothesis, a linear regression analysis was conducted to 

explore the relationship between perceived career risk and data sharing. The same analysis 

was used to investigate the third hypothesis with perceived career risk as the independent 

variable and data reusing as the dependent variable. In order to explore the moderation effect, 

the interaction effect of both independent variables was added next to the main effect of 

perceived career risk and data sharing. Therefore, research experience and perceived career 
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risk were multiplied and saved as a new variable, further referred to as moderator variable. 

Next, a multiple linear regression analysis was conducted to test the second hypothesis with 

perceived career risk as independent variable, data sharing as dependent variable, and 

research experience as moderator. Regarding the last hypothesis, a multiple regression 

analysis was executed with perceived career risk as independent variable, data reusing as 

dependent variable, and research experience as moderator.  

Power Analysis  

The software application G*Power version 3.1.9.6 (Faul et al., 2007) was used to 

conduct a power analysis. It was estimated that 55 participants are sufficient to find a medium 

effect size of 0.15, with 80% power, and α = .05 using a linear multiple regression analysis 

with three independent variables. These findings indicate that our sample size (N = 190) is 

more than satisfactory.  

Results 

Demographic Information of the Sample  

After excluding one participant who reported unrealistic data (having worked in a 

specific field for more years than their age), our sample included 189 participants. Most of the 

respondents were female, living and working in Europe with a mean age of 42.55 years. The 

experience in conducting research was measured in years spent researching indicating a mean 

of 14.12 years. Additionally, participants’ scores in data sharing (M = 8.4, SD = 2.54) and 

data reusing (M = 6.39, SD = 2.26) were in the lower 50% of all possible scores. The 

perceived career risk scores (M = 14.40, SD = 5.06) were in the upper 50% of all possible 

scores. Participants’ demographics were displayed in Appendix C.  

The Association Between Perceived Career Risk and Data Sharing (H1)   

The results of the simple linear regression indicated that the model explained 3% of 

the variance and that the model was significant, F(1,186) = 4.75, p = .031. Moreover, 

perceived career risk was significantly and negatively related with data sharing (β = -.16, SE 

= .04, p = .031). Hence, the first hypothesis was accepted. 

The Associations Between Perceived Career Risk, Data Sharing, and Research 

Experience (H2) 

The results of the multiple regression analysis demonstrated that the three predictors 

explained 20% of the variance, F(3,177) = 14.33, p<.001. It was found that research 
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experience was significantly and positively related with data sharing (β = .64, SE = .05, p = 

.002). However, perceived career risk was not significantly associated with data sharing (β = 

-.02, SE = .06, p = .872), neither was the interaction between the two independent variables (β 

= -.27, SE = <.01, p = .227). Concludingly, the third hypothesis was rejected.  

The Association Between Perceived Career Risk and Data Reusing (H3) 

The results of the simple linear regression indicated that the model explained 4% of 

the variance and that the model was significant, F(1,183) = 7.04, p = .009. Moreover, 

perceived career risk was significantly and negatively related with data reusing (β = -.19, SE 

= .03, p = .009). Therefore, the second hypothesis was accepted.  

The Associations Between Perceived Career Risk, Data Reusing, and Research 

Experience (H4) 

The results of the multiple regression analysis indicated that the three predictors 

explained 15% of the variance F(3,174) = 10.07, p<.001. The fourth hypothesis was accepted 

since the interaction between research experience and perceived career risk was significantly 

related with data reusing (β = -.59, SE = <.01, p = .014), as was research experience (β = .78, 

SE = .05, p<.001). However, perceived career risk was not significantly associated with data 

reusing (β = .08, SE = .06, p = .527).  

Discussion  

Previous studies examined the relationship between perceived career risk, data sharing 

and data reusing among scientists across disciplines (Kim, 2013; Kim & Zhang, 2015; Kim & 

Yoon, 2017; Zhu, 2019). As the very first, we investigated how perceived career risk is 

associated with traumatic stress researchers’ data sharing and data reuse behaviours. Since 

traumatic stress researchers are researching victims who are extremely vulnerable, sharing 

and reusing their data is profitable to gain new insights without causing additional stress to 

the victims. The aim of this study was to investigate the associations between data sharing, 

data reusing, perceived career risk, and years of research experience among traumatic stress 

researchers.  

Regarding the first hypothesis, it was found that perceived career risk was weakly and 

negatively associated with data sharing. This implies a relation between more perceived 

career risk and less data sharing among researchers in the field of traumatic stress. The 

findings are in line with the outcomes of Kim and Zhang (2015), who found that perceived 

career risk negatively affects attitudes towards data sharing among researchers of STEM. 
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Additionally, they found a positive correlation between the attitude towards data sharing and 

the actual data sharing behaviour (Kim & Zhang, 2015). Our study added that the findings of 

Kim and Zhang (2015) are generalisable to the field of traumatic stress. Also, higher 

perceived career risks are not only associated with negative attitudes as found by Kim and 

Zhang (2015) but are directly related with less data sharing behaviour.  

Surprisingly, our second hypothesis must be rejected as no significant relation 

between the interaction of perceived career risk and research experience and data sharing in 

traumatic stress researchers was found. As this hypothesis was conducted in an exploratory 

manner, this finding added that the years spent in conducting research do not associate with 

the relationship between perceived career risk and data sharing in traumatic stress researchers. 

One explanation for our findings could be the low representativeness of data sharing in our 

sample (the mean of data sharing was in the lower 50% of all possible scores) which would 

have made measuring a significant effect more difficult. Thus, further research is needed to 

validate our findings.  

As expected, perceived career risk was weakly negatively related with data reusing 

behaviour among traumatic stress researchers. This is denoting a relationship between higher 

perceived career risk and less secondary data reuse among traumatic stress researchers. These 

results support prior findings by Kim and Yoon (2017), who reported that more concerns 

regarding misinterpretation and infringement also cause researchers to reuse less data. Kim 

and Yoon (2017) researched scientists across disciplines (N = 1.237), including merely 6 % of 

academics in the field of psychology. Since this is not a representative outcome for the 

discipline of psychology, let alone traumatic stress research, our study added that perceived 

risks to their career are negatively associated with the reuse of secondary data among 

traumatic stress researchers. 

Finally, the interaction between perceived career risk and research experience was 

strongly and negatively associated with data reusing behaviour in traumatic stress researchers. 

Thus, the fourth hypothesis can be accepted. Since this hypothesis was executed in an 

exploratory manner, this research adds that more years spent researching are associated with 

the relation between more perceived career risk and less data reusing behaviour among 

traumatic stress researchers. Interestingly, the significant association between perceived 

career risk and data reusing that was found when executing a simple linear regression analysis 

was not found when conducting the moderation analysis. Further research is needed to 

investigate the absence of the significant main relation between perceived career risk and data 

reusing when using research experience as a moderator.  
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Directions for Further Research  

Additional considerations must be paid when interpreting the results of this study. We 

found that more years spent researching were associated with the relation between more 

perceived career risk and less data reusing behaviour among traumatic stress researchers. 

Since the main relationship between perceived career risk and data reusing in the moderation 

analysis was not significant, but a significant negative association between data sharing and 

perceived career risk was found, a mediation effect can be proposed. Therefore, further 

research is needed to investigate whether years spent researching are working as a mediator 

on the relation between perceived career risk and data reusing instead of a moderator as 

proposed in this study.                                                               

Implementation of Findings  

Our research findings can be utilised as a basis for working on the potential barriers 

that might arise when sharing and reusing data. Thus, our findings propose that perceived 

career risks hinder traumatic stress researchers from sharing and reusing data. With this 

information, the Open Science or the Go FAIR movement could tailor their campaigns to the 

worries of the scientists (e.g., fear concerning privacy issues, fear of misuse, or the fear of 

exposure of missed errors in previous research). Zhu (2019) proposed that these fears can be 

overcome by paying more attention to the career benefits of data sharing and reuse 

behaviours, such as the increase in readership and the citation impact. Interventions 

promoting data sharing and reusing, such as the digital badge of the online journal 

Psychological Science sufficiently demonstrated that signalling colleagues about the benefits 

of Open Science is profitable (Kidwell et al., 2016). Moreover, Zhu (2019) states that 

scientists need to have a uniform citation and sharing practice before it can become a 

standardised practice. Hence, a tool kit must be created to prepare for and create data sharing 

databases. Concludingly, this tool kit could accelerate scientific progress.  

According to Kassam-Adams and Olff (2020), more attention should be drawn to the 

importance of FAIR research in the field of traumatic stress. They argue that this field has an 

immense, generally undiscovered asset in the tremendous number of reusable datasets that are 

currently locked from distribution. There are barriers to data sharing which can be overcome 

with the right strategies (Kassam-Adams & Olff, 2020). The first barrier they mention is the 

concern that their career can be harmed due to data stewardship issues. This can be solved by 

rewarding and keeping track of the reusable data resources as well as honouring the 

contribution they made to their research field. Secondly, the perception that the scientists 
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‘own’ the data could be minimised by implementing incentives, or by appealing to their 

scholarly altruism and the contribution they could make to their research community.  

Thirdly, by implementing training in data stewardship, the lack of experience in data 

preparation can be overcome. Moreover, by encouraging funders to acknowledge the time and 

money scientists have to spend when sharing data, the willingness to share data could 

increase. Finally, the problem that data sharing was not included in the participants' informed 

consent can be addressed by working closely with the ethics boards to allow sharing of past 

research and pay attention to appropriate restrictions. For future research, the consent could 

be adjusted with a sentence about the willingness to incorporate in anonymised data sharing 

for research purposes only (Kassam-Adams & Olff, 2020). The authors stress the importance 

to act now in order to not lose more seminal traumatic stress data by encouraging more 

scientists to follow the Go FAIR movement (Kassam-Adams & Olff, 2020). By proposing 

these strategies, challenges can be overcome by scientists whose data sharing and reuse 

behaviour could increase and the possibility to create a database in the field of traumatic 

stress becomes more likely.  

Strengths and Limitations 

A strength of this research were the good psychometric properties of the subscales 

included in the questionnaire. Even though the items assessing data sharing and data reusing 

were newly created by Kassam-Adams and colleagues, the measures indicated good 

reliability, yielding a Cronbach’s alpha above .75. Additionally, the perceived career risk 

scale was validated before in previous research by Featherman and Pavlou (2003), also 

indicating high reliability.  

Moreover, the large sample size of this study can be identified as an additional 

strength. The execution of a power analysis revealed that our sample of 190 participants is 

more than sufficient to identify a significant effect. Additionally, the great variability of 

participants’ characteristics (e.g., age, nationality, experience in conducting research) is 

increasing the representativeness of the results. This might be due to the internationality of the 

survey that was available in seven languages. 

Still, several limitations are noteworthy regarding this study. First, the items 

measuring data sharing were summed to create a new scale tapping a general impression of 

data sharing. Even though a high Cronbach’s alpha was found when summing the items, the 

construct could have measured different subscales of data sharing. Three subscales could be 

identified, namely, data sharing in institutional repositories (2 items), data sharing in a public 
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web space (2 items), and sharing data after being asked personally to do it (1 item). Further 

research is needed to investigate whether these distinctions might affect traumatic stress 

researchers’ data sharing or reusing behaviours.  

Additionally, since the survey was mostly self-developed by Kassam-Adams and 

adapted from prior research (Featherman & Pavlou, 2003) it was not validated before its 

usage. This can be problematic because linguistic validation is necessary to explore the 

equivalence of the concept as well as cultural validation to see whether an item can be 

misinterpreted. Hence, language knowledge can be identified as a possible bias in this study 

as it was available in different languages without previous validation of the measures.  

Moreover, the questionnaire only measured self-reported data sharing and reuse 

instead of the actual behaviours which are sometimes inadequate (Howard, 1994). Possible 

contaminations of self-reported measures, such as selective memory or social desirability are 

leading participants to exaggerate their behaviours (Howard, 1994). Hence, different biases 

(e.g., social desirability bias) might affect the results of this study.  

Moreover, a sampling bias can be identified as the utmost priority of participants are 

female and live and work in Western countries. This is often caused by the implementation of 

a snowball sampling method (Parker et al., 2019). Causing initial subjects to recruit people 

who share the same characteristics (e.g., gender, country of working and living, language). 

One characteristic that was over-represented was the female gender. It might be that more 

women work in the field of traumatic stress. However, it is argued that women are more 

likely to participate in research after being approached because they are more cooperative and 

more prone to listen to authorities (Noy, 2008, as cited in Parker et al., 2019). Consequently, 

the representativeness of this sample is not guaranteed. 

Conclusion  

As far as we are aware, this was the first and only survey study examining the 

associations between data sharing and reusing behaviour, perceived career risk, and research 

experience among traumatic stress researchers. This research demonstrated that traumatic 

stress researchers’ data sharing as well as reusing behaviour is weakly and negatively related 

to perceived career concerns. In addition, fewer years spent in conducting research was 

strongly related to less secondary data reuse among traumatic stress researchers. Further 

research is needed to explore the possibility that research experience acts as a mediator 

instead of a moderator.  
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Still, this information can be valuable while changing traumatic stress researchers’ 

data sharing and reusing behaviours. By accordingly addressing the perceived career risks of 

scientists and using the strategies mentioned by Kassam-Adams and Olff (2020), a tool kit 

can be built to promote data sharing and reusing behaviours. To encourage more scientists to 

share their primary research data, we will share the collective survey results on the website of 

the Global Collaboration for Traumatic Stress for all to be accessed. Moreover, the final 

dataset will be available upon request. By doing so, we would like to lead by example and 

express the significance of data sharing and reusing.  
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Appendix A                                                                                                                 

Recruitment Message  

Dear name*,  

my name is name*, and I am a psychology student at the University of Twente and currently 

working on my Bachelor thesis. In cooperation with Lonneke Lenferink, Nancy Kassam-

Adams, and the Global Collaboration on Traumatic Stress, we are conducting an international 

survey to better understand traumatic stress researchers' opinions and experiences regarding 

data sharing and data re-use. Therefore, we are recruiting traumatic stress researchers at any 

career stage (including trainees) to share opinions and experiences by participating in the 

following survey. The survey will take approximately 10 min to complete.  

The results of this global survey will be shared on the Global Collaboration website 

(https://www.global-psychotrauma.net/) and in scientific publications and it will help us to 

create tools and resources for traumatic stress researchers. The final dataset from this survey 

will be available upon request for use by other researchers.  

Participation is voluntary and there are no known risks or personal benefits to you from 

participating in this study.   

As the survey is available in multiple languages (English, Japanese, Spanish, French, 

Portuguese, Korean, and Arabic), we would kindly ask to participate if you are proficient in 

one of the available languages.  

  

If you have questions about the survey, the study, or the study dataset, please contact the 

study team at childtraumadata@chop.edu.   

Follow this link to the survey:   

https://www.global-psychotrauma.net/data-sharing  

  

Thank you for your participation.   

  

Regards,   

Name*   

University of Twente, NL 

 

 

*Depending on who sent them email, names were added  

https://www.global-psychotrauma.net/
mailto:childtraumadata@chop.edu
https://www.global-psychotrauma.net/data-sharing
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Appendix B                                                                                                                          

Survey  

Description of Research and Demographic Questions  
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Measurement Items for Data Sharing and Data Reusing    
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Appendix C                                                                                                                  

Participants’ Demographics  

Table 1 

Demographics of participating traumatic stress researchers (N = 190) 

Characteristics n % M SD Min Max 

Gender  186      

   Female  112 60     

   Male 71 38     

   Prefer not to say 2 1     

   Non-binary 1 <1     

Age 176  42.55 12.86 23 83 

Region of living and working 190      

   Europe  68 36     

   North America  49 26     

   Asia 29 15     

   South America  22 12     

   Australia  11 6     

   Middle East 6 3     

   Africa 5 2     

Language of survey 190      

   English  123 65     

   Japanese 28 15     

   Brazilian Portuguese  19 10     

   French  12 6     

   Spanish  8 4     

Academic/ Research discipline        

   Psychology  141 74     

   Psychiatry  47 25     

   Public health  15 8     

   Other 9 5     

   Medicine (other than psychiatry)  8 4     

   Nursing  6 3     

   Social Work 6 3     
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   Education  6 3     

Research career stage  188      

   Junior  76 40     

   Senior 57 30     

   Trainee 55 30     

Trauma/ Traumatic stress as primary research  189      

   Yes 156 83     

   No 33 17     

Years spent researching  183  14.12 10.38 1 47 

Publications in the last 5 years 182  15.99 21.21 0 150 

Publications involving analyses of research data 

collected by others outside research team 

151  3.40 8.35 0 70 

Trauma type        

   Child Abuse/ Maltreatment  95 50     

   Acute/ Single trauma  89 47     

   Chronic/ Repeated trauma  86 45     

   Rape/ sexual assault  77 41     

   Intimate partner violence  60 32     

   Disaster 49 26     

   War – military/ peacekeepers/ veterans  42 22     

   Secondary/ vicarious traumatization in     

professionals/ helpers 

37 20     

   Death/ Bereavement  34 18     

   Community Violence  33 17     

   Medical Trauma  32 17     

   Refugee/ displacement experiences  31 16     

   War/ post-conflict settings – civilians  22 12     

   Terrorism 22 12     

   Torture 19 10     

   Others 17 9     

   Racism/ Historical Trauma 13 7     

Research population        

   Adults  175 92     
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   Adolescents  79 42     

   Children  67 35     

Type of data collected        

   Surveys/ questionnaire  174 92     

   Standard interviews  116 61     

   Qualitative data  103 54     

   Biological/ physiological data (other than genetic) 58 31     

   Experimental task performance data 47 25     

   Intensive longitudinal (EMA/ESM) data 30 16     

   Data from other than non-research records or 

sources (administrative data, online/ social media 

data) 

30 16     

   Genetic data 24 13     

   Other  6 3     

Part of under-represented ethnic/ cultural in the 

discipline/research community worked in 

187      

   No 152 80     

   Yes 30 16     

   Prefer not to say 5 3     
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Appendix D                                                                                                                               

QQ Graphs for Normality Testing 

Figure 1 

Normality Testing of the Dependent Variable Data Sharing  

 

 

Figure 2 

Normality Testing of the Dependent Variable Data Reusing 
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Figure 3 

Normality Testing of the Independent Variable Perceived Career Risk 
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